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ARTICLE INFO ABSTRACT

Keywords: Business firms are increasingly innovating their traditional business model to a technology-enabled digitalized
Digital transformation model for their sustainability in the competitive market. Firms have already felt the necessity to embark on a
AI-CRM digital transformation journey to sustain themselves. However, specific capabilities at the microfoundation level
Microfoundation

are needed for successfully exploiting this paradigm shift towards digital transformation. In the digital trans-
formation journey, specific digital skills and capabilities at the microfoundational level are essential to achieve
success. The psychological foundations of the employees should be aligned in favor of digitalization to suc-
cessfully gain competitive advantage. Not many studies are available to understand individual capabilities and
skills at the microfoundational level. In this background, the aim of this study is to investigate the role of in-
dividual capability at the microfoundational level, including the leadership role along with technology capability
like an Al-enabled CRM system, towards digitalization. With the help of RBV theory and status quo bias theory, a
theoretical model has been developed which was later validated using SEM technique with data of 341 re-
spondents from different industries. The study finds that there is a significant influence of individuals’ skills and
capabilities to embrace the digital transformation journey.

Leadership support
Resistance to change
Perceived risk

1. Introduction

Business firms have already realized the essentiality to take part in
the present trend of digital transformation journey to be competitive in
this rapid changing global business environment (Li, 2018). This para-
digm shift has dramatically changed the business style, activities, and
has made the firms learn how to successfully capture values and op-
portunities (Mithas, Tafti, & Mitchell, 2013; Hopp, Antons, Kaminski, &
Oliver Salge, 2018). Various technologies like artificial intelligence (AI),
blockchain, social media, and so on have brought a drastic change in the
business process. There has been a dramatic shift how the employees
update the customer relationship management (CRM) tool in their firms
in real time so that performance of the firms can be improved, and they
can remain competitive (Bresciani, Ferraris, & Del Giudice, 2018;
Gunasekaran et al., 2017; Wamba, Gunasekaran, Dubey, & Ngai, 2018;
Bertello, Ferraris, Bresciani, & De Bernardi, 2020). However, it is
essential to develop the individual characteristics, skills, and key
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capabilities to master this revolution of digital transformation. Thus, the
global consulting firms are found to be hugely relying on the importance
of the human skills responsible to harness the benefits of digital trans-
formation. Very little is known about the critical role and contribution at
the individual level in this digital transformation journey (Barney &
Felin, 2013). It is not clear how the firms could use the individuals to
extract best potentials of digital transformation and how the individuals’
psychological foundation and characteristics could be congenial with
this digital transformation philosophy (Zimmermann, Hill, Birkinshaw,
& Jaeckel, 2020; Picone, De Massis, Tang, & Piccolo, 2021). In such
scenario, it will not be exaggeration to observe that change management
abilities of the firms are needed for digital transformation to relish the
boon of the contribution of modern technology like Al For this, over-
hauling of the human resource management abilities of the firms is
necessary (Benson, Johnson, & Kuchinke, 2002; Sousa & Rocha, 2019).
Digital transformation in the business firms is essential to achieve
competitive advantage. It is essential to weigh and assess the
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antecedents concerns with innovative response behaviors of the indi-
vidual employees who are the pillars for ensuring success by using
digital technologies (Goepel, Holzle, & zu Knyphausen-AufseB, D., 2012;
Dhir, Pallesen, Torsheim, & Andreassen, 2016). In this context, the role
of the individual managers and the leadership of the firms for bringing a
wave of digital culture in the business firms is crucial which is expected
to motivate the employees to adopt digital culture (Singh & Hess, 2017).
The business firms are needed to change the style and process by over-
coming the existing routine rigidities (Clauss, Abebe, Tangpong, &
Hock, 2019; Belyaeva, Shams, Santoro, & Grandhi, 2020). Hence, it is
construed as a great challenge how to enhance the skills, and abilities of
the individual employees to smoothly adopt digital technologies in the
business firms (Haefner, Wincent, Parida, & Gassmann, 2020; Mas &
Gomez, 2021). The present study has contributed that the employees’
intention to use a AI-CRM system in their organizations will help the
organizations to actually use the digital technologies towards achieving
competitive advantage under the moderating influence of the leadership
support. In this perspective, it is pertinent to mention here that the
extant literature is scant to provide pragmatic guidelines and insights
what specific technology will be helpful towards such digital trans-
formation, how individual characteristics, skills, and capabilities could
master such digital transformation by successfully using AI-CRM tech-
nology and how the business firms could achieve competitive advantage
by being a part of such digital transformation journey. Thus, it has
become evident that digital transformation needs superior abilities for
change management, and digital transformation is needed for the
development of HRM (Human Resource Management) practices (Sousa
& Rocha, 2019). It implies that it is necessary to realize why digitali-
zation is not merely a technological issue but a strategy where the
human dimension plays a critical role (Tabrizi, Lam, Girard, & Irvin,
2019). However, empirical evidence suggests that employees who feel
uncertain and that their workload has increased might reject the new
digital strategies (Yeow, Soh, & Hansen, 2018). Nevertheless, the extant
literature is found scant in investigating the managerial role for digital
transformation as well as the part that organization leadership plays in
stimulating a digital culture in their companies. In this context, the aim
of this study is to address the following research questions (RQs).

RQ1: If individual capability at the microfoundational level could
influence the digital transformation journey of the business firms?
RQ2: How technology like AI-CRM can influence the digital trans-
formation of organizations?

RQ3: Whether there is any moderating effect of leadership support at
the microfoundational level to influence the digitization process of
the business firms?

To answer the research questions, some theoretical streams have
been integrated. Digital transformation is perceived to help the firms to
gain competitive advantage. In this study, digital transformation is
ensured by using AI-CRM tool along with the individual capability at the
microfoundational level. The individuals will have the motivation to use
the digital technology and resources if they can accrue the capability
which has the roots in resource-based view (RBV) theory (Barney,
1991). Also, the leadership ability can overcome the initial resistance
offered by the employees for such change which is in consonance with
status quo bias theory (Samuelson & Zeckhauser, 1988). These two
theories could interpret how different factors could impact the digital
transformation journey of the business firms. In this context, a theo-
retical model has been developed conceptually and has been validated
statistically. The findings of this study contribute that individual capa-
bility at the microfoundational level influences the digital trans-
formation journey of the business firms. Moreover, the study also
confirms that digital technology like AI-CRM ensures the digital trans-
formation of the firm. Finally, the study documented that there is a
significant moderating effect of leadership support at the micro-
foundational level which impacts the digitization process of the business
firms to ensure competitive advantage.
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The remainder of the manuscript is arranged as follows. Section 2
presents the literature review followed by discussions on the theoretical
underpinning as well as the hypotheses development in section 3.
Thereafter, in section 4, the research methodology has been detailed,
which is followed by the analysis of data, with results in section 5. Next,
in section 6, the authors discuss the results of this study along with
theoretical and practical contributions. At the end, in subsection 6.3, the
authors discuss the limitations of this study along with future scope of
research.

2. Literature review

In the business context, digital transformation has focused on
changing the existing conventional business model (von Leipzig et al.,
2017) whereas Li (2018) interpreted digital transformation is the new
ways of doing the business. Again, other studies have documented
emerging technological factors which could drive digital trans-
formation. Nadeem et al. (2018) explained digital transformation by
interlinking it with firms’ structural changes, cross-functional integra-
tion (digital business strategy), as well as talent, skill, expertise, oper-
ational ability of the individuals responsible to ensure such paradigm
shift (microfoundation). In the industrial marketing segment, applica-
tions of Al are well acknowledged as one of the important digital tech-
nologies. It helps to improve the CRM technology which is expected to
ensure competitive advantages to the business firms (Dwivedi et al.,
2019; de Jong, de Ruyter, Keeling, Polyakova, & Ringberg, 2021; Mus-
tak, Salminen, Pl¢é, & Wirtz, 2021; Vlaci¢, Corbo, Costa e Silva, & Dabic,
2021; Samuel, Kashyap, Samuel, & Pelaez, 2022). Digital technology
like AI helps to accurately analyze huge volumes of customers’ data
quickly which can improve the CRM activities of the firms (Kabra,
Ramesh, Akhtar, & Dash, 2017; Sharma, Al-Badi, Rana, & Al-Azizi,
2018; Dimitropoulos, Koronios, Thrassou, & Vrontis, 2020). Thus, dig-
ital transformation and digitalization are found to have been developing
exponentially (Hess, Matt, Benlian, & Wiesbock, 2016; Scuotto, Santoro,
Bresciani, & Del Giudice, 2017; Ferraris et al., 2021; Li et al., 2022).
Applications of digital technology like Al, internet of things, social
media networks, blockchains, bigdata analytics and so on are found to
have changed the business model of the firms and has enhanced the
performance of the firms (Alberti-Alhtaybat, Al-Htaybat, & Hutaibat,
2019; Enkel, Bogers, & Chesbrough, 2020; Harel, Schwartz, & Kauf-
mann, 2021; Bresciani et al., 2021a, 2021b). Studies have demonstrated
that big data analytics and usage of social media in digital marketing
improve performance of the firms (Ferraris, Mazzoleni, Devalle, &
Couturier, 2018; Song, Xia, & Vrontis, 2022). Knowledge management
abilities, managerial understanding, and networking capabilities help a
business firm to derive business benefits through the process of digital
innovation (Muninger, Hammedi, & Mahr, 2019; Hizir, 2022). To ensure
digital transformation in a successful way, the employees of the firms
should adopt digital culture with the help of digital leadership capability
(El Sawy, Kreemmergaard, Amsinck, & Vinther, 2016; Bresciani et al.,
2021a, 2021b; Rialti, Marrucci, Zollo, & Ciappei, 2022). Besides, in the
context of relationship management of the firms with the customers,
necessity is there to strengthen the firms> CRM activities and it can be
achieved by the integration of AI with the existing CRM system of the
firms (Graca, Barry, & Doney, 2015). Integration of Al with the legacy
CRM system helps in the process of offering personalized services to the
customers, and segmentation of the customers on a real-time basis
(Graca et al., 2015). There are several advantages of digitalization by
using AI-CRM (Mithas, Jones, & Mitchell, 2002; Nguyen, Chatterjee,
Ghosh, & Chaudhuri, 2019, Margiono, 2021). However, there are also
challenges while adopting Al integrated CRM system in the firms. Em-
ployees’ resistance to change to use AI-CRM technology, other risk
factors including technological uncertainty, privacy issues, security
concerns and so on could demotivate the intention of the employees to
use AI-CRM technology to its full potentials (Kim & Kankanhalli, 2009;
Nicolle, Fleming, Bach, Driver, & Dolan, 2011; REF2020). For such
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digital transformation in the firms, the role of leadership is critical that
can help the employees to be motivated to use digital technologies to
overcome their feelings of uncertainty (Kim, Lee, & Rha, 2017). The
skill, expertise, and capabilities of the leadership will help to dissuade
the employees from offering initial resistance to use various digital
technologies in the firms (Zhang, Gao, Zhang, & Lu, 2020). While the
global consulting firms and practitioners could realize the importance of
individual capability for ensuring digitization in the firms, little is
known how such individuals’ capability at the microfoundational level
could be managed effectively by the leadership of the firms in terms of
the individuals’ psychological foundations (Picone et al., 2021). It was
observed that the extant literature of digital transformation, digital
strategy, as well as digitalization in an exponential pace, has been
enriched during the last few years (Bertello et al., 2020). Studies have
also unveiled how applications of Al IoT, Blockchain, and so on could
revolutionize the business processes of organizations. Other studies have
demonstrated that applying these modern technologies has considerable
impacts on internationalization (Bertello et al., 2020), business activ-
ities, and eventually on business performance of the organizations
(Gunasekaran et al., 2017).

3. Theoretical underpinning and development of hypotheses
3.1. Theoretical underpinning

The present study has taken a holistic attempt for recognizing the
importance of initiating digital transformation journey for remaining
competitive in the global market (Li, 2018). In this vein, this study
proceeds to identify some salient factors which could impact the in-
dividuals’ capabilities at the microfoundational level for using digital
technologies like Al integrated CRM system. For achieving this, the in-
dividuals are needed to develop such capabilities for utilizing different
valuable, rare, inimitable, and non-substitutable resources to eventually
achieve competitive advantage. In this context, the present study has
taken help of resource-based view (RBV) theory with its extension
(Barney, 1991). RBV is considered a managerial framework for deter-
mining the strategic measures of a firm, which the firm can exploit to
achieve sustainable competitive advantage. In RBV theory, managerial
attention is principally focused on the firm’s internal resources, espe-
cially the individual capabilities at the microfoundational level, to
accurately identify their competencies, assets, and resources that the
firm can utilize to gain superior competitive advantage.

The RBV theory suggests that firms are expected to develop firm-
specific core competencies at the microfoundational level which helps
the firms to outperform their competitors by doing things in a better way
(Prahalad & Hamel, 1990). The extended form of RBV helps to extract
data from several sources for information which is appropriate in the
dynamic market (Gunasekaran et al., 2017). The theory highlights that
to achieve better competitive advantage by using digital technologies
like AI-CRM technology, the individuals at the microfoundational level
need to identify the opportunities to develop the reconfiguring capa-
bilities (Fainshmidt, Pezeshkan, Frazier, Nair, & Markowski, 2016). In
this perspective, the employees of the firms need to learn how to easily
handle the technological operations. It is argued that along with these
abilities, the employees of the firms must possess relationship satisfac-
tion capability, personalized service ability, and real time business an-
alytics capability to attract, retain, and enhance the number of
customers. For this, the individuals at the microfoundational levels of
the firms must be able to acquire valuable, rare, inimitable, and non-
substitutable data, which is the core theme of RBV theory.

The firms in this digital era are trying to develop their business model
ecosystem using disruptive technology. But the issue of resistance to
change to use a new technology has caused delays, budget overruns, and
even total failures in implementing the new model using disruptive
technology (Vrhovec, Hovelja, Vavpotic, & Krisper, 2015). Such resis-
tance to change from the employees can be interpreted by status quo
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bias (SQB) theory (Samuelson & Zeckhauser, 1988). This theory posits
that individuals normally will prefer not to switch at all unless they will
have the possibility of enjoying benefits from the changes that outweigh
the risks. However, there are some factors that cause employees to resist
change and to maintain the status quo. These factors include transaction
cost, fear of retrenchment, inability to learn new technology, psycho-
logical commitment, as well as regret avoidance (Nicolle et al., 2011;
Gal & Rucker, 2018). SQB theory posits that individuals have the ten-
dency not to be involved in any change and, in this context, concept of
inertia emerges. Individuals cannot predict how they will gain when
they initially start to use a new technology, and as such they resist the
change (Bostrom & Ord, 2006; Reisch & Zhao, 2017).

Thus, to overcome the inertia, which impedes employees’ intention
to use the technology, the role of leadership support is perceived to be
critical (Liu, 2015; Li & Sun, 2015). The leadership of the firm must
motivate the employees to be aligned to use the new technology. In the
present study, the leadership of the firms should influence the em-
ployees to use AI-CRM ecosystem-based applications and business
model, which is perceived to impact the firms’ competitiveness (Zhang
et al., 2020). Thus, resistance to change is considered to impede em-
ployees from using AI-CRM applications in the absence of appropriate
support by the firms’ leadership teams.

3.2. Development of hypotheses

From the inputs of the literature review and the theoretical under-
pinning, it has been possible to identify the determinants impacting
firms’ intention to use an AI-CRM-enabled business model. In this sec-
tion, the determinants will be explained, and the hypotheses will be
formulated to develop a theoretical model.

3.2.1. Relationship satisfaction (RS)

Previously, most of the firms had felt uncertain about the effective-
ness and productivity of their CRM programs and had considered such
CRM-related programs as burdens on their marketing budgets (Hassan,
Nawaz, Lashari, & Zafar, 2015; Piccolo, Chaudhuri, & Vrontis, 2021).
But with the rapid development of ICT and due to rapid change of
marketing dynamics, firms have realized the importance of under-
standing customer needs and have been trying to tailor their product and
service offerings commensurate with customers’ needs in a sustainable
competitive manner that they expect will yield considerable incremental
sharable value (Thrassou, Chatterjee, Chaudhuri, Vrontis, & Ghosh,
2021). Since digitalization is booming among businesses, firms could
realize the effectiveness of initiating digital transformation journey by
using AI-CRM tool which is expected to help integrate firms’ entire
supply chain to create customer value at every step by either increasing
benefits for the customers or by lowering costs of products or services to
ensure customers have better relationship satisfaction (Anderson, For-
nell, & Mazvancheryl, 2004; Chatterjee, 2019a).

Customers’ relationship satisfaction can be achieved through seam-
less coordination with the customers in the context of meeting their
needs by quickly responding to customers’ touch functions and
addressing their pain points (Mithas et al., 2002). Customers with
increased satisfaction will return to the firm again and again for its
products and services (Westbrook & Oliver, 1991; Tamilmani, Rana, &
Sharma, 2021). The relationship satisfaction is perceived to impact the
intention of the individuals working at the microfoundational level of
the firms to use digital technology like Al integrated CRM system in a
more efficient manner. Accordingly, it is hypothesized as follows.

H1a: Relationship satisfaction (RS) positively impacts the intention to use
an AI-CRM-enabled business model (AIBM) to improve the digitalization
process of the firms.

3.2.2. Personalized services ability (PS)
It has been observed that, prior to the initiation of firms’
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digitalization process, consumption of information and its distribution
had taken place through limited channels. Big brands had been visible to
a large population through advertisements in the print media (Balak-
rishnan & Dwivedi, 2021). After seeing such advertisements, customers
picked up items of their choice, but the items were not prepared to
customers’ choice of features (Thrassou et al., 2021). With the
advancement of new technologies, the customer relationship concept
has undergone a considerable change (Chaudhuri, Vrontis, Thrassou, &
Ghosh, 2021). Firms have now realized that poor quality customer
service may impact their profitability and competitive advantages
(Zhang et al., 2020).

Better personalized customer services have become unique selling
propositions of the firms. Personalization of services now plays a critical
role in attracting more customers and maintaining relationships with
them (Borges, Laurindo, Spinola, Goncalves, & Mattos, 2021; Dwivedi,
Chatterjee, & Rana, 2021). Personalization is conceptualized as refining
the products or services for an individual customer by analyzing the data
concerning that particular person (Nguyen et al., 2019). The concept of a
firm providing personalized service, in the context of using digital
technology like AI-CRM ecosystem-based business model, has scope to
attract and retain customers, since they can order items or services ac-
cording to their specific needs and choice when using an online plat-
form. The firms also analyzing such data can deliver the items or services
according to the customers’ specific choice (Thrassou et al., 2021). Such
personalized service ability is considered as one of the VRIN capabilities
of the employees of the firms, in conformity with RBV theory (Barney,
1991). Personalized service ability needs to serve strong, automated
platform-based services to the customers that meet their specific needs,
thus enhancing the customers’ loyalty (Chatterjee, Ghosh, & Chaudhuri,
2020; Balakrishnan & Dwivedi, 2021). Accordingly, it is hypothesized as
follows.

H1b: Personalized service ability (PS) by the employees of the firms
positively impacts the intention to use an AI-CRM-enabled business model
(AIBM) to improve the digitalization process of the firms.

3.2.3. Real time analytics capability (RA)

Real time analytics is used for describing those technologies which
help to facilitate automated decision-making (Nguyen et al., 2019). It is
observed that sometimes practitioners use CRM analytics and real time
analytics interchangeably. However, there are differences between these
two. Automated decision-making can be accomplished by real time
analytics, whereas CRM analytics refers to business intelligence which
can analyze data to provide effective and managerial insights that help
to better understand potential customers (Chatterjee, 2019a; Chaudhuri
et al., 2021). Real time analytics capability is considered as a specific
ability of the individuals at the microfoundational level which brings
value, and this capability is rare in terms of RBV theory (Barney, 1991).
Through real time analytics, employees of the firms can quickly process
an incoming customer request against structured, predefined business
rules or data algorithms to determine the best course of action to be
taken to satisfy potential customers’ requests (Dwivedi et al., 2020;
Basile, Chatterjee, Chaudhuri, & Vrontis, 2021). This technique is
deemed to be useful for the firms, but they need to have an appropriate
application of digital technology like Al-enabled CRM ecosystem for this
type of analytics. Accordingly, the following hypothesis is proposed.

Hlc: A firm’s real time analytics capability (RA) positively impacts its
intention to use an AI-CRM-enabled business model (AIBM) to improve
the digitalization process of the firms.

3.2.4. Resistance to change (RC)

As the success of using a new technology mainly depends on the
users, the extant literature appears to have investigated the issue of
resistance to change from the users’ perspective (Kim & Kankanhalli,
2009). Markus (1983) argued that the prospect of the threat of loss
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explains that resistance to change depends on firms’ internal factors,
poor user experience, bad system design, as well as flaws in design
features. From the cost-benefit perspective, Joshi (1991) concluded that
users resist change because of perceived inequity. Lack of leadership
support also is considered as a major reason that instigates the user to
resist accepting change (Aga, Noorderhaven, & Vallejo, 2016; Shao,
Feng, & Hu, 2016; Chatterjee et al., 2020).

Resistance to change by the employees of firms, in the context of
adopting of a digital technology like AI-CRM ecosystem, can be
explained by SQB theory (Samuelson & Zeckhauser, 1988). The em-
ployees resist changes because they have an inherent tendency to
maintain the status quo (Nicolle et al., 2011). Besides, other causes that
also provoke employees to adhere to the existing legacy system include
regret avoidance, psychological constraints, and fear of learning new
things (Gal & Rucker, 2018). Individuals prefer to have no change that
disturbs the status quo unless it is confirmed that the benefits outweigh
the risks (Zhang et al., 2020). Accordingly, it is hypothesized as follows.

H2a: Resistance to change (RC) by the employees of a firm negatively
impacts their intention to use an AI-CRM-enabled business model
(AIBM).

3.2.5. Perceived risk (PR)

Perceived risk (PR) mainly comprises technology risk and security
risk (Rana, Dwivedi, & Akter, 2022). A business firm’s success is
adversely affected by technical failure (Khaksar, Khosla, Singaraju, &
Slade, 2019). Applications of digital technology like AI-CRM needs to be
adopted by the individual employees of the firms at the microfounda-
tional level with appropriate precaution. Modern digital technology like
AI-CRM can take decision on its own. But if the underline Al algorithm is
biased then it can take wrong decision which could invite risks for the
employees for taking inappropriate decision based on inappropriate
recommendations of AI-CRM application (Yeoh, 2019). The nature and
characteristics of technology risks undergo continuous change with the
arrival of industry 4.0, but, if these are not applied appropriately, they
could impact a firm’s competitive edge (Nguyen et al., 2019). Firms
need to adopt risk management mechanisms that address the risks, as
observed in a survey conducted by KPMG (2017). Security risk includes
information security risk that concerns the vulnerabilities related with
firms’ processes and practices in using various sophisticated information
systems (Kuo, Shihping, & Yen-Chun, 2010). A firm can create a security
risk if it lacks a proper contingency plan, as without such plan, a firm can
hardly address any risks that might occur (Post & Kagan, 2006). Thus,
perceived risk could impact the employees of the firms for not adopting
modern digital technology like AI-CRM to its full potential. This
perceived risk could also negatively impact the lower adoption of digital
technology by the employees which may negatively impact the
competitiveness of the firms. Accordingly, it is hypothesized as follows.

H2b: Perceived risk (PR) negatively impacts on employees’ intention to
use AI-CRM enabled business model (AIBM).

3.2.6. Intention to use AI-CRM enabled business model (AIBM)

Intention is considered a motivational factor that influences an in-
dividual to exhibit a specific behavior (Dwivedi et al., 2020; Chatterjee,
2019b). Whenever an individual’s intention is seen to be stronger to-
wards a behavior, it is likely that the individual would perform that
specific behavior (Borges et al., 2021). Behavioral intention of the em-
ployees of a firm is manifested through the behavior of the employees of
that firm. Intention of employees of a firm to use digitally empowered
AI-CRM ecosystem-enabled business model is considered as an impor-
tant determinant to comprehend the actions of the employees to intend
to use the model (Scott & Christian, 2012; Wu, Cheng, & Ai, 2018).
Intention of an individual is exhibited through two categories, which are
favorable intention and unfavorable intention (Thrassou et al., 2021).
Favorable intention motivates the individuals to perform the concerned
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Fig. 1. The conceptual model.

action (Baker & Crompton, 2000; Chatterjee, 2015). If employees
contemplate that using AI-CRM ecosystem-based business model would
benefit them as well as their firms, then they would intend to use the Al-
CRM ecosystem-based applications for their firms’ betterment and to
improve their own performance (Chen & Chen, 2010).

By improving relationship satisfaction, personalized service ability,
and real time analytics capability, the leadership of the firms can
enhance their employees’ perceptions or the advantages in using Al-
CRM. But employees’ resistance to change and their perceptions of
risks create disadvantages in using the AI-CRM in the firms. The lead-
ership team should encourage the employees to use new technology to
get all the benefits of that technology, which could eventually help them
to overcome their attitude about change and to use the new technology.
Accordingly, it is hypothesized as follows.

H3: Intention to use an AI-CRM-enabled business model (AIBM) posi-
tively impacts actual AI-CRM usage (ACU) in the firm.

3.2.7. Actual AI-CRM usage (ACU) and competitive advantage (CA)

Studies have unveiled that digital transformation has invited revo-
lutionary change in the business practices of the firms (Bertello et al.,
2020). In such context, use of digital technology like AI-CRM could
benefit the firms with the appropriate applications of AI algorithms.
Appropriate usage of firms’ complementary resources, which are valu-
able, rare, inimitable, and non-substitutable, will derive the best benefits
for the firms when they use AI-CRM (Borges et al., 2021; Balakrishnan &
Dwivedi, 2021). In such cases, the firms will outperform their counter-
parts in making accurate and quick decisions (Grover, Kar, & Dwivedi,
2020; Dwivedi et al., 2020). This concept is in conformity with RBV
theory (Barney, 1991).

In the new business landscape, firms have become customer centric
and are always engaged in collecting customer data to understand cus-
tomers’ actual needs (Stein, Smith, & Lancioni, 2013; Chatterjee et al.,
2020). But manually analyzing such huge volumes of data is difficult and
sometimes impossible. That is why the usage of Al integrated with CRM
is essential (Nguyen et al., 2019). In this way, it is perceived that the
firms will be able to increase their market share. Accordingly, it is hy-
pothesized as follows.

H4: Actual AI-CRM usage (ACU) positively impacts the competitive
advantage (CA) of a firm.

3.2.8. Moderating effects of leadership support (LS)
In a variable relationship between two constructs, a third variable
may influence the relationship by accelerating the relationship,
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retarding the relationship, or even, in some cases, by altering the di-
rection of the relationship. This third variable is called the “moderating
variable”. It is a common experience that whenever a firm tries to
implement a new system or a new technology, expecting to gain more
competitive advantage, its employees are found to exhibit implicit and
explicit behaviors to resist such change (Kim & Kankanhalli, 2009;
Rialti, Zollo, Ferraris, & Alon, 2019). The reasons for their resistance are
threat perception, uncertainty, fear of job insecurity, learning inability,
and so on (Kim et al., 2017). This idea is commensurate with SQB theory
(Samuelson & Zeckhauser, 1988). Studies have demonstrated that such a
situation can be resolved by the active support of leadership (Zhang
et al., 2020). Other studies also subscribe a similar view that leadership
support can act as a favorable factor to help reduce employees’ resis-
tance and can ensure successful implementation and adoption of the
new system in the firm (Shao et al., 2016). Leadership captures the
behavior which “asserts absolute authority and control over sub-
ordinates and demands unquestionable obedience” (Cheng, Chou, Wu,
Huang, & Farh, 2004, p. 89). In changing employees’ attitudes, it ap-
pears that leadership support plays a crucial role (Schepers, Wetzels, &
De Ruyter, 2005; Chatterjee et al., 2020). Strong leadership support is
perceived to help transform the intention of the employees in favor of
using digital technology like AI-CRM in the firms. In this context, the
following hypothesis is formulated.

Hb5: Leadership support (LS) moderates the relationship between intention
to use AI-CRM enabled business model (ACBM) and actual AI-CRM
usage (ACU).

With all these discussions, a theoretical model is proposed concep-
tually which is shown in Fig. 1.

4. Research methodology

For hypotheses testing and for validating the proposed theoretical
model, the partial least squares (PLS) — structural equation modeling
(SEM) technique was preferred, as it can analyze an exploratory study
like this (Peng & Lai, 2012). This technique helps to analyze a complex
model in a simple way (Vinzi, Trinchera, & Amato, 2010; Akter, Fosso
Wamba, & Dewan, 2017). The PLS-SEM technique gives liberty to
analyze such data which are not normally distributed, though that is not
permitted in the covariance-based SEM approach (Rigdon, Sarstedt, &
Ringle, 2017; Kock & Hadaya, 2018; Akram, Saeed, Bresciani, Rehman,
& Ferraris, 2022). Moreover, this technique does not provide any re-
striction in the sample size (Willaby, Costa, Burns, MacCann, & Roberts,
2015; Hair, Sarstedt, Ringle, & Gudergan, 2018). A survey is conducted
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to collect feedback from the respondents against a set of structured
questions (questionnaire). The feedback is quantified using a standard
scale, and in this study, a 5-point Likert scale was used. The 5-point
Likert scale was preferred because it is simple to use and the re-
spondents can be neutral by choosing the “neither disagree nor agree”
option.

4.1. Measurement instrument

With the help of existing validated scale, knowledge of the constructs
and the literature review, and inputs from the theories, a set of questions
(questionnaire) were prepared. Questions were written in the form of
statements with five options for each question in terms of the 5-point
Likert scale and anchored as “strongly disagree” (SD), marked as 1, to
“strongly agree” (SA), marked as 5.

The questions so prepared were rectified through a step-by-step
correction procedure as enumerated by Carpenter (2018). The ques-
tions were pretested, and from the outcomes of the pretest, the wordings
of some questions and some of the formats of the questions were cor-
rected. After that, a pilot test was conducted, and the feedback of the
pilot test helped the authors to fine tune the wordings and readability of
the questions. Also, opinions of experts were taken, which helped to
improve the readability and comprehensiveness of the questions. The
experts have adequate knowledge in the domain of this study. All these
rectification processes were undertaken to confirm that the questions
are easily understood by the respondents. This would not only enhance
the response rate, but it would also improve the quality of responses. In
this way, 35 instruments were prepared.

4.2. Collection of data

To target the respondents from different industries, a list of firms was
procured from the Bombay Stock Exchange (BSE), India. Initially, from
the list, 50 firms were selected at random. On verification, it appeared
that, out of these 50 firms, only 26 have introduced AI-CRM model,
though only at the incubation stage, and some other firms were almost
ready to implement the AI-CRM ecosystem-based business model. Top
executives of these 26 firms were contacted by telephone or emails to
request them to allow their employees to participate in this survey. The
top executives of these 26 firms were appraised that the aim of this study
is purely academic, and it was also intimated to them that the anonymity
and confidentiality of the participants in the survey would be strictly
preserved. However, the authors’ attempts to target the respondents in
this way were not very encouraging, since the top executives were found
highly reluctant to respond to the authors’ requests. However, after a
long persuasion, top executives of 19 firms were pleased to allow their
employees of different ranks to participate in the survey.

The top executives of these 19 firms provided details of a few contact
people to whom subsequent communications were made. The contact
persons procured details of 711 employees. All of them were contacted
and were appraised by emails about the purpose of this study. The au-
thors provided them with a response sheet that contained 35 in-
struments with five options for each instrument. Each respondent
needed to put one tick mark out of five options against each question,
since the quantification of the responses has been done on a 5-point
Likert scale. Guidelines on how to fill in the response sheet were also
provided with each response sheet. All these 711 prospective partici-
pants were given three months to respond (December 2020 to February
2021). Within the stipulated time, out of 711 potential respondents,
responses from 353 respondents were obtained. The response rate was
49.6 %. Here the non-response bias test was performed following the
guidelines as provided by Armstrong and Overton (1977). The chi-
square test and independent t-test were conducted by analyzing the in-
puts of the first and the last 100 respondents. No appreciable difference
in the results could be detected. This confirms that non-response bias did
not pose a major concern in this study. On scrutiny, out of these 353
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Table 1
Demographic information (N = 341).

Particulars Category Number Percentage (%)
Firm type Manufacturing firm 6 31.6

Service firm 13 66.4
Working position Senior manager 117 343

Midlevel manager 169 49.6

Junior manager 55 16.1

Table 2
Measurement properties.

Constructs / Items LF AVE CR o t-values
RS 0.78 0.83 0.89
RS1 0.87 21.12
RS2 0.85 26.17
RS3 0.94 29.01
RS4 0.87 27.11
PS 0.80 0.85 0.91
PS1 0.95 28.31
PS2 0.90 38.24
PS3 0.89 28.11
PS4 0.96 17.06
RA 0.76 0.82 0.88
RA1 0.85 31.11
RA2 0.89 30.86
RA3 0.88 37.17
RC 0.88 0.91 0.94
RC1 0.92 29.11
RC2 0.90 18.87
RC3 0.97 19.11
RC4 0.96 36.22
PR 0.80 0.84 0.91
PR1 0.96 28.17
PR2 0.93 24.11
PR3 0.85 38.07
PR4 0.89 39.31
AIBH 0.84 0.89 0.95
AIBH1 0.91 32.27
AIBH2 0.95 36.17
AIBH3 0.96 39.29
AIBH4 0.90 37.11
AIBH5 0.94 30.24
AIBH6 0.85 19.91
ACU 0.88 0.90 0.94
ACU1 0.97 30.62
ACU2 0.95 22.48
ACU3 0.94 27.18
ACU4 0.92 31.11
ACU5 0.90 24.19
CA 0.87 0.92 0.97
CAl 0.95 27.11
CA2 0.90 29.37
CA3 0.94 36.41
CA4 0.89 34.18
CA5 0.96 36.31

responses, 12 responses were found incomplete which could not be
considered. The statistical analysis was done using 341 responses
against 35 instruments. It is worth mentioning here that the ratio of the
number of items and the number of respondents should lie between 1:4
to 1:10 (Deb & Lomo-David, 2014). The demographic information of
341 respondents is provided in Table 1.

5. Analysis of data and results
5.1. Measurement properties and discriminant validity test
To verify convergent validity, the loading factor (LF) of each item has

been assessed. To examine the validity, reliability, and internal consis-
tency, average variance extracted (AVE), composite reliability (CR), and
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Table 3
Discriminant validity test (Fornell & Larcker criteria).
Constructs RS PS RA RC PR AIBM ACU CA AVE
RS 0.88 0.78
PS 0.17 0.89 0.80
RA 0.22 0.37 0.87 0.76
RC 0.26 0.23 0.36 0.94 0.88
PR 0.19 0.32 0.24 0.33 0.89 0.80
AIBM 0.17 0.19 0.23 0.17 0.32 0.92 0.84
ACU 0.31 0.29 0.31 0.22 0.34 0.24 0.94 0.88
CA 0.26 0.21 0.36 0.38 0.21 0.39 0.22 0.93 0.87
Table 3A of RS, PS, RA, RC, and PR on AIBM are 0.411 (L), 0.320 (M), 0.399 (L),
",‘ ‘? . L 0.112 (W), and 0.426 (L), respectively. The effect size of AIBM on ACU is
Discriminant validity test (HTMT test). . .
0.376 (L), whereas the effect size of ACU on CA is 0.419 (L). The results
Constructs RS PS RA  RC PR AIBM  ACU  CA highlight that there is effective contribution of the exogeneous variables
on the corresponding endogenous variables since most of the f2 values
RS are large.
PS 0.26
RA 029  0.39
RC 0.32 0.37 0.41 5.4. Common method bias (CMB)
PR 019 031 044 030
AIBM 043 017 027 034 032 In this study, a survey was conducted to collecting feedback from the
ACU 030022029 017 036 039 respondents and to quantify the data for analysis with a statistical
CA 029 032 033 026 041 0.28 0.47 P a ¥

Cronbach’s alpha (o) of each construct has been estimated. It is pertinent
to mention here that the lowest value of LF should be 0.70 (Chin, 2010)
and the lowest value of AVE should be 0.50 (Hair, Hollingsworth,
Randolph, & Chong, 2017). The results are found to be within the
permissible range. The results are shown in Table 2.

To verify the discriminant validity, all the square roots of the AVEs
have been estimated. It has been noted that all the square roots are found
to be less than the corresponding bifactor correlation coefficients. It
satisfies Fornell and Larcker criteria (Fornell & Larcker, 1981). This
confirms discriminant validity. The results are shown in Table 3.

To supplement the Fornell and Larcker criteria (Fornell & Larcker,
1981) that confirms the discriminant validity of the constructs, the
Heterotrait-Monotrait (HTMT) test was conducted (Henseler et al.,
2014a, 2014b). The results highlight that all the concerned values
are<0.85 (Voorhees, Brady, Calantone, & Ramirez, 2016), reconfirming
discriminant validity. The results are shown in Table 3A.

5.2. Moderator test (multigroup analysis)

To test the effects of the moderator, leadership support (LS), on the
linkage AIBM — ACU (H3), the multi group analysis (MGA) process was
adopted with the bootstrapping procedure considering 5000 resamples.
The effects of the moderator LS on H3 have been tested with two cate-
gories of strong LS and weak LS on H3. On verification through MGA, it
appears that the p-value difference between the effects of the two cat-
egories of the moderator is 0.03. It is known that, if the p-value differ-
ence for the effects of two categories of a moderator on a linkage is
either<0.05 or greater than 0.95, then the effects of the said moderator
on the linkage is significant (Hair, Hult, Ringle, & Sarstedt, 2016; Mis-
hra, Maheswarappa, Maity, & Samu, 2018). Since, in this study, the p-
value difference is 0.03 (<0.05), the effects of the moderator LS on H3
are significant.

5.3. Effect size f*

To verify if the exogenous constructs make effective contributions to
the corresponding endogenous variables, effect size {2 values of different
linkages need to be evaluated. If the range of f2 is 0.020 to 0.150, it is
weak; if it is between 0.150 and 0.350, it is medium; and if it is greater
than 0.350, it is large (Cohen, 1988). In the present study, the effect sizes
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approach. Here, the chance of getting biased replies cannot be over-
ruled. Of course, as a preemptive measure, when preparing the ques-
tionnaire, the wordings of the questions and some of the formats of the
questions were corrected through a pretest so that the questions could be
easily understood by the respondents. Also, at the survey stage, all re-
spondents were assured that their anonymity and confidentiality would
be strictly preserved. This was done to ensure the replies would be
unbiased.

However, to verify if any biases remained, CMB has been conducted
using Harman’s Single Factor Test (SFT). The results emerged that it
accounts for 31.11 % of the variance, which is less than the recom-
mended highest threshold value of 50 % (Podsakoff, MacKenzie, Lee, &
Podsakoff, 2003). To reconfirm these findings, a marker-correlation test
has also been conducted (Lindell & Whitney, 2001). The difference in
correlation between the original and the marker-based model appears to
be very small (<0.06) (Mishra et al., 2018). Hence, it is inferred that the
results do not pose any major concern.

5.5. Causality test

Causality is considered as an important aspect that needs to be
addressed before performing hypotheses testing (Guide & Jr. & Ketokivi,
M., 2015). In terms of suggestions from Kock (2015), non-linear bivar-
iate causality direction ratio (NLBCDR) needs to be estimated. Its
acceptable value is considered as > 0.7 (Wamba, Gunasekaran, Akter, &
Dubey, 2019). On estimating the NLBCDR for each path, the estimates
are found to be PR — AIBM (1.002); PS — AIBM (1.000); PA — AIBM
(0.989); RC — AIBM (1.001); PR — AIBM (0.999); AIBM — ACU (1.003);
and ACU — CA (1.002). These results clearly highlight the support for
the existence of reversed hypothesized directions is very weak. Hence,
causality should not be considered as a vital issue in the present study.

5.6. Hypotheses testing (SEM)

To test the hypotheses, the blindfolding process has been adopted
with the bootstrapping procedure considering 5000 resamples (Mishra
et al., 2018). With consideration of omission distance 5, cross-validated
redundancy has been measured for the dependent variables. The Stone-
Geisser Q2 positive value (0.074) indicates that the model has due pre-
dictive relevance (Stone, 1974; Geisser, 1975).

For assessing overall model fit SRMR (standardized root mean square
residual error) has been considered as a standard index. The values came
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Table 4
Path coefficients, R? values, p-values with remarks.
Linkages Hypotheses  R”values / Path p-values Remarks
coefficients
Effects on R%=10.37
AIBM
By RS Hla 0.29 p < 0.001 Supported
(:’:7‘:7‘:)
By PS H1lb 0.32 p < 0.01 Supported
**)
By RA Hlc 0.02 p > 0.05 Not
(ns) Supported
By RC H2a -0.13 p < 0.05 Supported
™
By PR H2b —0.14 p < 0.01 Supported
**)
Effects on R?=0.44
ACU
By AIBM H3 0.41 p < 0.001 Supported
(**%)
Effects on CA R?=0.73
By ACU H4 0.32 p < 0.001 Supported
(**%)
(AIBM — H5 0.16 p < 0.05 Supported
ACU) x LS )

out to be 0.068 for PLS and 0.032 for PLSc. Since both values are greater
than the recommended highest value of 0.08 (Hu & Bentler, 1998), the
model is in order. Here the process, recommended by Henseler et al.
(2014a, 2014b), has been followed. This process helps to estimate the
path coefficients, R? values, and p-values. The results are shown in
Table 4.

With all these inputs, the validated model is shown in Fig. 2.

5.7. Results

The present study has formulated eight hypotheses out of which one
hypothesis (H5) is concerned with the moderating effects of LS on H3.
Out of the remaining seven hypotheses, six hypotheses have been sup-
ported by statistical analysis. One hypothesis, RA — AIBM (H3), has not
been supported, as the concerned path coefficient is 0.02 with level of
non-significance as p > 0.05(ns). The results highlight that the impacts
of RS and PS on AIBM (Hla and H1b) are positive and significant
because the concerned path coefficients are 0.29 and 0.32, respectively,
with corresponding levels of significance as p < 0.01(**) and p < 0.01
(**). The impacts of RC and PR on AIBM (H2a and H2b) are both
negative but significant, as the concerned path coefficients are found to
be —0.13 and —0.14, respectively, with corresponding levels of signifi-
cance as p < 0.05(*) and p < 0.01(**). The results also show that the

Relationship
Satisfaction
(RS)
R?>=0.37

Intention to use
AI-CRM enabled
business model
(AIBM)

Personalized
Services
(PS)

Realtime
Analytics
(RA)

Resistance
to Change
(RO)
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impact of AIBM on ACU (H3) is significant and positive, as the con-
cerned path coefficient is 0.41 with level of significance p < 0.001(***).
The results then highlight that the impact of ACU on CA is positive and
significant, because the concerned path coefficient is 0.52 with level of
significance p < 0.001 (***). The effects of the moderator LS on H3 are
positive and significant since the concerned path coefficient is 0.16 with
level of significance p < 0.05(*). So, for as coefficients of determinant
are concerned (R?), the results indicate that RS, PA, RA, RC, and PR
could explain AIBM to the tune of 32 % (R? = 0.32), whereas AIBM could
impact ACU to the tune of 44 % (R% = 0.44), and ACU can explain CA to
the extent of 73 % (R2 = 0.73), which is the explanative power of the
proposed theoretical model.

6. Discussion

In the changed dynamic and complex business scenario, firms are
facing challenges to compete with their counterparts for meeting the
customers’ dynamic needs. In this context, the firms are intending to
introduce new digital technology enabled business models with the help
of industry 4.0 technologies. In this context, the present study has
identified some determinants which facilitate or impede firms’ intention
to use an AI-CRM ecosystem-based business model with consideration of
the moderating effects of leadership support to impact the relationship
between intention and actual use of AI-CRM ecosystem-based business
models in the firms. The present research study has hypothesized that
relationship satisfaction impacts positively the intention of the firm to
use an AI-CRM applications-oriented business model (H1a). This hy-
pothesis has received support from a study by Nguyen and Waring
(2013) that discussed contributions of CRM to SMEs. The present study
has demonstrated that, by developing the individual abilities of the
employees, the aim of achieving better results through digital trans-
formation could be realized. This study has also highlighted that if the
organizations can successfully implement their CRM activities with the
help of Al technology, their digitalization process will be more effective
and they will gain better competitive advantage. The present study has
documented that active leadership support would facilitate the rela-
tionship between actual use of AI-CRM and gaining competitive
advantage for the organizations. In this way, the present study has
addressed the research questions stated in the introduction. The present
study has highlighted that the role of microfoundations, that is, the role
of individual stakeholders of the organizations, is found to be critical in
articulating digital strategies as well as the process of digital trans-
formation journey.

The present study has hypothesized that personalization ability
positively and significantly impacts their intention to use Al-enabled
CRM ecosystem-based business models, which has also received

Leadership
Support
0.16*
R?>=0.44 R?=0.73
Actual AI-CRM Competitive
0.41%** Usage (ACU) 0.52%%* Advantage (CA)

Perceived
Risk (PR)

Independent
Variables
Dependent
Variables

Y

Moderator

.

Fig. 2. Validated model (SEM).
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Fig. 3. Effects of moderator LS on H3.

support from another study by Sandstrom, Edvardsson, Kristensson, and
Magnusson (2008). The present study has highlighted that the impact of
real time analytics capability on firms’ intention to use an AI-CRM
model was not supported (Hlc). This is presumably because em-
ployees do not trust the power of AI-CRM technology to process so much
data and respond quickly and accurately to meet the needs of the cus-
tomers. Based on the input of those employees of the firms, it is possible
that such results have been arrived at.

This research study has shown that the risk factors impede the firms’
intention to adopt AI-CRM based business models (H2b), which has
received support from another study (Rana et al., 2022). This study also
hypothesized that employees’ resistance to change negatively and
significantly impacts their intention to use AI-CRM model (H2a), which
is supported by SQB theory, which highlights individuals always resist to
change the way they currently function (Samuelson & Zeckhauser,
1988).

The present research study highlights that the actual use of AI-CRM
models in firms will help them to gain competitive advantage (H4). This
has been supplemented by another study (Mikalef & Gupta, 2021) which
investigated how Al could impact on firms’ creativity and performance.
The present study has developed a rival model by not considering the
moderating effects of leadership support and the mediating effects of
ACU. The study has demonstrated that the proposed theoretical model is
superior to the rival model. The details are discussed in the Appendix.

The present study has hypothesized that impact of leadership sup-
port has a moderating impact on the relationship between intention to
use AI-CRM business model and actual use of AI-CRM (H3 and H5). This
concept has duly been supported by a study by Zhang et al. (2020) that
discussed how leadership support helps employees overcome their
resistance to change and to use a new technology. Thus, this model is
deemed to be helpful for the business community to understand which
factors to nurture so that they can ensure their firm’s transformation to
adopt a new ecosystem-based business model that uses disruptive
technology, such as AI-CRM ecosystem-based applications.

The effects of the strong LS and weak LS on the linkage H3 (AIBM —
ACU) are explained here through graphical presentation in Fig. 3.

With the increase of AIBM, the rate of increase of ACU is more from
the effects of strong LS compared to the effects of weak LS on H3,
because the gradient of the continuous line, representing the effect of
strong LS, is more than the gradient of the dotted line, representing the
effects of weak LS.

6.1. Theoretical contribution

Digitalization has brought in huge beneficial impacts to the firms.
The present study has demonstrated how such exponential growth in the
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context of digital transformation could ensure better competitive
advantage to a firm duly supported by the leadership of the firms. No
other studies could simultaneously analyze the issue of digitalization
and the impact of individual ability at the microfoundational level on
the competitiveness of the firms.

This study has used RBV theory to explain the capabilities which help
a firm to use an AI-CRM-enabled business model. In this context, the
present study has extended the application of RBV theory to interpret
how firms must transform their existing business model to an AI-CRM
ecosystem-based business model that uses disruptive technology to
address customer needs, which are ever-evolving. In terms of RBV, re-
sources of a firm represent factors which a firm either owns or controls
and transforms into final products or services. Nevertheless, not all the
resources that a firm owns or controls have the potential to improve firm
performance. The proponents of RBV are of the opinion that resources
which are simultaneously valuable, rare, inimitable, and non-
substitutable (VRIN) can help improve the performance of a firm
compared to its counterparts. The RBV has an intra-firm focus in
explaining how a firm could perform better than others by properly
deploying its firm-specific resources. Therefore, through RBV theory,
the study interpreted how relational capability could help a firm to
intend to use an AI-CRM-enabled business model. The authors argued
that relationship development capability is needed to be considered as a
VRIN capability, as enjoined in the RBV theory. This is claimed to be a
unique theoretical contribution of this study.

With the help of SQB theory, this study also shows how employees’
resistance to change could be removed by the effective support of the
firm’s leadership team. The study’s inclusion of the contribution of
leadership support is deemed to have strengthened the explanative
power of the study’s proposed theoretical model. This is also claimed as
a theoretical contribution of the present study.

A study by Rafiki, Hidayat, Razzaq, and D. (2019) investigated the
contributions of CRM to organizational performance of telecommuni-
cation companies in Kuwait, and they confirmed that CRM activities
provide essential dividends to organizational performance. This idea has
been extended in the present study by highlighting that advanced CRM
abilities (Al-embedded CRM) could help the firms to gain more
competitive advantage, even in a dynamic business environment. A
study by Zhang et al. (2020) has highlighted that, in implementing an
information system project in China, support of leadership dominantly
mitigated user resistance to change. This idea has been extended in the
present study, and it is seen that employees’ resistance to use an
ecosystem-based AI-CRM business model can be considerably reduced
by the firm’s leadership support through emotional incentivization the
unwilling employees.

6.2. Implication to practice

This study has many practical implications. The results of this study
show that relationship satisfaction and personalization ability positively
and significantly impact intention to use an Al-enabled CRM business
model (Hla and H1b). This implies that, for ensuring positive intention
of the employees at the microfoundational level to use an ecosystem-
based AI-CRM business model in the firms, the managers must
encourage the employees to use AI-CRM business applications, which
will ensure improved relationships between potential customers and the
firms. Managers must attempt to enhance the personalized services fa-
cility offered to customers of the firms. For this, the managers must have
regular coaching conversations with employees to make them fully
realize that the firm’s success lies on superior relationship management
with customers to make them more satisfied, and that is why the em-
ployees at the microfoundational level should learn and adopt Al-
enabled CRM business applications.

With such coaching conversations, the employees should be highly
motivated to meet the customer-specific needs and offer better service to
the customers. The employees should realize that the ability to use
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Fig. 4. Rival model.

Al-enabled business applications will help them to acquire prompt and
accurate decision-making power to answer any urgent customer queries,
which in turn would satisfy the customers’ needs and expectations. Since
AI-CRM helps to advise employees, they will be able to quickly connect
with the customers using different means such as emails, social media,
mobile telephony, and so on, provided the employees are able to use Al-
CRM enabled business applications in an efficient manner. For this, the
managers must arrange to impart periodic training to the employees on
how to best use different Al enabled solutions.

Besides, to ensure customers get personalized services, the managers
must be watchful to see what the actual customer needs are. If necessary,
the managers should advise the product or service team to further
customize the product or services to meet the customers’ expectations,
which will enhance the overall customer experience and will make them
loyal to the firm.

The study has demonstrated that real-time analytics capability has an
insignificant impact on the intention of the firms to use an Al-enabled
CRM business model (H1c). But theoretically, real time analytics capa-
bility of a firm should positively impact the intention to use AI-CRM.
This result of this study has been reached presumably due to the
distrust employees have in the capability of AI-CRM technology to
provide accurate, real time, and actionable information. To improve the
trust level of the individual employees regarding the real-time analytics
capability of AI-CRM technology, the role of managers is crucial. The
immediate managers of the employees should hold regular meetings
with employees to keep them appraised about success stories regarding
the capability and contribution of real-time analytics ability of the Al-
CRM technology. Such success stories will help to improve employees’
mindset regarding the power of AI-CRM real time analytics capability.

Since it is a fact that whenever any new technology is introduced in a
firm, the employees initially lack trust and perceive the new technology
as a risk to their jobs, thus resisting to use the new system (H2a, H2b).
Here, the role of leadership is critical (H5). The leadership must
emotionally incentivize the employees so that they do not become
reluctant to use the system. Leadership should incentivize the employees
to adopt AI-CRM ecosystem-based business models for all the business
applications. This will also encourage and motivate the employees to
actual use the AI-CRM-based business applications (H3), which will, in
turn, improve the competitiveness of the firms (H4). All these measures
will help the firm to sustain competitive advantage. Thus, the leadership
support is critical to fully use and adopt the AI-CRM ecosystem-based
business model and applications for the firm to remain competitive in
the market.
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6.3. Limitations with future scope of research

The present study is based on data which are cross sectional in na-
ture. This yields defects of endogeneity and affects the causality of re-
lationships between different constructs. This is one of the defects of this
study. It is suggested that future researchers should conduct a longitu-
dinal study with econometric analysis to remove this defect. The present
study did not discuss a rival model, which could be compared with the
proposed theoretical model to assess the superiority of the proposed
theoretical model. Future researchers may investigate this.

This research study has arrived at the findings based on the inputs of
341 respondents from different industries. The sample size is not
adequate to conduct a robust analysis and is also inadequate to project
the entire spectrum of industries. It is suggested that future researchers
consider inputs from more respondents of various industries so that the
results do not suffer from the lack of generalizability. The explanative
power of the model is 73 %. It is suggested that future researchers may
consider other boundary conditions to examine if, by including other
boundary conditions, the explanative power of the proposed model
could be improved.

In the survey, the respondents were selected from India. Hence the
result of the study is India-specific. It may not yield similar results if the
study is conducted in other countries where the businesses operate using
a different ecosystem. So, this study lacks generalizability. It is suggested
that future researchers should collect data from respondents all over the
globe and from different industries. Diversification of respondents will
make the findings more robust and generalizable.

Again, feedback was also taken from those firms where the usage of
AI-CRM based business model was at the initial stage. In a few of the
firms, the usage of an AI-CRM ecosystem-based business model was at
the conceptual stage. Hence, feedback was obtained from respondents
who were non-adopters of AI-CRM ecosystem-based business model.
Therefore, proper cautions must be taken when the results of this study
are applied to firms that have fully adopted an AI-CRM ecosystem-based
business model and where the ecosystem is well developed and matured.
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Appendix:. Rival model

An alternative, or rival, model has been developed by not consid-
ering the moderating effects of leadership support or the mediating ef-
fects of actual AI-CRM usage (ACU). The rival model is shown in Fig. 4.

The analytical study of the rival model has highlighted that the im-
pacts of RS, PS, RA, RC, and PR on AIBM have remained unaltered. But
the impacts of AIBM on the goal CA have been reduced to a great extent,
since the concerned path coefficient is as low as 0.21 with a level of
significance at p < 0.05(*). The explanative power of the rival model has
also become 42 % (R2 = 0.42), whereas the explanative power of the
proposed theoretical model is 73 % (R? = 0.73) (Fig. 2). This reveals that
the inclusion of ACU to mediate between AIBM and CA is important, and
that we need to consider the effects of the moderating variable leader-
ship support on the linkage AIBM — ACU. Hence, by comparing the rival
model with the proposed theoretical model (Fig. 2), the superiority and
effectiveness of the proposed theoretical model is highlighted (Li et al.,
2022).
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