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The main goal of this study is to evaluate the effectiveness of automated opinion and sentiment analysis in social media in the UAE’s telecommunications sector context. The study also investigates the possible impact of sentiments expressed in reviews and opinions published in social media on customer decisions to use a mobile Internet package (Etisalat data plan). More specifically, the study examines the relationship between emotions and the following four important customer outcomes: satisfaction, trust, loyalty, and intention to recommend or repurchase a product or service in the UAE telecommunications industry context. 
Unlike many other studies involving sentiment analysis in social media, this study is conducted in a non-Western context: the United Arab Emirates (UAE). A Web-based questionnaire is used to obtain responses from a sample of 97 Etisalat data plan subscribers working in different organizations in the UAE. The data are subjected to a range of analytical methods, such as analysis of descriptive statistics, reliability testing, Pearson correlation analysis, automated sentiment analysis using various methods and dictionaries, and regression analysis.  
The findings reveal that customer loyalty, trust, product satisfaction and intention to repurchase or recommend are linked positively and significantly with customer emotions. Emotions are found to positively affect customer trust towards a company, as well as ascertain their loyalty towards the brand.  In addition, emotions are found to influence product satisfaction. Emotions also impact the customer’s intention to recommend or repurchase the product. 
This study is the first empirical investigation of the efficacy of automated sentiment analysis of social media in the UAE telecommunications sector. The results show that sentiments expressed in customer reviews have a significant positive relationship with customers’ emotions, and, through these emotions, impact satisfaction, trust, loyalty and purchase recommendation in relation to product and services. Thus, companies in the UAE should invest in automated monitoring of sentiments and opinions in the social media and develop tactics and strategies for responding to the detected trends and opinions.   
Key Words: Sentiment analysis, social media, social networking sites, Etisalat, data plan, UAE, emotion, satisfaction, loyalty, trust, intention to recommend, intention to repurchase.
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“What other people think” has always been a significant consideration for individuals and organizations (Pang & Lee, 2008). Consumer purchasing decisions are also heavily influenced by opinions and recommendations of peers. Businesses also rely on the analysis of consumer and public opinions when making operational and strategic decisions. Thus, opinions and related concepts (e.g. sentiments, evaluations, emotions, etc.) are often at the core of important individual and organizational actions, decisions, and many other important outcome variables. As stated by Liu (2012, p. 5):
Opinions are central to almost all human activities and are key influencers of our behaviors. Our beliefs and perceptions of reality, and the choices we make, are, to a considerable degree, conditioned upon how others see and evaluate the world. For this reason, when we need to make a decision we often seek out the opinions of others. This is not only true for individuals but also true for organizations.
The Internet has become the most widely used channel for voicing one’s opinion. This is not surprising, as the Internet has grown into a ubiquitous, global platform for communication and commerce (Simon & Peppas, 2004). The World Wide Web (WWW), along with related technologies, has been producing many rich, interactive communication platforms and technologies since 1990s (Jackson & Purcell, 1997). With the advent of Web 2.0 (a new generation of WWW tools created with the aim of improving communication and social interactions among users), blogs, discussion boards, review sites, and social networks are increasingly used as channels for expressing and sharing opinions about products, services, and various personal or social issues. Such Web 2.0 platforms as Facebook, LinkedIn, Delicious, Digg, Reddit, YouTube, and Twitter are becoming vast sources of valuable consumer information that can be employed for improving products and services and, ultimately, improving competitiveness and profitability of  organizations. These big volumes of data about consumers, their opinions, and interactions are increasingly referred to as Big Data. 
The term Big Data usually refers to the increase in the volume, variety, and velocity (the so-called “3 Vs”) of electronic data about individuals, organizations, or events. Big Data is the result of the exponential growth in computing power and storage capacity of various stationary and mobile information systems, accompanied by a corresponding decline in the price of computing technology (Paharia, 2013). With the increased pervasiveness of mobile devices and wireless networks, “each of us is now a walking data generator" (McAfee & Brynjolfsson, 2012, p. 63). The vast pools of enterprise data on which many organizations are currently “sitting” are also viewed as potentially strategic resources for attaining competitive advantage and profitability, akin to the strategic resources of the twentieth century (e.g. gold, oil, and financial assets) (McAfee & Brynjolfsson, 2012). Tapping into these vast pools of individual and organizational data requires new technology tools and managerial approaches. Currently, as stated by Google's director of research, Peter Norvig (McAfee & Brynjolfsson, 2012, p. 63): 
We don’t have better algorithms. We just have more data.
Many new tools and methods have been developed for harnessing the opportunities offered by Big Data. Sentiment Analysis (SA) and Opinion <ining (OM) methods and tools have been developed specifically for analyzing sentiments or emotions in user-generated online text. SA is generally defined as “the computational study of opinions, sentiments and emotions expressed in text” (Liu, 2010, p. 3). OM is “a technique to detect and extract subjective information in text documents” (Padmaja & Sameen Fatima, 2013, p. 22). SA and OM are often viewed as one field of study (Liu, 2012), since both aim at discovering and organizing sentiment expressions in text based on their polarity (i.e. positive or negative) (Balahur, Hermida, & Montoyo, 2012). To eliminate conceptual ambiguity, this research adopts SA as a term for both SA and OM. Thus, SA is the main subject matter of this research. 
Many SA tools are available today. The original idea behind SA tools was  “processing a set of search results for a given item, generating a list of product attributes (quality, features etc.) and aggregating opinion” (Padmaja & Sameen Fatima, 2013, p. 21). But, with the passage of time, the goal of SA tools has become somewhat broader and more ambitious: to enable computers to recognize and analyze emotions in a human-like fashion.
Given the growing importance of social media in the Middle East, this study aims to investigate the effectiveness of SA tools in the UAE social networking context. More specifically, the study focuses on the analysis of textual data related to the products and services of Etisalat – the UAE’s national telecommunications provider.
1.1. [bookmark: _Toc476932106][bookmark: _Toc486177231][bookmark: _Toc299563843][bookmark: _Toc335315436][bookmark: _Toc375703808][bookmark: _Toc375704165]Telecom Market in UAE  
1.1.1. [bookmark: _Toc476932107][bookmark: _Toc486177232]The Emirates Telecommunication Corporation (Etisalat) 

In the past three decades, the telecom industry has become a dynamic and flourishing industry, subject to intense competition and rapid growth all over the world (Hassan, Hassan, Nawaz, & Aksel, 2013). This is a result of enormous technological development in the telecom field in general and in cellular mobile telephone services in particular. Besides the constantly evolving technological and economic forces in the industry, the needs of customers and the nature of competition among telecom companies are also changing (Sujatha & Chandrika, 2013).

All these changes are manifesting themselves in the UAE as well via the changes at the Emirates Telecommunications Corporation (more widely known as Etisalat). Etisalat, the UAE’s telecommunications monopoly, was founded in 1976, after the merger of six local telecommunication companies. Until the 1980s, the government owned 60% of Etisalat and the remaining 40% stake was owned by two multinational companies: International Aradio Ltd. (IAL) and Cable & Wireless. In 1985, this 40% stake was acquired from private companies and sold to the public. The name of the corporation was shortened to Etisalat (Jabnoun, 2003).

Etisalat is one of the largest and fastest-growing telecom operators in the world. Headquartered in Abu Dhabi, UAE (Etisalat, 2012, 2015), it operates in 18 countries across Asia, Middle East, and Africa (see Appendix 1). Etisalat serves over 167 million customers and covers a population of approximately 1 billion people (Etisalat, 2015). Etisalat offers fixed-line, data, Internet, and mobile telephony services (Business Monitor International, 2014). 

Etisalat’s success in the telecommunications industry can be partially attributed to the monopoly position that the company held from 1976 to 2004. In 2004, the UAE federal government opened the UAE telecommunications market for competition. The second national operator Emirates Integrated Telecommunications Company (branded as “du” for marketing purposes) was established in 2006; du launched its mobile and fixed network services in 2007 (Ayyad, 2011; Business Monitor International, 2014). This has reduced prices in the UAE for broadband and mobile services (Ayyad, 2011).

Due to Etisalat’s vision, focus on innovation, and support from the government, the UAE is now considered to be among the world’s top nations in terms of availability of new telecommunications technologies, products, and services. Etisalat offers a variety of products and services to personal users, companies, and other mobile operators all over the world. Etisalat launched 4G mobile services in the UAE and Middle East and deployed a nationwide fiber-optic network (FTTH), making the UAE one of the most connected nations in the world. In addition to basic telecom products and services, the company provides advanced "green" technologies and environmentally friendly information and communications solutions. This includes smart building technologies, the latest machine–to-machine (M2M) solutions, and the deployment of alternative power within its regional networks. Etisalat also offers a mobile commerce cashless payment system using near-field communications (NFC) technology (Ayyad, 2011; Etisalat, 2012).
1.1.2. [bookmark: _Toc476932108][bookmark: _Toc486177233]Internet and Social Media Usage in the UAE  
The UAE is a nation of approximately 13 million people located in Western Asia on the Gulf of Arabia. UAE has a remarkably high penetration rate if various digital technologies for a country that is only 45 years old. Citizens and expatriates are strongly connected to the world via desktops, laptops, smartphones, tablets, and other mobile computing devices (Gunter, Elareshi, & Khalid Al-Jaber, 2016). 
The UAE has long held the distinction of possessing a well-developed and technologically advanced telecommunications sector with high mobile, telephone, and Internet penetration rates. The history of the Internet in the UAE goes back to 1995, when Etisalat started providing Internet services to all categories of users, including academics, businesses, industry, and home users.  Then in 1999 Etisalat introduced the Middle East’s first broadband Internet service using the latest asymmetric digital subscriber line (ADSL) technology (Ayyad, 2011; Etisalat, 2015). According to Emirates Internet and Multimedia (EIM, one of Etisalat’s subsidiary), the penetration rate of the Internet in the UAE increased from 19.6% in 2000 to 29.6% in 2003. It reached 34.7% in 2005 and improved to 49.8% in March 2008. In June 2016 the penetration rate increased to 91.9% -  making the UAE the most “wired” nation in the Arab world and one of the top nations in the entire world (Ayyad, 2011; Kirat, 2007).

The UAE has the highest social media usage among the Arab counties. Virtually all strata of the UAE society are actively using social media. Two of the nation’s leaders, Sheikh Mohammed bin Zayed, the Crown Prince of Abu Dhabi, and Sheikh Mohammed bin Rashid, the Ruler of Dubai, have a strong presence in social media as well. They use Twitter and Facebook platforms as a means of communicating directly with Emiratis within the country and internationally.  Moreover, the government of Abu Dhabi provides an e-Government platform via its Facebook and webpages to ease communication between the government and residents of the country (Gunter et al., 2016). Therefore, the UAE provides a rich context for studying SA in the Arab world.  

Limited research has been conducted in the UAE regarding social media. A study by Al Jenaibi (2011) proposed various taxonomies for social media use in the UAE. Al Jenaibi (2011) proposed separating social media into the following categories: blogs; micro-blogs; video sharing; social network services such as Facebook; image sharing such as Instagram; social bookmarking; and opinion-sharing websites. 
Another study conducted by Al-Sayegh (2013) notes that although social media usage has become very widespread, this rapid adoption created some tensions. These new forms of social media “threaten” the conventional modes of communication between Emiratis, such as the nation’s century (or even millennia) long oral communication tradition that still exists today. Al-Sayegh (2013) also states that social media have been used mostly by the young generation, as they provide a faster way of communication and are free of charge. It has become difficult to stem the tide of modern technology and social media, and many families in the UAE do not fully understand how social media technologies work, which creates a major generation gap (Gunter et al., 2016, pp. 118–119). The high mobile telephone penetration rate, which reached 70% in 2016, makes the UAE the most advanced nation in the world in terms of the adoption of cellular telephones (Gunter et al., 2016, pp. 116–118). Therefore, young people in the UAE primarily log on to their social media accounts through their smart phones.
Bulla and Buie (2015) conducted a study about social media and the purposes of using such platforms among young Emiratis. Its key results are as follows: (1) Twitter is the most popular social networking site for young Emiratis, followed by Instagram and Facebook; (2) social media are considered a good place for making consumer purchases; (3) social media are used to meet new people to share ideas with; (4) Emiratis are very advanced in the latest technology and the newest social media platforms (Gunter et al., 2016).
1.2. [bookmark: _Toc476932109][bookmark: _Toc486177234]Research Problem  
Sentiment Analysis (SA) has become one of the most active research areas in Natural Language Processing (NLP) field (Liu, 2012). Before 2000, little research was conducted about people’s opinions and sentiments. In a short time, the field has grown into a very dynamic research stream. Over 7,000 articles have been published (Feldman, 2013) about SA. The reason for this surge in SA research and its spread outside of computer science to the social sciences is twofold. First, a number of influential and easy-to-use SA tools have become available to researchers. Second, SA can be used to address numerous interesting research questions in various social disciplines (Liu, 2012).  For example, detecting and analyzing emotions can help marketing researchers to understand better how these emotions influence other important variables, such as brand loyalty or intentions to recommend a product or service to others. Many SA studies have been conducted in various business disciplines. Many of these studies are exploratory in nature and focus on evaluating various SA tools in different contexts (Pang & Lee, 2008). Most of these exploratory studies focus on the Western context. Little work has been done to evaluate the effectiveness of those tools in the Middle Eastern cultural context (Mourad & Darwish, 2013). Therefore, there is a need to conduct a study that examines the effect of SA in a non-Western context, such as the UAE. 
1.3. [bookmark: _Toc486177235]Goals, Research Questions, and Significance of the Study
The main purpose of this study is to investigate the effectiveness of SA tools in the UAE context. More specifically, this study investigates the relevance of sentiments expressed in social media on customers’ attitudes and actions towards Etisalat data plan product (mobile internet package). Towards this goal, the study explores the correlation between emotions expressed in online reviews and the following four important customer constructs: satisfaction, trust, loyalty, and intention to repurchase or recommend a product or service. 
These broad goals are achieved by addressing the following research questions:
RQ1. Can automated sentiment analysis (SA) tools be used to detect and analyze emotions in the UAE telecommunications industry context?
RQ2.	To what extent do customer emotions indicate customer loyalty to a product?
RQ3.	Do emotions influence trust towards a company?
RQ4.	Do emotions reflect product satisfaction?
RQ5.	How do emotions affect a customer’s intention to repurchase or recommend a product or service to others?
This is the first empirical study of this kind to be conducted in the UAE telecommunications sector context. In addition to contributing to the existing stream of SA research, this study is also of great relevance to practitioners. On the practical side, the study attempts to provide guidance to companies in the UAE on automated analysis of clients feedback and opinion trends in social media.
1.4. [bookmark: _Toc486177236]Dissertation Overview     

This dissertation contains seven chapters.  The sequence and structure of these chapters are as follows:
Chapter 1: Introduction  
This chapter includes an introduction, problem background, research context, discussion of the problem statement, motivation of the study, significance of the study, and research questions. 
Chapter 2: Literature Review and Research Questions
This chapter reviews the literature on Big Data, sentiment analysis, social media, and social networking. The chapter highlights the importance of these new platforms in marketing. At the end of this chapter, research questions are developed in order to enable the subsequent investigation. 
Chapter 3: Theory 
The theory chapter contains an overview of the theoretical perspectives used by this study, introduces a conceptual model, and provides justification for the research hypotheses. 
Chapter 4: Data and Methodology 
This chapter describes the research approach, research design, and methodology adopted by the study. The chapter also contains an overview of the data sample used in the analysis, the data collection method, measures used, and specific analytical techniques applied to the data, such as descriptive statistics, correlations analysis and regression analysis.


Chapter 5: Findings and Discussion
This chapter presents the findings from the analysis of the quantitative data collected through the questionnaire developed for this study. This includes the results of reliability and validity tests for scales used, descriptive statistics, as well as correlation and regression analysis. This is followed by a discussion of the findings of the study in the light of the goals and research hypotheses of this study together with prior literature. 
Chapter 6: Implications and Suggestions for Future Research 
This chapter discusses the implications of the study’s findings for both researchers and practitioners. It also presents the limitations of the current research and provides some suggestions for future research. 
Chapter 7: Conclusion 
This chapter offers a brief summary of the study and discusses the main conclusions derived from the findings that might help managers in the telecom sector. 

[bookmark: _Toc476932114][bookmark: _Toc486177237]Chapter 2: Literature Review, and Research Questions
[bookmark: _Toc476932115][bookmark: _Toc486177238]Big Data  

Before the advent of the Big Data era, companies stored and analyzed highly structured, relational data about customers, employees, business transactions, and so on. Additional data being added to these existing records increased the amount of data stored and created a demand for additional storage capacity. Yet none of these issues was problematic initially. The situation changed with the advent of new information and communication technologies, such as mobile devices, clickstreams, Global Positioning System (GPS), online shopping platforms, social networks, sensor data, etc. All these new technologies have created a massive layer of often unstructured or poorly structured data on the top of the existing, mostly relational data stores. This new data is “(1) unlikely to be in one place; (2) unlikely to be owned or controlled by one organization; (3) not managed through traditional, structured database tools; and (4) gigantic (Paharia, 2013, pp. 40–41). This data is commonly referred to as Big Data nowadays. 

In general, the term Big Data is used to refer to "high volume, velocity and variety information assets that demand cost-effective, innovative forms of information processing for enhanced insight and decision making" (Paharia, 2013, p. 41). These characteristics of Big Data force companies to go beyond the traditional data analysis, storage, and management methods and tools (Jacobs, 2009). To make things more challenging for organizations, Big Data keeps growing. Experts predict that the volume of digital data will double every 1.2 years (Paharia, 2013). 

Big Data deals with different data types of structured, semi structured, and unstructured data. Since the volume of data is so large and the data itself is often “messy”, the following new, specialized tools are used to analyze it (Pawar, 2016, p. 31): 

1. Hadoop: open-source software framework that stores and processes Big Data using a cluster approach. Its Java-based framework allows it to use inbuilt library functions and different tools. Hadoop can execute a large, complex data set on different operating systems such as Windows, LINUX, UNIX, and so on. Google and Yahoo use the Hadoop framework to analyze their enormous data stores.
2. NoSQL: open-source software that allows for the use of both structured and unstructured types of data. This means that data can be accessed by SQL queries as well as some new techniques. NoSQL often uses DaaS (Database as a Service) architecture. 
3. MapReduce: a processing model for a distributed, parallel data processing architecture. It is an open-source tool to implement, process, and manage Big Data efficiently.  
4. R-Language: a programming language for statistical values, complex data, and graphical information that can handle and store a large volume of data effectively

Finally, Big Data features different forms of data collection and analysis, including SA, cluster analysis, A/B testing, crowdsourcing, predictive modeling, stream processing, outlier detection and similarity search, and cohort analysis (Paharia, 2013). These Big Data tools are used in organizations across almost every industry for various purposes (Kaur, 2016; Pawar, 2016): 

(1) healthcare and medicine: to manage patient records, treatment plans, and prescription information; 
(2) banking: to manage different customer-related applications, such as credit risk analysis, customer changes, marketing policy, and historical transactions; 
(3) telecommunications: to analyze customer calls, product pricing, customer profitability, customer loyalty, and customer ratio;  
(4) marketing: to decide on the most effective approach to advertising, prepare customer reports, and analyze shopping carts; 
(5) manufacturing: to prepare reports on production, product quality, process optimization, store inventory; also to optimize staff allocation and reduce fraud 
(6) Social media: social sites generate a tremendous amount of data every day, so many tools are used to analyze and manage it. 

This study focuses on the use of Big Data in social media for several reasons. First, social media generate vast volumes of structured, semi-structured, and unstructured data in various formats that can be a valuable source of information for companies. Second, a number of automated data analysis tools have been developed to be used specifically in social media, including tools for sentiment analysis. Finally, this Big Data is increasingly viewed as a strategic resource in various industries across the globe.  
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Researchers in many fields are retrieving and analyzing opinions and sentiments based on textual data. This new research stream is often referred to as Sentiment Analysis (SA) or Opinion Mining (OM) (Padmaja & Sameen Fatima, 2013; Uren, Wright, Scott, He, & Saif, 2016). SA is concerned with the question of how people think or specially feel about an object, such as a brand or a political candidate (Tracy & Michael, 2014). It focuses mostly on “soft unstructured communication streams, picking up customer, employee, or partner sentiment on a subject, product, or any other phenomenon of interest” (Paharia, 2013, p. 47).

SA is a contemporary, rapidly evolving branch of natural language processing (NLP). It is a field of study that connects NLP with Information Retrieval (IR). It also shares common characteristics with other disciplines, such as text mining (Padmaja & Sameen Fatima, 2013).  

SA relies on linguistic and textual assessments of consumer opinions expressed online (Kennedy, 2012). It uses algorithms to understand human language. SA tools are capable of analyzing large volumes of text, including text found in blogs and other social media, and extract subjective sentiments or feelings from this text (Paharia, 2013).  

SA and OM focus on opinions that express positive or negative sentiment (Liu, 2012; Uren et al., 2016). SA can be defined as “the task of finding the opinions of authors about specific entities” (Feldman, 2013, p. 82). The same term, SA, is also used to describe an emerging field concerned with the detection of human emotions and feelings from textual data (Hasan & Adjeroh, 2011; Uren et al., 2016). SA involves automatic extraction of sentiment-related information from online text (Thelwall, Buckley, & Paltoglou, 2012; Uren et al., 2016). It enables researchers to automatically measure emotion in online text  (Thelwall, Buckley, & Paltoglou, 2011) by extracting knowledge from people's opinions, appraisals, and emotions regarding entities and events. These opinions have an immediate impact on consumer decision making (Khan, Baharudin, & Khan, 2011). 
SA can be a powerful tool for automatically handling client feedback, targeting advertising, and assisting in analyzing client trends and tendencies. The importance of SA tools and practices has increased due to the rise of popularity of weblogs and the increasing tendency of online publications to turn to message-board-style reader feedback venues (Malouf & Mullen, 2008).   

Note that the terms Sentiment Analysis (SA) and Opinion Mining (OM) are often used as synonyms. A number of alternative terms are used for these two fields of analysis, namely opinion extraction, sentiment mining, subjectivity analysis, affects analysis, affective computing, emotion analysis, review mining, and so on. While industry uses the term Sentiment Analysis more often, academia uses both Sentiment Analysis and Opinion Mining. Both terms represent the same field of study (Liu, 2012). In this study, the term SA is used throughout the text to refer to both SA and OM. 
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Sentiments and opinions are closely related to the concept of an emotion (Liu, 2012). Every individual is an emotional being, since emotions are inherent to an individual (Grama & Botone, 2009) and are important to human communication and life in general (Thelwall, Wilkinson, & Uppal, 2010). A commonly used conceptualization of an emotion is as follows (Balahur et al., 2012, p. 743):
Emotion is considered as “an episode of interrelated, synchronized changes in the states of all or most of the five organism subsystems (Information Processing, Support, Executive, Action, Monitor) in response to the evaluation of an external or internal stimulus event as relevant to major concerns of the organism.” 	
Emotions are a product of dynamic relationships within the social system and are created during the social interactions (Callahan, Hasler, & Tolson, 2005). Emotions, as a complex phenomenon, contain moods and feelings (Balahur et al., 2012). Commonly, three types of emotions are recognized: primary emotions, background emotions, and social emotions (Ramos & Berry, 2005). Primary emotions include joy, sadness, fear, anger, surprise, and aversion. Background emotions include the sensations of wellbeing and sickness, calmness and tension, pain and pleasure, enthusiasm and depression. Social emotions include shame, jealousy, guilt, and pride (Ramos & Berry, 2005). 
The number of researchers studying emotions has increased significantly across many fields, including history, psychology, and even computer science. Most research on emotions and SA focuses on identifying linguistic expressions of sentiments; that is, situations where specific words or word combinations are found in texts (Balahur et al., 2012). 
2.2.1.2. [bookmark: _Toc476932126][bookmark: _Toc486177249]Consumption Emotion 

Despite the popularity of research on emotions, scant attention has been given to the emotion construct as an influencing factor in consumers’ attitudes and behaviors (Levy & Hino, 2016). We live in a world driven by emotions (Berry, 2000; Levy & Hino, 2016). Therefore, emotions are central to customer behavior (Danish, Ahmad, Ateeq, Ali, & Humayon, 2015; Pérez & Bosque, 2015). Emotions are one of the elements motivating customers to choose and connect to a certain product or service (Levy & Hino, 2016). Emotions are often considered to be better predictors of future consumer behavior (e.g. intention to repurchase) than are cognitive beliefs (Mattila, 2001).  

Han and Jeong (2013) differentiate between general emotions and consumption emotion. Unlike emotions that an individual experiences in his or her daily life (Han & Jeong, 2013), consumption emotions can be broadly defined as “the set of emotional responses elicited specifically during product usage or consumption experiences, as described either by the distinctive categories of emotional experience and expression (e.g., joy, anger, and fear) or by the structural dimensions underlying emotional categories, such as pleasantness/unpleasantness, relaxation/action, or  calmness/excitement” (Ladhari, 2007, p. 1086; Westbrook & Oliver, 1991, p. 85). Consumption emotions play an important role in marketing, since they are related to important customer outcome variables, such as increased satisfaction, improved retention, favorable word of mouth, increased relationships between customers and employees, and enhanced customer loyalty (Han & Jeong, 2013; Ladhari, 2007). 

A scale for measuring consumption emotions has been developed by Han et al. (2010). The scale has 4 dimensions and 32 emotion descriptors (see Table 1). Furthermore, consumption emotions have two key cognitive components (service quality and image), which help to obtain favorable/unfavorable consumption-based emotions (Han & Jeong, 2013).

[bookmark: _Toc485825578]Table 1: Consumption Emotions Scale
	Dimensions
	Number of Items 
	Descriptors

	1) Excitement
	14 emotions 
	excited
	surprised
	amazed
	curious

	1. 
	
	sophisticated
	interested
	hopeful
	thrilled

	2. 
	
	grateful
	passionate
	entertained
	aroused

	3. 
	
	enthusiastic
	pampered
	
	

	2) Comfort
	10 emotions 
	comfortable
	contented
	friendly
	relaxed

	4. 
	
	pleased
	respected
	happy
	fulfilled

	5. 
	
	warm
	secure
	
	

	3) Negative Factor
	5 emotions 
	irritated
	frustrated
	disappointed
	angry

	4) 
	
	skeptical
	
	
	

	5) Romance
	3 emotions 
	romantic
	loving
	sentimental
	




The main customer-related outcomes of experiencing consumption emotions are customer satisfaction, trust, commitment, and loyalty. These are also predictors of loyalty intentions and long-term relationships with customers, therefore every firm looks forward to achieve these outcomes (Han & Jeong, 2013). At the theoretical level, the purpose of the present study is to outline a conceptual model that examines the relation between emotions and satisfaction, loyalty, trust, and intention to recommend and repurchase a product. 
2.2.2. [bookmark: _Toc476932127][bookmark: _Toc486177250]Sources of Sentiment Data   
In addition to social media, four types of online outlets exist for expressing consumer opinions: blogs (or blog-like postings in social media), discussion boards (or forums), user reviews, and critic reviews. Each of these outlets has its own unique form and features, is supported by a specific technology, and is used in different ways by different groups of users to express and share their opinions (see Table 2).    





[bookmark: _Toc485825579]Table 2: Online Outlets for Expressing Opinions
	OUTLET
	DESCRIPTION

	1) Blogs
	The term “blog” or “weblog” refers to a simple webpage consisting of brief paragraphs of opinion, information, personal diary entries, links, etc. All these are collectively called “posts” (Kumar & Sebastian, 2012). These posts are arranged in the form of a personal journal, with the most recent journal entries or posts listed first or on the top (Kumar & Sebastian, 2012). Blogs are considered to be personal journals, are not highly interconnected, and have few or no links (Na, Thet, & Khoo, 2010). 

Blogging came into existence in the 1990s. At that time, blogs were a unique phenomenon in computer-mediated, online communication. Blogs allowed people to create an individualized homepage (in contrast to then popular online forums) (Trub, Revenson, & Salbod, 2014).  Blogs allow “anytime” posting, where bloggers can post on an hourly, daily, or weekly basis (Kumar & Sebastian, 2012). This makes the interactions between a blogger and his or her audience virtually real-time.

There are three types of blogs (Na et al., 2010): 
· Filters: opinionated web content about an external, typically public, event.  
· K-logs: about a topic, project, or product. 
· Personal journals: conveying the blogger’s reflections on their life – this is considered the most common blog type.

Nowadays, social media are often used as personal blogs or, at least, are integrated with a specific blogging platform for the purpose of disseminating the information found in blogs. 

SA on blogs has been used to predict movie sales, political mood, and sales analysis (Kumar & Sebastian, 2012).

	2) Discussion Boards (Message Boards or Forums)
	Discussion boards, also known as message boards and online forums, tend to be more conversational than blogs. They typically focus on a single topic of common interest, allowing members to hold conversations by posting on the website or forum. Generally a discussion board contains a considerable amount of “noise” such as non-informative posts, spamming posts, irrelevant topic posts, etc. A discussion post commonly contains one or more quotes from earlier responses (Kumar & Sebastian, 2012; Na et al., 2010).  Discussion boards or online forums can be viewed as opinion databases, allowing for SA in a single domain (Kumar & Sebastian, 2012).  

	3) User Reviews 
	A user review is a reflection on consumer’s opinion and/or experience with a product, service, or business.  User reviews are produced by users or customers on the basis of their personal usage experience with products, services, or particular social phenomena and their own unique personality traits, communication styles, and preferences (Wang, Liu, & Fang, 2015). Reviews can be typically found on specialized websites and on the websites of many retailers, retail platforms, booking agents, and online trading platforms (Valant Jana, 2015). 
  
Reviews have the following characteristics (Wang et al., 2015, p. 375):
· Reviews reflect users’ usage experience, tastes and preferences in relation to a product or service.
· Reviews identify product or service attribute information as described by customers (e.g. use friendly, tastes good).
· Reviews represent “mass tastes”.
· Reviews serve as a powerful comparison and analysis tool; customers can find out group members’ attitudes and prior users’ satisfaction scores, read recommendations, and contrast various customer preferences 

User reviews’ have a great impact on purchase behavior and product sales (Zhang, Ma, & Cartwright, 2013). They serve as an important research tool for customers, allowing them to analyze negative and positive reviews about a particular product or service (Lackermair, Kailer, & Kanmaz, 2013). Numerous studies have examined the effect of user reviews on various important organizational outcome variables. The general consensus is that positive reviews benefits product sales and a negative ones hurt sales.

The variance of reviews reveals inconsistency among them, which could be measured as the mathematic variance of those ratings. User reviews’ variance holds a lot of informational value, which has significant financial outcomes such as consumers’ willingness to pay and firms’ profit margins (Wang et al., 2015).


There are two aspects of user reviews that play an important role in how useful these reviews are for other customers and how they impact customer purchase behaviors (Lackermair et al., 2013):
· Helpfulness of a written review. The customer reads other users’ reviews looking for features or opinions about a given product, then often the customer rates the reviews as helpful or not helpful.
· Efficiency of user reviews. Customers prefer reviews that are concise (as opposed to being long). Naturally, long reviews contain rich information that can be helpful in various ways. Yet long reviews make it difficult to analyze and compare them. 

User reviews often substitute or complement other forms of offline formal communication or Word-of-Mouth (WOM) communication about product quality and related services (Zhang et al., 2013). WOM is a process of conveying information from person to person casually.  It has great effect in customer buying decisions. WOM communication function is based on existing, non-electronic social networks and is enhanced by trust. People depend on their families, friends, and others in their social network (Jansen, Zhang, Sobel, & Chowdury, 2009). 

User reviews have advantages and disadvantages. The main advantages of reviews it that they allow consumers to share information with other peers directly and easily and make effective and fast buying decisions. The relevant reviews also help customers to explore a wide range of products and service. This stimulates competition among business, something that leads to overall improvement in products and services. The main disadvantage of using customer reviews is that some reviews may be “fake”. It is estimated that fake reviews represent between 1% and 16% of all customer reviews (Valant Jana, 2015). It is difficult to keep precise track of them, due to them often being anonymous. Moreover, there are no common methods for classifying a particular review as fake. 

	4) Critic Reviews
	Critic reviews are generated by critics on the basis of independent lab testing and professional evaluation. They are product evaluations generated by third-party professional critics (meaning people who have specialized knowledge about a product category) (Wang et al., 2015). 

Critic reviews provide essential information for consumers who wish to obtain detailed, first-hand information about a product or service before actually trying it on their own. Critics play two important roles (Desai & Basuroy, 2005): 
· as influencers, influencing the viewing decisions of consumers; 
· and as predictors, predicting whether or not consumers will like the product 

Critic reviews’ reviews have many features (Wang et al., 2015, p. 375). 
1) They are often based on lab tests or other forms of professional, expert evaluation methods. 
2) Critic reviews often include specialized, technical performance information (e.g. technical and artistic specifications).
3) Often represent the so-called “elite” tastes as critics are often experienced and sophisticated consumers within a particular product category themselves.
4) Often contain detailed data various product performance or design parameters. 
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Social media are now by far the most important platform for expressing one’s opinions and sentiments on all matters. This includes opinions and reviews in relation to products and services. Thus, social media are of special interest to companies interested in understating trends in opinions among their current and potential customers. Because of the importance of social media as a source of consumer opinion and sentiment, this section provides an in-depth overview of social media and social networks. 
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2.3.1. [bookmark: _Toc476932136][bookmark: _Toc486177259]Social Media Definition
Social media are defined as “innovative online tools designed to enhance communication and collaboration” (Tenopir, 2013, p. 194). Social media are the "online means of communication, conveyance, collaboration and cultivation among interconnected and interdependent networks of people, communities, and organizations enhanced by technological capabilities and mobility" (Tracy & Michael, 2014, p. 2). Social media include a variety of specific tools or applications, such as social networking sites (or SNS), blogs (various discussion or information sites), wikis (which enable users to ‎add, modify, or delete content), video-sharing sites, and other online tools (Nef, Ganea, Müri, & Mosimann, 2013; Tenopir, 2013). Social media tools have grown rapidly due to the availability of Web 2.0 and development of related Information and Communications Technologies (ICTs). 

Web 2.0 has been particularly important for the emergence and development of social media. Web 2.0 is a new generation Web platform that empowers people by providing them with an easy venue for communication, information sharing, and social interaction. With that, the role of an Internet user has changed from a passive information recipient to that of an information producer. Previously, users were only able to browse Web content created for them by site operators. Now, with Web 2.0, web users are increasingly publishing their own thoughts and viewpoints. In fact, there are many websites where the content is entirely generated by users. Platform operators only play a limited role: they provide the framework and infrastructure that enable users to edit, modify, and link to content such as Wikipedia and Yahoo (Nef et al., 2013; Zhang & Wang, 2013; Zhou, 2011). 
2.3.2. [bookmark: _Toc476932137][bookmark: _Toc486177260]Social Media Types and Zones 

Many different types and zones of social media have proliferated all over the Internet. Each type of social media site exists to facilitate communication between individuals and organizations in various niches and using different modes (Al-Suwaidi, 2013). Table 3 lists various social media types and provides a short description of each.      

[bookmark: _Toc485825580]Table 3: The Main Social Media Site Types. Reprinted from Al-Suwaidi, 2013, pp. 22–23.
	TYPES
	EXAMPLE
	DESCRIPTION

	1. Social Networks


	Facebook, LinkedIn
	Allow users to communicate with other people around the world with similar interests and background. Typical functionality includes user profile, various ways to interact with other users, and ability to set up groups.

	2. Bookmarking Sites

	Delicious and StumbleUpon
	Allow users to save, organize, and manage links to various websites and resources on
the Internet. Most allow users to "tag" their links to make them easy to search and share. 

	3. Social News 

	Digg and
Reddit
	Allow people to post various news items or links to outside articles and then let other users to "vote" on the items.  The voting is the core social aspect, as the items that get the most votes are displayed the most prominently. The community decides which news items get seen by more people.

	4. Media Sharing
 
	YouTube, Flickr, and Pinterest
	Provide services that allow users to upload and share various media such as pictures and video. Most services have additional social features such as profiles, commenting, voting, etc. 

	5. Microblogging 

	Twitter
	Provide services that focus on short updates that are pushed out to anyone subscribed to receive them.

	6. Blog Comments and Forums 
	Wordpress 
	Provide online forums that allow members to hold conversations by posting messages. Blog comments are similar, except they are attached to blogs and usually the discussion centers around the topic of the blog post. 

	7. Email 

	Hotmail, Gmail, and Yahoo
	Email has become the main tool for communication between people, businesses, governments, and private institutions.  It enables the exchange of images, official files, video clips, etc. 


[bookmark: _Toc375703811][bookmark: _Toc375704168][bookmark: _Toc335315437]
Part of the complexity of social media is due to the sheer quantity of channels and technologies that fall into this category. Therefore, Tracy and Michael (2014) grouped similar channels together (see below). This grouping helps ease comparison and contrast of various social media. They organized the social media space into four zones: 
1) Zone 1: Social Community
Social communities are social media focused on relationship and the common activities people participate in with others who share the same interest or identification. All social media channels are built around networked relationships. But for social communities, the interaction and collaboration for relationship building and maintenance are the primary reasons people engage in these activists. Many of the specific social media (e.g. social networking sites, message boards, forums, wikis, etc.) belong to this zone. 
2) Zone 2: Social Publishing
Social publishing sites aid in the dissemination of content to an audience. Typically, content is created and published in a social, collaborative fashion. The specific types of social media in this zone include blogs, micro sharing sites, media sharing sites, social bookmarking sites, and news sites. 
3) Zone 3: Social Entertainment 
The social entertainment zone includes channels, technologies, and communities that offer opportunities for play and enjoyment. These include social games and gaming sites, socially enabled console games, alternate reality games (ARGs), virtual worlds, and entertainment communities. 
4) Zone 4: Social Commerce
Social commerce refers to the use of social media to assist with online buying and selling of products and services.  Social commerce controls social shopping behaviors when online shoppers interact and collaborate during the shopping experience. Social commerce channels include:
· Sites for reviews and ratings (on specialized review sites or branded e-commerce sites);
· Deal sites and deal aggregators (aggregating deals into personalized deal feeds);
· Social shopping markets (online malls featuring user-recommended products, reviews, and the ability to communicate with friends while shopping)
· Social storefronts (online retail stores that sometimes operate within a social site such as Facebook with social capabilities (Tracy & Michael, 2014). 

Figure 1 illustrates the four zones of social media marketing along with several vehicles prevalent in each zone.








[bookmark: _Toc485825674]Figure 1 : Social Media Zones and Exemplar Vehicles (Tracy & Michael, 2014, p. 7)

2.3.3. [bookmark: _Toc476932138][bookmark: _Toc486177261]Social Networking Sites (SNS)

Social Networking Sites (SNS) are by far the most important category of social media. SNS have become an "outlet for the voiceless" (Al-Suwaidi, 2013, p. 27) and "voice of masses" (Rauniar, Rawski, Yang, & Johnson, 2014, p. 7), as they enhance communication patterns that affect every aspect of our society. 
There are several definitions of social networks. A social network can be defined as a collection of  “web-based network services that allow individuals to: (1) construct a public or semi-public profile within a bounded system; (2) articulate a list of other users with whom they share a connection; and (3) view and traverse their list of connections and those made by others within the system" (Borrero, Yousafzai, Javed, & Page, 2014, p. 58). Mahajan, Singh, and Kumar (2013) use the Collins English Dictionary (2009) definition of an SNS: "A web site that allows subscribers to interact, typically by requesting that others add them to their visible list of contacts, by forming or joining sub-groups based around shared interests, or publishing content so that a specified group of subscriber can access it (Mahajan et al., 2013, p. 526), they enable users also to post information, comments, messages, images, and so on (Al-Suwaidi, 2013, p. 20), as well as to share feelings, activities, and thoughts (Aharony, 2016, p. 362)".
Each SNS has special features that distinguishes it from other sites. For example, the way in which content is presented might differ. However, they all share the ability to support communication among people without place and time constraints or restrictions. SNS also allow for exchanges using textual or multimedia formats (e.g. via visual, voice, or written message) (Al-Suwaidi, 2013). Most communication in social networks takes place in the form of private e-mail messages, public comments written on each other’s profile pages, blog entries, pictures, or instant messaging (Thelwall et al., 2010). SNS offer both synchronous interactions (which occur in real time) and asynchronous interactions (which do not require all participants to respond immediately) forms of communication, and the resulting content may be either permanent or temporary (Tracy & Michael, 2014).
Note that the concept of an electronic SNS is somewhat narrower ‎than the more general concept of "social media" described in the previous section. The ‎main difference between social media and social networks is the communication style. ‎Social media are more akin to a channel for communicating and sharing information, while  a social network is an online host that supports various modes of communication between users (Tracy & Michael, 2014). The social networking aspect of these interactions is supported by features such as the ability to create a personal profile with personal information, inviting friends to have access to those ‎profiles, sending e-mails and instant messages between each other.‎
2.3.3.1. [bookmark: _Toc415477960][bookmark: _Toc415478015][bookmark: _Toc415856370][bookmark: _Toc415856523][bookmark: _Toc415856846][bookmark: _Toc415856979][bookmark: _Toc415857049][bookmark: _Toc415857171][bookmark: _Toc451927876][bookmark: _Toc451928326][bookmark: _Toc451929625][bookmark: _Toc451930059][bookmark: _Toc451931288][bookmark: _Toc451934293][bookmark: _Toc457136346][bookmark: _Toc459798689][bookmark: _Toc464234852][bookmark: _Toc464234951][bookmark: _Toc464235048][bookmark: _Toc465631447][bookmark: _Toc465665426][bookmark: _Toc465665534][bookmark: _Toc465666432][bookmark: _Toc465853291][bookmark: _Toc465853365][bookmark: _Toc466548859][bookmark: _Toc466966192][bookmark: _Toc468613122][bookmark: _Toc468613202][bookmark: _Toc468613577][bookmark: _Toc468613652][bookmark: _Toc468627700][bookmark: _Toc468627818][bookmark: _Toc468710910][bookmark: _Toc468710996][bookmark: _Toc468737548][bookmark: _Toc468781573][bookmark: _Toc469318562][bookmark: _Toc469696165][bookmark: _Toc469696247][bookmark: _Toc469778413][bookmark: _Toc469778494][bookmark: _Toc469840621][bookmark: _Toc469840708][bookmark: _Toc469841378][bookmark: _Toc469841468][bookmark: _Toc469859894][bookmark: _Toc471197237][bookmark: _Toc471204167][bookmark: _Toc471204471][bookmark: _Toc471216783][bookmark: _Toc476932139][bookmark: _Toc486177262]The History of Social Networks

The idea behind modern social networks is not new and the history of social networking goes back to 1990s (see Figure 2). The history of computerized social networking can be traced back to Usenet newsgroups, one of the oldest technologies for digital communication, which appeared in 1979 (Reid & Gray, 2007). Usenet newsgroups were devoted to various subjects, equipping the early community of computer enthusiasts with an inexpensive platform for sharing news, opinions, and feedback on a particular topic. The next big wave of computer-mediated social networking emerged in the early 1990s due to the widespread adoption of various e-mail services by individuals and organizations. The social interaction pattern among e-mail users was somewhat similar to that within Usenet groups: personal communication or other information was sent or forwarded to individuals or a predefined set of contacts. However, the number of e-mail users was much higher thanks to the development of easy-to-use, visual computer interfaces that replaced the command-line interfaces of Usenet, which could only be mastered by technically inclined users. Some instant messaging (IM) services, such as ICQ and AIM, also tried to add basic social networking capabilities sometime in the mid-1990s. AIM and ICQ users could create brief personal profiles accessible to the community, share messages and files, organize contacts into various groups, and participate in individual and group chats. In 1995, Classmates.com provided an advanced technology that is still in use in SNS now. Classmates.com provided a communicative friends list, containing students’ names and contact details from 42,000 high schools in the USA. The site charged USD 29.50 for investigation and search fees, and it helped arrange over 35,000 reunions out of 22.5 million members (Stern, 2002).

The first well-known SNS was SixDegrees.com, launched in 1997 (Figure 2). SixDegrees aimed to create real-life connections on the Internet. Each member had to create a web of contacts through referring three new friends for membership (so you know people who know people, etc.). The site targeted college students at first, but after 1999, when YouthStream Media Networks acquired the site, it started to target young adults. SixDegrees succeeded in gathering all available social networking tools at the time and providing them in one place, such as creating profiles, receiving updates from specific groups, and sharing and searching friends lists using an advanced directory. Using these services, one could find lost friends even if they were not SixDegrees members. It also offered a new courtesy program called "One Degree Closer" for its loyal members. This program allowed these members to meet in person. Although SixDegrees attracted millions of users, it failed to maintain its growth and was struggling as an organization. The site faced many technical problems.  In addition, users were bored at the lack of ‎interaction on the site. Most users did not have enough online contacts to maintain a ‎functioning social group, and there was not much to do after the acceptance of each other as ‎friends. The website was shut down in 2000 (Beueriein, 2000; Boyd & Ellison, 2008; Corbeil & Corbeil, 2011; Krishnan, 2011).

In the late 1990s, attempts to enhance online social networking capabilities continued. Many community tools began supporting various combinations of profiles and friends. AsianAvenue, BlackPlant, and LiveJournal sites included many technological features to enhance the interaction among users. Users were not only allowed to create their own personal, professional, and dating profiles, they were able to add friends to their personal profiles without pursuing approval for connections (Boyd & Ellison, 2008). 
                     
[image: ]
[bookmark: _Toc485825675]Figure 2 : Launch Dates of Major Social Networking Sites. Reprinted from Boyd & Ellison, 2007, p. 212.

One notable attempt to create a new type of an online social network was by LiveJournal (LJ). LJ was conceived as a “community publishing platform." LJ started as blogging tools with some social networking features, such as publicly articulating a user’s networks of friends. Every LJ user has a username, journal, and profile page showing their personal information, such as location, biography, and interests. The site also hosts many societies and journals with multiple members. Yet the main feature of LJ was self-publishing. LJ users could publish their own entries or post in a blog-like fashion.

Debates raged over whether LJ was considered as a blog more than a SNS. Yet two features ended the controversy and set it apart from other blogging sites: the “friends page” and shared journals. The friends page links the profile page to the journals of other LJ users. It shows the recent posts written by users’ friends that are on his or her “friends list”. These posts are shown in a personal journal fashion, where new posts from friends appear at the top of the screen. It is noteworthy that two languages have dominated LJ’s blogging community, English and Russian (Burrows, 2006; Kouper, 2009; Merry & Simon, 2012).

In the new millennium, SNS evolved in terms of number, form, and content. In 2000 the MiGente SNS was launched in the United States. MiGente targeted mainly bilingual second- and third-generation US Hispanics. In 2001 a new generation of professional social networking (PNS) service websites started up: Ryze.com in San Francisco and Cyworld.com in Korea. Ryze.com is a social site for businesses and business professions. It provides free and paid services for individuals and enterprises. Ryze.com assists people to maintain their contacts with classmates and colleagues, and supports new enterprises to find and hire IT talent (Dix, 2004; Dubil, 2008; Krishnan, 2011; “Ryze,” 2014, “Ryze – Social Media for Professionals,” 2014). Cyworld.com is considered a leading national SNS in Korea with a large base of users. It started in 1999 and added SNS features in 2001 (boyd & Ellison, 2008).

In 2002 additional popular SNS were founded: Fotolog, Friendster, and Skyblog. These sites had succeeded in promoting the concept of online socialization. Fotolog is a photo blogging SNS, but with a rather limited (at least initially) capacity for photos posts and interaction. It allows members to post one photograph per day and allows for interaction between users via comments to other accounts and personal updates (Crescenzi, Araüna, & Tortajada, 2013; “Fotolog,” 2014). Friendster is a modern version of an SNS. It helps friends and friends of friends meet to find old friends, to maintain contacts, or to find jobs or apartments, unlike other sites that introduce people to strangers with similar interests. In less than one year (more precisely in May 2003) Friendster gained 300,000 users through word of mouth only. However, in spite of the site’s popularity and increase in users, many early adopters quit due to a breach of trust between users and the site, as well as technical difficulties such as outdated servers and databases. And lastly there were social collisions as Friendster affected the social context: users had to face their bosses and former classmates together with their close friends (Boyd & Ellison, 2008; Millette, 2008). The website is inactive as of 2015. 

With the evolution of Web 2.0, the following years witnessed the opening of a great number of SNS. For instance, in 2003 six new sites started, with the most famous being LinkedIn, MySpace, and Tribe.net. In 2005 and 2006 the following sites started: Yahoo 360, YouTube, AsianAvenue, Facebook, Windows Live Spaces, and Twitter (Boyd & Ellison, 2008b). These SNS (especially Facebook, Twitter, and LinkedIn) define what SNS means for most people around the world.
2.3.3.2. [bookmark: _Toc476932140][bookmark: _Toc486177263]Characteristics of Social Networking Sites
Social networks are considered the foundation of social media, as every form of social media is based on participation from a community of members. SNS all maintain a basic network structure. The nodes of this social structure are connected to each other based on their online of offline relationships and there is a information flow between those nodes. SNS can also be subdivided using the following dimensions (Tracy & Michael, 2014).
A. Audience and Degree of Specialization
An SNS can be an internal social network or an external social network, targeting the general audience or highly specialized.  The internal social network is more like the intranet that many companies provide to their employees to post profiles, maintain a blog, participate in discussion groups, and share files. For instance, Nissan launched an internal social network called N-Square, Microsoft has TownSquare, IBM has the BeeHive, Yahoo has Backyard, and Etisalat has the Yammer internal social network‎. An external social network is open to people who are not connected with the site’s chief sponsoring organization via a formal relationships.

It is noteworthy that audience of SNS impacts the nature of the relationships between users. Take LinkedIn, Care 2‎, and Focus. ‎LinkedIn is a professional social network that emphasizes career experience and the need to maintain connections with those we know professionally. Care2 is an SNS for people who want to help with social causes, and Focus is a network for business and technology. All these networks encourage professional, business-like interconnectivity and communication and discourage simple social interactions involving personal status updates or any other form of informal information sharing.

B. Social Objects that Drive Relationships among Members
Vertical networks are "sites designed around object sociality, the ability of an object to inspire social interaction" (Tracy & Michael, 2014, p. 114). Vertical networks distinguish themselves because they focus on a common hobby, interest, or characteristic that draws members to the site. Thus, SNS can be distinguished by whether they center on a common theme. 
  
C. Degree of Openness and Transitivity
Social networks can be closed, gated communities entirely controlled by the platform vendor, or they can be accessible to any member who wishes to participate. In theory, users are willing to participate in several different platforms at the same time. As the numbers of social media sites is growing and there is an increasing competition for SNS members, SNS want to make membership in their communities as accessible as it is possible. Yet it not always easy. Collectively, social media are facing the significant issue of how to let people easily access multiple sites and understand where they go and why. Subsequent complaints about the lack of universal access procedures and technologies have given rise to two phenomena:  
· Social networking fatigue: a result of managing multiple community accounts.  
· Social lock-in: when a user is unable to transfer social contacts and content from one social network to another.  
The solution was to develop a system of identity portability (OpenID), such that a single profile could provide access across SNS with a single login and shared information. Unfortunately, OpenID works only on OpenID-enabled sites, not with closed, gated communities (Tracy & Michael, 2014).  
2.3.3.3. [bookmark: _Toc476932141][bookmark: _Toc486177264]Key Social Network Statistics 
Globally, five SNS are most prominent and continue to attract more and more users: Facebook, Twitter, Google+, LinkedIn, and Pinterest. Facebook has been considered the most popular site since its debut in 2006. It is followed by Twitter, a micro-blogging site that appeared in 2006. Ranked at number three is Google+, a social network launched by Google Inc. in 2011. Ranked fourth is LinkedIn, launched in 2002. Pinterest is ranked fifth. It is the fastest-growing website with regard to media and photo sharing since its launch in 2010 (Al-Suwaidi, 2013). 
As Figure 3 indicates, Facebook has 1.483 billion users worldwide, which means that approximately one out of every seven people on earth is using Facebook (Mahajan et al., 2013). It is followed by Twitter with 982 million users; Google+ has 340 million users, and Pinterest 23.4 million users.
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Figure 3 : Popular Social Network Users (Millions, January 2013). Reprinted from Al-Suwaidi (2013, p. 29).

Recent statistics in relation to social networks shows an increasing popularity of social networks in the Arab world too, especially in the UAE (Al-Suwaidi, 2013). Figure 4 provides some recent statistics on Facebook users in the Arab region for February 2013. Egypt has the highest number of users with about 12.5 million, followed by the Kingdom of Saudi Arabia with 5.7 million users; the UAE has 3.4 million users. 

[bookmark: _Toc485825677]Figure 4 : Facebook Users in the Arab Region (February 2013). Reprinted from Al-Suwaidi (2013, p. 32).

Figure 5 details the percentage of Facebook users relative to the size of the population. Here the UAE ranks highest with 41.2%, followed by Jordan with 40.7%, and Lebanon with 39.3%.


[bookmark: _Toc485825678]Figure 5 : Percentage of Facebook Users in Arab Countries According to Population Size (as of February 2013). Reprinted from Al-Suwaidi (2013, p. 33).










Figure 6 provides some detail about social network users in the UAE. At 3.4 million users, representing approximately 41.2% of the population, Facebook has the highest proportion of users. This is followed by LinkedIn with 1.2 million users, representing 14.8% of the population. Twitter is used by 3.25% of the UAE population.


[bookmark: _Toc485825679]Figure 6 : Social Network Users in the UAE (Million). Reprinted from Al-Suwaidi (2013, p. 34).


2.3.4. [bookmark: _Toc476932143][bookmark: _Toc486177265][bookmark: _Toc375703821][bookmark: _Toc375704179]The Importance of Social Media for Individuals and Organizations


Before the era of the Internet and World Wide Web, it was relatively difficult to collect large volumes of consumer reviews. Consequently, there was no need to automate the analysis of opinions expressed in digital form. At that time, consumer purchasing decisions were primarily influenced by an individual’s immediate surroundings (including family, friends, and neighbors) or traditional forms of media (e.g. TV, newspapers, magazines, etc.). Organizations had to carry out surveys, opinion polls, and focus groups in order to be able to make marketing decisions about their events and products (Khan et al., 2011). 
The fast growth of the Internet and World Wide Web changed the way information is created and shared by people (He, Wu, Yue, Fu, & Vo, 2012). People have passed the stage of just commenting on existing information or providing a numeric rating for a product or service. Today, most people post their ideas, news, and information for the community at large. In addition, the growth of online resources has led to new forms of data, including customer opinions, customer reviews, and customer comments about products and services (Khan et al., 2011; Padmaja S & Sameen Fatima S, 2013). 
Social media influence individuals and organizations. For individuals social media offer opportunities for interpersonal interconnectivity, self-discovery, entertainment, and functional value (Tuten & Angermeier, 2013). They offer inclusiveness, low barriers to participation, and knowledge of the audience (Uren et al., 2016). For organizations, the opportunities include accessibility to consumer groups, engagement opportunities, media cost savings, and the opportunity to encourage WOM communication (Tuten & Angermeier, 2013). Threats to consumers include loss of privacy, distorted sense of self, realistic information sources, and a loss of control over online content (Tuten & Angermeier, 2013). For companies, negative consequences include negative WOM, loss of control over content, spread of negative press, and security breaches (Tuten & Angermeier, 2013). Employees might even hurt their organization’s public image simply by participating in social media (Tuten & Angermeier, 2013).    
With these threats in mind, SA offers organizations a unique ability to screen social media sites and pick up on the sentiments associated with their products and services in real time (Su, Zhu, Swen, & Yu, 2007). It helps to protect an organization’s reputation and to receive customers’ feedback about its products to enable it to take appropriate action. Public relations (PR) firms, marketing managers, campaign managers, politicians, equity investors, and online shoppers can all benefit from SA. Academic and other public institutions, politicians, media organizations, and charities also increasingly use SA (Kennedy, 2012). It has become a cornerstone of social media research (Liu, 2012) as it influences different segments such as social sciences, management science, political science, and economics. 
2.3.4.1. [bookmark: _Toc476932144][bookmark: _Toc486177266]Social Media Marketing

Social media marketing is a new marketing field that has emerged due to the growth of the digital space (Luo, Wang, & Han, 2013). Social media marketing is considered an element of the marketing communication mix under the field of promotion, and is a combination of traditional Integrated Marketing Communication (IMC) and WOM (Dateling & Bick, 2013). There are different definitions of social marketing. Kotler and Zaltman (1971, p.5) define social marketing as follows: 

The design, implementation, and control of programs calculated to influence the acceptability of social ideas and involving considerations of product planning, pricing, communication, distribution, and marketing research.

Social marketing aims to create and improve marketing systems that enhance consumer well-being (Lefebvre, 2012). The social marketing umbrella also includes “a multitude of interventions that incorporate the use of traditional marketing techniques to promote a behavior that will improve the health or well-being of a target audience or of society as a whole” (Quinn, Ellery, Thomas, & Marshall, 2010, p. 1). Social marketing requires enhanced marketing skills, such as understanding consumer and organizational needs, creating awareness, stimulating interest, building loyalty, and demonstrating value.
2.3.4.2. [bookmark: _Toc476932145][bookmark: _Toc486177267]Levels of Consumer Engagement in Social Media
Social media have changed consumers’ roles and requirements. The role of customers has moved from being purely consumers, to being customers who require relational and experiential involvement in the buying process (Dateling & Bick, 2013).  Oftentimes, consumers are engaged to “co-create” a product or service.  Consumers can progress through a series of four stages in their relationships with brands on social media (Barger & Labrecque, 2013):  
1) The first stage is "bystander," where consumers act as observers of a specific brand, without specifically looking for brand posts in social media. 
2) Then the consumer takes on the role of "follower," where he or she looks for brands' messages and news without any connection with the brands’ messages and posts.  
3) Afterwards the follower becomes a "participant," where the communication level increases and the consumer starts to exhibit occasional participation in activities in relation to the brand. 
4) Finally the participant becomes an "advocate," a supporter of the brand who works hard to create and distribute the brand’s marketing messages in social media.

[bookmark: _Toc476932146][bookmark: _Toc486177268]Review Helpfulness 

[bookmark: _Toc457136358][bookmark: _Toc459798701]In the past, consumers did not have enough information about the quality of goods or services in the traditional market. In the absence of such information, it was difficult to trust the sellers and make purchase decisions. However, with the appearance of Internet technology, it is becoming easier, quicker, and cheaper for customers to get information about products or services. Online customer reviews perform an important role as an information resource. They are usually generated by peer customers and enable consumers to interact with each other (Lee & Kang, 2013). Online reviews have two main functions. One is to assist online shoppers evaluate products and services before making purchase decisions. The other is informational, allowing online shoppers to become aware with a product or service although they do not have an instant intent to purchase (Wan & Nakayama, 2014).

[bookmark: _Toc457136359][bookmark: _Toc459798702]Reviews can be of high and low quality. A high-quality review can be used as a reference in decision making, whereas a low-quality review is not even worth reading (Liu, Chen, & Chiu, 2013). Reviews that are considered more helpful by consumers have stronger effects on consumer purchase decisions than other reviews (Baek, Ahn, & Choi, 2012). Therefore, review helpfulness is defined as the degree to which consumers thing that a particular review is useful in assisting with their shopping (Li, Huang, Tan, & Wei, 2013). Helpfulness votes, a feature almost universal to most online review platforms, are important in helping consumers with product research and purchasing decisions. They also serve as a benchmark for academic studies on online reviews (Wan & Nakayama, 2014). 

[bookmark: _Toc476932147][bookmark: _Toc486177269]Research Questions  

Given the importance of social media in the UAE in terms of serving as a platform for posting reviews in relation to products and services, this study intends to examine the effectiveness of SA tools in the UAE telecommunications industry context. From a practical standpoint, attaining this goal will shed light on the efficacy of social media in predicting customers’ decisions to use the Etisalat data plan products. From a theoretical standpoint, the study explores the relationships between emotions (as detected and measured by automated SA tools) and the four constructs of satisfaction, trust, loyalty, and purchase recommendation. These two broad goals are attained by addressing the following specific research questions: 

· RQ1. Can automated sentiment analysis (SA) tools be used to detect and analyze emotions in the UAE telecommunications industry context?
· RQ2.	To what extent do customer emotions indicate customer loyalty to a product?
· RQ3.	Do emotions influence trust towards a company?
· RQ4.	Do emotions reflect product satisfaction?
· RQ5.	How do emotions affect a customer’s intention to repurchase or recommend a product to others?
[bookmark: _Toc476932148][bookmark: _Toc375703822][bookmark: _Toc375704180]

[bookmark: _Toc486177270]Chapter 3: Theory  
[bookmark: _Toc476932149]
Theoretical Foundations 


This chapter provides a conceptual overview of Computer Mediated Communication (CMC) and Expectation Disconfirmation Theory (EDT) – the two main theoretical lenses employed by this study. CMC helps us to understand the reasons behind the widespread usage of social media by billions of users all around the world. EDT is employed as a theoretical lens for analyzing the relationship between emotion and the constructs of satisfaction, trust, loyalty, and customer recommendation. EDT helps us to understand the consumer mindset, the psychological processes through which an individual goes through during the pre-experience and post-experience stages, and how these processes influence the important customer outcome variables mentioned earlier (Bosque & Martín, 2008). 

CMC and EDT theoretical perspectives are interrelated. Both of them assist us to understand consumer thinking, opinion, and the emotions that are expressed via online social networks and how these constructs lead to consumer satisfaction, loyalty, trust, and intention to recommend (Bosque & Martín, 2008). An analytical model is developed to test the relationship between emotion and the four constructs, showing four hypotheses that were empirically tested (see Figure 7). 
 Dependent Variables (Y)
Independent Variable (X)

Satisfaction


H1

H2
Loyalty

Emotion

Trust 

H3

Intention to recommend & repurchase
H4



[bookmark: _Toc485825680]Figure 7 : Theoretical Framework



This chapter consist of four sections. The first section is devoted to CMC and the second one is devoted to EDT. The third section covers the study constructs and their relationship with emotions.  The fourth section of this chapter discusses the complex interaction relationship between emotions and the four customer outcome constructs in theoretical terms. Collectively, this theoretical discussion provides insights into behaviors and cognitions of telecom customers and allows firms in the telecommunications industry to use automated SA solutions for social media effectively.
3.1. [bookmark: _Toc476932150][bookmark: _Toc486177271]Computer-Mediated Communication (CMC)
Face-to-face communication is no longer the sole communication channel used by people. The combination of computers and communication technologies has revolutionized communication and made possible new and expanded forms of group communication (Baltes, Dickson, Sherman, Bauer, & LaGanke, 2002; Rice & Love, 1987), such as CMC. CMC has been defined as:
Any communicative transaction that occurs through the use of two or more networked  computers. Popular forms of CMC include email, video, audio or text chat, bulletin boards, list-services and MMOs (Massively Multiplayer Online game). These settings are changing rapidly with the development of new technologies. (Yu, 2011, p. 531) 
CMC has become the primary method of communication for public and private sectors (Liu & Ginther, 1999). CMC includes different computer-mediated channels such as e-mail, instant messaging, and various online environments (e.g. dating and social networking sites) (Ramirez, Zhang, McGrew, & Lin, 2007). CMC also includes synchronous or asynchronous electronic mail and computer conferencing systems using which senders encode text messages that are relayed from the sender's computer to receiver’s computer (Hollingshead, 2000; Mashhadi Heidar & Afghari, 2015; Walther, 1992).  
CMC is influenced by two important factors: (1) the nature of communication and (2) the structure of communication. There are many restraints affecting the nature of communication, such as norms, structure, procedures, rewards, and politics. CMC has removed or changed some of these restraints and created new ones. CMC has removed many of the traditional limitations related to time and space (Rice & Love, 1987). At the same time, CMC has created numerous constraints related to privacy and security. CMC began attracting attention from researchers several decades ago (Liu & Ginther, 1999). For example, due to  the increase in international online penetration rates, numerous challenges related to languages and cultural norms  that affect international communication had been discovered and dealt with by researchers (Olaniran, Rodriguez, & Williams, 2012). 
CMC systems can be divided into five components:
· Subjects are the humans (e.g. a network users), who can be creators, providers, and recipients of the network. 
· Hosts is the most important part of the CMC system. The hosts comprise communication network nodes.
· Information resource is a summary of numerous information resources gained by using the network. It does not contain all the information put on the Internet, just the sections that meet the information demands of users. The network information resources are characterized by a vast amount of data and information, easy access, wide distribution, and fast transmission. All this contributes to quick and accurate information dissemination process, which makes CMC different from traditional forms of communication. 
· Channels of CMC contain network facilities, network news transfer protocols, and network media. 
· Relations and effects indicate the social impacts of the processes related to transmitting and accepting the network of information (Yu, 2011). 
There are five powerful forces that shape CMC: external contexts, temporal structure, system infrastructure, group purposes, and participant characteristics. These forces affect one another and shape the social dimensions of the groups. The development of a pattern in a computer-mediated group is a complex and dynamic process (Gunawardena, 1995). 
There are several differences between CMC and traditional communication. Walther (1992) believes that CMC, unlike face-to-face communication, disregard nonverbal codes that are considered rich sources of relational information. The absence of these codes affects users’ understanding of messages in a negative way, reducing CMC effectiveness in solving group problems and making CMC less suitable for certain communication purposes (Walther, 1992a). Romiszowski and Mason (1996) believe that the difference lies in whether CMC is synchronous (real time, such as discussion between two people face to face, or over the phone) or asynchronous (delayed time). In general, asynchronous forms prevail in CMC (Romiszowski & Mason, 1996).
3.2. [bookmark: _Toc476932151][bookmark: _Toc486177272]Expectation Disconfirmation Theory (EDT)
In essence, Expectation Disconfirmation Theory (EDT) is as “a theory for measuring customer satisfaction from perceived quality of products or services.” (Elkhani & Bakri, 2012, p. 95). In other words, EDT measures customer satisfaction from the difference between a customer’s expectations towards performance and actual experience with a product or service. 

EDT was originally developed by Oliver (1980). Among other things, the theory posits that repurchase intentions are determined primarily by satisfaction. Satisfaction is jointly determined by expectations and confirmation or disconfirmation of these expectations. Oliver with his colleagues developed the original EDT to include performance, affect, and equity as additional elements of customer satisfaction and repurchase intention (Chiu & Wang, 2011).  The theory was developed in the field of marketing, yet it became popular in other scholarly domains, such as information systems, electronic commerce, consumer behavior, service quality, psychology, leisure behavior, medicine, and human resources ( Serenko & Stach, 2009; Venkatesh & Goyal, 2010). 

According to EDT (Serenko & Stach, 2009, p. 28): 
Customers anticipate a specific level of service or product performance when they are about to engage in a purchase transaction. When they utilize the actual product or service, they form valid perceptions of service performance. The degree of positive or negative disconfirmation is developed when pre-and post-purchase. These pre-purchase expectations and post-purchase experience are compared. The comparison influences the overall satisfaction. A positive disconfirmation occurs when service performance exceeds initial expectations, which leads to higher satisfaction. In contrast, a negative disconfirmation takes place when service performance falls short of what was originally expected, which causes lower satisfaction 
[image: ]
[bookmark: _Toc485825681]Figure 8 : EDT Model. Reprinted from Elkhani et al. (2012, p. 96).

As shown in Figure 8, EDT has four constructs: (1) Expectations or Desire; (2) Experience or Perceived Performance (these two variables are defined in two different time periods, “pre-and post-purchase”); (3) Disconfirmation; and (4) Satisfaction (Chiu & Wang, 2011, p. 534; Elkhani et al., 2012, pp. 96–97; Isaias & Issa, 2015, p. 109; Oliver, 1980, p. 460; Van Ryzin, 2006, p. 600; Venkatesh & Goyal, 2010, p. 283): 

1) Expectations or desire is related to the pre-purchase time period in which a customer has the initial expectations or desires about a specific performance such as the quality of products or services.
2) Experience or Perceived Performance (also known as “disinformation of expectation”) is related to the after-purchase time period in which the customer uses the products or services and gets the experience after perceiving the real performance, such as the quality of a specific product or service. 
3) Disconfirmation is defined as the difference between the customer’s initial expectations and the observed actual performance.  
4) Satisfaction is a product of disconfirmation in the light of initial expectations of a customer in relation to a product or service. 

According to the literature, disconfirmation can fall into three categories: positive disconfirmation, negative disconfirmation, and simple disconfirmation. Negative disconfirmation occurs when the actual performance of a specific product or service cannot meet the customer’s expectation (Elkhani & Bakri, 2012). Positive disconfirmation occurs if the product or service exceeds customer satisfaction (Elkhani & Bakri, 2012; Oliver, 1980). Simple disconfirmation occurs when perceived performance simply meets customer expectations (Elkhani et al., 2012).

EDT is the dominant model for measuring customer satisfaction (Elkhani & Bakri, 2012; Kursunluoglu, 2014; Sprenger, MacKenzie, & Olshavsky, 1996; Y. Yu & Dean, 2001). Early suggestions linking disconfirmed expectations to consumer satisfaction were advanced by Engel, KoUat, and Blackwell (1968) and Howard and Sheth (1969) (c.f. Oliver, 1980, p. 460).  Spreng et al. (1996) proposed a new model of satisfaction that builds on the disconfirmation paradigm by specifying a more comprehensive model that includes two standards.

EDT considers customer satisfaction as the most critical factor for providers. However, businesses are also often interested in other satisfaction outcomes: (1) loyalty; and (2) customer recommendation WOM (Serenko & Stach, 2009). This research uses EDT as a lens to analyze satisfaction, trust, loyalty, and customer recommendation intentions.  

3.3. [bookmark: _Toc476932152][bookmark: _Toc486177273]Research Variables and Hypotheses 
2. 
3. 


3.3.1. [bookmark: _Toc486177274][bookmark: _Toc476932153]Emotion 
Emotions serve as a primary source of human motivation and exert influence on memory and thought processes (Westbrook & Oliver, 1991).  In the last two decades, a growing number of conceptual and empirical studies of emotion have indicated that customer emotions play an important role in customer purchasing, evaluation, and decision making processes.  Another set of studies have found that emotions play a significant role in the selection of a service provider, evaluation of product or service, return intent, loyalty enhancement, word-of-mouth generation, and overall assessment of the service organization (Han, Back, & Barrett, 2010). 

Consumption emotions are of special interest to marketing and general business professionals. Consumption emotions can be described as "the affective (or emotional) responses generated based on consumption and the set of emotional responses elicited specifically during product usage or consumption experiences" (Han et al., 2010, p. 301).  Consumption emotions can be distinguished from emotions that individuals experience in everyday life. Consumption emotions are less intense and have different characteristics in comparison to general emotions.  Furthermore, consumption emotions have specific and narrower range. They are based on a specific consumption of a product or service and are largely driven by these experiences. Still there are some shared characteristic between consumption emotions and other types of emotions (e.g. fear or excitement). Customers experience several of these emotions in relation to a consumed product or service (Han et al., 2010). 

Consumption Emotion and Expectation Disconfirmation Theory
The main consequences of consumption emotion is consumer satisfaction – a conclusion derived from the Expectation Disconfirmation Theory (S. A. Lee, Manthiou, Jeong, Tang, & Chiang, 2015).  Through satisfaction, consumption emotions might shape consumer behavior or influence consumer decisions (Price, Arnould, & Deibler, 1995).  Therefore, it’s important to understanding consumers’ consumption emotions because they are directly related to consumer satisfaction, complaint behavior, and word-of-mouth intentions (S. A. Lee et al., 2015).
3.3.2. [bookmark: _Toc486177275]Customer Satisfaction 

Satisfaction is considered to be “one of the mental constructs (along with trust, perceived value, and commitment) that guide consumer decision making, build consumer knowledge and experiences with a particular firm, and influence the consumer’s subsequent actions” (Garbarino & Johnson, 1999, p. 71). Satisfaction is a key outcome of marketing activity and works to connect the process culminating in purchase and consumption with post-purchase phenomena like attitude change, repurchase, and brand loyalty (Churchill & Surprenant, 1982). Numerous studies have examined the conceptual foundations of customer satisfaction and the relationships between this construct and other important constructs in marketing. 
Lin and Wang (2006) define satisfaction as a “consumer’s post-purchase evaluation and affective response to the overall product or service experience” (p. 273). According to Oliver (1999) “satisfaction is pleasurable fulfillment. That is, the consumer senses that consumption fulfills some need, desire, goal, or so forth and that this fulfillment is pleasurable. Thus, satisfaction is the consumer's sense that consumption provides outcomes against a standard of pleasure versus displeasure”. Customer satisfaction is a strong and significant predictor for other customer behaviors, such as repurchase intentions, WOM recommendations, or loyalty (Lin & Wang, 2006; Yoshida & James, 2010). 
Other scholars developed new satisfaction constructs and terminologies. Garbarino and Johnson (1999) coined “Cumulative or Overall Satisfaction” construct. This is “an overall evaluation based on the total purchase and consumption experience with a good or service over time” (Garbarino & Johnson, 1999, p. 71). Elkhani and Bakri (2012) developed the concept of “e-satisfaction,” which they define as the “customer’s satisfaction of previous purchase experience from websites that such a satisfaction can include all different aspects such as: customer’s information satisfaction, online facilities satisfaction and purchase satisfaction” (Elkhani & Bakri, 2012, p. 98). 
There are several other properties in relation to customer satisfaction, such as satisfaction types and dimensions.  According to Abu-El Samen, Akroush, Al-Khawaldeh, and Al-Shibly (2011), there are three types of customer satisfaction: (1) overall customer satisfaction (OCS); (2) functional customer satisfaction (FCS); and (3) technical customer satisfaction (TCS). Yu and Dean (2001) considered customer satisfaction to be bi-dimensional, including both cognitive and emotional components. “The cognitive component refers to a customer's evolution of the perceived performance in terms of its adequacy in comparison to his or her expectation standards.  The emotional component of satisfaction is comprised of various emotions, such as happiness, surprise, and disappointment” (Yu & Dean, 2001, p. 236).
At the institutional level, organizations focus on customer satisfaction and consider it an effective tool for measuring organizational performance and relevance (Usman, 2013). Customer satisfaction is not only a goal on its own, it is also an important construct for predicting consumer behavior (Garbarino & Johnson, 1999). Yoshida and James (2010) highlight the importance of customer satisfaction to firms as follows: (1) satisfaction is based on customers’ personal opinion and evaluation of products and services – it is the real voice of users; (2) satisfaction increases the likelihood of enhanced customer loyalty and repurchase behavior (Yoshida & James, 2010). Therefore, achieving customer satisfaction became an important goal for all firms across many industries. This goal is of special importance to telecom companies, which operate in an extremely competitive environment and are forced to perform at the highest level possible to remain competitive (Raza & Rehman, 2012). 
Emotion in Customer Satisfaction and Expectation Disconfirmation Theory
In general, it is believed that an emotion, whether it be positive or negative, can have a great influence on customer behavior. Largely, satisfaction is an “evaluation of an emotion” (Cronin, Brady, & Hult, 2000, p. 204). Any individual who is emotionally attached to a brand or, in general, has positive emotions towards a brand is likely to be satisfied with it (Thomson, MacInnis, & Park, 2005). Emotion is considered one of the core characteristics in satisfaction, and many studies have suggested that customer satisfaction should include an emotional component (Levy & Hino, 2016; Yu & Dean, 2001). Largely, customer satisfaction “is an emotional perception, which is premised on the evaluation of a customer’s reaction from using the product or service” (Usman, 2013, p. 107). Therefore, organizations thrive to generate and maintain positive emotions among their customers (e.g. happiness) and to avoid negative emotions (e.g. depression), as these emotions affect customer decisions to continue or discontinue their relationship with a firm and, thus, are indicative of customer satisfaction (Yu & Dean, 2001).  This leads to the following hypothesis: 
H1: There is a significant relationship between customer emotions and product satisfaction
3.3.3. [bookmark: _Toc476932154][bookmark: _Toc486177276]Trust 
Trust is "a mental construct that guides consumer decision making" (Garbarino & Johnson, 1999, p. 71). In the context of marketing, trust has been defined as “a set of specific beliefs dealing primarily with the integrity (trustee honesty and promise keeping), benevolence (trustee caring and motivation to act in the trustee’s interest), competence (ability of trustee to do what the trustor needs) (Lin & Wang, 2006, p. 274; Xu, Cenfetelli, & Aquino, 2016, p. 17) and predictability (trustee’s behavioral consistency) of a particular vendor” (Lin & Wang, 2006, p. 274).  In other words, trust is “a perception of credibility” (Doney & Cannon, 1997, p. 36; Raza & Rehman, 2012, p. 5087) and “confidence in an exchange partner’s reliability and integrity” (Morgan & Hunt, 1994, p. 23). Trust has also been defined as “the willingness to accept vulnerability based upon positive expectations about another’s behavior” (Dunn & Schweitzer, 2005, p. 736; Jarvenpaa, Shaw, & Staples, 2004, p. 250). In general, all these definitions reflect two approaches to trust (Moorman, Zaltman, & Deshpande, 1992, p. 315): 
1) trust viewed as a belief, sentiment, or expectation about an exchange partner’s expertise, reliability, or intentionality; and 
2) trust viewed as a behavioral intention that reflects a reliance on a partner to fulfill its obligations and involves vulnerability and uncertainty on the part of the trustor. 
Trust can exist between individuals, groups, and institutions and can represent either a global belief in humanity or a situation-specific or trustee-specific attitude (Dunn & Schweitzer, 2005).
According to Palmer & Huo (2013, p. 1818):
The development of trust includes a gradual process to build trust or, on the contrary, to undermine it. This process of trust building has variously been referred to as familiarity, knowledge-based trust, relational trust, and process-based trust
Trust has been conceptualized as a product of two factors: (Dunn & Schweitzer, 2005, p. 736; Mayer, Davis, & Schoorman, 1995): (1) an individual’s propensity to trust; and  (2) an individual’s expectations about a trustee’s future behavior. 
Companies invest substantial efforts and resources in gaining their clients’ trust and, by doing so, achieving customer satisfaction, stimulating purchase behavior (Xu et al., 2016), and build long-term, strong relationships with their customers. With Web 2.0 technologies many brands have been strengthened or undermined on the basis of comments about the trust expressed by customers in social media (Palmer & Huo, 2013).
Emotions and Customer Trust According to the EDT
Emotion can have many specific manifestations, such as sympathy, empathy, love, etc. All these manifestations can be helpful in creating brand differentiation. For example, if a consumer becomes emotionally attached to a brand, that  means the consumer has a trust-based relationship with that brand (Thomson et al., 2005).  According to the literature, companies concentrate on emotions to build trust, that is to develop long-term bonds with their customers (Levy & Hino, 2016; Morgan & Hunt, 1994) and to improve their corporate image and reputation (Abd-El-Salam, Shawky, & El-Nahas, 2013). According to Kandampully and Hu (2007), corporate image consists of two main dimensions: (1) the functional dimension, such as tangible characteristics that can be measured and evaluated easily; and (2) the emotional dimension, such as feelings, attitudes, and beliefs that one has towards the organization. These emotional aspects of customer’s perceptions towards a brand are outcomes of cumulative experiences that customers have had over time with the organization (Abd-El-Salam et al., 2013; Kandampully & Hu, 2007). These experiences shape trust towards the brand. 
EDT holds that consumers form judgments about products or services using their prior expectations about the characteristics or benefits offered by the given product or service (Isaias & Issa, 2015). Therefore, a positive disconfirmation means that performance was better than expected, and a negative disconfirmation means that performance was worse than expected. According to EDT, the better the performance is, or the more positive the disconfirmation, the greater the satisfaction (Lankton & McKnight, 2006). Consistent with EDT, trust has traditionally been defined as a set of expectations (Lankton & McKnight, 2006). Continuous positive disconfirmation develops trust, as customers come to expect a positive disconfirmation during subsequent interactions with a product or service. Thus, via the mechanism explained by EDT, we the following hypothesis is formulated: 

[bookmark: _Toc476932155]H2: There is a positive relationship between customer emotions and trust.
3.3.4. [bookmark: _Toc486177277]Customer Loyalty 

In today’s increasingly competitive global market, it becomes essential for companies to have a long-term and profitable relationship with their clients. These long-term, profitable relationships are largely driven by customer loyalty (Raza & Rehman, 2012).Therefore, companies continuously work on enhancing customer loyalty towards their products and services and towards their brand as a whole (Dick & Basu, 1994). This is done to influence future purchase behaviors (Levy & Hino, 2016) and maximize profitability (Pérez & Bosque, 2015). 
There are many definitions of loyalty in the marketing context. This study adopts the definition by Oliver (1999), who defines customer loyalty as follows (p. 34):
A deeply held commitment to rebuy or re-patronize a preferred product/service consistently in the future, thereby causing repetitive same-brand or same brand-set purchasing, despite situational influences and marketing efforts having the potential to cause switching behavior. 
This definition (or various derivatives from this definition) is used in numerous studies (Abu‐ELSamen, Akroush, Al‐Khawaldeh, & Al‐Shibly, 2011, p. 356; Khademi & Akhavanfar, 2015, p. 79; Levy & Hino, 2016, p. 138; Oliver, 1999, p. 34; Raza & Rehman, 2012, p. 5087). Thus, at the heart of customer loyalty is customer's favorable attitude, repeat purchase behavior, and recommendation to others (Hart & Johnson, 1999; Levy & Hino, 2016).   
Customer loyalty is often viewed as having two dimensions (Lin & Wang, 2006; Raza & Rehman, 2012):
(1) attitudinal commitment 
(2) behavioral repurchase intention
The first dimension views loyalty as an attitude comprised of different feelings that influence an individual’s overall attachment to the product, service, or organization (Hallowell, 1996).  The second dimension is behavioral. It deals with a customer’s behavioral intentions in relation to a product, service, or the entire company. It is usually operationalized via the likelihood that the customer will be a return customer. Some specific examples of a loyal behavior by a customer include continuing to purchase products or services from the same vendor, increasing volume or breadth of a purchasing relationship, or recommending the vendor to other entities (Hallowell, 1996; Lin & Wang, 2006; Salanova, Agut, & Peiró, 2005).
The importance of brand loyalty has been recognized in the marketing literature for many decades (Lin & Wang, 2006). There are many studies related to customer loyalty, with each study dealing with the construct from a slightly different angle. Oliver (1999), for example, adopted a process theory approach, concentrating on the question of how consumers become loyal. The study found that the loyalty formatting process consists of the following phases (Oliver, 1999, pp. 35–36):
1) "Cognitive loyalty: This stage refers to loyalty based on the beliefs towards the brand only. Cognition can be based on prior or indirect knowledge or on recent experience-based information.   
2) Affective loyalty: In this phase a liking or attitude towards the brand has been developed on the basis of cumulatively satisfying usage occasions. 
3) Conative loyalty: Known as the behavioral intention stage. Conation, by definition, implies a brand-specific commitment to repurchase, so conative loyalty is a loyalty state in which there is a deeply held commitment to buy. This commitment is to the intention to rebuy the brand and is similar to motivation.
4) Action loyalty: Studying the mechanism of converting intentions to actions, this process is known as “action control." In the action control structure, the motivated intention is transformed into readiness to act, by this means facilitating repurchase.   
However, some scholars have demonstrated that there are factors causing customers to act loyal while their attitudes are negative or neutral towards a certain product or brand. These factors include the lack of worthy competition, customers’ perceived risk of change, and, most importantly, customers’ perceived  inability to differentiate among the competing brands (Abu-El Samen et al., 2011).
Another study conducted by Heskett, Jones, Loveman, Sasser, and Schlesinger (2008) investigates the link between the duration of loyalty of customers and company profitability and growth. The lifetime value of a loyal customer can be quite significant, especially when referrals and repeat purchases of related products are added to the equation. Additionally, Heskett et al. (2008) linked customer attitude, repeat purchasing, and financial performance. The study estimated that customer loyalty drives profitability and growth to companies. A 5% increase in customer loyalty can produce profit increases from 25% to 85% (Heskett, Jones, Loveman, Sasser, & Schlesinger, 2008; Ngo & Nguyen, 2016). 
Several scholars have advocated the importance of customer loyalty to the future stability and growth of any organization. Abu-El Samen et al. (2011) stated that the benefits of customer loyalty include reducing the initial cost of introducing and attracting new customers, positive WOM, increases in the number of purchases, and increases in the value of purchases. Other scholars have considered customer loyalty as a critical asset for generating competitive advantage for a business (Chaudhuri, 1999; Hassan et al., 2013; Pérez & Bosque, 2015). Building an appealing and strong corporate image enables companies to enhance customer loyalty through repurchase and recommendation behavior antecedents (Mattila, 2001; Pérez & Bosque, 2015). Thus, there are many positive organizational outcomes from loyalty, such as (1) increased market share and revenues as a result of the retention of loyal customers who make repeat purchases and referrals; (2) decrease in a company’s costs due to less money being spent trying to lure in new customers; and (3) increased retention of employees as a result of positive gains in job satisfaction and productivity, which in turn adds to the retention of current customers who are better served by more experienced company representatives (Serenko & Stach, 2009).
Lastly, a number of studies have focused on the E-Loyalty concept, which emerged with the introduction of E-Commerce (Serenko & Stach, 2009). E-Loyalty has been defined as "perceived loyalty towards an online website, with intent to revisit the site, or to make a purchase from it in the future" (Ilsever, Cyr, & Parent, 2007, p. 4). E-Loyalty framework consists of five elements, supported by attitudes, behaviors, and behavioral intentions of online consumers. The elements are as follows (Ilsever et al., 2007):
(3) the value proposition (i.e. product customization, product quality and choice, pricing, and brand recognition);
(4) brand building (i.e. brand building and community building); 
(5) trust and security (i.e. evidence of third-party approval, privacy, company reputation, and reliability);
(6) customer service (i.e. quick response to customer enquiries, ease of making contacts, easy payment options, or fast delivery); and finally
(7) website and technology (i.e. ease of navigation, personalized features, design for targeted customer segments, language options, effective search functions).
Emotions and Customer Loyalty According to EDT
Companies use emotions to build loyalty and develop long-term bonds with their customers (Levy & Hino, 2016; Morgan & Hunt, 1994). Consumption emotions indicate how customers’ favorable emotional experiences when consuming a product or service affect their decision-making processes and loyalty formation (Han & Jeong, 2013).

According to EDT, loyalty is considered an outcome of customer satisfaction (Serenko & Stach, 2009). When a customer’s perceived performance of the quality of a specific product or service is higher than the customer’s expectation or desire, positive disconfirmation will occur. Similarly, when customers perceive the performance to be worse than what they expected or desired about the quality of a specific product or service, negative disconfirmation will happen. Positive disconfirmation leads to the customer’s satisfaction and then loyalty; negative disconfirmation means that the perceived performance of products or services could not attract customer satisfaction (Elkhani & Bakri, 2012). So loyalty creates favorable attitudes resulting in repeat purchasing behavior over time, which leads to positive disconfirmation. Continuous positive disconfirmations contribute to customer satisfaction and loyalty. This leads to the following hypothesis: 
[bookmark: _Toc475516902][bookmark: _Toc476932156]H3: There is a positive relationship between customer emotions and loyalty towards the product.
3.3.5. [bookmark: _Toc476932157][bookmark: _Toc486177278]Customer Intention to Recommend and Repurchase Behaviors
Customer loyalty manifests itself in a variety of customer behaviors and outcomes. The most common consequences of customer loyalty are “recommending a product or service provider to other customers and repeatedly patronizing the provider (Lam, Shankar, Erramilli, & Murthy, 2004, p. 294). In fact, many studies have viewed these two customer behaviors as indicators of customer loyalty. Thus, customers’ loyalty can lead to recommendation (Joachim, Oyeniyi, & Osibanjo, 2012; Lam et al., 2004) and improve repurchase behavior likelihood (Olaru, Purchase, & Peterson, 2008) 
Customers’ repurchase can be defined as “consumer’s actual behavior resulting in the purchase of the same product or service on more than one occasion” (Curtis, Abratt, Rhoades, & Dion, 2013, p. 4). Another definition of customers’ repurchase intention is “the individual's judgment about buying again a designated service from the same company, taking into account his or her current situation and likely circumstances” (Hellier, Geursen, Carr, & Rickard, 2003, p. 4; Mosavi & Ghaedi, 2012, p. 10092). Retention is another related concept for repurchase and is considered an important concept in relationship marketing (Curtis et al., 2013). Repurchase intent is influenced by the value customers’ obtained in their prior transactions such as: (1) proper performance criteria (benefits), (2) competition, (3) cost, (4) past experiences with the service provider, and (5) customer perceptions of value from previous service encounters (Olaru et al., 2008).  
Two forms of repurchase can be identified: the intention to re-buy (repurchase), and the intention to engage in positive WOM and recommendation (Curtis et al., 2013). Customer recommendation can be defined as “the action that occurs when customers voluntarily recommend their experiences with services providers to their relatives and friends” (Chen, Huang, & Chou, 2008, p. 3). Customer recommendation intention is a strong predictor of customer loyalty towards a firm or a brand (Keiningham, Cooil, Aksoy, Andreassen, & Weiner, 2007). This is due to the reason that the loyalty concept "is similar in meaning to relationship commitment, which has been described as an ongoing desire towards commitment to a valued relationship" (Lam et al., 2004, p. 294). 
Customers’ satisfaction also plays an important role in facilitating customer recommendations (Chen et al., 2008) and future purchase intentions (Olaru et al., 2008). In fact, “willingness to recommend” and “making recommendations to others” benchmarks are widely used to assess the impact of customer satisfaction (Chen et al., 2008, p. 4).  When customers experience a high level of satisfaction they are more likely to remain with a service provider and be willing to share positive information about their experience (Swanson & Kelley, 2001); to recommend their services to others (Chen et al., 2008; Joachim et al., 2012); and to patronize the provider again (Lam et al., 2004). In other words, recommendation is a manifestation of an individual’s overall satisfaction with a service provider or services (Joachim et al., 2012). However, the relationship between satisfaction and repeat patronage could be nonlinear, due to disconfirmation of expectations of quality levels (Lam et al., 2004).  
Satisfied customers communicate their experiences with others using the “word of mouth” (WOM) mechanisms (Chen et al., 2008).  WOM is "informal, person-to-person communication between a perceived noncommercial communicator and a consumer about ownership, or characteristics of a brand, a product, a service, an organization, or a seller" (Ladhari, 2007, p. 1093). The first WOM began in 2500 BC, when Eve said to Adam “You’ve got to try this apple” and the first marketing interaction in the history of the world took place. It was straightforward and effective and stimulates transactions or purchases with no direct costs to the company (Kerpen, 2015)
WOM often involves "an evaluation of a service or service provider’s performance in oral form" (Joachim et al., 2012, p. 4). Many scholars indicate that "WOM communication affects evaluation of, attitudes towards, and intentions to purchase products or services" (K.-T. Lee & Koo, 2012, p. 1974). In particular, consumers trust peer consumers more than they trust corporations, and are likely to use information provided by fellow consumers to evaluate products/services before they make a purchase decision (Lu, Chang, & Chang, 2014).  WOM can be positive or negative. "Positive WOM occurs when current customers are willing to recommend a product or service to others" (Chen et al., 2008, p. 3; Joachim et al., 2012, p. 4).  Negative WOM may involve perusal not to use a product or service. 
The power of WOM has recently become even more important with the advent of the Internet (Lee & Youn, 2009). Electronic word of ‎mouth (eWOM) is an extension of traditional WOM to the Internet. Similarly to regular WOM, eWOM can be defined as "any positive or ‎negative information conveyed by potential, actual, or former customers about a product, service, or the entire ‎company  to a wide audience using the Internet" (Blazevic et al., 2013, p. 295; Hennig-Thurau, Gwinner, Walsh, & Gremler, 2004, p. 39; Jalilvand & Samiei, 2012, p. 592). Three behaviors conceptualized in eWOM are opinion seeking, opinion giving, and opinion ‎passing of long information and messages (Steffes Hansen & Kyun Lee, 2013). EWOM is spread over many electronic communication platforms, such as retailers’ websites, online communities, independent websites, personal blogs (Lee & Koo, 2012; Lu et al., 2014), discussion ‎board postings (Jalilvand & Samiei, 2012), online reviews (Matute, Polo-Redondo, & Utrillas, 2016; Park, Wang, Yao, & Kang, 2011), sponsored recommendation posts (Lu et al., 2014), ‎e-mail, chat rooms, and many specific forms of social media (Petrescu & Korgaonkar, 2011). 
Social media are often synonymous with eWOM due to their ability to reach a much larger ‎number of people than traditional WOM (Colvin, 2013). eWOM involves to participation from two different types of customers active and passive: “active users share their opinions with other consumers and post their reviews on websites, while passive ones search for information and read other consumers’ online recommendations, without posting any of their own” (Matute et al., 2016, p. 1091).  It has been observed that eWOM on SNS has had a great effect in increasing the traffic to the website (Rauniar et al., 2014). Over the last few years, many academic research papers have investigated the role of social media as eWOM platform for companies. Social media offer a valuable set of marketing tools for firms, allowing consumers to evaluate products, link current purchases to future purchases through status updates, and make recommendations to their contacts or friends in social media (Forbes, 2013) through Recommendation Systems (RS) (Li, Ngai, & Chai, 2015). 
RS provide suitable personalized information to users according to their needs and preferences (Liu et al., 2013). This helps engage customers and increase their satisfaction (Shen, 2014). Finally, recommendations have a strong influence on new customers in the pre-purchase stage. Customers’ recommendations can have a favorable impact a company’s performance in terms of lowering the costs of attracting new customers and driving product and service distribution (Joachim et al., 2012).
Emotions and Customer Intention to Recommend or Repurchase Behaviors According to EDT
Positive and negative emotions influence the amount of WOM through satisfaction. According to the literature, there is a strong positive relationship between positive emotions and positive WOM. According to EDT, customer recommendation behavior is considered as an outcome of customer satisfaction. A positive disconfirmation occurs when service performance exceeds initial expectations, which leads to higher satisfaction followed by positive WOM. In contrast, a negative disconfirmation takes place when service performance falls short of what was originally expected, which causes lower satisfaction and leads to negative WOM (Serenko & Stach, 2009). 

A conducted by Preis (2003) employed EDT as a lens of analysis the relationship between repurchase and satisfaction. The study demonstrated that overall satisfaction (which includes  product satisfaction on the dimensions of quality, design and price), interpersonal satisfaction  (includes satisfaction with salesperson on the dimensions of trustworthiness, knowledge, support in problem solving, understanding of customers, and service after sales) and performance satisfaction (involves delivery, installation, orientation and training) - are correlated with intention to repurchase.  

This leads to the following hypothesis: 

H4: There is a positive relationship between customer emotions and intention to recommend and repurchase the products.
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3.4. [bookmark: _Toc486177279]Relationship among Research Variables

Overall, the constructs used in this study comprise a complex, intricately linked web. In fact, research has demonstrated that the relationships between satisfaction, trust, loyalty, recommendation or repurchase  are very complicated (Serenko & Stach, 2009). The section below summarizes the relationship between these constructs.
1. 
2. 
3. 
3.4.1. Satisfaction 
Satisfaction – Trust: Satisfaction is an important source of trust. Trust is considered an aggregate evaluation of feelings and attitudes that is at some higher level than satisfaction, and that satisfaction in fact is an important source of trust (Ravald & Grönroos, 1996; Selnes, 1998). The main outcomes of trust are satisfaction and purchase behavior, where satisfaction is the key to building and retaining a loyal base of long-term relationships and strengthening the intention to repurchase (Morgan & Hunt, 1994; Xu et al., 2016). 
Satisfaction – Loyalty: Customer satisfaction and customer loyalty have a significant positive relationship, as confirmed by many studies (Yu & Dean, 2001). Customer satisfaction has been considered the most important criterion for customer loyalty (Ravald & Grönroos, 1996), where a satisfied customer is likely to be loyal to the organization (Demirgüneş, 2014). A multitude of studies  have confirmed that high customer satisfaction leads to greater customer loyalty, which, in turn, leads to higher future revenues (Abu‐EL Samen et al., 2011; Lam et al., 2004).
Satisfaction – Recommendation and Repurchase Behavior: Satisfaction and each of recommendation and repurchase behavior have a strong relationship. A satisfied customer is likely to repurchase a product or recommend the product to others, whereas a dissatisfied customer will likely complain, switch to another product, or engage in negative WOM (Curtis et al., 2013; Ladhari, 2007). 

3.4.2. Trust  
Trust – Satisfaction: Trust is considered an important indicator or benchmark of customers’ satisfaction and is one of the most essential consequences of satisfaction (Ou, Shih, & Chen, 2015). Trust and satisfaction are essential ingredients for successful long-term business relationships with customers (Kim, 2012). Satisfaction and trust, as components of relationship quality, generate customers’ loyalty intentions. Taken as a whole, when customers are satisfied, they are likely to build trust and commitment, creating their intentions to become loyal (Han & Jeong, 2013).

Trust – Loyalty: According to the literature, trust is a key antecedent of loyalty. Agustin and Singh (2005) demonstrated that trust is a strong determinant of loyalty, stronger that than satisfaction (Agustin & Singh, 2005; Kursunluoglu, 2014), though customer satisfaction has a positive impact on loyalty too (Kursunluoglu, 2014). Agustin and Singh (2005, p. 96) stated that "a total trust strategy ... is the ultimate test of consumer loyalty." Morgan and Hunt (1994, p. 24) also viewed trust as being foundational to loyalty. Lack customer trust, in its turn, has a negative impact on customer loyalty (Danish et al., 2015).  

Trust – Recommendation and Repurchase Behavior: The relationship between trust and customer recommendation behavior is likely to be mediated by reputation of a company. Good reputation of a company can increase customer trust in making purchases and shape customer recommendation behaviors (Chang, 2015).  Trust has been found to be a key predictor for repurchase behavior (Yulin Fang et al., 2014).  Especially that many scholars have argued that trust is a vital enabling factor in relations where there is uncertainty, information asymmetry, and fear of opportunism (Yu‐Hui Fang, Chiu, & Wang, 2011).  Thus, trust reduce risk perceptions to a more manageable level by allowing customers to exclude, subjectively, the possibly undesirable behaviors by the party they trust (Yulin Fang et al., 2014). 

3.4.3. Loyalty 
Loyalty – Satisfaction: Customer loyalty and customer satisfaction are treated as two distinct constructs in marketing, yet they are highly interrelated (Pritchard & Silvestro, 2005). Customer loyalty can drive customer satisfaction, and there could be a mutual effect between the two constructs (Lam et al., 2004). Customer satisfaction has a positive (Kursunluoglu, 2014) and direct (Selnes, 1998) effect on customer loyalty. Over time, satisfaction morphs into loyalty, and only satisfied customers stay as loyal customers in the long term (Kursunluoglu, 2014).
Loyalty has a great impact on customers and firms. Customers stay loyal to a company if they continue to feel that they are receiving better value from the company in comparison to the company’s competitors. While customer loyalty leads to greater profitability for firms, it increases revenue, reduces customer acquisition costs, and lowers costs of serving repeat purchasers (Lam et al., 2004). 
There are many empirical studies that have focused on the relationship between customer loyalty and other constructs. Mattila (2001) suggested that there is a significant relationship between emotion and future purchase intent, while Abu–El Samen et al. (2011) and Levy and Hino (2016) stated that customer loyalty is vital to achieve customer satisfaction. In contrast, Raza and Rehman (2012) suggested that companies can achieve customer loyalty, trust, and satisfaction through focusing on relationship marketing tactics. Those tactics are different activities performed to develop and enhance a successful long-term relationship with customers, such as service quality, reputation, and price (Raza & Rehman, 2012).
At the same time, it has been shown that satisfaction does not influence loyalty in every situation. The link between satisfaction and loyalty is not as strong as is believed and customer satisfaction is not enough to explain loyalty. According to several scholars’ results, trust is a key antecedent of loyalty beside service quality. It has been found that relational trust and value are the strongest determinants of loyalty rather than satisfaction (Agustin & Singh, 2005; Kursunluoglu, 2014). 
Loyalty – Trust: Loyalty influences by trust and commitment. Loyalty has been well researched in the consumer behavior and marketing fields. The positive outcomes of satisfaction, trust, and commitment variables are regarded as the intentional dimension of customer loyalty, centering on individuals’ willingness to repurchase, recommend, and engage in positive WOM behaviors (Han & Jeong, 2013).  

Loyalty – Recommendation and Repurchase Behavior: Loyalty and repurchase intentions are often mixed. This is due to the multidimensional nature of loyalty construct.  Behavioral loyalty, one of the dimensions of the general loyalty construct, is virtually identical to repurchase of the product or service (Curtis et al., 2013).  The literature on customer loyalty has suggested that satisfaction with products, services, or firms is an important post-purchase response that leads to customer loyalty and stimulates customer recommendations to other consumers (Chen et al., 2008).  
 



3.4.4. Recommendation & Repurchase Behavior  
Recommendation & Repurchase – Satisfaction: Many researchers have noted that satisfied customers are willing to recommend services to others (Chen et al., 2008). In general, dissatisfaction reduces customers' tendency to recommend an alternative service provider to other customers. The gap between satisfied and dissatisfied customers in their recommendation disposition is amplified by high switching costs (Lam et al., 2004).  In contrast to that, many studies have indicated that establishing a direct relationship between repurchase and satisfaction  is not as straightforward due to many confounding variables, such as consumer age, education, marital status, sex, and place of residency (Curtis et al., 2013). 

Recommendation & Repurchase – Trust: A strong reputation of a firm indicates that customers can expect to receive high-quality products or services during the consumption process (Hess, 2008). Trust is a direct outcome of a strong reputation (or even a dimension of reputation). These positive customer expectations tend to dominate customer recommendation behaviors in terms of whether they will actually recommend a brand, product, or service to others (Chang, 2015). Thus, trust is also linked to customers’ recommendation behavior.  The relationship between trust and repurchase intention has been heavily researched as well. Researchers have found that trust based on previous emotional experience play essential role in facilitating consumers’ further repurchase intentions.  Thus, trust influences the willingness to buy from the same company again (Mosavi & Ghaedi, 2012).

Recommendation & Repurchase – Loyalty: There is a mutual effect between recommendation and loyalty, where loyal customers will be more willing to provide positive WOM and recommendation intention.  Furthermore, loyal customers might be less price sensitive and will resist negative WOM (Ou et al., 2015). Therefore, managers need to ensures to have satisfied customers, which ensure higher levels of repurchase behavior and an increase in loyal customers (Curtis et al., 2013).  

3.5. [bookmark: _Toc476932159][bookmark: _Toc486177280]Conclusion
This chapter provides a discussion of the theoretical perspective adopted by this study. This theoretical framework is a sketch of the relationships among the constructs used in this study. The links between constructs are based on an extensive review of the existing marketing literature and EDT. As one can see from this theoretical discussion, the link between the four constructs is very strong and, at the same time, complicated. Emotions, satisfaction, trust, loyalty, and recommendation or repurchase behaviors are all intricately linked. EDT can be used as a primary theoretical lens for exploring these links. Based on EDT, customer satisfaction is the primary base that links all these constructs together. With emotions being the primary driver of indicator of customer satisfaction, it is possible to use customer emotions as an important benchmark for all other theoretical constructs discussed here. Several testable hypotheses are formulated based on these links for further empirical exploration. 
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[bookmark: _Toc486177281]Chapter 4: Data & Methodology

The purpose of this chapter is to discuss the research methodology used to investigate the relationships among theoretical constructs: emotions, customer satisfaction, trust, loyalty and customer recommendation. This chapter begins by stating the purpose of this study and the research approach used. It then gives an overview of the research methodology, design and strategy. Subsequently, data collection procedures, data sample, and instruments are discussed. This is followed by an overview of the statistical methods used. Thee chapter concludes with a brief summary of ethical considerations for the methodology employed in this study.
[bookmark: _Toc476932161][bookmark: _Toc486177282]Research Approach
The purpose of this study is to examine the effectiveness of SA tools in the UAE social media context in predicting other important customer outcomes variables. More specifically, the study focuses on analysis of social media data related to the products and services of Etisalat – the UAE national telecommunications services provider. This study investigates the effectiveness of social media as source of information on customers’ behaviors and cognitions in relation to Etisalat data plan product (a mobile Internet package). At the theoretical level, the study explores the relationship between customer emotions, as detected by SA tools, and the following four constructs: satisfaction, trust, loyalty, and intention to recommend and repurchase. The research addresses a number of questions (see section 2.5) and develops research hypotheses in order to assist in answering these questions. 

Based on the purpose of this research and hypotheses outlined earlier, the quantitative research method is chosen. Quantitative research often used to confirm cause–effect relationships among various phenomena. Philosophically, the quantitative approach adopts a positivist view of knowledge. Positivists believe that there are patterns, causes, and consequences. The general practices within this method include “tallying, a priori categorization, intervening in the research context, controlling variables, and using statistics and standardized procedures to assess objective reality” (Jaroonkhongdach, Todd, Hall, & Keyuravong, 2011, p. 100). A quantitative research methodology is considered well suited to this research in terms of answering the proposed research questions via empirical, statistical tests of the formulated hypotheses.  
[bookmark: _Toc476932162][bookmark: _Toc486177283]Research Design and Strategy
This research adopts an explanatory research design. This approach looks for explanations regarding the nature of relationships between research variables by testing the research hypotheses. In addition, the current study uses descriptive statistics to aid the understanding of the variables employed. Moreover, the study uses correlations and regression analysis to investigate whether and how strongly the variables under study (emotion, satisfaction, trust, loyalty and customer recommendation or repurchase behaviors) are related. The analysis is done using Microsoft Excel 2013 and RStudio (See Appendix 2). Computer-administered, online questionnaires were used to collect data. The decision to use a computer-administered survey as the data collection method was based on the advantages the method presents, such as reduced cost, the ability to be completed by respondents without intervention from the researcher, and respondents’ control of the information provided to researchers. 
[bookmark: _Toc476932163][bookmark: _Toc486177284]Research Sample

A common goal of survey research is to collect data that is representative of a population. Data obtained with the help of a survey is used to produce conclusions that are generalized to the entire population (Barlett, Kotrlik, & Higgins, 2001, p. 43). This study selected Emirates Telecommunication Corporation/Etisalat Internet data package mobile users as its target population. Etisalat data plan users are considered to be the majority of mobile data plan users in the UAE.  Etisalat has 9.7 million mobile subscribers in UAE (Etisalat, 2015), representing the majority of the population. All this makes the sample quite representative in the light of the goals of this study. A convenience sample of 427 respondents out of the total population of Etisalat subscribers was chosen to represent the whole population. 

According to Krejcie and Morgan’s (1970) sample size table (see Appendix 3), a researcher needs to select 384 respondents to make up the sample in for this this study. In practice, this study selected 427 respondents to compensate for incomplete response data. The data was gathered during the period from May to September 2015. A computer-based survey was sent to different public organizations, universities, and private companies in Abu Dhabi, Dubai, Sharjah and Ajman in the UAE. A total of 427 responses were collected, with 301 respondents identified as current users of the Etisalat data plan. Of these, a total of 97 surveys were complete and included in the final analysis. Thus, the response rate is 32%.
[bookmark: _Toc476932166][bookmark: _Toc486177285]Research Instrument 
In order to collect the data, an online survey in English was administered using the Qualtrics online survey platform. The principal researcher approached prospective respondents by sending emails introducing the general objectives of the questionnaire and asking them to participate. The researcher also sent emails to designated heads of organizations and organizational units, inviting them and their team members to participate in the online survey.

There are many advantages of collecting study data online rather than using a paper-based questionnaire. The main advantages include cost and time savings. It is relatively easy for a respondent to complete an online survey. Moreover, online survey software makes it easy to download data directly into data analysis software, reducing the likelihood of data entry mistakes. Finally, participants can access online surveys anywhere, anytime. This convenience is likely to reduce the prevalence of incomplete responses in comparison to paper-based surveys (Handscomb, Hall, Shorter, & Hoare, 2016). To yield a high response rate, the questionnaire was designed to be short. Based on the available data, it took approximately 20 minutes to complete the survey for an average respondent. 

For most of the theoretical constructs, the scales used five-point Likert-type scale questions ranging from 1 (strongly disagree) to 5 (strongly agree). The survey contained 70 questions, and respondents, for most of the questions, were asked to indicate their degree of agreement or disagreement with each of the statements using the Likert scale. 
 
This questionnaire consists of nine sections: The first section contains a screening question that asks whether the participant used the Etisalat data plan. The second section focused on emotions, and is composed of three sub sections: (1) participants’ feelings while using the Etisalat data plan, which included 10 items (numbered 1 to 10); (2) participants’ experiences of using the Etisalat data plan, which included 6 items (numbered 11 to 16); and (3) participants’ emotions during their usage of the Etisalat data plan, which included 8 items (numbered 17 to 24). The third section contains a review question, in which each participant is asked to write about his/her experience (either positive or negative) with Etisalat’s data plan. Thus, respondents were asked to provide an open-ended, essay-like response. This response was to be later mined with automated sentiment analysis (SA) tools. The fourth section measures customer loyalty towards the Etisalat data plan and includes 14 items (numbered 25 to 38). Section five measures participants’ satisfaction with the Etisalat data plan and included 15 items (numbered 39 to 53). Section six measures participants’ trust and included 7 items (numbered 54 to 60). Section seven measures participants’ intentions to recommend the Etisalat data plan to others and included 6 items (numbered 61 to 66). Section eight measures participants’ intention to repurchase the Etisalat data plan package and included 4 items (numbered 67 to 70). The last section focuses demographic variables, a total of 6 items: gender, age, educational level, occupation, organizational sector and monthly income. The complete survey is presented in Appendix 4.
[bookmark: _Toc476932167][bookmark: _Toc486177286]Pilot Study
The pilot test using the developed questionnaire was administered to a small sample which was somewhat representative of the population. The pilot test was used to identify unexpected problems (e.g. with the wording of questions or the flow of the survey procedure as implemented in Qualtrics). Prior to the pilot, the instrument was reviewed by the researchers in order to obtain their feedback about the instrument and the items. Based on this, several ambiguous survey questions were revised. In the second stage, the pilot study was conducted using a sample of 20 subscribers chosen at random. The draft questionnaires were collected from the respondents and the researcher received feedback from the respondents related to their difficulty in terms of understanding the review question (question number 3.1 in the survey). Based on this, the researcher changed the wording of this item. 
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Existing marketing scales published as a part of the multi-volume Marketing Scales Handbook were used to measure the constructs of this study. The sections below described each of the scales used. 
Emotions Measure 
Emotion was measured using the following scales: 

Differential Emotions Scale (DES II – Anger) “Emotion1”: This scale was developed by Izard (1977). The instrument was initially designed as a measure of a person’s emotional state at a specific point in time. Modifications to the instrument’s instructions allow the same items to be used in the assessment of emotional experiences as perceived over a longer time period of time (Bruner, 2009). The items in DES II are composed solely of single words devoted to an emotion. The measure contains 10 subscales measuring the frequency with which participants experience each of 10 fundamental emotions: the positive effects of interest and joy; the negative affects of anger, contempt, disgust, shame, guilt, sadness, and fear; and surprise. Respondents were asked to indicate their feeling when they used the Etisalat data plan on each item using a five-point Likert scale (ranging from 1 – never to 5 – always). The 10 items were averaged to form our measures of emotions. 

Affective Response (General) “Emotion2”: This scale is composed of six semantic differential items that measure the participants’ affective response to some stimulus. The scale was developed by Stuart, Shimp, and Engle in 1987 (Bruner, 2009). Example items include: “Using Etisalat's data plan makes me feel unpleasant” and “I like Etisalat's data plan very much.” 

Affective Response (Positive) "Emotion3": This scale was developed by Moornman, Neijens, and Smit (2002). The scale was designed originally to measure a person’s positive affective reaction to some specific stimulus (Bruner, 2009). The measure contains eight subscales devoted to the following emotions: fun, entertaining, amusing, comfortable, feeling good, happy, satisfaction and joy. 
Loyalty Measure
Loyalty was measured using the following scales.

Loyalty (Action): Loyalty (action scale) is composed of four statements that use a five-point Likert-type response format. The scale was taken from Harris and Goode (2004), and was used to measure the degree to which a person states an intention to continue using a specific company in the future, as opposed to its competitors (Bruner, 2009). Scale items include the following: “I will continue to choose an Etisalat data plan over data plans from other providers,” “I will continue to choose an Etisalat data plan over others,” “I will continue to favor the offerings of Etisalat over others” and “I will always choose to use an Etisalat data plan over data plans from other providers.” 

Loyalty (Active): Loyalty (active scale) is measured using eight-item scale. Yet this study used six items only in this research. The excluded two were found to be not applicable to the study context. The scale was developed by Zeithaml, Berry, and Parasuraman (1996) to measure the degree to which a customer expects to continue buying from the business in the future and/or to engage in positive word-of-mouth communications about it (Bruner, 2009). Sample items were: “I say positive things about my Etisalat data plan to other people,” “I recommend Etisalat's data plans when someone seeks my advice” and “I encourage friends and relatives to do business with Etisalat.”

Loyalty (Conative): Loyalty (conative case) was measured using a four-item scale developed by Harris and Goode (2004). This scale was used to measure a person’s belief that the customer’s repeat experience has shown that buying from a certain company is better than buying from others. The scale items were: “I have repeatedly found that Etisalat's data plans are better than other data plans offered by other providers,” “I nearly always find the data plan offerings of Etisalat inferior to data plans from other providers,” “I have repeatedly found Etisalat's data plans inferior to data plans from other providers” and “The performance of Etisalat’s data plan is repeatebdly superior to that of competing firms.”

Satisfaction Measure
     Satisfaction was measured using two different scales, as follows: 
                             
Satisfaction (General): Satisfaction was measured using a 12-item scale developed by Westbrook and Oliver (1981). It was used to measure the consumer’s degree of satisfaction with a product they had recently purchased (Bruner, 2009). Example items were: “Etisalat’s data plan is one of the best data plans I could have bought,” “Etisalat’s data plan is exactly what I need,” “Etisalat’s data plan hasn't worked out as well as I thought it would” and “I am satisfied with my decision to buy an Etisalat data plan.” 

Satisfaction with Purchase Experience: This was measured using three-item scales with five-point Likert-type statements. Maxham and Netwmeyer (2002) developed this scale to measure customers’ global attitudes regarding the quality of service they receive from firms (Bruner, 2009). The scale items were: “I am satisfied with my overall experience with Etisalat’s data plan,” “As a whole, I am not satisfied with Etisalat’s data plan” and “Overall, I am satisfied with the quality of Etisalat's data plan.” 

Trust Measure 
The scale for trust in the service provider was designed to measure the degree to which a customer can count on a service provider and believes it to be honest. This instrument was measured with a seven-item scale developed by Morgan and Hunt in 1994 (Bruner, 2009). Respondents were asked to indicate their agreement with each item using a five-point Likert scale (ranging from 1 – strongly disagree to 5 – strongly agree). The sample items were: “Etisalat cannot be trusted at times,” “Etisalat is perfectly honest and truthful,” “Etisalat can be trusted completely,” “Etisalat can be counted on to do what is right” and “Etisalat is always faithful.” 

Intention to Recommend Measure
 Intention to recommend was measured using two different scales, as follows.

Intention to recommend (word-of-mouth): This scale is composed of three statements that are used to measure a customer’s expressed likelihood of suggesting to others that they buy from a particular business (company or retailer) in the future. The scale was developed by Maxham and Netemeyer in 2002 (Bruner, 2009). The three items on this scale are as follows: “I would spread some positive word-of-mouth about Etisalat's data plan,” “I would recommend Etisalat’s data plan to my friends” and “If my friends were looking for a data plan, I would tell them to try Etisalat’s data plans.”

Word-of-Mouth (Positive): WOM was measured using three-item scales with five-point Likert-type questions. Arnett, German and Hunt (2003) developed this scale to measure the degree to which a person speaks highly of something, and does so in an active manner. Scale items were: ”I advocate for Etisalat's data plans with people I know,” “I mention Etisalat’s data plan in a positive way in conversations that I have with friends and acquaintances” and “In social situations, I often speak favorably about Etisalat's data plan.”

Intention to Repurchase Measure
The intention to repurchase was measured using a four-item scale developed by Chandran and Morwitz (2005). The instrument was designed to measure the consumer’s likelihood of buying a particular product offered at a certain price (Bruner, 2009). The respondents were asked to indicate their agreement with each item using a five-point Likert scale. The scale items are as follows: “How likely is it that you will repurchase/re-subscribe to an Etisalat data plan?” “How probable is it that you will continue using Etisalat's data plans?” “How certain is it that you will purchase an Etisalat data plan?” and “What is the chance that you will repurchase/re-subscribe to an Etisalat data plan?” 

Table 4 below includes a summary of scales used in this study.

[bookmark: _Toc485825581]Table 4 : Study Variables and Instruments
	Variable
	Authors
	Items

	Emotion (I.V)
	Emotion 1
	Different Emotions Scale (DES) II
	Izard (1977)
	10

	
	Emotion 2
	Affective Response (General)
	Stuart, Shimp, and Engle (1987)
	6

	
	Emotion 3
	Affective Response (Positive)
	Moornman, Neijens, and Smit (2002)
	8

	Loyalty (D.V)
	Harris and Goode (2004) and Zeithaml, Berry, and Parasuraman (1996)
	14

	Satisfaction (D.V)
	Westbrook and Oliver (1981) and Maxham and Netwmeyer (2002)
	15

	Trust (D.V)
	Morgan and Hunt (1994)
	7

	Intention to recommend (D.V)
	Maxham and Netemeyer (2002) & Arnett, German and Hunt (2003)
	6

	Intention to repurchase (D.V)
	Chandran and Morwitz (2005)
	4





Demographic factors:
A series of single-question items was used to assess the respondents’ demographics, such as: gender, age, educational level, employment status and sector and monthly income. They were not used as control variables due to a relatively small sample size. 
[bookmark: _Toc476932169][bookmark: _Toc486177288]Data Analysis

The data collected for this research was analyzed using Microsoft Excel 2013 and R Studio. Data inspection and cleaning as well as a preliminary analysis was done using Excel. More advanced forms of analyses (e.g. correlations and regression) were done in RStudio using R language. Tables and visualizations were produced using both R and Excel. 

The data was analyzed to test the hypotheses regarding the relationship between customer emotion (measured by both scales and SA tools) and satisfaction, loyalty, trust and intention to recommend and repurchase Etisalat data plan, respectively.  This study also examines the effectiveness of automated SA tools in detecting emotions in comparison to existing scales used in marketing to measure emotions. Multiple statistical techniques were used to explore the relationships among variables, such as descriptive analysis, reliability testing, Pearson correlation analysis and hierarchal regression analysis. 

Descriptive analysis was used to summarize the nature of the research variables. This presents descriptive information such as means, frequency, and standard deviations. A Pearson correlation analysis was used to measure the nature and the degree of association between the constructs of this research. Regression was used to confirm the links among the variables representing the constructs of interest. 
[bookmark: _Toc476932170][bookmark: _Toc486177289]Ethical Consideration and Process

The primary researcher took into account the importance of protecting the privacy and the general well-being of each Etisalat data plan user who participated in this study and provided personal or valuable information. This involved taking into consideration that the privacy and rights of all participants should be fully protected at all times. The Abu Dhabi University Institutional Review Board (IRB) for the Protection of Human Subjects reviewed and approved the proposal for the study, including the research design, procedure, survey questionnaire and informed consent letter. Upon the IRB’s approval, the researcher began to contact targeted organizations in order to get permission to conduct the research. Before each Etisalat user became a participant in the study, they were informed of the purposes of the study, as well as their right to abstain from participation in the research and to terminate participation at any time. 

To ensure anonymity, potential participants were asked not to put any identifying data into the questionnaire. An introductory letter and cover page (see Appendix 4) was emailed to all potential participants, along with the questionnaire. This provided participants with relevant information about the questionnaire, the general purpose of the survey, the voluntary and confidential nature of the survey and the timeframe for completing the survey, as well as the researcher's contact information. No participant names could be identified from the data, and all data gathered for the study was kept and maintained anonymously and carefully. The steps above helped the researcher avoid any potential ethical issues that could have arisen during the research process. 
[bookmark: _Toc476932171][bookmark: _Toc486177290]Conclusion

The present chapter detailed the methodology, research design and method followed by the researcher. The researcher adopted a quantitative research methodology and chose to use a non-experimental, correlational, cross-sectional research design as a framework for the data collection and analysis. The data used in analysis was collected with the help of an online survey, which was appropriate for the research objective and suited the quantitative nature of the study and the research design. The chapter covered the techniques used to collect the data and presented the measurement instruments. 
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[bookmark: _Toc476932172][bookmark: _Toc486177291]Chapter 5: Findings and Discussion 

The present chapter comprises two sections: the first outlines the empirical results, and the second discusses the research findings. The results section details descriptive statistics (e.g. means and standard deviations for all questionnaire items), correlation analysis (determining the direction and strength between the research variables), and hierarchical and linear regression analyses (to test the research model). Thus, this section determines whether there are significant statistical corrections between customer emotion and satisfaction, loyalty, trust, intention to recommend and repurchase Etisalat data plan, respectively. In the discussion section, the research findings are examined in order to evaluate the extent to which the findings answer the research questions. 
[bookmark: _Toc476932173][bookmark: _Toc486177292]Results
This section describes the findings of the quantitative data analysis performed using Microsoft Excel 2013 and RStudio. A computer-administered questionnaire in English was used. This included measures of emotion, satisfaction, loyalty, trust, intention to recommend and intention to repurchase. A total of 427 responses were collected, with 301 respondents identified as current users of Etisalat’s data plan. Of these, 97 fully completed the survey. The other responses were found to have missing values, and hence were omitted from the analysis. Following data cleaning in Excel, the responses were reformatted to be used for analysis in RStudio. 

[bookmark: _Toc476932174][bookmark: _Toc486177293]Descriptive Analysis Results 

5.1.1.1. [bookmark: _Toc486177294]Respondents' demographic information 

Table 5 shows the respondents' demographic information and profile. With respect to gender, 69% of the respondents were female while 31% were male. Regarding age, 26% were between 18 – 24, 42% were between 25–34, 27% were between 35–44, and 5% were between 45–54. Table 5 also indicates the respondents’ education level, where 3% held less than a secondary school certificate, 13% held a diploma. The majority of the research participants, 56%, held a bachelor’s degree, 24% held a master’s degree, and 4% held a doctoral degree (see Figure 9).

Table 5 further reveals that the vast majority, 69%, of respondents were employed, while 26% were students, 2% were retired, 2% were housewives and 1% were unemployed (see also Figure 10). Regarding the sector of employment, 33% were working in the government sector, 30% in the semi-government sector, 10% in the private sector, and 27% answered “none” (see also Figure 11). Finally, regarding respondents’ monthly income, 6% received more than AED 50,000, 24% earned AED 30,001–50,000, 15% earned AED 10,001–15,000, and 15% received less than AED 5000. 

To sum up, the majority of the study participants are females (69%), aged between 25–34 (42%), hold a bachelor’s degree (56%), are employed (69%) in the government sector (33%), and have a monthly income of AED 30,001–50,000 (24%). 

The detailed descriptive statistics of the respondents’ demographic profile is shown in Table 5.
[bookmark: _Toc485825582]

Table 5 : Demographic characteristic of respondents
	Demographics 
	
	Frequency
	%

	Gender
	Male 
	30
	31

	
	Female
	67
	69

	Age (years)
	18–24 years old
	25
	26

	
	25–34 years old
	41
	42

	
	35–44 years old
	26
	27

	
	45–54 years old
	5
	5

	
	55–65 years old
	0
	0

	Education level 
	Less than secondary 
	3
	3

	
	Diploma
	13
	13

	
	Bachelor's degree 
	54
	56

	
	Master’s degree
	23
	24

	
	Doctoral degree 
	4
	4

	Employment status
	Student 
	25
	26

	
	Employed 
	67
	69

	
	Retired 
	2
	2

	
	Housewife 
	2
	2

	
	Unemployed 
	1
	1

	Work sector 
	Government sector 
	32
	33

	
	Semi-government sector
	29
	30

	
	Private sector 
	10
	10

	
	None 
	26
	27

	Monthly income (AED)
	Less than 5000
	15
	15

	
	5,001-10,000
	13
	13

	
	10,001–15,000
	15
	15

	
	15,001–20,000
	7
	7

	
	20,001–25,000
	7
	7

	
	25,001–30,000
	11
	11

	
	30,001–50,000
	23
	24

	
	Above 50,000
	6
	6



[bookmark: _Toc485825682]Figure 9 : Employment Status
[bookmark: _Toc485825683]Figure 10 : Eduction Level









[bookmark: _Toc485825684]Figure 11 : Sector of employment





Some of the descriptive statistics of these variable using raw scales were provided in Table 6. 
[bookmark: _Toc485825583]Table 6: Demographics – Descriptive Statistics
	Statistic
	N
	Mean
	St. Dev.
	Min
	Max

	Gender
	97
	1.691
	0.465
	1
	2

	Age
	97
	3.103
	0.872
	1
	5

	Education
	97
	3.124
	0.807
	1
	5

	Employment_Status
	97
	1.835
	0.656
	1
	5

	Employment_Sector
	97
	2.309
	1.193
	1
	4

	Income
	97
	4.371
	2.377
	1
	8



5.1.1.2. [bookmark: _Toc486177295]Descriptive Analysis for Sentiment and Emotion 

The descriptive statistics for the sentiment scores, emotion scores along with other constructs are shown in Table 7.  The sentiment scores were obtained by applying automated SA tools in R to the open-ended responses about Etisalat’s data plans (Question 3.1). Scoring was done using the following dictionaries/algorithms in R: Syuzhet Package dictionary/algorithm, Bing, Afin, and NRC. All four are implemented as a part of Syuzhet package in R. As shown in Table 7, the average value for the sentiment score (n=97) was identified for Sentiment_Score1 (M =1.465, SD = 2.761), Sentiment_Score2 (M = 0.670, SD = 3.493), Sentiment_Score3 (M = 1.113, SD = 6.548) and Sentiment_score4 (M = 1.773, SD = 3.118).
 
Emotions were also measured using the three different marketing scales for measuring emotions obtained from the Handbook of Marketing Scales. Emotion1 was found to have an average value of M = 2.680 SD = 0.524. Similarly, the score for Emotion2 was observed as M = 3.210, SD = 0.951 and for Emotion3 as M = 2.909, SD =1.088. 

Product_Loyalty was observed to have an average score of M = 3.003, SD = 0.960, whereas Satisfaction was found to have M = 3.119, SD = 0.590 and Trust M = 2.881, SD = 0.808. The average score regarding the Intention_Recommend was M = 3.005, SD = 1.048, and Intention_Repurchase was M = 3.240, SD = 1.076. The overall M = 2.422, and SD = 1.916.




[bookmark: _Toc485825584]Table 7 : Descriptive Statistics of the key variables
	Statistic
	N
	Mean
	St. Dev.
	Min
	Max

	Sentiment_Score1 (Syuzhet)
	97
	1.465
	2.791
	-2.900
	12.550

	Sentiment_Score2 (Bing)
	97
	0.670
	3.493
	-8
	14

	Sentiment_Score3 (Afin)
	97
	1.113
	6.548
	-11
	22

	Sentiment_Score4 (NRC)
	97
	1.773
	3.118
	-3
	15

	Emotion1: scale by Izard (1977)
	97
	2.680
	0.524
	1.700
	4.400

	Emotion2: scale by  Stuart, Shimp, and Engle (1987) 
	97
	3.210
	0.951
	1.000
	5.000

	Emotion3: scale by Moornman, Neijens, and Smit (2002)
	97
	2.909
	1.088
	1.000
	5.000

	Product_ Loyalty
	97
	3.003
	0.960
	1.000
	5.000

	Satisfaction
	97
	3.119
	0.590
	1.000
	5.000

	Trust
	97
	2.881
	0.808
	1.000
	5.000

	Intention_ Recommend
	97
	3.005
	1.048
	1.000
	5.000

	Intention_Repurchase
	97
	3.240
	1.076
	1.000
	5.000


[bookmark: _Toc476932180][bookmark: _Toc486177296]Reliability Analysis  
Prior to implementing the statistical tests, the data collected were tested for reliability. Reliability is concerned with stability and consistency of measurement (Sekaran, 2003). Reliability is established by testing for both consistency and stability of the data set. Consistency indicates how well the items measuring a concept hang together as a set. The Cronbach’s alpha reliability coefficient indicates how well items in a set correlate with one another. Cronbach's alpha is computed in terms of the average inter-correlations among the items measuring the concept. It is considered the most common test used for determining reliability estimates for multi-item scales at the interval level of measurement. The alpha value is reviewed on a scale of 0 to 1, with 0 representing no covariance and 1 representing high covariance and higher internal consistency reliability amongst the variables being tested. To be considered acceptable, the alpha value should be 0.65 or higher (Sekaran, 2003). 

As can be seen in Table 8, high covariance was observed for all variable scales, except for Emotion1 (with α <0.65). Overall, the results indicate good internal consistency of all scale items.




[bookmark: _Toc485825585]Table 8: Cronbach's Alpha for Reliability Testing
	No
	Factor
	Sample Size
	Items
	Cronbach's Alpha

	1
	Emotion1
	97
	10
	0.5087112

	2
	Emotion2
	97
	6
	0.9202689

	3
	Emotion3
	97
	8
	0.9586699

	4
	Product _Loyalty
	97
	14
	0.9704494

	5
	Satisfaction
	97
	15
	0.8112812

	6
	Trust
	97
	7
	0.840221

	7
	Intention_ Recommend
	97
	6
	0.9665442

	8
	Intention_ Repurchase
	97
	4
	0.9220682


[bookmark: _Toc476932181][bookmark: _Toc486177297]Correlation Analysis   
Correlation analysis is applied in order to quantify the relationship between two variables. In this research, a Pearson correlation test was conducted (also called a linear correlation coefficient r) to identify the strength of correlation between the variables under study. Pearson correlation coefficient r ranges between -1 and +1, with -1 signifying a strong negative relationship and +1 signifying a strong positive relationship. If r = 0, it is said that there is no correlation between the variables being tested.

The Pearson correlation coefficients for the variables being reviewed in this research are shown in Table 9. 

[bookmark: _Toc485825586][image: ]Table 9: Correlation Analysis

As shown in Table 9 and consistent with the theoretical discussion, positive correlations can be observed between the majorities of variables, except for the small insignificant correlations for the Emotion1 scale. Perhaps, this has to do with the fact that the scale used by Izard (1977) lumps together strong positive and strong negative emotions. A strong correlation was found between emotion2 and product loyalty (r = 0.76), intention to recommend (r = 0.76) and intention to repurchase (r = 0.70). Similarly, a strong correlation was found between product loyalty and trust (r = 0.74), intention to recommend (r = 0.82) and intention to repurchase (r = 0.77). The variables satisfaction and trust were also found to have good correlation, with r = 0.75. A moderately positive correlation was observed between emotion3 and product loyalty, satisfaction, trust and intention. 
[image: ][image: ]Similar observations were made for sentiment and emotion, loyalty, satisfaction, trust and intention. The correlation strength is visualized in Figures 12 and 13. Figure 12: Visualization of correlations
[bookmark: _Toc485825685]Figure 12 : Visualization of correlations
[bookmark: _Toc485825686]Figure 13 : Correlation Strength Overview

[bookmark: _Toc476932182]
[bookmark: _Toc486177298]Regression Analysis 
Regression analysis was used to formally confirm the relationships between sentiment scores obtained using the Syuzhet package in R and important customer outcome variables in marketing measured using the existing and well-accepted marketing scales. Regression analysis is commonly used to detect linear relationships among variables (Sykes, 1993). The four sentiment scores for customer reviews obtained with the help of the survey were regressed on the following outcome variables: product loyalty, satisfaction, trust, intention to recommend and intention to repurchase. The results of the regression analysis are presented using four sections below, with each section devoted to a different sentiment score. 
A. Sentiment_Score1 
The regression output between Sentiment_Score1 (calculated using the Syuzhet Package own SA algorithm and dictionary) and product loyalty, satisfaction, trust, intention to recommend, and intention to repurchase is provided in Table 10. The table represents a linear regression model executed for each dependent variable. All models are highly significant and explain a relatively high proportion of variance in dependent variables given the nature of the model (only one predictor). 
[bookmark: _Toc485825587]Table 10: Regression Output for Sentiment_Score1
	Dependent variables

	
	Product _Loyalty
	Satisfaction
	Trust
	Intention_ Recommend
	Intention_ Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	Sentiment_Score1
	0.147***
	0.070***
	0.116***
	0.163***
	0.146***

	
	(0.032)
	(0.020)
	(0.027)
	(0.035)
	(0.037)

	Constant
	2.788***
	3.016***
	2.711***
	2.767***
	3.025***

	
	(0.100)
	(0.064)
	(0.086)
	(0.109)
	(0.115)

	Observations
	97
	97
	97
	97
	97

	R2
	0.182
	0.111
	0.159
	0.188
	0.144

	Adjusted R2
	0.174
	0.101
	0.151
	0.179
	0.135

	Residual Std. Error (df = 95)
	0.872
	0.560
	0.745
	0.949
	1.000

	F Statistic 
(df = 1; 95)
	21.202***
	11.826***
	18.025***
	21.955***
	16.039***

	
Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05





B. Sentiment_Score2 
The linear regression output for the five dependent variables and sentiment_score2 (calculated using Bing dictionary and algorithm) are shown in Table 11. The table shows a positive significant relationship between sentiment_score2 and the model variables: product loyalty, satisfaction, trust, intention to recommend and intention to purchase. All models are highly significant and explain a relatively high proportion of variance in dependent variables given the nature of the model (only one predictor). The percentage of variance explained for Sentiment_Score2 is noticeably higher than for Sentiment_Score1. 
[bookmark: _Toc485825588]Table 11: Regression Output for Sentiment_Score2
	
	                                          Dependent variables

	
	

	
	Product_ Loyalty
	Satisfaction
	Trust
	Intention_ Recommend
	Intention_ Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	Sentiment_Score2
	0.132***
	0.060***
	0.103***
	0.141***
	0.121***

	
	(0.025)
	(0.016)
	(0.021)
	(0.027)
	(0.029)

	
	
	
	
	
	

	Constant
	2.915***
	3.078***
	2.812***
	2.910***
	3.159***

	
	(0.088)
	(0.057)
	(0.075)
	(0.096)
	(0.103)

	
	
	
	
	
	

	Observations
	97
	97
	97
	97
	97

	R2
	0.230
	0.128
	0.198
	0.222
	0.154

	Adjusted R2
	0.222
	0.119
	0.189
	0.214
	0.145

	Residual Std. Error (df = 95)
	0.847
	0.554
	0.728
	0.929
	0.995

	F Statistic 
(df = 1; 95)
	28.329***
	13.941***
	23.383***
	27.095***
	17.247***

	
Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05







C. Sentiment_Score3 

The linear regression output for the five models (dependent variables) for Sentiment_Score3 (Afinn dictionary/algoritum) is shown in Table 12. The table shows a positive and significant relationship between the Afinn sentiment score and the model variables: product loyalty, satisfaction, trust, intention to recommend, and intention to purchase. All models are highly significant and explain a relatively high proportion of variance in dependent variables given the nature of the model (only one predictor). The percentage of variance explained for Sentiment_Score3 is noticeably higher than for Sentiment_Score1. 
[bookmark: _Toc485825589]Table 12: Regression Output for Sentiment_Score3
	
	                                        Dependent variables

	
	Product_ Loyalty
	Satisfaction
	Trust
	Intention_ Recommend
	Intention_ Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	Sentiment_Score3
	0.071***
	0.034***
	0.065***
	0.082***
	0.066***

	
	(0.013)
	(0.009)
	(0.011)
	(0.014)
	(0.015)

	Constant
	2.924***
	3.081***
	2.809***
	2.914***
	3.167***

	
	(0.087)
	(0.056)
	(0.071)
	(0.093)
	(0.102)

	Observations
	97
	97
	97
	97
	97

	R2
	0.236
	0.146
	0.274
	0.261
	0.159

	Adjusted R2
	0.227
	0.137
	0.267
	0.253
	0.150

	Residual Std. Error (df = 95)
	0.843
	0.548
	0.692
	0.905
	0.992

	F Statistic
(df = 1; 95)
	29.271***
	16.277***
	35.934***
	33.559***
	17.954***

	
Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05


D. Sentiment_Score4 
For Sentiment_Score4 (calculated using NRC dictionary/algorithm) the linear regression output is shown in Table 13 for the five models. As observed from the table, positive and significant coefficients can be observed between the NRC sentiment score and the model variables: product loyalty, satisfaction, trust, intention to recommend and intention to purchase. The percent of variance explained for Sentiment_Score4 is quite low in comparison to the previous two scoring models. Yet is can still be considered as adequate given the context of the study and the nature of the model (only one predictor). 
[bookmark: _Toc485825590]Table 13: Regression Output for Sentiment_Score4
	
	Dependent variables

	
	Product_ Loyalty
	Satisfaction
	Trust
	Intention_ Recommend
	Intention_ Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	Sentiment_Score4
	0.108***
	0.059***
	0.093***
	0.135***
	0.121***

	
	(0.030)
	(0.018)
	(0.025)
	(0.032)
	(0.033)

	Constant
	2.811***
	3.014***
	2.715***
	2.765***
	3.026***

	
	(0.106)
	(0.066)
	(0.089)
	(0.113)
	(0.119)

	Observations
	97
	97
	97
	97
	97

	R2
	0.123
	0.098
	0.130
	0.162
	0.122

	Adjusted R2
	0.114
	0.088
	0.120
	0.153
	0.113

	Residual Std. Error (df = 95)
	0.903
	0.564
	0.758
	0.964
	1.013

	F Statistic 
(df = 1; 95)
	13.340***
	10.315***
	14.146***
	18.337***
	13.217***

	Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05


[bookmark: _Toc486177299][bookmark: _Toc476932183]Summary of Findings 
This research was undertaken with the aim of investigating the effectiveness of SA tools in the UAE context. The study involved Etisalat data plan product (mobile internet package) subscribers. The study also aims to determine the relationship between emotion and the following four constructs: satisfaction, trust, loyalty, and purchase or recommendation intentions. 
In this research, SA was conducted using Syuzhet Package in R, which relies in the following algorithms/dictionaries for calculating sentiment scores from text: Bing, Afinn, and NRC. The sentiment scores calculated using Syuzhet Package in R were correlated with product loyalty, satisfaction, trust and intention to recommend or repurchase. These marketing constructs were measured using the existing marketing scales. Intention to recommend or repurchase are two separate yet related constructs that are combined together for the purposes of a theoretical discussion yet explored empirically as separate constructs. The opinions and sentiments of the customers measured by existing marketing scales and calculated using automated SA tools in R were found to be closely related to one another. Thus, SA tools can be used for automating the process of detecting customer emotions in the UAE telecommunications sector context. 
Moreover, all four hypothesis regarding the link between emotions (as measured using automated SA tools in R) and the four important marketing constructs were supported (see Table 14).

[bookmark: _Toc485825591]Table 14: Summary of hypotheses
	Hypothesis 
	Description
	Relationship
	Response

	H1
	There is a significant relationship between customer emotions and product satisfaction
	Positive
	Significant

	H2
	There is a significant relationship between customer emotions and trust
	Positive
	Significant

	H3
	There is a significant relationship between customer emotions and loyalty towards the product.
	Positive
	Significant

	H4
	There is a significant relationship between customer emotions and intention to recommend or repurchase the products to others.
	Positive
	Significant



[bookmark: _Toc476932184]

[bookmark: _Toc486177300]Chapter 6: Implications for Companies in the UAE

Customer emotions are based on the personal (or psychological) experience with a product or service. Customer emotions are of great relevance to both researchers and practitioners. In this study, the effectiveness of automated SA tools in the UAE context were evaluated. This study tested whether emotions, as detected by SA tools, predicted customer satisfaction, trust, loyalty, and purchase recommendations. 
Emotions detected by SA tools were found to be significant predictors of these important customer outcomes. This shows that if customers of Etisalat are both happy and satisfied with the product offering, they will become loyal customers of Etisalat. In addition to that, these positive emotions are likely to increase trust towards the company and their intention to recommend Etisalat products and services to others. All-in-all, customer emotions were found to have a significant impact on Etisalat’s brand. 
Collectively, these findings show value and effectiveness of SA tools for companies in the UAE. UAE companies can use these tools to automatically detect and analyze customer opinions and emotions in social media. The Big Data that the social media now contain in the UAE can turn out to be a very important asset for UAE organizations across various sectors. Thus, UAE companies are advised to invest into the development or deployment of automated SA tools that can be used for social media.  These initiatives can help UAE organizations improve their performance and ensure long-term competitiveness. 


[bookmark: _Toc476932185][bookmark: _Toc486177301]Chapter 7: Conclusion

This study is the first study of any kind on the efficacy of automated SA tools in the UAE telecommunications industry context.  This study aimed to test the effectiveness of SA tools in the UAE context by exploring the effect of customer emotions (as detected by SA tools) on customer loyalty, trust, product satisfaction and intention to recommend products and services to others. The context for evaluating the effectiveness of these tools was Etisalat – a leading telecommunications company based in the UAE. Based on the literature review, it was argued that customer sentiments play a major role for companies. The study showed that customer sentiments can be evaluated through various SA tools. The emotions detected with SA tools were found to positively affect customer satisfaction, trust in a company, loyalty towards the brand, and intention to recommend the product or service to others or repurchase the same product or service. Thus, UAE companies can use automated SA tools to automatically detect and analyze customer opinions and emotions in social media for the purposes of improving organizational performance. 
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In total, 427 responses were received. Out of 427, 301 responded reported to be current users of Etisalat’s data plan. Out of 301 responded who reported to be current users of Etisalat’s data plan, 97 fully completed the survey. The remaining respondents had missing values in their responses and were omitted from further analysis. The data was initially inspected, cleaned and reformatted using Microsoft Excel 2013.
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Data Input
Data from the Excel sheet was read into a data frame:
data <- read.csv(file = "Clean_Data_CSV2.csv", header = TRUE, stringsAsFactors = FALSE)
Displaying the data summary:
head(data)
##          ResponseID          ResponseSet      Name ExternalDataReference
## 1 R_1GZxXzyDYn24QwM Default Response Set Anonymous                    NA
## 2 R_3CHhC9895JQyMpo Default Response Set Anonymous                    NA
## 3 R_3RfusyvrteSlwOJ Default Response Set Anonymous                    NA
## 4 R_3ikRRGh7lPnuHro Default Response Set Anonymous                    NA
## 5 R_3IPPGaartE8iNms Default Response Set Anonymous                    NA
## 6 R_siDNPB14OSzf7rz Default Response Set Anonymous                    NA
##   EmailAddress       IPAddress Status       StartDate         EndDate
## 1           NA 195.229.238.189      0 5/17/2015 10:33 5/17/2015 10:52
## 2           NA 195.229.238.189      0 5/17/2015 14:56 5/17/2015 15:26
## 3           NA   86.99.196.153      0 5/17/2015 18:06 5/17/2015 18:42
## 4           NA     94.59.24.89      0 5/17/2015 20:04 5/17/2015 20:32
## 5           NA     2.49.175.77      0 5/17/2015 21:39 5/17/2015 21:53
## 6           NA    92.96.90.111      0 5/17/2015 22:13 5/17/2015 22:47
##   Finished Q1.1 Q2.1_1 Q2.1_2 Q2.1_3 Q2.1_4 Q2.1_5 Q2.1_6 Q2.1_7 Q2.1_8
## 1        1    1      5      5      5      2      2      2      2      2
## 2        1    1      5      5      1      3      2      1      1      2
## 3        1    1      2      1      1      4      3      3      1      4
## 4        1    1      5      3      1      3      3      1      1      2
## 5        1    1      3      4      3      2      3      2      2      1
## 6        1    1      3      3      2      2      1      1      1      1
##   Q2.1_9 Q2.1_10 Q2.2_1 Q2.2_2 Q2.2_3 Q2.2_4 Q2.2_5 Q2.2_6 Q2.3_1 Q2.3_2
## 1      1       1      1      1      1      5      5      5      5      5
## 2      2       1      2      1      1      4      4      4      5      5
## 3      2       3      4      4      4      2      2      2      1      3
## 4      1       2      3      3      3      3      3      4      2      2
## 5      1       1      3      3      3      3      3      3      3      4
## 6      1       1      2      2      2      4      4      4      2      2
##   Q2.3_3 Q2.3_4 Q2.3_5 Q2.3_6 Q2.3_7 Q2.3_8
## 1      5      5      5      5      5      5
## 2      5      5      5      5      5      5
## 3      1      1      2      1      1      2
## 4      2      3      3      3      4      4
## 5      3      3      3      2      2      2
## 6      2      2      2      2      2      2
##                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                 Q3.1
## 1                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                 Etisalat Mobile Data Plan when I use my whatsApp I feel I am very close to my lovers . / Etisalat Mobile Data Plan make me prouder of my pictures . / Etisalat Mobile Data Plan make me share every things with my lovers , friends and family . / Etisalat Mobile Data Plan give more joy ,happiness . / Etisalat Mobile Data Plan help plan my day . / Etisalat Mobile Data Plan allow me share beautify moments . / Etisalat Mobile Data Plan allow me connect with the world easily and quickly.
## 2                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                 The data plan is very good in terms of service. /  / the service is available at almost all regions.  /  / The prices and packages should have been more customer friendly and competitive.  /  / The prices should be flexible for post paid customers as well.  /  / The prices and packages should have been more customer friendly and competitive.  /  / The data plan is very good in terms of service. /  / the service is available at almost all regions.  /  / The prices and packages should have been more customer friendly and competitive.  /  / The prices should be flexible for post paid customers as well.  /  / The prices and packages should have been more customer friendly and competitive. 
## 3 when dealing with etisalat i always think of the way they intend to trick me as a customer.  They make their offers flashy but always there is a dark side where the customer is a victim but in a legally possible way. /  / I feel always insecure when using their service but forced to use it since the other choice is even worse. /  / Whenever i have an issue with the service i hesitate to call for assistance for a major reason that they will never help me out resolve the problem and always think that the customer is wrong and somehow he is an enemy not an end user that they need to sayisfy. /  / Their managers are difficult or near impossible to reach.  It is easier to meet a minister than reaching a manager in etisalat. /  / they are creating a second-class citizens feeling by the numbers distribution.  the notion is that you have a nice etisalat number you have a "wasta" somehow or you are VIP. /  / I need to be really carefull not to fall for a trick named as an offer. /  / They claim they are offering the best they can in uae market but when compared by the services they offer around the world it really show that they are not offering that quality that they claim. /  / as a general ferling, fear, hesitation, lack of trust, and many other feelings come to mind when the word service and offers are a suffix or prefix of etisalat.
## 4                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                             Descrying a negative experience. /  / I am a journalist and I do have Etisalat's data plan on my tablet. One day I was trying to publish important news, however after finishing writing the news and fill and the requirements on the system the news couldn’t be published due to internet issues. I checked my data plan and it was full of credit. This situation makes me really angry, sad, and affects my work negatively because the news was very important. Not only was me whom was angry my manager angry as well.    /  /  / 
## 5                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                                           when etisalt's daily data plan came out, i subscribed and they kept taking my credit away without enabling me to use the data plan. i decided to deactivate it, yet they still kept taking my credit. i complained and then they had to deactivate it it from the main system, but i lost around 50 AED with this experience and never got a refund or apology. i was really mad when this happened, but in the end i think etisalt's data plans are still better than du's.
## 6                                                                                                                                                                                                                                                                                                                                                          Before I have a bad experiences with my Etisalat Data Plan as I was always get a bill with above of AED 1000 and I was supersized how I got this bill and usually I paid without checking my monthly statement and after couples of months, I have visited Etisalat office and I have explained them my situation and the supervisor told my that the issue which its my old data planed was unlimited and I never realized that after 5 GB it will charge me more unless I have to send message to Etisalat to stop charge me extra money . / Now I have choses a new unlimited Data Plan packages which is available only for paid bills and SIM cards, and I have set it up to 1 GB and if I have use all the data I will received a message from Etisalat Tell me that I have reach my limit and if I need to use more I will be pay for it ? / Yes I like the new data plan package and it’s more sufficient for me, and I use my mobile on the go a fair bit. With low price now my monthly bills not reach AED 350/- per month  / 
##   Q4.1_1 Q4.1_2 Q4.1_3 Q4.1_4 Q4.1_6 Q4.1_7 Q4.1_8 Q4.1_9 Q4.1_10 Q4.1_11
## 1      5      5      5      5      5      3      5      5       5       5
## 2      4      3      3      3      4      4      4      4       4       4
## 3      2      2      2      2      2      2      2      2       2       2
## 4      3      3      3      3      3      3      3      3       3       3
## 5      5      5      5      5      4      3      4      4       3       4
## 6      4      4      4      4      4      5      4      5       4       4
##   Q4.1_12 Q4.1_13 Q4.1_14 Q4.1_16 Q5.1_10 Q5.1_11 Q5.1_12 Q5.1_13 Q5.1_14
## 1       1       1       5       5       5       5       2       5       2
## 2       5       2       4       4       4       4       2       4       2
## 3       4       4       2       1       2       2       4       2       4
## 4       3       3       3       3       3       4       4       4       5
## 5       2       2       4       3       3       3       4       2       3
## 6       4       4       4       4       4       4       2       4       2
##   Q5.1_15 Q5.1_16 Q5.1_17 Q5.1_18 Q5.1_19 Q5.1_20 Q5.1_21 Q5.1_22 Q5.1_23
## 1       5       2       5       1       1       5       5       5       1
## 2       4       4       4       2       2       4       4       4       4
## 3       2       4       2       4       4       2       2       2       4
## 4       3       4       4       2       2       4       3       4       2
## 5       3       2       2       3       3       3       2       2       4
## 6       4       2       4       2       2       4       4       4       2
##   Q5.1_24 Q6.1_1 Q6.1_2 Q6.1_3 Q6.1_4 Q6.1_5 Q6.1_6 Q6.1_7 Q7.1_1 Q7.1_2
## 1       1      1      5      5      5      5      5      5      5      5
## 2       4      2      4      4      4      4      4      4      4      4
## 3       2      4      1      2      2      2      2      2      2      2
## 4       4      3      2      2      4      2      2      2      4      3
## 5       2      4      2      2      2      2      2      2      3      3
## 6       4      2      3      3      3      3      2      3      4      4
##   Q7.1_3 Q7.1_4 Q7.1_5 Q7.1_6 Q8.1 Q8.2 Q8.3 Q8.4 Q9.1 Q9.2 Q9.3 Q9.4 Q9.5
## 1      5      5      5      2    5    5    5    5    2    5    3    2    2
## 2      4      4      4      4    5    4    4    5    1    4    4    2    2
## 3      2      2      2      2    2    2    2    2    1    4    4    2    2
## 4      3      3      4      3    3    4    4    4    1    3    4    2    1
## 5      3      3      2      2    5    5    5    5    2    2    3    1    4
## 6      4      4      4      4    4    5    4    5    2    3    3    2    3
##   Q9.6 LocationLatitude LocationLongitude LocationAccuracy
## 1    7         24.00000           54.0000               -1
## 2    5         24.00000           54.0000               -1
## 3    8         24.46671           54.3667               -1
## 4    3         24.46671           54.3667               -1
## 5    1         24.46671           54.3667               -1
## 6    8         24.46671           54.3667               -1
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Reverse code variables for scale Q2.1:
data$Q2.1_4 <- 6-data$Q2.1_4
data$Q2.1_4 <- 6-data$Q2.1_5
data$Q2.1_4 <- 6-data$Q2.1_6
data$Q2.1_4 <- 6-data$Q2.1_7
data$Q2.1_4 <- 6-data$Q2.1_8
data$Q2.1_4 <- 6-data$Q2.1_9
data$Q2.1_4 <- 6-data$Q2.1_10
Reverse code variables for scale Q2.2:
data$Q2.2_1 <- 6-data$Q2.2_1
data$Q2.2_2 <- 6-data$Q2.2_2
data$Q2.2_3 <- 6-data$Q2.2_3
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Caclculating sentiment score using "syuzhet" package. Please note that several methods for scoring sentiments are used:
require("syuzhet")
## Loading required package: syuzhet
## Warning: package 'syuzhet' was built under R version 3.3.2
require("coreNLP")
## Loading required package: coreNLP
## Warning: package 'coreNLP' was built under R version 3.3.2
Sentiment_Score1 <- get_sentiment(data$Q3.1, method = "syuzhet",path_to_tagger = NULL)
Sentiment_Score2 <- get_sentiment(data$Q3.1, method = "bing",path_to_tagger = NULL)
Sentiment_Score3 <- get_sentiment(data$Q3.1, method = "afinn",path_to_tagger = NULL)
Sentiment_Score4 <- get_sentiment(data$Q3.1, method = "nrc",path_to_tagger = NULL)
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Emotion1 <- data[,12:21]
Emotion2 <- data[,22:27]
Emotion3 <- data[,28:35]
Product_Loyalty <- data[,37:50]
Satisfaction <- data[,51:65]
Trust <- data[,66:72]
Intention_Recommend <- data[,73:78]
Intention_Repurchase <- data[,79:82]

require(psy)
## Loading required package: psy
## Warning: package 'psy' was built under R version 3.3.2
cronbach(Emotion1)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 10
## 
## $alpha
## [1] 0.5087112
cronbach(Emotion2)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 6
## 
## $alpha
## [1] 0.9202689
cronbach(Emotion3)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 8
## 
## $alpha
## [1] 0.9586699
cronbach(Product_Loyalty)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 14
## 
## $alpha
## [1] 0.9704494
cronbach(Satisfaction)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 15
## 
## $alpha
## [1] 0.8112812
cronbach(Trust)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 7
## 
## $alpha
## [1] 0.840221
cronbach(Intention_Recommend)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 6
## 
## $alpha
## [1] 0.9665442
cronbach(Intention_Repurchase)
## $sample.size
## [1] 97
## 
## $number.of.items
## [1] 4
## 
## $alpha
## [1] 0.9220682
Caclculate averages for each of the constructs based on the scale:
Emotion1 <- rowMeans(data[,12:21])
Emotion2 <- rowMeans(data[,22:27])
Emotion3 <- rowMeans(data[,28:35])
Product_Loyalty <- rowMeans(data[,37:50])
Satisfaction <- rowMeans(data[,51:65])
Trust <- rowMeans(data[,66:72])
Intention_Recommend <- rowMeans(data[,73:78])
Intention_Repurchase <- rowMeans(data[,79:82])
[bookmark: creating-data-frames-for-further-analysi][bookmark: _Toc479086186][bookmark: _Toc480453414]Creating Data Frames for Further Analysis
Creating vectors with demographic variables:
Gender <- data$Q9.1
Age <- data$Q9.2
Education <- data$Q9.3
Employment_Status <- data$Q9.4
Employment_Sector <- data$Q9.5
Income <- data$Q9.6
Creating new data frames for analysis:
cdata_full <- data.frame(Sentiment_Score1, Sentiment_Score2, Sentiment_Score3, Sentiment_Score4, Emotion1, Emotion2,Emotion3, Product_Loyalty, Satisfaction, Trust, Intention_Recommend, Intention_Repurchase, Gender, Age, Education, Employment_Status, Employment_Sector, Income)

cdata <- data.frame(Sentiment_Score1, Sentiment_Score2, Sentiment_Score3, Sentiment_Score4, Emotion1, Emotion2,Emotion3, Product_Loyalty, Satisfaction, Trust, Intention_Recommend, Intention_Repurchase)
[bookmark: _Toc479086187][bookmark: _Toc480453415]Generating Descriptive Statistics
Generating Summary Statistics using "stargazer" package:
require(stargazer)
## Loading required package: stargazer
## Warning: package 'stargazer' was built under R version 3.3.2
## 
## Please cite as:
##  Hlavac, Marek (2015). stargazer: Well-Formatted Regression and Summary Statistics Tables.
##  R package version 5.2. http://CRAN.R-project.org/package=stargazer
stargazer(cdata, type="html")
## 
## <table style="text-align:center"><tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Statistic</td><td>N</td><td>Mean</td><td>St. Dev.</td><td>Min</td><td>Max</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Sentiment_Score1</td><td>97</td><td>1.465</td><td>2.791</td><td>-2.900</td><td>12.550</td></tr>
## <tr><td style="text-align:left">Sentiment_Score2</td><td>97</td><td>0.670</td><td>3.493</td><td>-8</td><td>14</td></tr>
## <tr><td style="text-align:left">Sentiment_Score3</td><td>97</td><td>1.113</td><td>6.548</td><td>-11</td><td>22</td></tr>
## <tr><td style="text-align:left">Sentiment_Score4</td><td>97</td><td>1.773</td><td>3.118</td><td>-3</td><td>15</td></tr>
## <tr><td style="text-align:left">Emotion1</td><td>97</td><td>2.680</td><td>0.524</td><td>1.700</td><td>4.400</td></tr>
## <tr><td style="text-align:left">Emotion2</td><td>97</td><td>3.210</td><td>0.951</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Emotion3</td><td>97</td><td>2.909</td><td>1.088</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Product_Loyalty</td><td>97</td><td>3.003</td><td>0.960</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Satisfaction</td><td>97</td><td>3.119</td><td>0.590</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Trust</td><td>97</td><td>2.881</td><td>0.808</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Intention_Recommend</td><td>97</td><td>3.005</td><td>1.048</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Intention_Repurchase</td><td>97</td><td>3.240</td><td>1.076</td><td>1.000</td><td>5.000</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr></table>
The table is provided below:
	

	Statistic
	N
	Mean
	St. Dev.
	Min
	Max

	

	Sentiment_Score1
	97
	1.465
	2.791
	-2.900
	12.550

	Sentiment_Score2
	97
	0.670
	3.493
	-8
	14

	Sentiment_Score3
	97
	1.113
	6.548
	-11
	22

	Sentiment_Score4
	97
	1.773
	3.118
	-3
	15

	Emotion1
	97
	2.680
	0.524
	1.700
	4.400

	Emotion2
	97
	3.210
	0.951
	1.000
	5.000

	Emotion3
	97
	2.909
	1.088
	1.000
	5.000

	Product_Loyalty
	97
	3.003
	0.960
	1.000
	5.000

	Satisfaction
	97
	3.119
	0.590
	1.000
	5.000

	Trust
	97
	2.881
	0.808
	1.000
	5.000

	Intention_Recommend
	97
	3.005
	1.048
	1.000
	5.000

	Intention_Repurchase
	97
	3.240
	1.076
	1.000
	5.000

	



stargazer(cdata_full, type="html")
## 
## <table style="text-align:center"><tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Statistic</td><td>N</td><td>Mean</td><td>St. Dev.</td><td>Min</td><td>Max</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Sentiment_Score1</td><td>97</td><td>1.465</td><td>2.791</td><td>-2.900</td><td>12.550</td></tr>
## <tr><td style="text-align:left">Sentiment_Score2</td><td>97</td><td>0.670</td><td>3.493</td><td>-8</td><td>14</td></tr>
## <tr><td style="text-align:left">Sentiment_Score3</td><td>97</td><td>1.113</td><td>6.548</td><td>-11</td><td>22</td></tr>
## <tr><td style="text-align:left">Sentiment_Score4</td><td>97</td><td>1.773</td><td>3.118</td><td>-3</td><td>15</td></tr>
## <tr><td style="text-align:left">Emotion1</td><td>97</td><td>2.680</td><td>0.524</td><td>1.700</td><td>4.400</td></tr>
## <tr><td style="text-align:left">Emotion2</td><td>97</td><td>3.210</td><td>0.951</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Emotion3</td><td>97</td><td>2.909</td><td>1.088</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Product_Loyalty</td><td>97</td><td>3.003</td><td>0.960</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Satisfaction</td><td>97</td><td>3.119</td><td>0.590</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Trust</td><td>97</td><td>2.881</td><td>0.808</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Intention_Recommend</td><td>97</td><td>3.005</td><td>1.048</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Intention_Repurchase</td><td>97</td><td>3.240</td><td>1.076</td><td>1.000</td><td>5.000</td></tr>
## <tr><td style="text-align:left">Gender</td><td>97</td><td>1.691</td><td>0.465</td><td>1</td><td>2</td></tr>
## <tr><td style="text-align:left">Age</td><td>97</td><td>3.103</td><td>0.872</td><td>1</td><td>5</td></tr>
## <tr><td style="text-align:left">Education</td><td>97</td><td>3.124</td><td>0.807</td><td>1</td><td>5</td></tr>
## <tr><td style="text-align:left">Employment_Status</td><td>97</td><td>1.835</td><td>0.656</td><td>1</td><td>5</td></tr>
## <tr><td style="text-align:left">Employment_Sector</td><td>97</td><td>2.309</td><td>1.193</td><td>1</td><td>4</td></tr>
## <tr><td style="text-align:left">Income</td><td>97</td><td>4.371</td><td>2.377</td><td>1</td><td>8</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr></table>
The table is provided below:
	Statistic
	N
	Mean
	St. Dev.
	Min
	Max

	

	Sentiment_Score1
	97
	1.465
	2.791
	-2.900
	12.550

	Sentiment_Score2
	97
	0.670
	3.493
	-8
	14

	Sentiment_Score3
	97
	1.113
	6.548
	-11
	22

	Sentiment_Score4
	97
	1.773
	3.118
	-3
	15

	Emotion1
	97
	2.680
	0.524
	1.700
	4.400

	Emotion2
	97
	3.210
	0.951
	1.000
	5.000

	Emotion3
	97
	2.909
	1.088
	1.000
	5.000

	Product_Loyalty
	97
	3.003
	0.960
	1.000
	5.000

	Satisfaction
	97
	3.119
	0.590
	1.000
	5.000

	Trust
	97
	2.881
	0.808
	1.000
	5.000

	Intention_Recommend
	97
	3.005
	1.048
	1.000
	5.000

	Intention_Repurchase
	97
	3.240
	1.076
	1.000
	5.000

	Gender
	97
	1.691
	0.465
	1
	2

	Age
	97
	3.103
	0.872
	1
	5

	Education
	97
	3.124
	0.807
	1
	5

	Employment_Status
	97
	1.835
	0.656
	1
	5

	Employment_Sector
	97
	2.309
	1.193
	1
	4

	Income
	97
	4.371
	2.377
	1
	8

	



[bookmark: performing-correlations-analysis][bookmark: _Toc479086188][bookmark: _Toc480453416]Performing Correlations Analysis
Generating HTML code for a correlations table (code source: http://www.sthda.com/english/wiki/elegant-correlation-table-using-xtable-r-package):
require(xtable)
## Loading required package: xtable
## Warning: package 'xtable' was built under R version 3.3.2
corstars <-function(x, method=c("pearson", "spearman"), removeTriangle=c("upper", "lower"),
                     result=c("none", "html", "latex")){
    #Compute correlation matrix
    require(Hmisc)
    x <- as.matrix(x)
    correlation_matrix<-rcorr(x, type=method[1])
    R <- correlation_matrix$r # Matrix of correlation coeficients
    p <- correlation_matrix$P # Matrix of p-value 
    
    ## Define notions for significance levels; spacing is important.
    mystars <- ifelse(p < .0001, "****", ifelse(p < .001, "*** ", ifelse(p < .01, "**  ", ifelse(p < .05, "*   ", "    "))))
    
    ## trunctuate the correlation matrix to two decimal
    R <- format(round(cbind(rep(-1.11, ncol(x)), R), 2))[,-1]
    
    ## build a new matrix that includes the correlations with their apropriate stars
    Rnew <- matrix(paste(R, mystars, sep=""), ncol=ncol(x))
    diag(Rnew) <- paste(diag(R), " ", sep="")
    rownames(Rnew) <- colnames(x)
    colnames(Rnew) <- paste(colnames(x), "", sep="")
    
    ## remove upper triangle of correlation matrix
    if(removeTriangle[1]=="upper"){
      Rnew <- as.matrix(Rnew)
      Rnew[upper.tri(Rnew, diag = TRUE)] <- ""
      Rnew <- as.data.frame(Rnew)
    }
    
    ## remove lower triangle of correlation matrix
    else if(removeTriangle[1]=="lower"){
      Rnew <- as.matrix(Rnew)
      Rnew[lower.tri(Rnew, diag = TRUE)] <- ""
      Rnew <- as.data.frame(Rnew)
    }
    
    ## remove last column and return the correlation matrix
    Rnew <- cbind(Rnew[1:length(Rnew)-1])
    if (result[1]=="none") return(Rnew)
    else{
      if(result[1]=="html") print(xtable(Rnew), type="html")
      else print(xtable(Rnew), type="latex") 
    }
} 
corstars(cdata, result = "html")
## Loading required package: Hmisc
## Warning: package 'Hmisc' was built under R version 3.3.2
## Loading required package: lattice
## Loading required package: survival
## Warning: package 'survival' was built under R version 3.3.2
## Loading required package: Formula
## Warning: package 'Formula' was built under R version 3.3.2
## Loading required package: ggplot2
## Warning: package 'ggplot2' was built under R version 3.3.2
## 
## Attaching package: 'Hmisc'
## The following objects are masked from 'package:xtable':
## 
##     label, label<-
## The following objects are masked from 'package:base':
## 
##     format.pval, round.POSIXt, trunc.POSIXt, units
## <!-- html table generated in R 3.3.1 by xtable 1.8-2 package -->
## <!-- Fri Jan 27 16:28:45 2017 -->
## <table border=1>
## <tr> <th>  </th> <th> Sentiment_Score1 </th> <th> Sentiment_Score2 </th> <th> Sentiment_Score3 </th> <th> Sentiment_Score4 </th> <th> Emotion1 </th> <th> Emotion2 </th> <th> Emotion3 </th> <th> Product_Loyalty </th> <th> Satisfaction </th> <th> Trust </th> <th> Intention_Recommend </th>  </tr>
##   <tr> <td align="right"> Sentiment_Score1 </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Sentiment_Score2 </td> <td>  0.88**** </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Sentiment_Score3 </td> <td>  0.86**** </td> <td>  0.82**** </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Sentiment_Score4 </td> <td>  0.86**** </td> <td>  0.71**** </td> <td>  0.73**** </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Emotion1 </td> <td> -0.01     </td> <td>  0.03     </td> <td>  0.01     </td> <td> -0.16     </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Emotion2 </td> <td>  0.36***  </td> <td>  0.39**** </td> <td>  0.43**** </td> <td>  0.39**** </td> <td> -0.19     </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Emotion3 </td> <td>  0.31**   </td> <td>  0.37***  </td> <td>  0.42**** </td> <td>  0.27**   </td> <td>  0.00     </td> <td>  0.76**** </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Product_Loyalty </td> <td>  0.43**** </td> <td>  0.48**** </td> <td>  0.49**** </td> <td>  0.35***  </td> <td> -0.16     </td> <td>  0.76**** </td> <td>  0.65**** </td> <td>  </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Satisfaction </td> <td>  0.33***  </td> <td>  0.36***  </td> <td>  0.38***  </td> <td>  0.31**   </td> <td> -0.01     </td> <td>  0.58**** </td> <td>  0.57**** </td> <td>  0.68**** </td> <td>  </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Trust </td> <td>  0.40**** </td> <td>  0.44**** </td> <td>  0.52**** </td> <td>  0.36***  </td> <td>  0.13     </td> <td>  0.57**** </td> <td>  0.63**** </td> <td>  0.74**** </td> <td>  0.75**** </td> <td>  </td> <td>  </td> </tr>
##   <tr> <td align="right"> Intention_Recommend </td> <td>  0.43**** </td> <td>  0.47**** </td> <td>  0.51**** </td> <td>  0.40**** </td> <td> -0.13     </td> <td>  0.76**** </td> <td>  0.64**** </td> <td>  0.82**** </td> <td>  0.65**** </td> <td>  0.73**** </td> <td>  </td> </tr>
##   <tr> <td align="right"> Intention_Repurchase </td> <td>  0.38***  </td> <td>  0.39**** </td> <td>  0.40**** </td> <td>  0.35***  </td> <td> -0.11     </td> <td>  0.70**** </td> <td>  0.64**** </td> <td>  0.77**** </td> <td>  0.54**** </td> <td>  0.59**** </td> <td>  0.72**** </td> </tr>
##    </table>


The correlations table is provided below:
	
	Sentiment_Score1 
	Sentiment_Score2 
	Sentiment_Score3 
	Sentiment_Score4 
	Emotion1 
	Emotion2 
	Emotion3 
	Product_Loyalty 
	Satisfaction 
	Trust 
	Intention_Recommend 

	Sentiment_Score1 
	
	
	
	
	
	
	
	
	
	
	

	Sentiment_Score2 
	0.88**** 
	
	
	
	
	
	
	
	
	
	

	Sentiment_Score3 
	0.86**** 
	0.82**** 
	
	
	
	
	
	
	
	
	

	Sentiment_Score4 
	0.86**** 
	0.71**** 
	0.73**** 
	
	
	
	
	
	
	
	

	Emotion1 
	-0.01 
	0.03 
	0.01 
	-0.16 
	
	
	
	
	
	
	

	Emotion2 
	0.36*** 
	0.39**** 
	0.43**** 
	0.39**** 
	-0.19 
	
	
	
	
	
	

	Emotion3 
	0.31** 
	0.37*** 
	0.42**** 
	0.27** 
	0.00 
	0.76**** 
	
	
	
	
	

	Product_Loyalty 
	0.43**** 
	0.48**** 
	0.49**** 
	0.35*** 
	-0.16 
	0.76**** 
	0.65**** 
	
	
	
	

	Satisfaction 
	0.33*** 
	0.36*** 
	0.38*** 
	0.31** 
	-0.01 
	0.58**** 
	0.57**** 
	0.68**** 
	
	
	

	Trust 
	0.40**** 
	0.44**** 
	0.52**** 
	0.36*** 
	0.13 
	0.57**** 
	0.63**** 
	0.74**** 
	0.75**** 
	
	

	Intention_Recommend 
	0.43**** 
	0.47**** 
	0.51**** 
	0.40**** 
	-0.13 
	0.76**** 
	0.64**** 
	0.82**** 
	0.65**** 
	0.73**** 
	

	Intention_Repurchase 
	0.38*** 
	0.39**** 
	0.40**** 
	0.35*** 
	-0.11 
	0.70**** 
	0.64**** 
	0.77**** 
	0.54**** 
	0.59**** 
	0.72**** 


**** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05;
Creating a visualization of correlations using the "corrplot" package:
require(corrplot)
## Loading required package: corrplot
## Warning: package 'corrplot' was built under R version 3.3.2
correlations <- cor(cdata)
corrplot(correlations, type="lower", diag = FALSE, method="circle")
[image: ]



corrplot(correlations, type="lower", diag = FALSE, method="number")
[image: ]
[bookmark: performing-regression-analysis][bookmark: _Toc479086189][bookmark: _Toc480453417]Performing Regression Analysis
Performing regression analysis to see whether sentiment scores are related to outcome variables and generating regression tables.
[bookmark: _Toc479086190][bookmark: _Toc480453418]Estimating Models and Generating Tables for Sentiment_Score1 Variable
First, the regression analysis is performed for Sentiment_Score1 Variable. First, we fit linear models involving Sentiment_Score1 variable and various outcome variables:
model1_1 <- lm(cdata$Product_Loyalty ~ cdata$Sentiment_Score1, data = cdata)
model1_2 <- lm(cdata$Satisfaction ~ cdata$Sentiment_Score1, data = cdata)
model1_3 <- lm(cdata$Trust ~ cdata$Sentiment_Score1, data = cdata)
model1_4 <- lm(cdata$Intention_Recommend ~ cdata$Sentiment_Score1, data = cdata)
model1_5 <- lm(cdata$Intention_Repurchase ~ cdata$Sentiment_Score1, data = cdata)
Then we generate a combined regression table for the 5 models generated:
stargazer(model1_1, model1_2, model1_3, model1_4, model1_5, type = "html", title="Results for SentimentScore1 Variable", align=TRUE)
## 
## <table style="text-align:center"><caption><strong>Results for SentimentScore1 Variable</strong></caption>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"></td><td colspan="5"><em>Dependent variable:</em></td></tr>
## <tr><td></td><td colspan="5" style="border-bottom: 1px solid black"></td></tr>
## <tr><td style="text-align:left"></td><td>Product_Loyalty</td><td>Satisfaction</td><td>Trust</td><td>Intention_Recommend</td><td>Intention_Repurchase</td></tr>
## <tr><td style="text-align:left"></td><td>(1)</td><td>(2)</td><td>(3)</td><td>(4)</td><td>(5)</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Sentiment_Score1</td><td>0.147<sup>***</sup></td><td>0.070<sup>***</sup></td><td>0.116<sup>***</sup></td><td>0.163<sup>***</sup></td><td>0.146<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.032)</td><td>(0.020)</td><td>(0.027)</td><td>(0.035)</td><td>(0.037)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td style="text-align:left">Constant</td><td>2.788<sup>***</sup></td><td>3.016<sup>***</sup></td><td>2.711<sup>***</sup></td><td>2.767<sup>***</sup></td><td>3.025<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.100)</td><td>(0.064)</td><td>(0.086)</td><td>(0.109)</td><td>(0.115)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Observations</td><td>97</td><td>97</td><td>97</td><td>97</td><td>97</td></tr>
## <tr><td style="text-align:left">R<sup>2</sup></td><td>0.182</td><td>0.111</td><td>0.159</td><td>0.188</td><td>0.144</td></tr>
## <tr><td style="text-align:left">Adjusted R<sup>2</sup></td><td>0.174</td><td>0.101</td><td>0.151</td><td>0.179</td><td>0.135</td></tr>
## <tr><td style="text-align:left">Residual Std. Error (df = 95)</td><td>0.872</td><td>0.560</td><td>0.745</td><td>0.949</td><td>1.000</td></tr>
## <tr><td style="text-align:left">F Statistic (df = 1; 95)</td><td>21.202<sup>***</sup></td><td>11.826<sup>***</sup></td><td>18.025<sup>***</sup></td><td>21.955<sup>***</sup></td><td>16.039<sup>***</sup></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"><em>Note:</em></td><td colspan="5" style="text-align:right"><sup>*</sup>p<0.1; <sup>**</sup>p<0.05; <sup>***</sup>p<0.01</td></tr>
## </table>

The table is provided below: 
	
Results for SentimentScore1 Variable

	

	
	Dependent variable:

	
	

	
	Product_Loyalty
	Satisfaction
	Trust
	Intention_Recommend
	Intention_Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	

	Sentiment_Score1
	0.147***
	0.070***
	0.116***
	0.163***
	0.146***

	
	(0.032)
	(0.020)
	(0.027)
	(0.035)
	(0.037)

	
	
	
	
	
	

	Constant
	2.788***
	3.016***
	2.711***
	2.767***
	3.025***

	
	(0.100)
	(0.064)
	(0.086)
	(0.109)
	(0.115)

	
	
	
	
	
	

	

	Observations
	97
	97
	97
	97
	97

	R2
	0.182
	0.111
	0.159
	0.188
	0.144

	Adjusted R2
	0.174
	0.101
	0.151
	0.179
	0.135

	Residual Std. Error (df = 95)
	0.872
	0.560
	0.745
	0.949
	1.000

	F Statistic (df = 1; 95)
	21.202***
	11.826***
	18.025***
	21.955***
	16.039***

	

	Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05;


[bookmark: _Toc479086191][bookmark: _Toc480453419]
Estimating Models and Generating Tables for Sentiment_Score2 Variable
First, the regression analysis is performed for Sentiment_Score2 Variable. First, we fit linear models involving Sentiment_Score2 variable and various outcome variables:
model2_1 <- lm(cdata$Product_Loyalty ~ cdata$Sentiment_Score2, data = cdata)
model2_2 <- lm(cdata$Satisfaction ~ cdata$Sentiment_Score2, data = cdata)
model2_3 <- lm(cdata$Trust ~ cdata$Sentiment_Score2, data = cdata)
model2_4 <- lm(cdata$Intention_Recommend ~ cdata$Sentiment_Score2, data = cdata)
model2_5 <- lm(cdata$Intention_Repurchase ~ cdata$Sentiment_Score2, data = cdata)
Then we generate a combined regression table for the 5 models generated:
stargazer(model2_1, model2_2, model2_3, model2_4, model2_5, type = "html", title="Results for SentimentScore2 Variable", align=TRUE)
## 
## <table style="text-align:center"><caption><strong>Results for SentimentScore2 Variable</strong></caption>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"></td><td colspan="5"><em>Dependent variable:</em></td></tr>
## <tr><td></td><td colspan="5" style="border-bottom: 1px solid black"></td></tr>
## <tr><td style="text-align:left"></td><td>Product_Loyalty</td><td>Satisfaction</td><td>Trust</td><td>Intention_Recommend</td><td>Intention_Repurchase</td></tr>
## <tr><td style="text-align:left"></td><td>(1)</td><td>(2)</td><td>(3)</td><td>(4)</td><td>(5)</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Sentiment_Score2</td><td>0.132<sup>***</sup></td><td>0.060<sup>***</sup></td><td>0.103<sup>***</sup></td><td>0.141<sup>***</sup></td><td>0.121<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.025)</td><td>(0.016)</td><td>(0.021)</td><td>(0.027)</td><td>(0.029)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td style="text-align:left">Constant</td><td>2.915<sup>***</sup></td><td>3.078<sup>***</sup></td><td>2.812<sup>***</sup></td><td>2.910<sup>***</sup></td><td>3.159<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.088)</td><td>(0.057)</td><td>(0.075)</td><td>(0.096)</td><td>(0.103)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Observations</td><td>97</td><td>97</td><td>97</td><td>97</td><td>97</td></tr>
## <tr><td style="text-align:left">R<sup>2</sup></td><td>0.230</td><td>0.128</td><td>0.198</td><td>0.222</td><td>0.154</td></tr>
## <tr><td style="text-align:left">Adjusted R<sup>2</sup></td><td>0.222</td><td>0.119</td><td>0.189</td><td>0.214</td><td>0.145</td></tr>
## <tr><td style="text-align:left">Residual Std. Error (df = 95)</td><td>0.847</td><td>0.554</td><td>0.728</td><td>0.929</td><td>0.995</td></tr>
## <tr><td style="text-align:left">F Statistic (df = 1; 95)</td><td>28.329<sup>***</sup></td><td>13.941<sup>***</sup></td><td>23.383<sup>***</sup></td><td>27.095<sup>***</sup></td><td>17.247<sup>***</sup></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"><em>Note:</em></td><td colspan="5" style="text-align:right"><sup>*</sup>p<0.1; <sup>**</sup>p<0.05; <sup>***</sup>p<0.01</td></tr>
## </table>


The table is provided below: 
	Results for SentimentScore2 Variable

	

	
	Dependent variable:

	
	

	
	Product_Loyalty
	Satisfaction
	Trust
	Intention_Recommend
	Intention_Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	

	Sentiment_Score2
	0.132***
	0.060***
	0.103***
	0.141***
	0.121***

	
	(0.025)
	(0.016)
	(0.021)
	(0.027)
	(0.029)

	
	
	
	
	
	

	Constant
	2.915***
	3.078***
	2.812***
	2.910***
	3.159***

	
	(0.088)
	(0.057)
	(0.075)
	(0.096)
	(0.103)

	
	
	
	
	
	

	

	Observations
	97
	97
	97
	97
	97

	R2
	0.230
	0.128
	0.198
	0.222
	0.154

	Adjusted R2
	0.222
	0.119
	0.189
	0.214
	0.145

	Residual Std. Error (df = 95)
	0.847
	0.554
	0.728
	0.929
	0.995

	F Statistic (df = 1; 95)
	28.329***
	13.941***
	23.383***
	27.095***
	17.247***

	

	Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05;

	
	


[bookmark: _Toc479086192][bookmark: _Toc480453420]Estimating Models and Generating Tables for Sentiment_Score3 Variable
First, the regression analysis is performed for Sentiment_Score3 Variable. First, we fit linear models involving Sentiment_Score3 variable and various outcome variables:
model3_1 <- lm(cdata$Product_Loyalty ~ cdata$Sentiment_Score3, data = cdata)
model3_2 <- lm(cdata$Satisfaction ~ cdata$Sentiment_Score3, data = cdata)
model3_3 <- lm(cdata$Trust ~ cdata$Sentiment_Score3, data = cdata)
model3_4 <- lm(cdata$Intention_Recommend ~ cdata$Sentiment_Score3, data = cdata)
model3_5 <- lm(cdata$Intention_Repurchase ~ cdata$Sentiment_Score3, data = cdata)
Then we generate a combined regression table for the 5 models generated:
stargazer(model3_1, model3_2, model3_3, model3_4, model3_5, type = "html", title="Results for SentimentScore3 Variable", align=TRUE)
## 
## <table style="text-align:center"><caption><strong>Results for SentimentScore3 Variable</strong></caption>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"></td><td colspan="5"><em>Dependent variable:</em></td></tr>
## <tr><td></td><td colspan="5" style="border-bottom: 1px solid black"></td></tr>
## <tr><td style="text-align:left"></td><td>Product_Loyalty</td><td>Satisfaction</td><td>Trust</td><td>Intention_Recommend</td><td>Intention_Repurchase</td></tr>
## <tr><td style="text-align:left"></td><td>(1)</td><td>(2)</td><td>(3)</td><td>(4)</td><td>(5)</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Sentiment_Score3</td><td>0.071<sup>***</sup></td><td>0.034<sup>***</sup></td><td>0.065<sup>***</sup></td><td>0.082<sup>***</sup></td><td>0.066<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.013)</td><td>(0.009)</td><td>(0.011)</td><td>(0.014)</td><td>(0.015)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td style="text-align:left">Constant</td><td>2.924<sup>***</sup></td><td>3.081<sup>***</sup></td><td>2.809<sup>***</sup></td><td>2.914<sup>***</sup></td><td>3.167<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.087)</td><td>(0.056)</td><td>(0.071)</td><td>(0.093)</td><td>(0.102)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Observations</td><td>97</td><td>97</td><td>97</td><td>97</td><td>97</td></tr>
## <tr><td style="text-align:left">R<sup>2</sup></td><td>0.236</td><td>0.146</td><td>0.274</td><td>0.261</td><td>0.159</td></tr>
## <tr><td style="text-align:left">Adjusted R<sup>2</sup></td><td>0.227</td><td>0.137</td><td>0.267</td><td>0.253</td><td>0.150</td></tr>
## <tr><td style="text-align:left">Residual Std. Error (df = 95)</td><td>0.843</td><td>0.548</td><td>0.692</td><td>0.905</td><td>0.992</td></tr>
## <tr><td style="text-align:left">F Statistic (df = 1; 95)</td><td>29.271<sup>***</sup></td><td>16.277<sup>***</sup></td><td>35.934<sup>***</sup></td><td>33.559<sup>***</sup></td><td>17.954<sup>***</sup></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"><em>Note:</em></td><td colspan="5" style="text-align:right"><sup>*</sup>p<0.1; <sup>**</sup>p<0.05; <sup>***</sup>p<0.01</td></tr>
## </table>
The table is provided below: 
		Results for SentimentScore3 Variable

	

	
	Dependent variable:

	
	

	
	Product_Loyalty
	Satisfaction
	Trust
	Intention_Recommend
	Intention_Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	

	Sentiment_Score3
	0.071***
	0.034***
	0.065***
	0.082***
	0.066***

	
	(0.013)
	(0.009)
	(0.011)
	(0.014)
	(0.015)

	
	
	
	
	
	

	Constant
	2.924***
	3.081***
	2.809***
	2.914***
	3.167***

	
	(0.087)
	(0.056)
	(0.071)
	(0.093)
	(0.102)

	
	
	
	
	
	

	

	Observations
	97
	97
	97
	97
	97

	R2
	0.236
	0.146
	0.274
	0.261
	0.159

	Adjusted R2
	0.227
	0.137
	0.267
	0.253
	0.150

	Residual Std. Error (df = 95)
	0.843
	0.548
	0.692
	0.905
	0.992

	F Statistic (df = 1; 95)
	29.271***
	16.277***
	35.934***
	33.559***
	17.954***

	

	Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05;





[bookmark: estimating-models-and-generating-tables-][bookmark: _Toc479086193][bookmark: _Toc480453421]
Estimating Models and Generating Tables for Sentiment_Score4 Variable
First, the regression analysis is performed for Sentiment_Score4 Variable. First, we fit linear models involving Sentiment_Score4 variable and various outcome variables:
model4_1 <- lm(cdata$Product_Loyalty ~ cdata$Sentiment_Score4, data = cdata)
model4_2 <- lm(cdata$Satisfaction ~ cdata$Sentiment_Score4, data = cdata)
model4_3 <- lm(cdata$Trust ~ cdata$Sentiment_Score4, data = cdata)
model4_4 <- lm(cdata$Intention_Recommend ~ cdata$Sentiment_Score4, data = cdata)
model4_5 <- lm(cdata$Intention_Repurchase ~ cdata$Sentiment_Score4, data = cdata)
Then we generate a combined regression table for the 5 models generated:
stargazer(model4_1, model4_2, model4_3, model4_4, model4_5, type = "html", title="Results for SentimentScore4 Variable", align=TRUE)
## 
## <table style="text-align:center"><caption><strong>Results for SentimentScore4 Variable</strong></caption>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"></td><td colspan="5"><em>Dependent variable:</em></td></tr>
## <tr><td></td><td colspan="5" style="border-bottom: 1px solid black"></td></tr>
## <tr><td style="text-align:left"></td><td>Product_Loyalty</td><td>Satisfaction</td><td>Trust</td><td>Intention_Recommend</td><td>Intention_Repurchase</td></tr>
## <tr><td style="text-align:left"></td><td>(1)</td><td>(2)</td><td>(3)</td><td>(4)</td><td>(5)</td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Sentiment_Score4</td><td>0.108<sup>***</sup></td><td>0.059<sup>***</sup></td><td>0.093<sup>***</sup></td><td>0.135<sup>***</sup></td><td>0.121<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.030)</td><td>(0.018)</td><td>(0.025)</td><td>(0.032)</td><td>(0.033)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td style="text-align:left">Constant</td><td>2.811<sup>***</sup></td><td>3.014<sup>***</sup></td><td>2.715<sup>***</sup></td><td>2.765<sup>***</sup></td><td>3.026<sup>***</sup></td></tr>
## <tr><td style="text-align:left"></td><td>(0.106)</td><td>(0.066)</td><td>(0.089)</td><td>(0.113)</td><td>(0.119)</td></tr>
## <tr><td style="text-align:left"></td><td></td><td></td><td></td><td></td><td></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left">Observations</td><td>97</td><td>97</td><td>97</td><td>97</td><td>97</td></tr>
## <tr><td style="text-align:left">R<sup>2</sup></td><td>0.123</td><td>0.098</td><td>0.130</td><td>0.162</td><td>0.122</td></tr>
## <tr><td style="text-align:left">Adjusted R<sup>2</sup></td><td>0.114</td><td>0.088</td><td>0.120</td><td>0.153</td><td>0.113</td></tr>
## <tr><td style="text-align:left">Residual Std. Error (df = 95)</td><td>0.903</td><td>0.564</td><td>0.758</td><td>0.964</td><td>1.013</td></tr>
## <tr><td style="text-align:left">F Statistic (df = 1; 95)</td><td>13.340<sup>***</sup></td><td>10.315<sup>***</sup></td><td>14.146<sup>***</sup></td><td>18.337<sup>***</sup></td><td>13.217<sup>***</sup></td></tr>
## <tr><td colspan="6" style="border-bottom: 1px solid black"></td></tr><tr><td style="text-align:left"><em>Note:</em></td><td colspan="5" style="text-align:right"><sup>*</sup>p<0.1; <sup>**</sup>p<0.05; <sup>***</sup>p<0.01</td></tr>
## </table>


The table is provided below: 
	Results for SentimentScore4 Variable

	

	
	Dependent variable:

	
	

	
	Product_Loyalty
	Satisfaction
	Trust
	Intention_Recommend
	Intention_Repurchase

	
	(1)
	(2)
	(3)
	(4)
	(5)

	

	Sentiment_Score4
	0.108***
	0.059***
	0.093***
	0.135***
	0.121***

	
	(0.030)
	(0.018)
	(0.025)
	(0.032)
	(0.033)

	
	
	
	
	
	

	Constant
	2.811***
	3.014***
	2.715***
	2.765***
	3.026***

	
	(0.106)
	(0.066)
	(0.089)
	(0.113)
	(0.119)

	
	
	
	
	
	

	

	Observations
	97
	97
	97
	97
	97

	R2
	0.123
	0.098
	0.130
	0.162
	0.122

	Adjusted R2
	0.114
	0.088
	0.120
	0.153
	0.113

	Residual Std. Error (df = 95)
	0.903
	0.564
	0.758
	0.964
	1.013

	F Statistic (df = 1; 95)
	13.340***
	10.315***
	14.146***
	18.337***
	13.217***

	

	Note: **** p < 0.0001; *** p < 0.001; ** p < 0.01; * p < 0.05;







[bookmark: _Toc476932188][bookmark: _Toc486177306]Appendix 3: Sample Size Table

[bookmark: _Toc485825592]Table 15 : Table for determining sample size from A given population. Printed from (Krejcie & Morgan, 1970)
	N 
	S 
	N 
	S 
	N 
	S 

	10 
	10 
	220 
	140 
	1200 
	291 

	15 
	14 
	230 
	144 
	1300 
	297 

	20 
	19 
	240 
	148 
	1400 
	302 

	25 
	24 
	250 
	152 
	1500 
	306 

	30 
	28 
	260 
	155 
	1600 
	310 

	35 
	32 
	270 
	159 
	1700 
	313 

	40 
	36 
	280 
	162 
	1800 
	317 

	45 
	40 
	290 
	165 
	1900 
	320 

	50 
	44 
	300 
	169 
	2000 
	322 

	55 
	48 
	320 
	175 
	2200 
	327 

	60 
	52 
	340 
	181 
	2400 
	331 

	65 
	56 
	360 
	186 
	2600 
	335 

	70 
	59 
	380 
	191 
	2800 
	338 

	75 
	63 
	400 
	196 
	3000 
	341 

	80 
	66 
	420 
	201 
	3500 
	346 

	85 
	70 
	440 
	205 
	4000 
	351 

	90 
	73 
	460 
	210 
	4500 
	354 

	95 
	76 
	480 
	214 
	5000 
	357 

	100 
	80 
	500 
	217 
	6000 
	361 

	110 
	86 
	550 
	226 
	7000 
	364 

	120 
	92 
	600 
	234 
	8000 
	367 

	130 
	97 
	650 
	242 
	9000 
	368 

	140 
	103 
	700 
	248 
	10000 
	370 

	150 
	108 
	750 
	254 
	15000 
	375 

	160 
	113 
	800 
	260 
	20000 
	377 

	170 
	118 
	850 
	265 
	30000 
	379 

	180 
	123 
	900 
	269 
	40000 
	380 

	190 
	127 
	950 
	274 
	50000 
	381 

	200 
	132 
	1000 
	278 
	75000 
	382 

	210 
	136 
	1100 
	285 
	1000000 
	384 

	Note: N is population size. 





Appendix 4: SurveyQualtrics Survey Software

Qualtrics Survey Software


Dear Survey Participant,
	Survey Serial No. 

	/


My name is Hind Yousif Sahoo. I am a doctoral student at Abu Dhabi University. I am currently conducting a study titled “Sentiment Analysis in the UAE Social Networks Context: The Case of Emirates Telecommunication Corporation /Etisalat” as part of my dissertation. I will be very grateful if you could spare a few minutes of your valuable time to complete the survey, or you can follow survey Link: 
http://eu.qualtrics.com/SE/?SID=SV_3JXjWie9Obdccx7	
You were randomly selected to participate in this study by filling out this survey. The survey will take about 20 minutes of your time. You are under no obligation to participate. If you decide not to participate, you may stop the survey at any point in time.  No personal identification information will be linked to your responses. All data will be kept confidential and used for the research purposes only. 

If you have any questions or concerns about the study, please feel free to contact me using the information provided below:

[image: ]Yours Sincerely


Hind Yousif Sahoo
Mobile No: (050) (4623319) 
P.O Box 369 Sharjah
Email: hisahoo@etisalat.ae / hind.sahoo@gmail.com

1. [bookmark: _Toc471295080][bookmark: _Toc471295656][bookmark: _Toc473716663][bookmark: _Toc473740960][bookmark: _Toc474917707]Screening Question

Q1.1. Are you currently using a data plan from Etisalat?

Yes (if yes, Please continue the survey)
No (if no, Please discontinue the survey)
2. [bookmark: _Toc471295081][bookmark: _Toc471295657][bookmark: _Toc473716664][bookmark: _Toc473740961][bookmark: _Toc474917708]Emotions

Q2.1. Please indicate how often you experience any of the following feelings while using Etisalat's data plan:

	
	
	Never
	Occasionally
	Fairly Many Times
	Very Often
	Always

	
	Interest
	
	
	
	
	

	
	Joy 
	
	
	
	
	

	
	Surprise 
	
	
	
	
	

	
	Sadness 
	
	
	
	
	

	
	Anger 
	
	
	
	
	

	
	Disgust 
	
	
	
	
	

	
	Contempt 
	
	
	
	
	

	
	Fear 
	
	
	
	
	

	
	Shame 
	
	
	
	
	

	
	Guilt 
	
	
	
	
	





Q2.2. Please indicate how much you agree or disagree with the following statements about Etisalat's data plan:
	
	
	Strongly Disagree
	Disagree
	Neither Agree nor Disagree
	Agree
	Strongly Agree

	
	Using Etisalat's data plan makes me feel unpleasant 
	
	
	
	
	

	
	I dislike Etisalat's data plan very much 
	
	
	
	
	

	
	Using Etisalat's data plan leaves me with a bad feeling 
	
	
	
	
	


 I like Etisalat's data plan very much 
 Using Etisalat's data plan makes me feel pleasant 
 Using Etisalat's data plan leaves me with a good feeling 


Q2.3. Below is another list of feelings. We would like to know to what extent you have experienced any of the following when using Etisalat’s data plan:
	
	
	Never
	Almost
	Occasionally
	Almost 
Every Time
	Every Time

	
	Fun
	
	
	
	
	

	
	Entertaining 
	
	
	
	
	

	
	Amusing 
	
	
	
	
	

	
	Comfortable 
	
	
	
	
	

	
	Felling good 
	
	
	
	
	

	
	Happy 
	
	
	
	
	

	
	Satisfied 
	
	
	
	
	

	
	Joy	
	
	
	
	
	

	
	


3. [bookmark: _Toc471295082][bookmark: _Toc471295658][bookmark: _Toc473716665][bookmark: _Toc473740962][bookmark: _Toc474917709]Review

Q3.1. Think about a time when you had a positive or negative experience with Etisalat's data plan. Please describe one of these experiences in detail using the space provided below. Please provide us with at least 10 sentences. The more you write, the better we can understand your experiences!

………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………………

4. [bookmark: _Toc471295083][bookmark: _Toc471295659][bookmark: _Toc473716666][bookmark: _Toc473740963][bookmark: _Toc474917710]Loyalty

Q4.1. Please indicate how much you agree or disagree with the following statements about Etisalat's data plan:
	
	
	Strongly Disagree
	Disagree
	Neither Agree
nor Disagree
	Agree
	Strongly Agree

	
	I will continue to choose an Etisalat data plan over data plans from other providers
	
	
	
	
	

	
	I will continue to choose Etisalat's data plan over others 
	
	
	
	
	

	
	I will continue to favor the offerings of Etisalat over 
others 
	
	
	
	
	

	
	I will always choose to use an Etisalat's data plan over data plans from other providers 
	
	
	
	
	

	
	I say positive things about my Etisalat's data plan to 
other people 
	
	
	
	
	

	
	I recommend Etisalat's data plans to someone who seeks my advice 
	
	
	
	
	

	
	I encourage friends and relatives to do business with Etisalat
	
	
	
	
	

	
	I consider Etisalat my first choice in data plan services 
	
	
	
	
	

	
	I make an effort to use Etisalat for all of my data 
plan needs
	
	
	
	
	

	
	I would recommend
Etisalat's data plans to others 
	
	
	
	
	

	
	I have repeatedly found that Etisalat's data plans are better than other data plans offered by other providers 
	
	
	
	
	

	
	I nearly always find the data plan offerings of Etisalat inferior to data plans from other providers 
	
	
	
	
	

	
	I have repeatedly found
Etisalat's data plans inferior to data plans from other providers
	
	
	
	
	

	
	Repeatedly, the performance of Etisalat’s data plan is superior to that of competing firms
	
	
	
	
	

	
	



5. [bookmark: _Toc471295084][bookmark: _Toc471295660][bookmark: _Toc473716667][bookmark: _Toc473740964][bookmark: _Toc474917711]Satisfaction

Q5.1. Please indicate how much you agree or disagree with the following statements about Etisalat's data plan:
	
	
	Strongly Disagree
	Disagree
	Neither Agree nor Disagree
	Agree
	Strongly Agree

	
	Etisalat’s data plan is one of 
the best data plans I could have bought
	
	
	
	
	

	
	Etisalat’s data plan is exactly what I need
	
	
	
	
	

	
	Etisalat’s data plan hasn't worked out as well as I thought it would 
	
	
	
	
	

	
	I am satisfied with my decision to buy an Etisalat's data plan 
	
	
	
	
	

	
	Sometimes I have mixed feelings about continuing my subscription with Etisalat's 
data plan 
	

	

	

	

	


	
	My choice to buy an 
Etisalat's data plan was a wise one
	
	
	
	
	

	
	If I could do it over again, I'd buy a different data plan 
	
	
	
	
	

	
	I have truly enjoyed my data plan from Etisalat
	
	
	
	
	

	
	I feel bad about my decision to buy an Etisalat's data plan
	
	
	
	
	

	
	I am not happy that I bought Etisalat's data plan
	

	

	

	

	


	
	Owning an Etisalat's data plan has been a good experience
	
	
	
	
	

	
	I'm sure it was the right thing to buy a data plan from Etisalat 
	
	
	
	
	

	
	I am satisfied with my overall experience with Etisalat’s data plan 
	
	
	
	
	

	
	As a whole, I am not satisfied with Etisalat’s data plan 
	
	
	
	
	

	
	Overall I am satisfied with the quality of Etisalat's data plan 
	
	
	
	
	




6. [bookmark: _Toc471295085][bookmark: _Toc471295661][bookmark: _Toc473716668][bookmark: _Toc473740965][bookmark: _Toc474917712]Trust

Q6.1. Please indicate how much you agree or disagree with the following statements about Etisalat:

	
	
	Strongly Disagree
	Disagree
	Neither Agree nor Disagree
	Agree
	Strongly Agree

	
	Etisalat cannot be trusted at times
	
	
	
	
	

	
	Etisalat is perfectly honest and truthful
	
	
	
	
	

	
	Etisalat can be trusted completely
	
	
	
	
	

	
	Etisalat can be counted on to do what is right
	
	
	
	
	

	
	Etisalat is always faithful
	
	
	
	
	

	
	Etisalat is someone that I have great confidence in
	
	
	
	
	

	
	Etisalat has high integrity
	
	
	
	
	

	
	


7. [bookmark: _Toc471295086][bookmark: _Toc471295662][bookmark: _Toc473716669][bookmark: _Toc473740966][bookmark: _Toc474917713]Intention to Recommend

Q7.1. Please tell us about your intention to recommend Etisalat's data plan: 

	
	
	Strongly Disagree
	Disagree
	Neither Agree nor Disagree
	Agree
	Strongly Agree

	
	I would spread some positive word-of-mouth about Etisalat's data plan
	
	
	
	
	

	
	I would recommend 
Etisalat’s data plan to my friends 
	
	
	
	
	

	
	If my friends were looking for a data plan, I would tell 
them to try Etisalat’s data plans
	
	
	
	
	

	
	I advocate for Etisalat's data plans to people I know
	
	
	
	
	

	
	I mention Etisalat’s data plan in a positive way in conversations that I have with friends and acquaintances
	
	
	
	
	

	
	In social situations, I often speak favorably about Etisalat's data plan
	
	
	
	
	






8. [bookmark: _Toc471295087][bookmark: _Toc471295663][bookmark: _Toc473716670][bookmark: _Toc473740967][bookmark: _Toc474917714]Purchasing Intention

Please indicate your intention to repurchase/resubscribe to Etisalat's data plan: 

Q8.1. How likely will you repurchase/resubscribe to an Etisalat's data plan again?
Highly unlikely
Unlikely
Neutral 
Likely
Highly likely


Q8.2. How probable is it that you will continue using Etisalat's data plans?
Highly improbable
Improbable
Neutral
Probable
Highly probable

Q8.3. How certain is it that you will purchase an Etisalat's data plan?
Highly uncertain
Uncertain
Neutral
Certain
Highly certain

Q8.4. what chance is there that you will repurchase/re-subscribe to an Etisalat's data plan?
No chance at all
Very little chance
Neutral 
Some change
Very good chance


9. [bookmark: _Toc471295088][bookmark: _Toc471295664][bookmark: _Toc473716671][bookmark: _Toc473740968][bookmark: _Toc474917715]Respondent Profile

Q9.1. What is your gender?

 
Male
Female

Q9.2.  What is your age?

	        
	18 – 24 years old
	        
	45 – 54 years old

	[image: ]
	25 – 34 years old
	[image: ]
	55 – 65 years old

	[image: ]
	35 – 44 years old
	[image: ]
	65+ years old



Q9.3. What is the highest level of education that you have achieved? 

Less than secondary school
Diploma
Bachelor’s degree
Master degree
Doctoral degree

Q9.4. What is your employment status?

Student
Employed
Retired
House wife
Unemployed

Q9.5. Which sector are you working in? Please select "None" if you are not working.

Government sector Semi-government
Private sector
None

Q9.6. What is your monthly income?

	        
	Less than AED 5000
	        
	AED 20,001 - AED 25,000

	[image: ]
	AED 5,001 - AED 10,000
	[image: ]
	AED 25,001 - AED 30,000
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	AED 10,001 - AED 15,000
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	AED 30,001 - AED 50,000

	[image: ]
	AED 15,001 - AED 20,000
	[image: ]
	Above AED 50,000




Social Community 


Twitter


Blogs


Come2Play


Social Commerce


Facebook/TripAd


Social Entertain-ment


Second Life


MySpace


LivingSocial/Payvment 


Groupon/Snipi 


Social Publishing 


Facebook


LinkedIn


Google Plus


Blogger/Blogspot/   Technorati


Media Sites:


YouTube/Flicker/ Picasa /SmugMug


SlideShare/Scribd


Zynga


uGame


VideoGenie


TripAdvisor
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