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Financial inclusion plays a vital role in enabling people to transfer money because it allows access to the financial infrastructure. Blockchain and cryptocurrencies have the potential to contribute to improving global financial adoption. The UAE counts as one of the most significant corridors for remittances to other developing countries and has one of the lowest rates of cryptocurrency adoption. This research examines customer behaviour and usage towards transactions involving cryptocurrency transfers supported by blockchain technology in the context of UAE remittance services. 
The online questionnaire, based on constructs from UTAUT2 and IDP theories and tested among five cryptocurrency experts, collected 270 responses in a snowball approach.
Performance Expectations (PE), Price Value (PV), Hedonic Motivation (HM), and Consumer Innovativeness (CI) were the strongest predictors of Behavioural Intention (BI), in that order, for the achieved sample. Surprisingly, BI does not serve as a reliable indicator of actual usage. Cryptocurrency usage (CU) is most reliably predicted by Facilitating Conditions (FC), suggesting that adoption may be boosted by implementing appropriate mechanisms and procedures to direct users. 
This research adds to the body of knowledge by examining the acceptance and implementation of cryptocurrencies in the UAE and by developing and evaluating new constructs based on current notions. The study also contributes to the current understanding of cryptocurrencies and blockchain adoption.
The conclusions of the research give advice for marketers on how to boost the commercialization of cryptocurrencies in the UAE remittance market and may pave the way for other studies to assist impending developments in the UAE cryptocurrency industry.
This research offers novel insights on CI as a significant predictor of cryptocurrency product uptake in the remittance business.


Keywords: Cryptocurrencies, Blockchain, Remittances, Innovation, Financial inclusion, United Arab Emirates.
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The World Bank's Global Findex database shows that, despite the remarkable advances in account management, around 1.7 billion worldwide do not have a bank account, almost 1 in 3 people in the world's adult population (Demirguc-Kunt et al., 2018). In addition, more than 35 per cent of the unbanked adult population comes from developing countries. Although several reasons were given, according to the World Bank 2021 report, enabling infrastructure and trust were critical considerations. 
The United Nations has published the Millennium Development Goals (MDGs) and the Sustainable Development Goals (SDGs) to promote sustainable global development that encompasses a combination of different topics such as the environment, livelihoods and economics (Chatterjee, 2020). Part of the worldwide development comprises the financial inclusion and, in particular, these are the Sustainable Developmental Goals related to financial inclusion: 
•	SDG 5 – Gender Equality; Giving women equal access to financial services through mobile money.
•	SDG 8 – Decent Work and Economic Growth; expanding financial inclusion through mobile money.
•	SDG 10 – Reduce Inequalities through promoting economic inclusion for all.
•	In SDG 17, strengthening the means of implementation plays an implicit role in greater financial inclusion through more significant mobilisation of savings for investment and consumption, which can stimulate growth.
Financial inclusion is a fundamental part of sustainable development and deserves attention, but it is unclear how it can be achieved. Some researchers evaluate specific policies concerning economic developments (Emara & el Said, 2021), looking at the effect on the financial inclusion rates of each region. The Mena Financial Inclusion Report 2020 provides a detailed perspective of the inclusion data in the Middle East and North Africa (MENA) and, considering mainly four critical categories of access to financial infrastructure (accounts, savings, credit, and digital payments), the report discovered that the financial inclusion rate for the region at the end of 2019 was just 20 per cent. A breakdown into critical categories showed that only 36 per cent of the area's population have access to financial services, and 24 per cent have access to payment functions. However, only 9 per cent have access to credit and 12 per cent to savings. In the MENA area, the highest financial inclusion degree is achieved by the UAE with 46 per cent, Bahrain with 36 per cent and Saudi Arabia (KSA) at 31 per cent. On the other hand, some countries have the lowest financial inclusion rate, like Morocco with just 9 per cent, Egypt at 11 per cent and Algeria at 13 per cent.
Financial inclusion is vital in enabling people to transfer money because it allows access to the economic infrastructure that permits the transfer between a sender and a receiver (Marcelin et al., 2021). Remittances, non-commercial money transfers by overseas workers for family income in their home country, are a major financial service offered almost exclusively by licenced financial institutions that let migrants send money home (Emara & Mohieldin, 2020). However, remittances are typically burdened by costs representing the usage of the financial infrastructure and the exchange rate between different currencies used in the transfer (Chuc et al., 2021). Reducing remittance costs is one of the 2030 Sustainable Development Goals (SDG 10). The remittances costs are the key factors driving migrants to find informal channels when sending money home instead of formal banking channels (Hudaefi, 2020). 
Remittance costs do not usually play a significant role in large monetary flow amounts (for example, in international trade, foreign direct investments or development aid) since the fees typically make up an insignificant part of the total transfer amount. However, the remittance costs are often relatively high regarding transfers. These costs place a financial burden on both the sending migrant and the recipient, who consequently benefits less from the efforts of their family members living abroad. On the remittance service provisioning side, the major global banks tend to concentrate on high-quality remittance services rather than those tailored to migrant workers (Ratha & Riedberg, 2005; Solimano, 2003). Additionally, poor immigrants that usually move small amounts of remittances may feel awkward using formal services provided by a bank or money transfer companies (MTOs) and use unofficial services like leveraging on relatives or friends, the Hawala system, using transport companies, etc. (Ahmed et al., 2021a).
According to the World Bank, remittances signify one of the enormous foreign exchange profits for low- and middle-income countries (LMICs). These flows exceed many countries' foreign direct investment (FDI) and official development assistance (ODA) flows. Developing countries saw rapid recorded remittance flows, which amounted to 540 billion USD$ in 2020, compared to around $ 342 billion in 2010 ("World Development Report 2021: Data for Better Lives," 2021). The World Bank 2021 report indicates that the 2021 flow of remittances to LMICs has increased by 58% compared to 2010. However, these numbers are expected to be underestimated as many referrals are generated through informal channels like Hundi, Hawala, via friends, relatives or transport companies returning to the origin community, etc. (Ahmed et al., 2021b). The number of such informal transfers could be around 50% or more of the balance of payments statistics (Freund & Spatafora, 2008). The 2021 World Bank report shows that, in the case of the Middle East, remittances make up 2.4% of total GDP (3.026 Trillion USD$ in 2020, World Bank Open Data | Data, n.d.), however the number is much higher for some countries like Lebanon (18.9 per cent of GDP) and Egypt (8.2 per cent). KSA and the UAE represent the wealthier countries in the Middle East employing guest workers from different parts of the world, and for that reason they represent the second and third-biggest senders of remittances in the world.
As per the World Bank 2021 DataBank, the most used corridors for remittances from UAE are Bangladesh, Egypt, India, Indonesia, Jordan, Nepal, Pakistan, Philippines, South Sudan, Sri Lanka, Sudan, and Yemen. As a result, the typical cost of transfer spending USD$ 200 from the UAE to developing countries remained at 4.37% in the second quarter of 2021, about was 4.37%, roughly the same level as in previous quarters (World Bank Open Data | Data, n.d.) representing more than 150% of the Sustainable Development Goal (SDG) target of 3% by 2030.
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[bookmark: _Toc126512790]Figure 1: Remittance Prices Worldwide (Corridors), cost of sending and receiving relatively small amounts of money from UAE to the respective country. Source: World Bank Open Data | Data, n.d..
Given the importance of remittances to developing countries, it is of interest to academics and policymakers alike to understand how the costs of remittances can be reduced to increase the financial inclusion objectives (Beck & Martínez pería, 2011; Kakhkharov et al., 2017). 
Reducing remittance costs is beneficial for several aspects: (i) it improves financial access for the underprivileged part of the population expanding the formal economic segment (Beck & Martínez pería, 2011; Freund & Spatafora, 2008); (ii) it increases the funds available to the migrants left behind and their household members and could help develop the migrants' country of origin banks, thereby contributing to the recipient country's offshore account balance. Cutting expenses doesn't always boost money transfer companies' profitability since external variables frequently affect their costs (market structure, level of competition, migrant population). Lower prices could create incentives to make more transactions and lead to more volume for the offering service providers (Freund & Spatafora, 2008; Ratha & Bank, 2006). In recent years, there has been an increasing interest among multilateral institutions such as the World Bank, International Monetary Fund (IMF), and United Nations Organization (UNO) in the formalisation of remittances. 
Recently developed digital technology creations in finance such as the blockchain technology and cryptocurrency, could represent a potential solution for lowering global remittance costs (Naderi, 2021). Blockchain technology has been claimed to be the next revolution that will disrupt the financial sector and how financial transactions are managed (Cermeño, 2016). To build trust in an unsecured environment without relying on intermediary parties, blockchain technology is using a decentralised and completely accessible ledger. The ledger encloses the list of all immutable past transactions. In addition, it can be used with other technologies such as encryption, business rules and identity management to make them fit for the upcoming challenges (van Engelenburg et al., 2018). Facilitating global money transfers, using smart contracts to automate operations, automated banking books and transferring digital assets, blockchain is a strong force of change in the banking sector (Peters & Panayi, 2016). Furthermore, thanks to the improved transaction security and speed of transfers at a lower cost, the blockchain can transform many traditional banking services (I. Lee & Shin, 2018). Consequently, the blockchain offers the opportunity to improve trust, transparency and privacy (Weiss et al., 2021). However, even though the many potential uses blockchain presents for businesses, it is critically important to recognise that there will be multiple challenges and complexities in technical, regulatory, and application-related areas (Attaran & Gunasekaran, 2019).
[bookmark: _Toc126512729]1.2	Statement of the problem
According to Chainalysis (2021), the global adoption of cryptocurrencies is skyrocketing. The MENA is the second smallest cryptocurrency region, receiving 271.7 billion USD value of cryptocurrencies between July 2020 and June 2021, representing roughly 7% of the value of all cryptocurrency received. While this total number is low compared to other regions, it represents a nearly 1500 per cent increase over the MENA's total activity last year, making it one of the fastest-growing markets in the world. Despite this growth, the MENA countries have had relatively little widespread acceptance (Grauer Kim et al., 2022). In the Chainalysis report, Afghanistan is the highest-rated region in the Global Crypto Adoption Index (GCAI) at 20, and Turkey at 26. The UAE is at 100 on Adoption Index and KSA at 123 (Chainalysis, 2021). Due to GCAI's weighting by buying power parity per capita, which favours poorer nations, the GCC countries of KSA, Kuwait, the UAE, Qatar, Bahrain, and Oman, which are important business hubs in the MENA area, rarely rank highly.
Researchers suggest that many in the Middle East have turned to cryptocurrencies to protect their savings from currency devaluation, a trend in other emerging markets such as Africa and Latin America (Pitel Laura & Szalay Eva, 2022). In addition, a recent Consumer News and Business Channel (CNBC) article suggests that many in Afghanistan and other emerging countries are using cryptocurrency to preserve savings amid similar economic uncertainty, exacerbated by a recent run on banks following the return of the Taliban and the ensuing chaos in the Afghan central bank. However, there is not enough data on trade in the Afghan dollar to thoroughly examine the extent of this activity (Sigalos, 2021).
Remittances are another predominant use case for cryptocurrencies in many MENA countries, seeing a trend in other emerging markets. The graph below (Figure 2) shows the monthly growth in cryptocurrency payments below USD 1,000 in volume and number of transfers, considering the upper limit of estimated transfer payments to MENA countries.
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Description automatically generated]Figure 2: Estimated possible cryptocurrency remittance payments in the Middle East (Apr. 2019 - Jun 2021). Source: Chainalysis, 2021.

Despite the low GCAI rank of the main MENA countries (KSA, Kuwait, UAE, Qatar, Bahrain, and Oman), their importance to the crypto community should not be discounted. The KSA has the third-largest crypto market in the MENA region, and the UAE has the fifth-largest. They also have extensive ties to the international cryptocurrency markets. For example, as we discuss in the "Sub-Saharan Africa" and "Central & Southern Asia" sections later, Dubai has emerged as a major centre for crypto businesses catering to clients in both Asia and Africa regions as well as the MENA. The following figure represents the list of the MENA countries by cryptocurrency value received in July 2021- June 2022.
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[bookmark: _Toc126512792]Figure 3: Middle East & North Africa: Countries by cryptocurrency value received, July 2021. Source: Grauer Kim et al. (2022).

The data suggest that remittance payments in the region are likely to increase. Numerous countries traditionally relying on fiat remittances are leading the share of cryptocurrency activity that consists of remittance payments, including Egypt, Syria, and Afghanistan. The data suggests that some remittance activity may shift to cryptocurrencies for these countries.

[bookmark: _Toc126512730]1.3	Purpose of the study
While exploiting the potential use of new-disruptive technologies, such as blockchain and cryptocurrencies, it is equally vital to assess the potential benefits, risks and challenges associated with them to mitigate risks and avoid their adverse technical, social and political consequences. 
Despite blockchain and cryptocurrency technology become hot topics for many digital finance decisions Chainalysis data shows that UAE customer usage is still lower than expected (Wunsche, 2016). These concerns raise a research question regarding why customers are still resistant in using cryptocurrency modulated with blockchain technology. At the same time, most people continue to use traditional banking services, which carry high costs and long periods without data protection or control (Martins et al., 2014). 
Therefore, this study examines customer behaviour towards transactions involving cryptocurrency transfers supported by blockchain technology in the context of UAE remittance services. 
By disrupting the traditional intermediation bank model, cryptocurrencies provide a way to establish universally accepted financial norms and procedures in concluding transactions (Mendoza-Tello et al., 2019). Cryptocurrencies may as well not exist to the typical person, but this begs the issue of why they aren't used for everyday online transactions, particularly in the UAE, where remittance transfers take place on the daily. This is why it's crucial to study how the revolutionary change brought about by cryptocurrencies affects people's acceptance of monetary transactions.
[bookmark: _Toc126512731]1.4	Significance of the study
Adopting blockchain technology and cryptocurrency-based trade is complicated, and a single model alone cannot be a comprehensive and explanatory tool. The model should combine alternative significant constructs that properly inform the modern blockchain-compatible model (Toufaily et al., 2021). Based on the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2) and Innovation Diffusion Theory (IDT) theories, a list of customer behaviour indicators has been identified to assess the impact of these indicators on blockchain and cryptocurrency adoption in the UAE audience. This allows the consumer to decide whether to take the right action, affecting new transaction technologies, specifically in making a remittance. However, cryptocurrency technology is a unique and highly complex technology in adoption and is still under development. 
[bookmark: _Toc126512732]1.5	Nature of the study
The study will investigate whether remittance financial transactions are a common use case for cryptocurrencies already in circulation or those considering adopting them. Constructivist quantitative research is employed because it provides a more quantifiable conclusion. Lakshman et al. (2000) suggested that this technique provides a more comprehensive research approach. According to the quantitative method, meaningful social research should be grounded on direct observation of events related to the research inquiry since this allows for a closer look at the connections between variables (Howell, 2012). Following this, every observation is collected and then analysed and validated using accepted and established methods for sample selection, data analysis, and finding validation, providing a more scientific response to the research and increasing the likelihood that the study will withstand academic peer review (Saunders & Lewis, 2018). 
Numerical data on the study's variables are acquired using surveys that have already been shown effective in other studies. In order to acquire the necessary information for this investigation, a survey is used. It was also analysed as part of this research dissertation and is meant to evaluate the existence and significance of correlations among independent, moderated, mediated, and dependent variables.
[bookmark: _Toc126512733]1.6	Research questions and hypothesis
This study aims to determine what influences consumers' decisions to use cryptocurrencies for remittance transfers. The research model is based on the constructs from the UTAUT2 and IDT theories. The study expects to find the relationship between their constituent components: Performance Expectations (PE), Effort Expectancy (EE), Hedonic Motivation (HM), Social Influence (SI), Price Value (PV), Facilitating Conditions (FC) and Behavioural Intention (BI). Based on the literature review, the independent variables Perceived Risk (PR) and Consumer Innovativeness (CI) are added to find the relations with BI. The majority of cryptocurrency service providers are focusing on making their products as user-friendly as possible. On the other hand, these findings might point to an acceptance of cryptocurrency's complexity, which would lessen its impact on Behavioural Intention (BI). The research expects that the results of this study will suggest which factors are significant predictors of the adoption and the usage of cryptocurrency with remittance transactions.
To achieve these objectives, after an extensive review of the literature, this study uses a variety of theoretical frameworks such as the UTAUT2 and IDT which provided the basis for formulating the following research questions and hypotheses:
RQ1. Are consumers willing to use cryptocurrencies for remittance transactions?
Hypothesis 1 (H1).  Consumer Innovativeness will significantly affect Behavioural Intention.
Hypothesis 1b (H1b).   Consumer Innovativeness moderates the relationship between Perceived Risk and Behavioural Intention.
Hypothesis 2 (H2).  Perceived Risk will influence a consumer's Behavioural Intention.
RQ2. How can external factors affect the customers' behaviour in remittance transactions using cryptocurrency and blockchain-based applications?
Hypothesis 4 (H3).  Performance Expectancy will significantly influence a consumer's Behavioural Intention.
Hypothesis 4 (H4).  Effort Expectancy will significantly influence a consumer's Behavioural Intention.
Hypothesis 5 (H5).  The Social Influence will significantly influence a consumer's Behavioural Intention.
Hypothesis 6 (H6).  Hedonic Motivation will significantly influence a consumer's Behavioural Intention.
Hypothesis 7 (H7).  Price Value will significantly influence a consumer's Behavioural Intention.
Hypothesis 8 (H8).  Facilitating Conditions will influence a consumer's Behavioural Intention.
RQ3. What factors influence individual consumers’ usage of cryptocurrency in remittance transactions?
Hypothesis 9 (H9).  Facilitating Conditions will significantly influence a consumer's Usage.
Hypothesis 10 (H10).  Behavioural Intention will significantly influence a consumer's Usage of cryptocurrencies for making a remittance.

Figure 4 illustrates the relationships between the dependent, independent and moderating variables used in this study.
[image: Diagram

Description automatically generated]
[bookmark: _Ref121825009][bookmark: _Toc126512793]Figure 4: Research model of the study with expected predictors and outcome. Source: Authors' own elaboration.

[bookmark: _Toc126512734]1.7	Definition of key terms
Millennium Development Goals refers to eight international development goals issued by UN, which are drawn from the actions and targets contained in the Millennium Declaration in September 2000 (Kara et al., 2021).
Sustainable Development Goals refers to the 17 goals and 169 targets developed by the UN General Assembly in New York through the Open Working Group, which comprises a set of 330 indicators for measuring the development. Some SDGs build on preceding Millennium Development Goals, while others incorporate new ideas (Kara et al., 2021).
World Bank's Global Findex database is the source of information on how individuals throughout the world utilise financial services, such as payments, savings, and borrowing, and handle financial events such as a big cost or a loss of income. (Demirguc-Kunt et al., 2018).
Financial inclusion refers to attempts to make financial goods and services available and affordable to all people and enterprises, irrespective of their net worth or size.(Chauvet & Jacolin, 2017).
Cryptocurrency refers to a type of technology that serves as a safe and secure medium for facilitating the conduct of various financial transactions. It is one of the tradable digital currencies that enables an individual to send or receive money from another party without the assistance of a third party service (Albayati et al., 2020).
Remittance refers to the money and things transmitted by immigrants from metropolitan areas or overseas back to their families (Rella, 2019).
Hawala is an informal way of transmitting funds without the real movement of currency. Mainly reliant on confidence of the participants of the system, Hawala is an alternate remittance route that operates outside of established licenced institutions (Ahmed et al., 2021b).
Hundi refers to a financial instrument developed in Medieval India for commerce and credit transactions. Nowadays, Hundi is used as a remittance instrument, a credit instrument to borrow money and a bill of exchange in trading operations. (Ahmed et al., 2021b).
Blockchain is the underlying technology that bases the digital cryptocurrencies. In a decentralised and distributed network, blockchain is a chain of blocks that stores data with digital signatures.(Jabbar et al., 2021).
Bitcoin is a cryptocurrency, a digital asset meant to operate as money and a medium of exchange independent of any central authority, reducing the need for intermediaries in financial transactions (Bohr & Bashir, 2014).
Global Crypto Adoption Index is an index established by Chainalysis in their reports regarding cryptocurrency adoption by various countries. It is comprised of five sub-indexes, each of which is based on the use of different kinds of cryptocurrency services by countries. (Chainalysis, 2021).
Legal framework is defined as ‘Rules, rights and obligations of companies, governments and citizens are set forth in a system of legal documents’ (Zain et al., 2019).
e-Wallets is a virtual service used as a substitute for physical cash. Globally the digital wallet created new way of buying products or transfer money. Digital wallet provides the ability to carry out secure transactions that are very quick and efficient with the click of button (Grauer Kim et al., 2022).
Technology adoption is the process of embracing, integrating, and using new technologies in society. Typically, the phases are defined by the kind of individuals who use the technology.(Hemantha, 2021).
Technology Acceptance Model refers to the theory that explain how an individual accepts the use of information systems (M. C. Lee, 2009). 
Theory of Reasoned Action is an evaluation theory to measure an individual’s positive and negative behaviour towards acceptance of technology (Venkatesh et al., 2003). 
Unified Theory of Acceptance and Use of Technology refers to a unified model developed to assess the possibility of successful adoption of new technology and the underlying drivers towards their adoption (Venkatesh et al., 2003).
Unified Theory of Acceptance and Use of Technology 2 refers to the same model's second iteration, in which the influence of three additional constructs—hedonistic motivation, cost/perceived value, and habit—moderated by age, gender, and experience—underpins people's use of technology (Viswanath Venkatesh, 2012).
Perceived Risk refers to a subjective judgement of an individual. It combines factors such as emotion, contextual factors, and personal experiences. Our perceived risk is not always in line with the actual risk (Delfabbro et al., 2021).
Perceived Usefulness refers to users' subjective perception that using certain technologies can improve their work performance (Davis, 1989).
Performance Expectancy is the degree to which an individual believes that using a system will help him or her to attain gains in job performance (Venkatesh et al., 2003).
Consumer Innovativeness is a significant personality attribute that refers to a person’s proclivity to acquire and utilise new items more rapidly and frequently than others.
Effort Expectancy is based on the idea that there are relationships between the effort put forth at work, the performance achieved from that effort, and the rewards received from the effort (Venkatesh et al., 2003).
Social Influence is the process by which individuals adapt their opinion, revise their beliefs, or change their behavior as a result of social interactions with other people (Venkatesh et al., 2003).
Hedonic Motivation is used as a synonym to perceived enjoyment, and studies indicated its impact on mobile technology acceptance (Venkatesh et al., 2003).
Price Value refers to the knowledge and skills of consumers (Cognitive tradeoff) regarding the benefits and costs to receive for that use (Venkatesh et al., 2003).
Facilitating Conditions refers to the availability of organizational and technological resources that supports the use of smart-government services and the degree of compatibility with the end user (Venkatesh et al., 2003). 
Behavioural ‎ Intention refers to a ‎ customer‘s‎ intention ‎ to ‎ adopt ‎and make ‎ use ‎ of ‎ a‎ certain tool in the future (Venkatesh et al., 2003). 
Cryptocurrency Usage refers to the ‎customer‘s‎ use ‎ of ‎ cryptocurrency in the context of remittances. 

[bookmark: _Toc126512735]1.8	Assumptions
There are three assumptions behind this investigation. 
First, it is assumed that all of the intended participants are acquainted with Internet applications. Recent reports and research showed that the UAE population – in certain particular earlier studies, mostly males with middle-class wages and professional backgrounds – is already using cryptocurrency for financial purposes (Almuraqab, 2020). 
The second assumption is that the sample population is typical of online internet users in the UAE. The quest for a representative sample when conducting a survey is a common one; according to Bryman (2016), samples should be selected based on their suitability to the investigation's objectives and according to principles related to locating a sample that can represent a larger population and therefore serve as a microcosm of it. In this study, a power analysis found that a minimum of 199 individuals was necessary to generate statistically significant findings. To increase the test's demographic representation, generalizability, and statistical power, this research recruited 270 individuals. 
The third assumption is that respondents will react honestly and forthrightly. Bryman (2016) argued that surveys should be created to encourage people to reply truthfully, without fear of repercussions. As a result, adequate safeguards were taken to ensure participants' identity and confidentiality and enable them to withdraw from the survey at any time.
[bookmark: _Toc126512736]1.9	Limitations
The study's limitations relate to the flaws that may impact its results. Thus, there are a few limitations identified. 
First, as with previous empirical research, the findings may not be representative of populations beyond the borders of the sample.
This study established that the respondents would be confined to UAE residents with sufficient understanding of the topic under investigation, namely the nature or use of cryptocurrencies and financial transfer in the context of remittances. 
Snowball sampling is suitable for populations where it's impossible to establish sample units (such as cryptocurrency users due to the technology's anonymity) and there are no known user public databases. Snowball samples are valuable because adoption studies imply an early adopter network effect. Snowball method creates bias in response gathering. Snowball samples might be homogeneous due to initial responder selection bias.
Finally, this study is limited to using the spscific independent variables of Perceived Risk (PR), Performance Expectations (PE), Effort Expectancy (EE), Hedonic Motivation (HM), Social Influence (SI), Price Value (PV), Facilitating Conditions (FC) and Consumer Innovativeness (CI), the moderating variable of CI, and the dependent variable of Behavioural Intention (BI) and Cryptocurrency usage (CU).

[bookmark: _Toc126512737]1.10	Organization of the remain of the study
This dissertation has height chapters. Chapter 1 provides an introduction to the study, detailing the issue and purpose statements, research questions, and other essential introductory details. In Chapter 2, a comprehensive literature review pertaining to this subject is conducted, resulting in the discovery of literature gaps. Chapter 3 then describes the key elements of the UTAUT2 theory and IDT theory that led to the formulation of hypotheses and the theoretical framework used in this research. Chapter 4 presents the research technique, including research design, sample methods, instrumentation/measures, pilot study, data analysis, and ethical issues. Chapter 5 provides the quantitative analysis of the study and the following Chapter 6 discusses the consequential study's findings. Chapter 7 examines the consequences, limits, and prospective areas for further study. Finally, Chapter 8 gives a summary of the findings and concludes the study.



[bookmark: _Toc126512738]CHAPTER 2: LITERATURE REVIEW 

The following literature gives an adequate overview of the notion of cryptocurrencies and their underlying technology. To better comprehend blockchain and cryptocurrency technologies, the study analyse the literature on financial inclusion and the remittance industry, paying close attention to its economic and philosophical definitions. After describing the review selection method, a brief introduction to the philosophy of technology adoption is presented to contextualise consumer behaviour research. About the sheer quantity of studies on cryptocurrencies, academic papers on the topic first appeared in 2011; articles in scholarly publications didn't appear until 2013 (Baur et al., 2015). Thus, the adoption hypothesis of cryptocurrencies faces a more pressing issue due to the lack of academic progress around the technology.

[bookmark: _Toc126512739]2.1	Search method
Technology, cryptocurrencies, and blockchain have been examined in recent years seeking to understand the elements or the resistance to the adoption and usage (Sanka & Cheung, 2021). However, before delving into the literature in depth, we made an effort to compile a summary of the previously published work on the topic at hand. To this end, we searched multiple databases for relevant literature published between 2012 and 2019, and once we established that the bulk of the studies was conducted after 2014, we used the Biblioshiny Web application to tabulate and analyse the results.
These findings indicate that there is a lack of relevant published papers. There exists a glaring vacuum in the existing research that must be addressed in order to integrate all consumer acceptability frameworks in the remittance industry. Due to the dearth of study on the function of cryptocurrency in enhancing cryptocurrency acceptability in remittance operations, a research gap is identified by concentrating on the literature stream that explores the role of cryptocurrency capabilities in enhancing remittance in the UAE (see Figure 5).Research focus
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[bookmark: _Ref121825486][bookmark: _Toc126512794]Figure 5: Research focus of this literature review. Source: Author's own elaboration.

In the following Table 1 are listed the selected articles extracted from the Elton B. Stephens Company (EBSCO), Elsevier's abstract and citation database (SCOPUS) and Google Scholar databases with the keywords' cryptocurrency', 'Blockchain', and 'Adoption' having a time frame of 2017-2022. The research papers were examined autonomously to obtain data items and entered into a spreadsheet: author(s), year of publication, country of reference, methodology applied with the theoretical foundation and article title. The research papers were then examined in detail based on the adopted theories, research methodology and context for the investigation.



[bookmark: _Ref121825587][bookmark: _Toc126512809]Table 1: List of articles used in the literature review. Source: Authors' own elaboration.
	Authors                
	Year
	Country/
Region
	Method
	Theoretical foundation
	Article title 

	Arias-Oliva, M.;de Andrés- Sánchez, J.; Pelegrín-Borondo, J.
	2021
	Spain
	Quantitative
	UTAUT
	Fuzzy set qualitative comparative analysis of factors influencing the use of cryptocurrencies in Spanish households.

	Albayati, H.;Kim, S. K.;Rho, J. J.
	2020
	N.A.
	Quantitative
	TAM
	Accepting financial transactions using blockchain technology and cryptocurrency: A customer perspective approach.

	Alqaryouti, O.;Siyam, N.;Alkashri, Z.;Shaalan, K.
	2020
	N.A.
	Quantitative
	TAM
	Cryptocurrency usage impact on perceived benefits and users' behaviour.

	Alqaryouti, O.;Siyam, N.;Alkashri, Z.;Shaalan, K.
	2020
	UAE
	Qualitative
	TAM
	Users' knowledge and motivation on using cryptocurrency.

	Anser, M. K.;Zaigham, G. H. K.;Imran Rasheed, M.;Pitafi, A. H.;Iqbal, J.;Luqman, A.
	2020
	China
	Quantitative
	TPB
	Social media usage and individuals' intentions toward adopting Bitcoin: The role of the theory of planned behaviour and perceived risk.

	Gil-Cordero, E.;Cabrera- Sánchez, J. P.;Arrás-Cortés, M. J.
	2020
	N.A.
	Quantitative
	TAM
	Cryptocurrencies as a financial tool: Acceptance factors.

	Nadeem, M. A.; Liu, Z. Y.; Pitafi, A. H.; Younis, A.; Xu, Y.
	2020
	China
	Quantitative
	TAM
	Investigating the repurchase intention of Bitcoin: Empirical evidence from China.

	Saif Almuraqab, N. A.
	2020
	UAE
	Quantitative
	UTAUT
	Predicting determinants of the intention to use digital currency in the UAE: An empirical study.

	Sohaib, O.;Hussain, W.;Asif, M.;Ahmad, M.;Mazzara, M.
	2020
	Australia
	Quantitative
	TRA
	A Partial least squares-structural equation modelling (PLS-SEM) neural network approach for understanding cryptocurrency adoption.

	Yoo, K.;Bae, K.;Park, E.; Yang, T
	2020
	-
	Quantitative
	TPB, IDT
	Understanding the diffusion and adoption of Bitcoin transaction services: The integrated approach.

	Huang, W. L.
	2019
	China
	Quantitative
	N.A.
	The impact on people's holding intention of Bitcoin by their perceived risk and value.

	Hwang, Y. H.; Moon, Y. J.
	2019
	Korea
	Quantitative
	UTAUT
	A quantitative model of determinants of use behavior for the cryptocurrency system in terms of security concerns and risks.

	Lee, W. J.;Hong, S. T.;Min, T.
	2019
	Korea
	Quantitative
	N.A.
	Bitcoin distribution in the age of digital transformation: Dual-path approach.

	Mendoza-Tello, J. C.;Mora, H.;Pujol-López, F. A.;Lytras, M. D.
	2019
	Spain
	Quantitative
	TAM
	Disruptive innovation of cryptocurrencies in consumer acceptance and trust.

	Murko, A.; Vrhovec, S.
	2019
	Slovenia
	Quantitative
	N.A.
	Bitcoin adoption: Scams and anonymity may not matter but trust into Bitcoin security does.

	Roussou, I.;Stiakakis, E.;Sifaleras, A.
	2019
	Worldwide
	Quantitative
	IDPM, TAM
	An empirical study on the commercial adoption of digital currencies.

	Sobhanifard Y.;  Sadatfarizani S.
	2019
	Iran
	Mix
	N.A.
	Consumer-based modelling and ranking of the consumption factors of cryptocurrencies.

	Yeong, Y. C.;Kalid, K. S.;Sugathan, S. K.
	2019
	Malasya
	Quantitative
	N.A.
	Cryptocurrency adoption in Malaysia: Does age, income and education level matter?

	Schaupp, L. C.; Festa, M.
	2018
	USA
	Quantitative
	TPB
	Cryptocurrency adoption and the road to regulation.

	Kazerani, A.; Rosati, D.; Lesser, B.
	2017
	Canada
	Qualitative
	N.A.
	Determining the usability of Bitcoin for beginners using change tip and Coinbase.

	Ermakova, T.;Fabian, B.;Baumann, A.;Izmailov, M.;Krasnova, H.
	2017
	Germany, Austria, Switzerland, UK, USA and Israel
	Quantitative
	N.A.
	Bitcoin: Drivers and impediments.

	Sas, C.; Khairuddin, I. E.
	2017
	Malasya
	Qualitative
	AHP
	Design for trust: An exploration of the challenges and opportunities of Bitcoin users.




[bookmark: _Toc126512740]2.1	Financial inclusion and remittances
Several theoretical and empirical studies dating back to the early 1990s confirm the presence of a causal link between financial expansion, improved business performance, and increased economic output. Evidence suggests that better capital allocation, risk management, and a higher share of creative and productivity-boosting investment initiatives are all outcomes of financial development. The impacts of financial deepening, or the amount of credit available to the private sector, have received the lion's share of attention in the existing literature (Aracil et al., 2021; Chauvet & Jacolin, 2017; Feghali et al., 2021). These studies find that remittances have a favourable effect on financial depth, but they don't say much about how they affect financial inclusion. If a significant number of credits are distributed to a small number of families, financial depth may rise while financial inclusion falls. To give just one example, while it's true that more significant remittance inflows boost financial depth at the national or local level, this does not automatically translate to increased financial inclusion for the people that receive them. In particular, poorer remittance recipient families may be excluded from the financial system when the rise in credit at the macro level owing to increasing remittance flows is instead routed to non-remittance recipient households. Even if remittance recipients don't open accounts, the remittances they send home will likely be deposited into the accounts of people who aren't remittance recipients (Anzoategui et al., 2014).
An untapped but sizable market for improved services includes people who use cash or other non-digital forms of payment in the physical, cash-based, or informal economy. There is significant unrealized potential for economic growth and corporate profit in bringing financial services to the world's more than two billion adults who are now excluded from the global financial system (Marcelin et al., 2021). Innovative banking services for underserved people are crucial for fighting poverty and expanding economies (Norta et al., 2019). In addition, 250 million migratory workers, tourists, permanent travellers, ex-pats, digital nomads, and foreign students become underbanked while working and travelling worldwide (World Bank, 2019). Access to credit and money movement might be difficult for those with no local credit history or bank accounts. It's also impossible to establish a solid credit history while relying on cash flow that can't be verified (Chauvet & Jacolin, 2017).
Taking a more geographical approach and keeping in mind that the UAE is the focal point of this investigation, to understand more the financial inclusion dynamics in this region, we find that MENA is made up of a diverse group of countries with widely varying levels of economic and political development and an experience of a historically slow embrace of integration. There is a wide variety of nations in the area, each with its own unique history of colonial oppression, current conflicts, tribal and religious rivalries, and significant economic inequality (Martin Grossman, 2022). 
[bookmark: _Toc126512741]2.2	Blockchain
As we saw in the previous sections, financial inclusion varies widely throughout MENA, mostly due to national variations (Grauer Kim et al., 2022). Recent technological advancements pave the way for more regional unity and progress. Blockchain is one such invention; it is a distributed ledger that cannot be altered, which does away with the need for middlemen and completely revamps how online transactions are conducted. Blockchain was first developed to support Bitcoin and other cryptocurrencies, but it has now found widespread use in other sectors where secure and trustworthy record-keeping of data is essential. In the time since its inception, blockchain technologies have shown promise in areas such as formalising remittances and expanding access to formal financial services (Garg et al., 2021). Blockchain technologies have recently been investigated by regulators and practitioners for their potential to modernise and perhaps replace the infrastructure supporting international money transfers (Rodima-Taylor & Grimes, 2017).
Blockchain technology is the main designer behind the success of cryptocurrency. Blockchain is a decentralised technology in which a distributed digital ledger records transactions between two parties chronologically and visibly, competently, verifiably, and perpetually (Reid & Harrigan, 2013). The safety of a ledger is preserved by miners who manage the ledger. The key difference between blockchain and other systems is that blockchain offers a decentralised structure without a dominant instance. A network of communicating nodes structures the framework of the blockchain. Before the advent of blockchain, a central authority that governed and had access to the entire system was required to make a successful and securitised transactional framework that involved multiple parties.
Simply put, a blockchain is a ledger (database) distributed to all users on a network. New records are constantly being added to the network, and these records are known as blocks. These blocks have timestamps linked to the previous block, like a chain. The process of adding blocks to the chain is called mining, and through a process of reformulating the node, the system generates a token that is assigned to the node. The generated token is called cryptocurrency because it is a unit that can be exchanged like currency (Morkunas et al., 2019).
The Blockchain uses cryptography to safeguard the general ledger from tampering. While all users can access the public ledger, only those with special cryptographic keys can add a new record. In addition, other network users can validate the new record and determine whether to add it to the general ledger. This mechanism makes it almost impossible to change or fake the archives. Each block includes data from the previous blocks; consequently, it is practically impossible to change recorded transactions in a block (Morkunas et al., 2019).
[bookmark: _Toc126512742]2.3	Cryptocurrency
By using digital tokens that are signed cryptographically and can be traced publicly, a cryptocurrency enables quick, borderless, decentralised, and anonymous online transactions. Therefore, the cryptocurrency is both a technology and a service made possible by technology. In most instances, the "currency" is not backed by a central bank or a physical commodity like gold (Albayati et al., 2020; Bjerg, 2016; Hashemi Joo et al., 2020). The idea was first proposed in the foundational article “Bitcoin: A Peer-to-Peer Electronic Cash System” by a programmer going by the alias Satoshi Nakamoto (Nakamoto, 2008). Nakamoto, who has remained anonymous, also claims that the currency is "trust-less" since there is no need for an intermediary to guarantee the honesty of transactions. There are several global exchanges where fiat cash may be swapped for Bitcoin and other cryptocurrencies.
Bitcoin was developed by Nakamoto (2008) to solve the problems of high transaction costs associated with trust and the double-spend issue in online transactions. (Nakamoto, 2008). To solve the first issue, neutral parties must monitor and mediate disputes inside electronic payment systems (Abramova & Böhme, 2016; Nakamoto, 2008). Because of this, it became necessary to mandate that all payments be final. Additional fees associated with mediation, insurance, and detecting fraud set a floor on what a transaction must be to be feasible. A second issue has arisen because of the shift from paper to digital currency. In contrast, each physical banknote has a unique serial number that prevents it from being redeemed more than once. However, because to the nature of digital assets, they may be duplicated and exist in more than one area at once, which creates a double-spend issue. To prevent double spending of digital currency and to keep track of all transactions in the proper historical sequence, this adds to the already high expense of maintaining a fully functional digital infrastructure. Nakamoto (2008) came up with the solution of using a network of interconnected computers to ensure two things: (1) a centralised, timestamped public ledger of all exchanges, and (2) a series of transactions that record ownership in a way that is anonymous (Khedr et al., 2021). Therefore, since the claimed purpose of Bitcoin was to eliminate the need for trust in financial transactions, it is a "trust-less" peer-to-peer transaction method (Kalinić et al., 2020). Bitcoin, at its core, is nothing more than a digital ledger that keeps track of transactions and balances (Shin & Rice, 2022). There is a shared master ledger that is maintained and updated by all nodes in the Bitcoin network. Due to the presence of duplicates, algorithms are used to reach a consensus on which version is the most accurate. Public-private key cryptography is employed by the system; this is a standard method used in many electronic commerce and communication forms, such as SMS and iMessage on mobile devices (Alsalami & Zhang, 2019). The public key functions like a ledger account number, whereas the private key functions like a login and password. A user's wallet is a common place to save these keys.
The following concepts illustrate how a cryptocurrency network uses blockchain technology to ensure protected and transparent transactions without the intervention of a financial intermediate. Everyone on the cryptocurrency network has a cryptocurrency wallet. Every owner of a cryptocurrency has access to a key pair which have two characteristics: (a) a public key is comparable to an e-mail address or a bank account number; this public key is the address of the user's cryptocurrency wallet, and the owner can share it with others whenever they want another user of the cryptocurrency network to send coins to their cryptocurrency wallet; and (b) a private key gives the user the authority to send cryptocurrencies that were previously transferred to his cryptocurrency wallet to the wallet of another network user; a private key can be viewed as a password and must be kept secret to avoid possible misuse (Reid & Harrigan, 2013). 
When cryptocurrency owners transfer a certain amount of cryptocurrency to another user's wallet, they message the entire cryptocurrency network user. Then, they use their private key to sign the message.
Exchanges, wallets, payments, and mining are the four categories Gil-Cordero et al. (2020) identified within the bitcoin business. Users use cryptocurrency exchanges to trade their fiat currencies for digital coins. The user's wallet, which may be hosted online or offline (for offline storage, for example, a USB flash drive may be used), is where the cryptocurrency access (the private key) is maintained after that. The wallet acts as a digital safe deposit box for the user's cryptocurrency and may be used to make purchases and check the user's account balance. 
Below, we will go through the technological infrastructure that underpins the cryptocurrency system, including mining. The four use cases described by Gil-Cordero et al. (2020) et al. are: (i) medium of exchange, (ii) non-monetary use cases, (iii) speculative digital asset/investment and (iv) payment rail (for cross-border transactions). Use cases that don't involve fiat money are not included of this research. It's worth noting that there is no agreed-upon taxonomy of cryptocurrencies; instead, various authors have offered somewhat varied takes on what constitutes these digital tokens' core features. Consumers' uncertainty is exacerbated, according to Schuh & Shy (2016), by the fact that economists have not come to an agreement on the topic and by the fact that terms like "virtual assets", "digital assets" and "cryptocurrency" are sometimes used interchangeably despite their distinctions.
The evolution of cryptocurrencies affects people, businesses (Morkunas et al., 2019) and regulators (Elbahrawy et al., 2017). Cryptocurrencies offer people a different way to transfer values in a network system without the necessity to have trust. This enables people to receive and send money rapidly, simply and cheaply (Abramova & Böhme, 2016; Khairuddin et al., 2016). From a merchant eCommerce perspective, it also offers businesses a new way to collect customer payments (Baur et al., 2015) . As Sobhanifard and Sadatfarizani (2019) highlighted, this new way enables businesses to collect payments from international customers at beneficial exchange rates, fast (Sas & Khairuddin, 2017), and with lower transaction costs (Khairuddin et al., 2016).
Numerous researchers have shown the importance of studying factors influencing cryptocurrency acceptance amongst people (Elbahrawy et al., 2017). Nevertheless, according to Alzahrani and Daim (2019), the existing studies on introducing cryptocurrencies are still inconsistent. These studies used various theories to examine the adoption of cryptocurrencies. Most of the studies concentrated on the acceptance of cryptocurrencies (Abramova & Böhme, 2016; Albayati et al., 2020; Almuraqab, 2020; Alqaryouti et al., 2020a, 2020b; Arias-Oliva et al., 2021; Gil-Cordero et al., 2020; Mendoza-Tello et al., 2019; Nadeem et al., 2020) as adoption decisions , whilst other studies viewed behavioural intentions as a proxy for adoption decisions (Anser et al., 2020; Schaupp & Festa, 2018). In addition, factors like trust, safety, and the perceived risk associated with cryptocurrency are used by some studies as precursors to adoption (Huang, 2019; Murko & Vrhovec, 2019; Sas & Khairuddin, 2017). For this reason, it is essential to analyse and synthesise these studies together to develop a thorough understanding of the factors shaping the acceptance and adoption of cryptocurrencies.
[bookmark: _Toc126512743]2.3	Summary
The study applies the Unified Theory of Acceptance and Use of Technology Extended (UTAUT2) and Innovation Diffusion Theory (IDT) to investigate the customers' behaviour toward cryptocurrency transactions that are supported by blockchain technology. Following the study analyse the research questions: 
RQ1: Are UAE consumers willing to using cryptocurrencies and blockchain-based applications for remittance transactions? 
RQ2: How can external factors affect the customers' behaviour in remittance transactions using cryptocurrency and blockchain-based applications?
RQ3: What aspects affect a particular consumer's decision to use cryptocurrencies for remittance transactions?
Due to the novelty of blockchain and cryptocurrency use in the UAE, this study contributes to the existing literature on cryptocurrency usage in a local context. Moreover, this study thoroughly examines the obstacles facing the adoption of cryptocurrencies in the UAE's remittance business. 
This study contributes to the current literature by providing scholars and practitioners with significant insights regarding cryptocurrency and blockchain-based applications usage in the UAE. In addition, it demonstrates the nation's readiness for pursuing broader reforms and structural adjustments.
[bookmark: _Toc108885001]

[bookmark: _Toc126512744]CHAPTER 3: THEORY BACKGROUND

The purpose of this research is to investigate what influences people's willingness to utilise and actual adoption of cryptocurrency for international money transfers (remittances). The literature review chapter came to the conclusion that despite the fact that numerous researchers have highlighted the significance of investigating the factors influencing people's acceptance of cryptocurrencies, the existing studies on the introduction of cryptocurrencies are still inconclusive. Although acceptance of cryptocurrency was the major focus of the reviewed study, some studies substituted behavioural intents for adoption decisions. This study, therefore, hypothesises, constructs, and tests a conceptual framework concerning the acceptance factors of digital capabilities, such as Behavioural Intention (BI), Perceived Risk (PR), and Consumer Innovativeness (CI), and their influence on the intention to adopt and use cryptocurrency. 
This study follows the guidelines for developing conceptual frameworks in quantitative research outlined by Imenda (2017), which include: (i) defining the research problem (as discussed in Chapter 1), (ii) reviewing the existing literature and identifying research gaps (Chapter 2), (iii) identifying relevant theoretical structures, and (iv) applying these theoretical structures to the research problem. The UTAUT2 (Viswanath Venkatesh, 2012) and the IDT (Rogers, 1995a) theories are therefore used as theoretical underpinnings in this study. In this chapter, we provide an overview of the history and evolution of these ideas as they pertain to the spread of new technologies and innovations. Following this, we show how the conceptual model of the research may be constructed by drawing on the aforementioned theories and frameworks to produce associated constructs.

[bookmark: _Toc126512745]3.1	Overview of technology adoption theories
Traditional cryptocurrency adoption studies relied heavily on either technical acceptance or behavioural theories. This research draws in theoretical foundations from the literature on technology adoption and diffusion of innovation theory concerning initial consumer acceptance and subsequent continuing intention in the use of cryptocurrency. 
The adoption and maintenance of digital mobile payment systems have been the subject of several research efforts. These two concepts are distinct and influenced by several variables (Santhanamery & Ramayah, 2018). After an initial adoption change, the continuing usage of an information system may increase or decrease depending on the first experience with the system (Venkatesh et al., 2012).
Much research has been done on the adoption factors. The Technology Acceptance Model (TAM) is often one of the first theories examined since it explains how customers' pre-existing ideas and attitudes may make or break a product's early success (Pires & Halawi, 2020). The C-TAM-TPB, a combination of the TAM and the Theory Planned Behaviour (TPB) proposed by Taylor and Todd (1995), was used to identify attitudes based on actions (Safeena et al., 2013). Social influence, enabling circumstances, performance expectation, and effort expectancy are the four pillars on which Venkatesh et al. (2003)'s UTAUT construct model rests.
The TAM, UTAUT, TPB, Theory of Reasoned Action (TRA) and Social Cognitive Theory (SCT), among others, have all been used to investigate why people decide to adopt new technologies (Gao & Waechter, 2015). Researchers hypothesise that although many of these ideas may shed light on how people first accept a technology or information system, not all are well-suited to understanding how those people will continue to use that system over time (Gupta & Manrai, 2019). Understanding continuance intention behaviours requires new and more suitable representations and structures (Nabavi et al., 1 C.E.).
In 2003, the first iteration of UTAUT was suggested to provide a holistic view of Information Technology (IT) acceptance from the user's point of view. The UTAUT model is built on the interplay of four interrelated constructs capable of shaping individuals' intentions and actual uses of technological tools. Expectations of performance and effort, as well as those of social influence and favourable circumstances, are among these concepts. Age, gender, experience, and the presence or absence of user volition all serve as moderators of the constructions. As the field of information systems has advanced rapidly over the years since the UTAUT model's inception, so has the need for the model to evolve, theoretically and practically, to accommodate state of the art. Therefore, Venkatesh et al. (2012) presented the extension of UTAUT termed UTAUT2 to correctly examine the acceptability and usage of technology in the context of mobile apps from a consumer viewpoint, building on the prior model.
UTAUT explained 77% of the variation in behavioural intentions and 52% of the variance in behaviour in longitudinal studies (Venkatesh et al., 2016b). UTAUT, like TAM and IDT, was created for organisational settings focused on actual application (Rondan-Cataluña et al., 2015). The second version of UAUT was created in 2012 with the intention of more directly serving the needs of consumers (Venkatesh et al., 2012). UTAUT2 also includes hedonic incentive, price value, and habit as potential influences on behavioural intention and use behaviour. As an extension, business, performance, and social influence-related technology use behaviours are influenced by UTAUT, effort expectation, performance expectancy, and social influence. On the other hand, how technology is used depends on the motivation behind the behaviour and the context in which it is performed (Usman, 2017). It may be concluded that UTAUT2 is a rare kind of model for the dissemination of technology that is focused on the end user. However, the model's lack of proven efficacy in other settings and with other technologies stems from its uniqueness (Mahomed, 2017).
[bookmark: _Toc108885002][bookmark: _Toc126512746]3.2 	Perceived risk
Money is a trust-based social relation. According to Bauer, 1960) and Ostlund (1974), the unfavourable effects of consumer behaviour give rise to perceived risk, an important and well-established notion in consumer behaviour. Several writers who have studied how risk affects the uptake of online banking are highlighted. For instance, J. Wu et al. (2017) discovered that customers' happy mood is positively correlated with the perceived utility of mobile payments and significantly lowers users' sense of danger. In the particular context of cryptocurrencies, the notions of risk and trust have been categorically disregarded.
Risk perception, on the other hand, is a distinct concept that has significant implications for behaviour prediction. Perceptions of risk are also heavily influenced by institutions, which are especially important in emerging markets (Penfold, 2015). While this crisis of trust in government has not yet reached the level it has in emerging countries, it has affected the more prosperous nations. So, the perception of risk directly impacts whether cryptocurrencies are adopted. Consequently, a more thorough confidence analysis is needed. In personal financial and electronic transactions, risk perception is crucial. Uncertainty and perceived danger emerge from the anonymity and absence of social signals that would typically be associated with private transactions (Yan & Pan, 2015; Zhou, 2012). However, it is essential to keep in mind that perceived risk is a perspective about the counterparty, not a perception of one's own vulnerability to hazards. This distinction is very important to keep in mind (Luo et al., 2010). Koenig-Lewis et al. (2015) assessed the perceived risk, validating the findings of prior research that stressed the importance of safety in financial services. Gefen et al. (2003) discovered that trust, coupled with perceived usability and utility, was a significant determinant in e-commerce purchases. Trust has a major influence on behavioural intent, according to (Zhou, 2012). 
According to Yan & Pan (2015), structural security in a system has the most impact on risk perception, but perceived usability and utility and risk perception all have an impact on behavioural intent. This was in line with earlier research by Zhou (2012), who discovered that structural guarantees had the greatest influence on consumers' first trust in mobile banking. It is possible that the perceived risk connected with adopting cryptocurrency may increase as a result of the plethora of different suppliers and technology involved (Slade et al., 2013). One problem that has been identified as a roadblock to wider adoption is the inability to maintain stable prices, which is linked to concerns about security and trustworthiness (Haran, 2017; Penfold, 2015).
Therefore, it is essential to comprehend the function that risk aversion plays in accepting and using cryptocurrencies. The introduction of mobile banking also demonstrates the significance of users' perception of risk in the technology's overall adoption (Alalwan et al., 2017).
[bookmark: _Toc126512747]3.2 	Innovativeness
According to Rogers & Shoemaker’s (1971) Innovation Diffusion Theory, people's aptitude for innovation dictates the sources of information they consider when determining whether or not to embrace technology. It is clear that innovation plays a crucial part in disseminating innovations. In several study domains, many researchers provide their definitions. An individual's inventive ability is determined by how quickly they adopt new concepts compared to other members of their social system (Rogers & Shoemaker, 1971). According to Midgley & Dowling (1978), an individual's capacity for creativity depends on how open they are to new ideas and how much they rely on their own judgement rather than the experiences of others when making judgments. According to (Hurt et al., 1977), innovation is the propensity towards change. Innovation is the readiness of a person to try out any new information technology, according to Agarwal and Prasad (1998). As innovation is a moderator variable that impacts the history and outcomes of views about a given system, more and more researchers include it in their study models as both an independent variable and a moderator (San Martín & Herrero, 2012). Agarwal and Prasad (1998) found that under the same informational circumstances, inventive persons construct more favourable views of the attributes of the invention. According to several academics, consumer innovation affects people's thinking and decision-making processes (Gatignon & Robertson, 1985; Rogers, 1995b). Innovation in information technology operates as a moderator variable of the history and effects of opinions of a given system, according to Agarwal and Prasad (1998) and Dabholkar & Bagozzi (2002).

[bookmark: _Toc108885004][bookmark: _Toc126512748]3.3 	Research Propositions
The study drawn on a previous study on the adoption of mobile banking that was conducted by Alalwan et al. (2017). After reviewing the literature on cryptocurrencies and taking into consideration, from a consumer perspective, how closely the implementation of cryptocurrencies is tied to online and mobile applications, this study drawn on that research due to the closeness of the population studied in the MENA geographical region.
The subsequent study has thus added the Perceived Risk (PR) construct produced by Gefen et al. (2003) and the Consumer Innovativeness construct based on Innovation Diffusion Theory (IDT) to the original UTAUT2 model by Venkatesh et al. (2012). This choice was made since the original UTAUT2 framework has previously shown validity and significance applied to online and mobile instruments investigation. In the context of Malaysian cryptocurrencies, which are riddled with uncertainty, risk, and anonymity, the inclusion of the Perceived Risk construct in the proposed model was extremely essential (Omane-Adjepong & Alagidede, 2020; Zakaria et al., 2019). The construct from the original UTAUT2 model, i.e. habit, is not used in this work. In order to reflect the fact that cryptocurrencies are still in their infancy and in the development stage, the habit construct was removed from the suggested study model. Additionally, experts argue that such individual inventions should be considered a construct in the studies since more inventive individuals are more likely to take chances using cutting-edge technology (Oliveira et al., 2016).
According to Koenig-Lewis et al. (2015) and Alalwan et al. (2017), adding more terms to the model would simply make the research tool more complex with a little added value. As it was believed that few respondents would have an adequate understanding of cryptocurrency, experience and habit are overlooked in this model. 
The moderating effects of age and gender are taken into account in this study, in contrast to Alalwan et al. (2017), who used the baseline conceptual model developed by Venkatesh et al. (2012). It may not be possible to study age and gender effects since the small sample size is anticipated. The analytical method subsequently outlined aims to quantify the magnitude of the predicted impacts on the associations discovered in the literature review. Therefore, causality is only loosely addressed since it is hypothesised that, for instance, perceived risk affects behaviour-related intended usage. It should be highlighted that statistical methods alone are insufficient to determine causation (Kline, 2011). These following assumptions have been supported by previous research using UTAUT2 and its progenitors. Because of this, the statistical tests performed are confirmatory.
[bookmark: _Toc108885005][bookmark: _Toc126512749]3.4 	Hypothesis development
Godoe and Johansen (2012) demonstrated how innovation influences perceptions of a technology's utility and usability in a favourable way. As a result, this personal factor has a favourable influence on people's preparedness for bitcoin technology and increases their likelihood of using it (Sohaib et al., 2020). 
Given the moderating influence of the ability to innovate on the intention of a transfer, the study suggests that the ability to innovate is the best indicator of the intention to use cryptocurrencies as a transfer instrument. Therefore, the first hypothesis states as follow:
H1. Consumer Innovativeness will significantly affect Behavioural Intention.
H1b. Consumer Innovativeness moderates the relationship between Perceived Risk and Behavioural Intention.

When customers take the risk of introducing new items, they must choose between the favourable and unfavourable effects of the move, which is a dangerous choice (Mitchell et al., 1999; Zinkhan & Karande, 1991). As a result, perceived risk depends on the adoption's unanticipated results and deviations from expectations (Forsythe & Shi, 2003; Weber & Hsee, 1998). However, Conchar et al. (2004) have shown that the perceived risk may have a detrimental impact on the choice to introduce new goods. Further, DelVecchio & Smith (2005) and Mitchell & Harris (2005) contend that this negative impact is not as obvious. Risk perception may not have much of an impact on real uptake since actual uptake depends on consumers' capacity for innovation (both globally and within specialised domains). However, this may lead consumers to seek out further information in order to analyse risk levels, reduce risk perception, or manage perceived risk (Manning et al., 1995). 
Due to the financial nature of the technology, perceived risk plays a significant role in online shopping and mobile banking (Alalwan et al., 2017; Yan & Pan, 2015; Gefen et al., 2003). Additionally, a number of controversies have followed the mainstreaming of cryptocurrencies. Therefore, perceived risk ought to have a detrimental impact on one's propensity to utilise cryptocurrencies. However, since the study focuses on general processes rather than particularly on the perceived risk construct, it ignores potential predecessors and treats perceived risk as a unitary construct. This leads to the second hypothesis that states as follow:
H2. Perceived Risk will significantly influence a consumer's Behavioural Intention.

Performance expectation may be thought of as the degree to which a user can get advantages and values like customizability, ease, and reduced overhead by adopting a certain technology (Viswanath Venkatesh, 2012). The primary indication for user behaviour and use behaviour in the information technology (IT) and information systems (IS) literature is performance expectation (Davis, 1989). It was discovered, in particular, that clients often do cost-benefit analyses while using new technology (Venkatesh et al., 2012). Therefore, it is discovered that, especially in online banking, extra functionalities and benefits are felt by customers to improve the pricing worth of such technology (Venkatesh et al., 2003). Similarly to this, in Rogers' opinion (Rogers, 1995b), innovation had to be accepted in order to provide consumers with a relative advantage or benefit. These advantages, as was already indicated, are consistent with performance expectations. Ho and Ko provided more evidence to support these claims (Ho & Ko, 2008). Customers saw the advantages of bank-related self-service technologies as good (Khadem & Mousavi, 2013). Since cryptocurrency usage categories compete with traditional existing services, it seems sense that performance expectation (PE) is a factor in determining Behavioural Intention (BI). Additionally, it was shown that PE consistently predicted BI in a substantial way. This results in the third hypothesis, which is as follows:
H3: Performance Expectancy will significantly influence a consumer's Behavioural Intention.

The simplicity with which customers can utilise new technologies is characterised by the effort expected in the context of UTAUT2 (Venkatesh et al., 2012), which subsequently generates a favourable attitude and intention toward such an innovative medium (Merhi et al., 2019). Numerous published empirical studies have argued for the significance of effort expectation (Alalwan et al., 2017; Shaw & Sergueeva, 2019) or related variables like perceived ease of use (Rodrigues et al., 2016; Zhou, 2018); these studies show a favourable impact on user intent to use technology. In line with Davis's claims (Davis, 1989), who maintained that users must still make a trade-off in their minds between the time and effort needed to utilise a specific technology efficiently and the benefits and advantages it provides. Therefore, consumers' expectations of performance are greater if they perceive the technology as simple to use, which ultimately influences their desire to adopt, according to empirical research (Alalwan et al., 2017; Beh et al., 2021). 
Due to the intricacy of technology and the present nature of business offerings, using cryptocurrencies in their current forms needs considerable technical expertise. Consequently, its usage requires familiarity with a dynamic ecosystem consisting of a wide variety of cryptocurrencies, each with its own peculiarities, exchanges, and wallet types. Additionally, conventional businesses that take cryptocurrencies, such as governments, financial firms, and retail outlets, sometimes need information about the organisations that manage or accept cryptocurrencies. As a result, it is anticipated that issues with utilising cryptocurrency would be prominent. Consequently, this supports the next hypothesis:
H4. Effort Expectancy will significantly influence a consumer's Behavioural Intention.

Social impact is the amount of pressure that family members exert on a person to utilise technology (Viswanath Venkatesh, 2012). The idea of social influence has been widely researched by many academics. They have shown its significance in predicting a person's desire to use and accept a variety of technological advancements, such as wearable technology (Lunney et al., 2016), mobile wallets (Patil et al., 2020) mobile heath adoption (Duarte & Pinho, 2019), mobile commerce (Shaw & Sergueeva, 2019), mobile (Merhi et al., 2019) and Internet banking (Alalwan et al., 2017). Social impact may be very important for new goods and services at an early stage of development, particularly if there is a deficiency of knowledge about the most recent technology (Adapa et al., 2018). 
Social effect is implied by cryptocurrencies due to their decentralised transaction structure, blockchain networks, and consensus process (Dickinger et al., 2008). Any cryptocurrency's growth is essentially fuelled by network effects, and the community inspires users to push for broader acceptance. Furthermore, the exchange of products with intrinsic worth for promissory notes with predicted future value constitutes the broad social contract that is money (Bjerg, 2016). Therefore, at least from the perspective of money, the societal effect on adoption is essential. Additionally, it has been shown that social variables affect financial services like the aforementioned mobile banking and m-payments. Therefore, social influence should favourably improve behavioural intent. Therefore, this supports the following fifth hypothesis:
H5. The Social Influence will significantly influence a consumer's Behavioural Intention.

According to Viswanath Venkatesh (2012), hedonic motivation refers to the delight, entertainment, or enjoyment brought on by using a certain piece of technology. These feelings, which embody the user's hedonic incentive, end up serving as the primary justification for people to adopt a technology (Beza et al., 2018; van der Heijden, 2004). The use of cryptocurrencies could also be seen as a part of modern life, which adds value to the portion of users who are actively seeking out innovation and novelty (Riffai et al., 2012). Additionally, studies have shown that consumers are more likely to make good use of technology when they engage in interesting and exciting activities. Thus, such technology gains extra value (e.g. inexpensive value, performance expectancy). Hedonic motivation's significant predictive significance in customer-related research led to its inclusion in the research model. Despite the potential benefits of cryptocurrency, prior research indicates that hedonic motivation is contextual and affects intent. This study's emphasis on customer approval is thought to have a favourable effect. Consequently, the sixth hypothesis is as follows:
H6. Hedonic Motivation will significantly influence a consumer's Behavioural Intention.

The cognitive balance between the financial cost and of adopting technology is conceptualised as the pricing value (Viswanath Venkatesh, 2012). The expense of using new technology falls on the individual, as opposed to an organisational context. Therefore, before selecting whether to adopt technology, the user will think about the cost-benefit analysis. When a technology is more expensive than its financial expenses, people are more likely to embrace it (Beh et al., 2021). The cheap value of user acceptance intention has been experimentally shown by earlier studies (Alalwan et al., 2017; Merhi et al., 2019). When assessing the perceived value of goods or services, the quality of the goods or services acquired or the user benefits are often considered in balance with the cost-price analysis in the current marketing literature (Merhi et al., 2019; Beza et al., 2018). Thus, the seventh hypothesis is as follow:
H7. Price Value will significantly influence a consumer's Behavioural Intention.

A person's view that a new technology's necessary technological infrastructure is already in place to use it is referred to as having relief conditions (Viswanath Venkatesh, 2012). Several studies empirically show that alleviation from circumstances is the primary motivator of user desire to embrace a technology (Beh et al., 2021; Beza et al., 2018; Venkatesh et al., 2003). As a result, in the context of this study, the terms used to describe facilitation refer to the resources that must be made available (interconnectivity and flexibility of use on any IT device, including smartphones, tablets, and others) as well as the fundamental skills required to carry out a cryptocurrency transaction. Because of their nature, cryptocurrencies can only be used when other structures and processes are in place. As a result, one of the most important variables affecting the cryptocurrency's goal should be the Facilitation Conditions. Following Alalwan et al. (2017), the study speculates that a favourable relationship with usage is anticipated. Therefore, the eighth hypothesis asserts the following:
H8. Facilitating Conditions will significantly influence a consumer's Behavioural Intention.
H9. Facilitating Conditions will significantly influence a Cryptocurrency Usage.

Following Wu and Du (2017), this study chooses to investigate both effects on the Behavioural Intention (BI) and Cryptocurrency Usage (CU) as dependent variables in two different steps, considering BI serving as a predictor of actual use. It’s helpful to specify that measuring Behavioural Intention (BI) cannot be considered ‘a priori’ as a direct indicator of Cryptocurrency Usage (CU). The UTAUT2 model supports this idea, which predicts a positive effect. Consequently, the tenth hypothesis claims the following:
H10. Behavioural Intention will significantly influence the consumer’s Usage of Cryptocurrency for remittance.

[bookmark: _Toc108885006][bookmark: _Toc126512750]3.5 	Conceptual model
Given the aforementioned assumptions and hypotheses developed, the conceptual model below is presented.
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[bookmark: _Ref117351314][bookmark: _Toc126512795]Figure 6: Research proposal based on a conceptual model of cryptocurrency adoption. Source: Authors' own elaboration.

[bookmark: _Toc126512751]3.6 	Summary
In the preceding literature review and theoretical framework, the fundamental operation of cryptocurrencies was described. The peer-to-peer element and the method for identifying ownership of cryptocurrency assets are crucial. When creating hypotheses on intent to use and actual usage, it is crucial to consider the seeming complexity of the technology. In light of this discussion, the unique benefits and disadvantages are listed. Since bitcoin was designed as a system for financial transactions, the question of whether or not it is money being investigated, with the social contract character of money being emphasised. This informs the study into the actions and expectations of cry users towards the technology. The conclusion is that classification relies on use, which is always evolving, leaving the question of whether cryptocurrencies are money unresolved. 
Following an examination of bitcoin and cryptocurrency as a financial technology, the theories of technology adoption, the frameworks through which adoption will be researched, is reviewed. TAM and subsequent models are based on instrumental and emotional conceptions that motivate intention, which subsequently manifests as usage. It is shown that the development of the field involves the addition of more independent components into models to increase their explanatory power. UTAUT2 is one of the most contemporary adoption models, and it has a clear consumer context. UTAUT2 is thus chosen as the conceptual model basis for this inquiry. 
After adopting UTAUT2, additional constructs are reviewed for possible model augmentation to better meet the objectives and context of the investigation. It was established that trust is the most often mentioned concept in the financial services sector. Examining the relevance of gender discrepancies and their possible implications for this study. In conclusion, implementations of UTAUT2 and associated adoption theories are analysed to inform the development of hypotheses and a conceptual model for this study. In this study, it is established that there have been few previous quantitative studies in the cryptocurrency industry, necessitating the incorporation of studies from neighbouring domains, namely mobile financial services. Literature review reveals that there is little consensus over which constructs to use and that non-significant findings are common for all claimed effects. On the basis of these applications, hypotheses have been formulated for this study.




[bookmark: _Toc108885007][bookmark: _Toc126512752]CHAPTER 4: RESEARCH METHODOLOGY

The methods used for data analysis are described in this section. That's because we based our work on the framework established by Saunders and Lewis (2018). The general research design is selected first, including the guiding principles, methodology, and tactics of the study. Data collection can start after that the sampling strategy and target population have been clearly determined. Because of the researcher's interest in quantitative methods, the survey instrument and data analysis strategies used to evaluate the hypotheses presented in the preceding chapter are detailed here. Finally, the methodological constraints on the study are presented.

[bookmark: _Toc126512753]4.1 	Research design
The study design is influenced by the novel role of cryptocurrencies on the market. A more targeted strategy is required since the broad customer audience is not very acquainted with cryptocurrency. Furthermore, since the underlying technology is difficult to comprehend, it is difficult to describe the special features of cryptocurrencies. This affects the quality of the data gathered, and the study design takes this into account. 
The current theory of adoption put forward by UTAUT2 (Viswanath Venkatesh, 2012) on the links between behavioural intent (BI) and Cryptocurrency Usage (CU) is tested using a quantitative deductive method. Additionally, the study used the information gathered to determine why people choose to utilise cryptocurrencies. The research is hence explicative (Saunders & Lewis, 2018).
[bookmark: _Toc126512754]4.2	Research Instrument and Measurement
The data collection method is the electronic survey. Because of the pseudo-anonymous nature of the system, it is difficult to directly quantify cryptocurrency users (Bohr & Bashir, 2014). Therefore, surveys with self-reported information are useful. There is a direct correlation between the length and difficulty of the survey and the number of responses, and the quality of the data collected. To make sure the survey's content is reliable for verifying the aforementioned assumptions, it is piloted with a small sample of cryptocurrency users. 
[bookmark: _Toc126512755]4.3 	Study setting
The survey also excludes respondents who are unfamiliar with cryptocurrencies, of which bitcoin is the most well-known. The population is further limited to internet users since cryptocurrencies are an online technology. One may argue that this restricts the findings' applicability to people who shop offline and might pay with cryptocurrencies. Involving a larger population, however, would make it more difficult to explain the findings, i.e. choosing to acquire internet technologies over choosing to adopt cryptocurrencies. People who want to use or have used cryptocurrencies are also likely to be internet users because of the nature of the technology. The study questions, i.e., the influencing factors that drive acceptability, intended usage, and use, logically lead to the demand of cryptocurrency knowledge. Since customers are the focus, each individual responder serves as the study's unit of analysis.
[bookmark: _Toc126512756]4.4 	Population
A non-probability sampling technique called snowball sampling allows for the identification of prior respondents and their distribution to new respondents.   As Saunders and Lewis (2018) indicated, for populations where it is difficult to determine the sample units, snowball samples are appropriate. Cryptocurrency's anonymity makes this particularly fits for this study. No user public databases exist, and accessing private records is difficult. Additionally, it's thought that true cryptocurrency users are a small group of early adopters. Snowball samples are useful because social impact mechanisms in adoption studies suggest a network effect among early adopters. Potential users, the second set of persons being studied, are likewise ideal for snowball sampling. Advertising the poll on websites that deal with cryptocurrencies would be an alternative way to reach the necessary number of people to get a big enough sample. This might result in large expenses, however, without necessarily increasing the number of users and prospective users that make up a representative sample. Given that is relatively easy to disseminate electronic surveys, the snowball sample is likewise related to the electronic survey approach. The bias in initial responders' selection that results in a possibly homogenous sample is one of the drawbacks of the snowball sample.
For each condition, the survey's sample size is at least 30 (Wegner, 2016). Additionally, a 20:1 ratio of samples to estimated interactions is necessary according to the statistical technique. This implies a sample size of 220 because 11 hypotheses are evaluated. The planned sample size is increased to 300 to accommodate for possibly incomplete responses. Based on consumer awareness in performed surveys, a low response rate is predictable (Schuh & Shy, 2016). As a result, a 20 percent response rate is chosen as a cautious estimate. This implies that 1500 respondents must be contacted with a sample size of at least 300 answers. Due to time restrictions and other studies that conducted related research, this objective was also selected.
4.4.1 	Power analysis
A power analysis is also undertaken to estimate the minimum sample size necessary for the primary research. Statistical power is the capacity to identify a difference when one exists. It is the likelihood that a false null hypothesis will be rejected (Cohen, 1988). The sample size was determined based on a power analysis for a logistic regression using G*Power 3.1.9.6, a software programme created by Erdfelder et al. (2009), using the methods provided by Garrett and Lipsey (1993). G*Power is used because to its capacity to do a priori power analysis, calculate effect sizes, and visually depict the outcomes of power studies. The impact size conventions might be regarded as little (0.20), medium (0.50), or huge (effect size of 0.80). Consequently, we conducted an a priori test with the number of predictors as height, including the interaction effect, as shown in the research model (CI, PR, PE, EE, SI, HM, PV, and FC), using a small effect size level (0.20), a moderate significance level (0.05), and a high-power requirement of 0.80. The findings indicate that the minimum sample size needed is 199, as seen in Figure 7.
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[bookmark: _Toc126512796]Figure 7: Minimum required sample size amounts for the study. Source: Authors' own elaboration from the software G*Power 3.1.9.6.

[bookmark: _Toc108885008][bookmark: _Toc126512757]4.5 	Pilot study
In order to verify the scale, which was initially based on the literature study, the research uses a scale development technique. Semi-structured interviews with top/middle-level personnel of two companies operating in the UAE's bitcoin market have confirmed the scale. According to the literature, this is a crucial stage in creating the scale items to measure the dimensions involved in adopting bitcoin instruments. Two operational personnel of the crypto companies were interviewed as a consequence of the interview.
Four remittance clients were the subjects of the pilot research, who used to send money home on a regular basis. They were given access to the poll, which yielded some early findings. The survey's findings and comments were taken into consideration while the scale was being finalised. 
The study then uses a quantitative research approach to gather information from several focus groups and interviews while considering the stakeholders' opinions about important variable indicators. 
The stakeholder hypothesis has shown how intricately structured the cryptocurrencies economy is. The research must include both the sender (the owner of the cryptocurrency wallet), the receiver (the receiver or acceptor of the cashless payment instrument), and any other parties engaged in a typical electronic remittance system. The report examines the complexity of the industry's electronic remittance system and analyses crucial indicators using thorough and reliable data from many stakeholders.
Three distinct stages have been used in the study: 
a. Creation and completion of the questionnaire. 
b. Collecting and compiling the questionnaire's data.
c. Analysing of the responses.

[bookmark: _Toc108885009][bookmark: _Toc126512758]4.6	Survey design
The most suitable theory for the proposed research, the UTAUT2 base model, also provides a survey tool. The questionnaire was developed with mobile internet technologies in mind, but it is possible to use it with cryptocurrency as well because of the usual interfaces used by consumers to access to cryptocurrencies. Additionally, a review of the body of research in the area of personal finance revealed that trust is a significant factor in determining usage intention. The first survey instrument by Viswanath Venkatesh (2012) was the foundation for the Alalwan et al. (2017) instrument, which included the construct of trust. Therefore, this research employs the Viswanath Venkatesh (2012) instrument with the inclusion of trust following Viswanath Venkatesh's implementation (2012). The research was partly modified based on Schuh and Shy (2016) observations on the challenges of comprehending surveys while working with cryptocurrency.
Here is a summary of the assessed variables (Table 2). The appropriate statistical tests depend on the kind of variable being assessed.
[bookmark: _Ref121841586][bookmark: _Toc126512810]Table 2:Data type of response variables. Source: Authors' own elaboration.
	Variable
	Data Type

	Usage Frequency
	Ordinal

	Cryptocurrency Usage
	Ordinal

	Age
	Ordinal

	Gender
	Dichotomous, Nominal

	Education
	Nominal

	Country
	Nominal

	Psychological Measures
	Ordinal

	Technology Relationship
	Ordinal

	Services Used
	Nominal



Even if certain factors, such as demographics, are not explicitly employed in the suggested model, they were nonetheless crucial to the investigation. As a result, some of these data points were gathered, but not all of them. The survey tool's content is available in Appendix A. The construct-related variables were computed following Alalwan et al. (2017)'s instructions after applying some adjustments for the susceptibility area of cryptocurrency that is currently investigated, different from mobile banking as per the original research. 
Demographic factors are considered first. Some of these factors were optional due to the sensitivity of the information asked. This made it difficult to measure the moderating effects of gender and age. Additionally, it is anticipated that respondents would favour men between the ages of 20 and 40, consistent with past online technology studies (Alalwan et al., 2017; Roos, 2015). However, addressing the research questions does not depend much on gender or age effects. We employed the following five age ranges: 18–24; 25–34; 35–44; 45–54; and, most recently, 55 and older. To guarantee that people under 18 who have not been included in the demographic category do not have legal control over their funds in most jurisdictions, it was decided to omit those under the age of 18.
It was required to answer questions on external factors that directly influence consumption intention. They were PR, PE, EX, HM, PV, SI, FC and CI constructions. Go to the Appendix for a complete list of the survey items. Each question is measured by a five-point Likert scale, from “Strongly agree” to “Strongly disagree”. The statistical analysis showed that the decision to use a five- or seven-point scale was meaningless (Dawes, 2008). For “Entirely disagree” and “Fully agree”, the Likert scale ranges from one to five. 
Survey questions are used to evaluate behavioural intent, as explained in Appendix B. Cryptocurrency Usage (CU) is included as an item in the usage frequency scale, mentioned in the Alalwan et al. (2017) and Viswanath Venkatesh (2012)'s original study. On a seven-level time scale, CU is quantified: ‘never’, ‘once a year’, ‘many times a year’, ‘once a month’, ‘several times a month’, ‘several times a week’, and ‘many times a day’.
It was also a query, thus, the kind of usage is now indicated. This is because the cryptocurrencies system's secrecy and anonymity make it impossible to get actual use statistics. The aim of addressing research question one (RQ1) was one of the questions in this collection. 
The survey was administered in both Arabic and English. Five cryptocurrencies professionals who invest in cryptocurrencies were used to evaluate the questionnaire. Due to the anonymity of the survey, the participation of the pilot groups in the final survey cannot be totally ruled out. Due to the size of the pilot group, however, contamination of the main survey's data is not taken into account.
[bookmark: _Toc126512811]Table 3: Measurement items. Source: Authors' own elaboration.
	Constructs
	Items
	
	Sources

	Perceived Risk (PR)
	PR1
	I think it is risky to use cryptocurrencies without any legal framework to back them up
	(M. C. Lee, 2009)
(Gefen et al., 2003)


	
	PR2
	I think it is dangerous to use cryptocurrencies because they are volatile
	

	
	PR3
	I think it is risky to use cryptocurrencies because of attacks and illegal activities
	

	
	PR4
	I consider the use of cryptocurrencies risky due to cryptographic failures in electronic devices
	

	Consumer innovativeness (CI)
	CI1
	I heard about a new information technology of the cryptocurrency, I would look for ways to experiment with it
	(Agarwal & Prasad, 1998)

	
	CI2
	Among my pears, I am the first one to try out new information technologies
	

	
	CI3
	In general, I am not hesitant to try out new information technologies
	

	
	CI4
	I like to experiment with new technologies
	

	Performance Expectancy (PE)
	PE1
	I find Cryptocurrencies useful in my daily life.
	(Alalwan et al., 2017; Viswanath Venkatesh, 2012)

	
	PE2
	Using Cryptocurrencies increases my chances of achieving tasks that are important to me.
	

	
	PE3
	Using Cryptocurrencies and related services (wallets, exchanges) helps me accomplish tasks more quickly.
	

	
	PE4
	Using Cryptocurrencies increases my productivity.
	

	Effort Expectancy (EE)
	EE1
	Learning how to use Cryptocurrencies is easy for me.
	(Alalwan et al., 2017; Davis, 1989; Shahzad et al., 2018; Venkatesh & Davis, 2000; Viswanath Venkatesh, 2012)

	
	EE2
	My interaction with Cryptocurrencies and related services is clear and understandable.
	

	
	EE3
	I find Cryptocurrencies and related services easy to use.
	

	
	EE4
	It is easy for me to become skilful at using Cryptocurrencies.
	

	Social Influence (SI)
	SI1
	People who are important to me think that I should use Cryptocurrencies.
	(Ajzen, 1991; Alalwan et al., 2017; Thompson et al., 1991; Viswanath Venkatesh, 2012)

	
	SI2
	People who influence my behaviour think that I should use Cryptocurrencies
	

	
	SI3
	People whose opinions that I value prefer that I use Cryptocurrencies.
	

	Facilitating Conditions (FC)
	FC1
	I have the resources necessary to use Cryptocurrencies.
	(Ajzen, 1991; Beza et al., 2018; Taylor & Todd, 1995; Thompson et al., 1991; Venkatesh et al., 2003, 2012)


	
	FC2
	I have the knowledge necessary to use Cryptocurrencies.
	

	
	FC3
	Cryptocurrencies and related services are compatible with other technologies I use.
	

	
	FC4
	I can get help from others when I have difficulties using Cryptocurrencies and related services.
	

	Hedonic Motivation (HM)
	HM1
	Using Cryptocurrencies is fun.
	(Beza et al., 2018; Escobar-Rodríguez & Carvajal-Trujillo, 2014; Venkatesh et al., 2012)

	
	HM2
	Using Cryptocurrencies is enjoyable.
	

	
	HM3
	Using Cryptocurrencies is entertaining.
	

	Price Value (PV)
	PV1
	Cryptocurrencies services (e.g. wallets and exchanges) are reasonably priced.
	(Beza et al., 2018; Escobar-Rodríguez & Carvajal-Trujillo, 2014; Viswanath Venkatesh, 2012; Wen, 2009)

	
	PV2
	Cryptocurrencies services (e.g. wallets and exchanges) offer good value for money.
	

	
	PV3
	At the current price, using Cryptocurrencies and related services provides good value.
	

	Behavioural Intention (BI)
	BI1
	I intend to use Cryptocurrencies in the future.
	(Chen, 2016; Davis, 1989; Hossain & Zhou, 2018; Shareef et al., 2011; Venkatesh et al., 2003, 2012, 2016b)

	
	BI2
	I plan to use Cryptocurrencies in remittances in future.
	

	
	B3
	I currently prefer to use cryptocurrencies in my remittances.
	

	
	B4
	If cryptocurrency is not available as a payment method in a remittance, I would request it.
	



[bookmark: _Toc126512759]4.6 	Ethical considerations
Data collection was conducted in accordance with Abu Dhabi University's (ADU) Institutional Review Board's (IRB) standards and rules after getting approval to do so. Not any kind of confidential information was collected. Additionally, in order to protect the anonymity of the participants, their permission was obtained prior to any data collection. Participants were informed that they were under no obligation to complete the survey, and that they might withdraw from the research at any moment with no repercussions. Participants were issued codes by SurveyMonkey®, and no personal information about them beyond demographics was collected to further protect their anonymity. 
A password-protected desktop PC held the SurveyMonkey® and IBM SPSS® data. The password was known only to the researcher. The backup was stored on a USB drive that was secured in a safe using a PIN code. Last but not least, there is a possibility that the study's methodology introduces error. The distinction between method bias and knowledge bias rests on the plausible assumption that an individual's knowledge would stay reasonably consistent during the measuring procedure, which often entails self-reported questionnaires; hence, may guess the hypothesis (Burton-Jones, 2009). The questions on the survey were mixed up to cut down on selection bias.
[bookmark: _Toc126512760]4.7 	Summary
Examining the links between UTAUT2 components, Perceive Risk (PR) and Consumer Innovativeness (CI), the goal of this study was to evaluate the variables that impact the desire to adopt and use of cryptocurrencies in the context of remittances. To achieve this objective, the researcher collected information from UAE inhabitants. SurveyMonkey® was used to protect the data collecting. Prior to undertaking the main investigation, a pilot study on a single entity was done to examine the viability of the study and its instruments. Next, a statistical power analysis was conducted in order to determine the minimal sample size necessary for statistical significance at a certain level. The description of data collecting processes, sample characteristics, and survey-based research methodology then followed. In the section on analytic approaches, IBM SPSS® and Hayes PROCESS SPSS Macro, the statistical tools used for this investigation, are described (Hayes, 2019). The next chapter will concentrate on data analysis and findings in connection to the conceptual model and hypotheses of the study.


[bookmark: _Toc126512761]CHAPTER 5: ANALYSIS

Descriptive statistics are run to establish the reliability of the data and the usefulness of the test. Two approaches are outlined in the following discussion. In the first approach, we will talk about what is most often mentioned in the current literature. In the second, we will go over multiple liner regression, a more powerful and flexible method.
[bookmark: _Toc126512762]5.1 	Structural Equation Modelling
Since the aim of the research was to find all possible interactions between variables, Venkatesh et al. (2012) used partial least squares regression (PLS) to test the model in the first version of UTAUT2. The bulk of the reviewed works (Rondan-Cataluña et al., 2015; Alalwan et al., 2017) use some kind of structural equation modelling (SEM) methodology. According to Kline (2011), SEM may be used for three different purposes: strictly confirmatory (whether to accept or reject pre-existing models), comparative modelling, and model development (where an initial model is adapted by the research for better fit with observations). SEM may be divided into two categories: covariance-based and variance-based. The variance technique is used by the PLS-SEM method. Svensson (2015) asserts that PLS-SEM is utilised for theory development while CB-SEM is used for theory assessment.
Thus, this study applies model testing since it examines previously established ties between cryptocurrency-related variables. Thus, this study serves as a hypothesis test showing that CB-SEM is preferable. When comparing the significance of associations between dependent and independent variables, SEM is quite similar to regression analysis. Observed variables are those that can be directly assessed, such as responses to a survey, whereas latent variables are those that are continuous but invisible to the naked eye (Kline, 2011). A latent variable representing behavioural intent is shown in Figure 3 of the testing model. Indicators are a subset of observable variables that are also used to gauge another model component indirectly. For example, the observed variable perceived risk in the model under investigation is a proxy for the latent variable behaviour intention and the additional observable variable performance expectation. SEM has an advantage over other regression methods like Analysis of Variance (ANOVA) and multiple regression because it can examine these latent variables. The capacity to investigate systemic rather than isolated impacts is a further strength and weakness of the paradigm (Kline, 2011). The problem occurs when trying to make claims of validity between different model parameters. Establishing the measurement model's dependability, discriminant validity, and convergent validity is the first stage in an SEM study. When a concept can be clearly distinguished from others in the same domain, we say it has discriminant validity (Agarwal & Prasad, 1998). Using many indicators to examine their associations with a common notion is what we mean when we talk about convergent validity. To test discriminant validity, we computed the AVE, where the AVE threshold is the square of the correlations. Studies of latent variables utilising cross-sectional data from a single survey have been criticised for introducing an additional layer of inaccuracy due to common method variance (CMV) (Luo et al., 2010). Examining the correlation matrix for latent variable correlations helps verify that CMV is not an issue.
Error (or residual) terms are used in structural equation modelling (SEM) to reflect the portion of the variation that cannot be accounted for, in part because of errors in the measurements. This is an improvement over older methods like multiple regression, which rely on the unreasonable assumption of perfect measurements. The need for a large sample raises questions about the accuracy and reliability of SEM. Standard errors may not be reliable for small samples (Kline, 2011). When implementing maximum likelihood estimation, Jackson (2009) advised a case-to-parameter estimate ratio of 20:1. If the ratio is less than 10:1, the findings should not be relied upon. When used in the context of nonparametric resampling, bootstrapping is a resampling technique that replaces the original dataset with new data sets created by random sampling (Kline, 2011). Bootstrapping is not a cure-all for small samples or non-normal distributions, Kline (2011) cautions, and it may exacerbate problems in a small sample.
[bookmark: _Toc126512763]5.2 	Multiple Linear Regression
Similar to structural equation modelling (SEM), multiple linear regression is a second-generation method (Kline, 2011). Multiple linear regression developed as a viable alternative to SEM when sample size restrictions tightened. This has the downside of not giving a full picture of the interactions and mediating effects if not enough data is collected, or if non-normality or collinearity is discovered. The previous SEM section expanded on these points. Preceding studies of adoption often used SEM as the preferred method of analysis.
The ease with which multiple linear regression may be used and the results analysed have made it a popular method. Here, we examine the process of finding the gradient and constant for the linear equation , where  is the dependent variable and  is the independent variable (Wegner, 2016). The fraction of the variation in  that may be explained by  is represented by the variable "m". In multiple linear regression, there are many variables to consider. Using multiple regression requires a number of assumptions to be met (Weisburd et al., 2022), and it's crucial to remember that breaches of these assumptions might alter the interpretation of the findings, so it's vital to evaluate and correct them as needed:
· Linearity. The correlation between the dependent and independent variables is linear. 
· Normality. It is expected that residuals follow a normal distribution in multivariate normality. 
· Independence. In the case of no strongly linked independent variables, often known as multicollinearity. The Variance Inflation Factor (VIF) is a valuable tool for determining this. The extent to which independent factors explain the variation in a dependent variable may be misunderstood if multicollinearity is present. 
· Homoscedasticity. If the variance in the error terms does not vary significantly among the independent variables, then we have homoscedasticity.
· No multicollinearity. The independent variables should not have a strong correlation.
· No autocorrelation. There should be no correlation between the errors.
The work's obvious weakness is that it relies on self-reported use rather than real use. In contrast, research by Venkatesh and Davis (2000) revealed that individuals' own reports of their own consumption were a reliable predictor of how much they really used. Studies of altruistic behaviours like charitable giving revealed this tendency to exaggerate favourable behaviour, known as social-desirability bias (Krumpal, 2011). Due to the optional nature of the survey, and the fact that cryptocurrency use is not inherently altruistic, it's very unlikely that respondents exaggerated their actual levels of engagement. However, reputation among early adopters may be a factor. One comprehensive analysis of adoption models may be found in Chuttur's (2009) work. He brings up the issues raised by previous studies about the behavioural-usage relationship that forms the basis of TAM and is inherited by UTAUT2. Since users' intentions are founded on a more fundamental need or desire, he explains why the relationship between intent to use and actual usage is inappropriate. This would mean to "invest" or "transact" with cryptocurrency. The research of J. Wu and Du (2017) of the associations between BI and usage lends credibility to this finding.

The studied technology's age, complexity, and level of customer awareness informed many of the decisions taken about research methods. Therefore, a positivist approach was used to determine the overarching factors influencing uptake. A quantitative analysis of the main cross-sectional survey data was used for this inductive procedure. Internet users already acquainted with cryptocurrencies made up the study's target group. Self-selection and snowball sampling were utilised since they are more realistic approaches to finding cryptocurrencies users and prospective adopters. The researcher remembers that there are restrictions to this method, as will be addressed in more detail later. A large sample size of 300 was aimed to allow for many possible analysis methods. We use the instrument developed by Alalwan et al. (2017) since it is reliable and valid in previous research and because it draws heavily on the Venkatesh et al. (2012)‘s UTAUT2 original work. Depending on the size of the collected responses, two distinct approaches were offered for the data processing phase depending on the size of the sample that was collected. The technique of choice in the adoption theory is SEM, which offers a more detailed analysis but has tighter sample size limits. Multiple-linear regression is an alternative that hasn't been used as often, but it allows researchers to derive reliable, non-spurious findings with fewer restrictions on their sample size. Finally, the study's restrictions are outlined according to the given methodology.
IBM's Statistical Package for the Social Sciences (SPSS) version 26 and Advanced Microcomputer Statistics (AMOS) version 26 were used for the statistical study. The next part provides a summary of the sample. The data's authenticity and trustworthiness are then shown by a battery of tests. Then, using the modelled dependent variable, the outcomes of three multiple linear regressions are reported.

[bookmark: _Toc126512764]5.3 	Sample description
The descriptive data are shown below. Of the 300 respondents who filled out the online poll, 268 were part of the target demographic, meaning they had some familiarity with Bitcoin and other cryptocurrencies. Table 4 outlines the demographics in short; "frequency" stands for the number of people who answered the question; and "valid percent" denotes the percentage of respondents who got the question right.
[bookmark: _Ref121921395][bookmark: _Toc126512812]Table 4: Respondents' demographic and use profiles. Source: Authors' own elaboration.
	
	Frequency
	Valid Percent

	Gender

	Female
	82
	30.7

	Male
	181
	67.8

	Prefer not to say
	4
	1.5

	Total
	267
	100.0

	Age

	18-29
	77
	28.8

	30-44
	131
	49.1

	45-59
	56
	21.0

	60+
	3
	1.1

	Total
	267
	100.0

	Nationality
	
	

	Non-UAE National
	193
	72.3

	UAE National
	74
	27.7

	Total
	267
	100.0

	Level of Education

	Bachelors
	88
	33.0

	High School/Diploma
	34
	12.7

	Masters
	130
	48.7

	PhD/DBA/Equivalent
	15
	5.6

	Total
	267
	100.0

	Cryptocurrency Usage Frequency

	Never
	143
	53.6

	Once a year
	29
	10.9

	Several times a year
	44
	16.5

	Once a month
	7
	2.6

	Several times a month
	21
	7.9

	Several times a week
	18
	6.7

	Several times a day
	5
	1.9

	Total
	267
	100.0



As indicated in the Figure below, the biggest majority of respondents (49.06%) were within the 30-44 age group, followed by the 18-29 age group (28.84%). In this sample, respondents between the ages of 25 and 44 account for 77.90%.
[image: ]
[bookmark: _Toc126512797]Figure 8: Age category frequency plot of respondents. Source: Authors' own elaboration.
In terms of Cryptocurrency Usage frequency, 53.6% of the 267 respondents have never utilized a cryptocurrency despite being aware of its existence. This indicates that just 11% of female respondents (or 29 individuals) have used a cryptocurrency at least once each year, compared to 31% of male respondents (or 82 individuals). The whole breakdown is shown in the Table 5 below, along with the breakdown by gender.
[bookmark: _Ref121921402][bookmark: _Toc126512813]Table 5: gender distribution of cryptocurrency use. Source: Authors' own elaboration.
	
	Frequency
	% of n

	Never

	Female
	58
	22%

	Male
	82
	31%

	Prefer not to say
	3
	1%

	Once a year

	Female
	5
	2%

	Male
	24
	9%

	Prefer not to say
	0
	0%

	Several time a year
	
	

	Female
	9
	3%

	Male
	34
	13%

	Prefer not to say
	1
	0%

	Once a month

	Female
	1
	0%

	Male
	6
	2%

	Prefer not to say
	0
	0%

	Several times a month

	Female
	5
	2%

	Male
	16
	6%

	Prefer not to say
	0
	0%

	Several times a week

	Female
	82
	1%

	Male
	181
	5%

	Prefer not to say
	4
	0%

	Several time in a day

	Female
	0
	0%

	Male
	5
	2%

	Prefer not to say
	0
	0%

	Grand Total

	Female
	267
	100%



We gave each respondent the option of selecting one or more categories of cryptocurrencies use and a text field for those who wanted to specify a category not mentioned in the poll. The outcomes are shown in the Table 6 below, and many options were available. Primarily used for investments, payments, and transactions. With 63.4%, investment for growth is the clear frontrunner. 
[bookmark: _Ref121921421][bookmark: _Toc126512814]Table 6: Reasons to use cryptocurrency. Source: Authors' own elaboration.
	
	Frequency
	% of n

	

	Investment for growth
	170
	63.40%

	Store of value or savings (similar to Gold)
	79
	29.50%

	Transactions/Payments
	72
	26.90%

	International money transfers (remittances)
	42
	15.70%

	Don't want to use
	25
	10%

	Hedge against local currency devaluation
	26
	9.70%

	Other things
	2
	0.80%



Those with a Master's degree (34.4%) and those with a bachelor's degree (33.6%) were the two biggest categories, accounting for 49.3$ of replies, suggesting a highly educated population. Only 12.3% of those surveyed had completed high school.
[image: ]
[bookmark: _Toc126512798]Figure 9: Education Level distribution of responders. Source: Authors' own elaboration.

Selecting a nationality was a requirement for respondents. In terms of respondents' nationality, 28.6% of all respondents were UAE nationals, while the remaining respondents were foreign nationals.
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[bookmark: _Toc126512799]Figure 10: Nationality distribution of responders. Source: Authors' own elaboration.

[bookmark: _Toc126512765]5.4 	Data screening and transformation
The information was collected by means of an online survey. Users in the UAE with prior cryptocurrency use experience made up the bulk of our sample. The Google Form, an external online survey tool, was used to collect data from the particular demographic of individuals we had in mind while creating the questionnaire. 
The only changes made to the raw data were to save the results of the Google Form survey as a comma-separated values (.csv) file and to translate the text fields for income into numeric values (.txt) files. 
The first phase of the screening analysis was looking at some potential missing data between the field collected in the survey. We identified eight missing values in the variable, HM3, PV1, PV2, PV3, which we replaced with the median of the respective series. We also check for probable unengaged replies, which are occasions when participants did not respond meaningfully or showed little interest in the research, during screening. The participant is not actively contributing or giving useful data for analysis in these replies. Participants who don't respond or provide brief, unclear replies are unengaged. These responses usually don't help the research, thus they're usually discarded. After the visual inspections of the cases, we noticed 3 cases of unengaged responses (all the same response for all the skills). We removed these cases.
In the final phase of the screening analysis, SPSS boxplots were used to visually evaluate the data for abnormalities. We found no outliers in the cases recorded.
Finally, to avoid introducing any biases into the data analysis, normality must be met. SPSS was used to evaluate and generate skewness and kurtosis scores, the results of which are presented in Table below. After comparing each value to the suggested cutoff range of 3 to 10 (Kline, 2011; Ursavaş & Reisoglu, 2017), it was determined that all values were within this range. Each statistic's magnitude shouldn't be greater than 2, as stated by (Andy Field, 2012). As can be seen from the Table 7, all values fall within the acceptable range.
[bookmark: _Ref121921451][bookmark: _Toc126512815]Table 7: Skewness and Kurtosis statistics. Source: Authors' own elaboration.
	
	N
	Missing
	Skewness
	Kurtosis

	PR1
	267
	0
	-1.082
	0.287

	PR2
	267
	0
	-0.636
	-0.418

	PR3
	267
	0
	-0.329
	-0.792

	PR4
	267
	0
	-0.018
	-0.878

	CI1
	267
	0
	-0.686
	-0.522

	CI2
	267
	0
	-0.151
	-0.984

	CI3
	267
	0
	-0.807
	-0.166

	CI4
	267
	0
	-0.986
	0.441

	PE1
	267
	0
	0.282
	-0.808

	PE2
	267
	0
	0.217
	-0.811

	PE3
	267
	0
	0.206
	-0.954

	PE4
	267
	0
	0.385
	-0.712

	EE1
	267
	0
	-0.106
	-0.809

	EE2
	267
	0
	-0.050
	-1.079

	EE3
	267
	0
	0.027
	-0.837

	EE4
	267
	0
	-0.155
	-0.867

	SI1
	267
	0
	0.069
	-0.911

	SI2
	267
	0
	0.028
	-0.781

	SI3
	267
	0
	0.058
	-0.576

	FC1
	267
	0
	-0.395
	-0.597

	FC2
	267
	0
	-0.263
	-0.878

	FC3
	267
	0
	-0.102
	-0.717

	FC4
	267
	0
	-0.105
	-0.816

	HM1
	267
	0
	0.017
	-0.739

	HM2
	267
	0
	0.045
	-0.800

	HM3
	267
	0
	0.097
	-0.716

	PV1
	267
	0
	-0.812
	-0.102

	PV2
	267
	0
	-0.576
	-0.560

	PV3
	267
	0
	0.190
	-1.165

	BI1
	267
	0
	0.025
	-1.127

	BI2
	267
	0
	-0.080
	-0.616

	BI3
	267
	0
	-0.140
	-0.448

	B4
	267
	0
	-0.132
	-0.681



[bookmark: _Toc126512766]5.5 	Exploratory Factors Analysis
One way to evaluate reliability is to see whether the results are consistent. The Cronbach's Alpha coefficients for each construct are shown in the Table 8 below. The value of Cronbach's Alpha should be greater than 0.7 to be considered reliable (Andy Field, 2012). After the first extraction analysis with SPSS (using the maximum likelihood method, extraction based on Eigenvalues, rotation method Promax and suppressing small coefficients less than 0.30 absolute value), we observed a Kaiser-Meyer-Olkin Measure of Sampling Adequacy (KMO) of 0.933 with a Chi-Square of 6773.124, df 528 and statistically significant (.000). We noticed that the total extraction for some skills, mainly in the CI and PR constructs, are very low: approximately 0.3. The model explains 64% of the variance with reproduced correlations with 5% non-redundant residuals with absolute values less than 0.05.
In loading analysis of the factors has been noted that the CI1, FC4, and BI1 created a lot of cross-loadings between the factors; for these reasons, after checking the internal consistency per each construct that would not decrease the Cronbach’s Alpha, we removed them from the EFA analysis. We run the extraction analysis again using the same previous SPSS configuration, and we found a KMO of .931 with a Chi-Square of 6107.110, df 435 and statistically significant (.000). Total cumulated variance explained is 71.61%.

[bookmark: _Ref121921471][bookmark: _Toc126512816]Table 8: Statistics on the dependability of model constructions. Source: Authors' own elaboration.
	Construct
	Cronbach’s Alpha

	PR
	0.837

	CI
	0.773

	PE
	0.942

	EE
	0.923

	SI
	0.890

	FC
	0.824

	HM
	0.942

	PV
	0.877

	BI
	0.871



Examining the degree of correlation that each scale has with the overall construct score is one way to assess the validity and reliability of the scales being used. The 0.5 score represents a 50% level of similarity. There has to be a correlation of at least 0.5 between the corrected items and the overall score, with 0.4 being acceptable at best (Pallant, 2020). The Table 9 below displays the correlations between each survey item, with excellent loading indicated by a value of 0.5 or higher for most items and a value of 0.4 or higher for the remaining few. The scale is, thus, legitimate and convergent.

[bookmark: _Ref121921486][bookmark: _Toc126512817]Table 9: Loading table of the scale’ items. Source: Authors' own elaboration.
	
	1
	2
	3
	4
	5
	6
	7
	8
	9

	PR1
	.709
	
	
	
	
	
	
	
	

	PR2
	.754
	
	
	
	
	
	
	
	

	PR3
	.843
	
	
	
	
	
	
	
	

	PR4
	.737
	
	
	
	
	
	
	
	

	CI2
	
	.475
	
	
	
	
	
	
	

	CI3
	
	.883
	
	
	
	
	
	
	

	CI4
	
	.758
	
	
	
	
	
	
	

	PE1
	
	
	.865
	
	
	
	
	
	

	PE2
	
	
	.915
	
	
	
	
	
	

	PE3
	
	
	.906
	
	
	
	
	
	

	PE4
	
	.
	.816
	
	
	
	
	
	

	EE1
	
	
	
	.816
	
	
	
	
	

	EE2
	
	
	
	.630
	
	
	
	
	

	EE3
	
	
	
	.918
	
	
	
	
	

	EE4
	
	
	
	.913
	
	
	
	
	

	SI1
	
	
	
	
	.758
	
	
	
	

	SI2
	
	
	
	
	.926
	
	
	
	

	SI3
	
	
	
	
	.810
	
	
	
	

	FC1
	
	
	
	
	
	.712
	
	
	

	FC2
	
	
	
	
	
	.676
	
	
	

	FC3
	
	
	
	
	
	.332
	
	
	

	HM1
	
	
	
	
	
	
	.940
	
	

	HM2
	
	
	
	
	
	
	.912
	
	

	HM3
	
	
	
	
	
	
	.837
	
	

	PV1
	
	
	
	
	
	
	
	.799
	

	PV2
	
	
	
	
	
	
	
	.949
	

	PV3
	
	
	
	
	
	
	
	.591
	

	BI2
	
	
	
	
	
	
	
	
	.459

	BI3
	
	
	
	
	
	
	
	
	.841

	B4
	
	
	
	
	
	
	
	
	.939




[bookmark: _Toc126512767]5.6 	Confirmatory analysis
Under this heading, we explore the scholarly justification for measuring and validating models using SEM technique. Scholars and writers agree that SEM is superior to conventional statistical approaches for collecting and explaining complicated multivariate interactions in social science data because it allows for examining several dependent relationships at once. Thus, this means that SEM dramatically increases researchers' capacity to examine several interconnected links all at once (Andy Field, 2012). The first crucial step in SEM is defining the measurement and structural models. Whenever possible, theoretical rigour from the current literature should underpin the definition of a SEM model. Several components of model estimation in SEM need theoretical explanation, including the definition of dependent connections and revisions to the suggested relationships (Kline, 2011). Researchers need to decide on an appropriate statistical metric to assess for estimates and to finalise the specification of measurement and structural models. It is impossible to determine the quality of a model using a single statistical test. Researchers have created various goodness-of-fit metrics to evaluate the outcomes from these three angles. These are: (1) overall fit, (2) comparative fit to a base model, and (3) model parsimony. To help with this, AMOS includes several statistical measures against which the hypothesised model may be tested, as well as suggestions for how this model could be altered, assuming such alterations have enough theoretical basis (Koroma et al., 2022).
Therefore, we first used Confirmatory Factor Analysis (CFA) before moving on to structural equation modelling (SEM). All latent variables were assumed to be exogenous, and covariance was used to establish their relationships. Unidimensionality, reliability, and validity are emphasized by CFA's use of curved arrows to depict covariance between each pair of latent variables and straight lines from error to their corresponding variables (Koufteros and Marcoulides, 2006). Reduced scale was required for an accurate model match (see Figure 11).
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[bookmark: _Ref126507765][bookmark: _Toc126512800]Figure 11: AMOS model fit summary graph. Source: Authors' own elaboration.

No need to covariance any errors (Modification indices in Covariance were 0).

The model chi-square statistic is the most basic indicator of model fit (). This statistic "assesses the extent of disparity between the sample and fitted covariance's matrices," and has traditionally been used as a proxy for the overall goodness-of-fit of a model (Hu & Bentler, 1999, p. 2). For a newly formed model, the chi-square value is often zero (), however theoretically there is no such thing as a chi-square value for a model with zero degrees of freedom (df). Each observed covariance should correspond to its corresponding suggested covariance if the chi-square model is a good match for the data. The chi-square statistic is often known as a "badness of fit" (Kline, 2011) or "lack of fit" (Mulaik et al., 1989) measure since a well-fitting model would provide a non-significant result at the 0.05 level of significance (Barrett, 2007). Nonetheless, factors like as sample size, multivariate non-normality, correlation magnitude, and unique variance may all influence the  measure (Kline, 2011). The ratio of chi-square to degrees of freedom is known as the normed chi-square, and it is used by researchers sometimes to reduce the impact of sample size (). But there are restrictions, says Kline. No agreement is reached on the highest value of acceptable NC (Kline, 2011, p. 204); however, researchers' suggestions vary from as high as 5.0 (Wheaton, 2016) to as low as 2.0 (Tabachnick & Fidell, 2019) as mentioned in (Hooper et al., 2008). Table 10 summarises the permissible cut-off points for the various model fit criteria accessible under SEM analysis tools like AMOS, EQS. This allows for a more thorough evaluation of whether or not the model is fit.

[bookmark: _Ref121921532][bookmark: _Toc126512818]Table 10: Criteria for model fit and appropriate fit interpretation. Source: Authors' own elaboration.
	Model fit Criteria
	Acceptable level
	Interpretation

	Chi-square
	Tabled 2 value
	Compares obtained 2 value with tabled value for given

	Goodness-of-Fit Index (GFI)
	0 (not fit) to 1 (perfect fit)
	Value close to 0.90 or 0.95 reflect good fit

	Adjusted Goodness-of-Fit Index (AGFI)
	0 (not fit) to 1 (perfect fit)
	Value adjusted for with 0.90 above a good model fit.

	Mean Square Error of Approximation (RMSEA)
	0.05 to 0.08
	0.05 - 0.08 indicate close fit

	Tucker–Lewis Index (TLI)
	0 (no fit) to 1 (perfect fit)
	close to 0.90 or 0.95 reflects a good model fit

	Normid Fit Index (NFI)
	0 (no fit) to 1 (perfect fit)
	Value close to 0.90 or 0.95 reflects a good model fit

	Parsimony Normalized Fit Index (PNFI)
	0 (no fit) to 1 (perfect fit)
	Compares values in alternative models

	Akaike Information Criterion (AIC)
	0 (perfect fit) to positive value (poor fit)
	Compares values in alternative models

	
	
	



GFI, or Goodness-of-Fit Index, measures how well two things are matched together (the squared residuals from prediction compared to the actual data). GFI is not adjusted for the degrees of freedom. Its value may go from 0 (bad fit) to 1 (excellent fit or perfect fit). Generally, a GFI value of more than 0.90 is seen as acceptable (Segars, 1997). The root Mean Square Error of Approximation (RMSEA) is another generalisation fit metric that accounts for approximation error and is represented as a function of degrees of freedom. Because of this, the index is highly dependent on the total number of calculated model parameters. In general, values below 0.05 suggest excellent fit, whereas values between 0.08 and 0.10 indicate moderate fit, and values larger than 0.10 indicate poor fit (MacCallum et al., 1996; Mueller, 2009). 
The suggested model is measured against a "null model," a realistic baseline model that is the standard against which all others are judged. Typically, the null model is a single-construct model in which all indicators properly measure the construct. The Normed Fit Index (NFI) is widely used, and it has a range from 0 (completely unfit) to 1 (perfect fit). For optimal results, aim for a value of 0.90 or above (Hair et al., 1998).
The primary goal is to determine whether the model fit has been attained by using excessive fitting coefficients. AMOS's Adjusted Goodness-of-Fit Index (AGFI) is the most used criterion for determining whether or not a model is sufficiently parsimonious. It's an expansion of GFI that considers the difference between the number of degrees of freedom in the alternative and in the null model. At least an AGFI of 0.80 is required for acceptance (Segars, 1997).
The AMOS software generates change indices that may be used to better understand how different modifications could affect the model's overall fit. But before making any changes, it's critical to establish a solid theoretical basis for doing so.

In the case of the analysis objective, all index values are within the thresholds after redefining the measurement scales. Therefore, the fit is satisfactory (Bollen, 2016). Every one of the fit indices returns a positive result. The suggested model faithfully reproduces the observed covariance matrix with a GFI of 0.872 (Diamantopoulos, 2010). The index's findings are 0.872, indicating that the model has a satisfactory fit about the degree of freedom. There is enough uni-dimensionality since the root RMSEA is 0.045, which is less than the threshold of 0.08 (Browne & Cudeck, 2010), and the Comparative-Fit Index (CFI) is 0.967, which is larger than the threshold 0.90 (Hu & Bentler, 1999). The fact that all fit indices agree with our empirical results indicates that the model well represents the data (see Table 11).
[bookmark: _Ref121922328][bookmark: _Toc126512819]Table 11: Index of the Model's Fit. Source: Authors' own elaboration.
	2
	DF
	P
	GFI
	CFI
	NFI
	RMSEA

	1649.096
	1107
	0.000
	0.872
	0.967
	0.911
	0.045



Proving that the ideas and features under research occur in a comparable fashion across various groups is a crucial first step in investigating cross-group consumer behaviour in a comparative setting. A multi-step approach for establishing group invariance was established by Steenkamp and Baumgartner (1998). Two sets of responders were created, one for each use category (male and female). The impacts of use on the connections within the conceptual framework were investigated using invariance analysis in this research.
Initially, a measurement invariance study (measurement weight) was done to determine if men and women measured the same set of items differently. To determine if usage has invariance when seeing the relationships between unobserved constructs, we first demonstrated invariance at the measurement level and then conducted an invariance analysis at the structure level. Path constraints in a structural model (Steenkamp & Baumgartner, 1998) were applied to data collected from male and female users in order to identify the specific pathways leading to this disparity. Tabulated findings (Table 13) highlight any disparities between male and female users in terms of relationships. 
This study concludes that there is no difference between gender; we are metrically invariant.
[bookmark: _Ref121922569][bookmark: _Toc126512820]Table 12: Path invariance study results for male and female users. Source: Authors' own elaboration.
	Path
	Male 
	Female
	

	
	Estimate
	p
	Estimate
	p
	z-score

	EE2<---EE
	1.078
	0.000
	1.169
	0.000
	0.703

	EE3<---EE
	1.019
	0.000
	1.058
	0.000
	0.338

	EE4<---EE
	1.045
	0.000
	0.997
	0.000
	-0.403

	PE2<---PE
	0.951
	0.000
	1.163
	0.000
	1.944*

	PE3<---PE
	1.036
	0.000
	1.134
	0.000
	0.901

	PE4<---PE
	0.938
	0.000
	1.109
	0.000
	1.596

	SI2<---SI
	1.015
	0.000
	1.011
	0.000
	-0.026

	SI3<---SI
	0.984
	0.000
	0.943
	0.000
	-0.320

	PR2<---PR
	1.067
	0.000
	1.600
	0.000
	1.644

	PR3<---PR
	1.241
	0.000
	1.578
	0.000
	1.033

	PR4<---PR
	1.106
	0.000
	1.546
	0.000
	1.356

	HM2<---HM
	1.045
	0.000
	1.037
	0.000
	-0.109

	HM3<---HM
	0.922
	0.000
	1.050
	0.000
	1.543

	PV2<---PV
	1.119
	0.000
	1.013
	0.000
	-0.877

	PV3<---PV
	0.950
	0.000
	1.029
	0.000
	0.652

	BI3<---BI
	1.358
	0.000
	1.217
	0.000
	-0.674

	B4<---BI
	1.399
	0.000
	1.219
	0.000
	-0.888

	CI3<---CI
	0.841
	0.000
	1.234
	0.000
	1.556

	CI4<---CI
	0.983
	0.000
	1.121
	0.000
	0.565

	FC2<---FC
	1.097
	0.000
	1.057
	0.000
	-0.242

	FC3<---FC
	0.875
	0.000
	1.098
	0.000
	1.412

	Notes: *** p-value < 0.01; ** p-value < 0.05; * p-value < 0.10
	
	


Convergent validity was evaluated using the Average Variance Explained (AVE) metric of the average variance extracted. To ensure that the latent variable accounts for more than half of the variation of its indicators, the indicator variance explained by the latent variable (AVE) should be more than 0.5 (Hair et al., 1998). Table 12 shows that the AVE for each construct is more than 0.5, as would be predicted, establishing convergent validity. Just in one case we noticed a not relevant concern related to AVE for Con_Inn is less than 0.50. To be considered valid, the square root of AVE must likewise be greater than the correlations between the components (Henseler et al., 2009). Table 13 includes this information for all structures. To sum up, we find no relevant discriminatory tendencies across any of the notions a part of two not relevant cases where the square root of the AVE for FC is less than the absolute value of the correlations with another factor and the AVE for FC is less than the Maximum Shared Variance (MSV). The cross-loadings are another measure of discriminant validity and should be less than the loadings of the individual indicators (Hair et al., 1998). We also looked into this and discovered that the loadings of all indicators are greater than their cross-loadings.
[bookmark: _Ref121922607][bookmark: _Toc126512821]Table 13: Measures of the reliability and validity (CR and AVE) of latent variables. Source: Authors' own elaboration.
	
	CR
	AVE
	CI
	EE
	PE
	SI
	PR
	HM
	PV
	BI
	FC

	CI
	0.730
	0.478
	0.692
	
	
	
	
	
	
	
	

	EE
	0.916
	0.733
	0.505
	0.856
	
	
	
	
	
	
	

	PE
	0.939
	0.794
	0.394
	0.589
	0.891
	
	
	
	
	
	

	SI
	0.890
	0.730
	0.343
	0.554
	0.698
	0.854
	
	
	
	
	

	PR
	0.839
	0.568
	-0.185
	-0.300
	-0.325
	-0.193
	0.753
	
	
	
	

	HM
	0.940
	0.839
	0.385
	0.614
	0.620
	0.561
	-0.326
	0.916
	
	
	

	PV
	0.857
	0.667
	0.267
	0.518
	0.629
	0.603
	-0.223
	0.483
	0.817
	
	

	BI
	0.851
	0.658
	0.375
	0.463
	0.676
	0.658
	-0.242
	0.550
	0.589
	0.811
	

	FC
	0.772
	0.531
	0.548
	0.802
	0.488
	0.499
	-0.291
	0.516
	0.580
	0.422
	0.729



We did the curve estimation for all the relationships of the model and determined that all relations are sufficiently linear to be tested to using covariance based structural equation modelling.
Examining the collinearity problem is the first step in evaluating the structural model. The Variance Inflation Factor (VIF) values of the predictor components in the structural model are used to assess collinearity. All VIF values in this study (given in Table 14) fall below the threshold of 5. Also, the value of tolerances are over the value of 0.2. This means that there is no collinearity problem with the study model. No collinearity issue has been observed.
We then evaluate the route coefficient to the critical outcome construct of Behavioural Intention (BI). Most significantly influencing BI is the concept of Performance Expectation (PE), followed by Price Value (PV), Hedonic Motivation (HM), and Consumer Innovativeness (CI). At the 5% chance of error level, the impact of CI, PE, HM, and PV on BI is substantial, but the effects of PR, Social Influence (SI), Effort Expectancy (EE), Social influence (SI), and Facilitating Condition are not.
[bookmark: _Ref121922637][bookmark: _Toc126512822]Table 14: Path coefficient and statistically significant test result. Source: Authors' own elaboration.
	
	
	t
	Sig.
	Collinearity Statistics

	
	Path coefficient
	
	
	Tolerance
	VIF

	PRà BI
	-.049
	-1.168
	.244
	.921
	1.086

	CIàBI
	.187
	3.706
	.000
	.648
	1.543

	PEàBI
	.236
	3.612
	.000
	.385
	2.599

	EEàBI
	-.031
	-.450
	.653
	.343
	2.913

	SIàBI
	.133
	2.444
	.015
	.558
	1.792

	FCàBI
	-.017
	-.266
	.790
	.399
	2.505

	HMàBI
	.198
	3.369
	.001
	.476
	2.102

	PVàBI
	.229
	3.847
	.000
	.462
	2.165

	a. Dependent Variable: BI_Comp



[bookmark: _Toc126512768]5.7  	Analysis limitations
A major flaw is that the authors relied on participants' own estimates of their own consumption rather than monitoring their actual behaviour. However, Venkatesh and Davis (2000) argue that the people's own estimates of their own consumption are often accurate. Social-desirability bias, the propensity to over-report good behaviour, was observed in studies of altruistic actions like charity giving (Burton-Jones, 2009). However, given that the survey was voluntary and cryptocurrency use is not inherently altruistic, it's very unlikely that respondents exaggerated their actual levels of engagement. However, early users' perceptions of the product's image may be important. 
Chuttur (2009) offered an introduction to adoption models. UTAUT2 inherits the concerns of previous studies on the behavioural-usage link that underpins TAM. Since the user's intention is based on a more fundamental need or desire, they cite Dabholkar and Bagozzi (2002) to stress that the link between intent to use and behaviour is improper. For commercial or investment purposes, this would be equivalent to using cryptocurrencies. Wu and Du (2017) meta-analysis of Behavioural Intention and use studies supports this.
[bookmark: _Toc126512769]5.8 	Summary
Numerous methodological considerations were impacted by the age, complexity, and consumer knowledge of the researched technology. Consequently, the research followed to the positivist principle of finding the broad factors that promote cryptocurrency acceptance. Deductive reasoning was used to analyse main cross-sectional survey data. The demographic under research consists of internet users who are acquainted with cryptocurrencies. Self-selection and snowball sampling were used largely due to the practicality of contacting bitcoin users and prospective adopters. The researcher is aware of the limits of this approach, which are explored in further detail in subsequent chapters. A large sample of respondents was sought to enable flexibility in the analytic procedures. Verified and largely based on the original UTAUT2 work by Venkatesh et al. (2012), the instrument used in the study by Alalwan et al. (2017) has been utilised in other studies. Depending on the size of the sample, two alternatives were offered for the data analysis portion. For the adoption theory applications discussed in Chapter 2, SEM is the preferred method since it is a more reliable research but has stricter sample conditions. The second option, which has been used less often, is multiple-linear regression. It has less restrictions on the sample size and requires less effort to provide accurate and reliable statistical results. Finally, the research's limits are discussed and shown using the suggested methodology. Before their effects are looked at in Chapter 6, the data obtained using the techniques discussed in this chapter are presented in the next chapter.


[bookmark: _Toc126512770]CHAPTER 6: FINDINGS

The study seems to identify characteristics that predict user use intention and usage behaviour. The preceding chapter discusses the different constructions, such as PE = (PE1 + PE2 + PE3 + PE4)/4, the arithmetic mean of the construct's components. On a scale from one to seven, where one represents “never having used a cryptocurrency before” and seven represents “everyday use”, the frequency of cryptocurrency use is calculated. Descriptive information for these constructs is included in Table 15 below. The table shows that the majority of respondents agreed with the assertions (with means above a neutral response of 3). A sample mean of 2.98 (SD = 0.99), which indicates inadequate use,
[bookmark: _Ref121922680][bookmark: _Toc126512823]Table 15: Means, variances, and intercorrelations. Source: Authors' own elaboration.
	
	M
	SD

	Behavioural Intention (BI)
	3.29
	1.08

	Perceived Risk (PR)
	3.56
	0.96

	Consumer Innovativeness (CI)
	3.64
	0.911

	Performance Expectation (PE)
	2.62
	1.13

	Effort Expectancy (EE)
	3.00
	1.09

	Social Influence (SI)
	2.82
	1.05

	Facilitating Conditions (FC)
	3.16
	.095

	Hedonic Motivation (HM)
	2.91
	1.13

	Price Value (PV)
	2.98
	0.99



Three outcome variables are included in the hypothesized model, hence two primary multiple linear regressions are done. Behavioural Intention (BI), which is predicted by Perceived Risk (PR), Consumer Innovativeness (CI), Performance Expectation (PE), Social Influence (SI), Hedonic Motivation (HM), and Effort Expectancy (EE), Price Value (PV), Facilitating Conditions (FC), and Cryptocurrency Usage (CU), which is predicted by Behavioural Intention (BI) and Facilitating Conditions (FC), are the two outcome variables. The components described below are organized by the dependent variable. In addition, the model postulates that Consumer Innovativeness (CI) moderates the influence of Perceived Risk (PR) on Behavioural Intention (BI).

[bookmark: _Toc126512771]6.1 	Behavioral Intention (BI) – testing hypothesis from H1 to H8.
Behavioural Intention (BI) antecedents address hypotheses H1 (Consumer Innovativeness), H2 (Perceived Risk), H3 (Performance Expectation), H4 (Effort Expectancy), H5 (Social Influence), H6 (Hedonic Motivation), H7 (Price Value), and H8 (Price Value) (Facilitating Conditions). With the exception of Perceived Risk (PR), which has a negative impact on Behavioural Intention (BI), all of the expected impacts are positive, i.e., raising BI. Figure 12 provides a summary of the portion of the hypothesised model that was studied in this section.
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[bookmark: _Ref121922713][bookmark: _Toc126512801]Figure 12: In the proposed model, independent predictor factors of behavioural intention. Source: Authors' own elaboration.

The bivariate Pearson correlations, which show statistically significant positive correlations with a confidence level of 99 percent for all constructs, are shown in Table 16. There are zero or fewer bivariate correlation coefficients. This supports the predictive impact research's validity, which is examined below using multiple linear regression.
[bookmark: _Ref121922790][bookmark: _Toc126512824]Table 16: Correlation matrix for the dependent variable behavioural intention. Source: Authors' own elaboration.
	
	BI
	PR
	CI
	PE
	EE
	SI
	FC
	HM
	PV

	BI
	-
	
	
	
	
	
	
	
	

	PR
	-.233**
	-
	
	
	
	
	
	
	

	CI
	.510**
	-.246**
	-
	
	
	
	
	
	

	PE
	.659**
	-.200*
	.458**
	-
	
	
	
	
	

	EE
	.526**
	-.191*
	.523**
	.622**
	-
	
	
	
	

	SI
	.556**
	-.142
	.347**
	.622**
	.476**
	-
	
	
	

	FC
	.471**
	-.166*
	.499**
	.479**
	.730**
	.446**
	-
	
	

	HM
	.615**
	-.231**
	.460**
	.638**
	.621**
	.507**
	.513**
	-
	

	PV
	.620**
	-.153
	.398**
	.637**
	.566**
	.551**
	.589**
	.568**
	-


**Correlation is significant at the 0.01 level (2-tailed). 
*Correlation is significant at the 0.05 level (2-tailed).

Using the corrected R-squared value, the following Table 17 summarizes the model and demonstrates that the six predictor variables account for 56.3% of the variation in Behavioural Intention (BI). The variance of an adjusted R-squared value is updated to account for the impact of increasing R-squared scores owing to chance (Rights & Sterba, 2022).
[bookmark: _Ref121923348][bookmark: _Toc126512825]Table 17: Model summary for PR, CI, PE, EE, SI, HM, PV, and FC predictors. Source: Authors' own elaboration.
	Model 
	R
	R Square
	Adjusted R Squared
	Std. Error of the Estimate

	1
	0.759
	.576
	.563
	.717



The ANOVA approach must be used for a significance test. With a p-value of less than 0.001 (F = 43,773), the aforementioned result is shown in the accompanying ANOVA Table 18 to be both a good match for the data and statistically significant.
[bookmark: _Ref121923361][bookmark: _Toc126512826]Table 18: The regression model's ANOVA findings with behavioural intention as the dependent variable. Source: Authors' own elaboration.
	
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	Regression
	180.032
	8
	22.504
	43.773
	.000

	Residual
	132.639
	258
	.514
	
	

	Total
	312.670
	266
	
	
	



Using the Table 19 of coefficients below, the influence of each predictor may be analysed.

[bookmark: _Ref121923376][bookmark: _Toc126512827]Table 19: Regression coefficient outcomes and hypothesis decisions for the dependent variable of behavioural intention (BI). Source: Authors' own elaboration.
	Model
	Unstandardized Coef.
	Standard
	t
	Sig.
	

	
	B
	Std. Error
	Beta
	
	
	Hypotheses Decision

	(Constant)
	.562
	.297
	
	1.891
	.060
	

	Consumer Innovativeness (CI)
	.222
	.060
	.187
	3.706
	.000
	H1 Accepted

	Perceived Risk (PR)
	-.055
	.047
	-.049
	-1.168
	.244
	H2 Rejected

	Performance Expectation (PE)
	.226
	.062
	.236
	3.612
	.000
	H3 Accepted

	Effort Expectancy (EE)
	-.031
	.068
	-.031
	-.450
	.653
	H4 Rejected

	Social Influence (SI)
	.137
	.056
	.133
	2.444
	.015
	H5 Accepted

	Hedonic Motivation (HM)
	.189
	.056
	.198
	3.369
	.001
	H6 Accepted

	Price Value (PV)
	.249
	.065
	.229
	3.847
	.000
	H7 Accepted

	Facilitating Conditions (FC)
	-.019
	.073
	-.017
	-.266
	.790
	H8 Rejected



The resulting regression equation is the following.

Since Perceived Risk (PR), Effort Expectations (EE), Social Influence (SI), and Facilitating Conditions (FC) do not have a statistically significant effect at the 95 percent confidence interval (p > 0.05), Table 19's findings disprove the hypotheses H2, H4, H5, and H6. Price Value (PV) is the best predictor among the statistically significant effects, followed by Performance Expectation (PE) and Consumer Innovativeness (CI). Therefore, H1, H3, H7, and H8 are acceptable hypothesis.

[bookmark: _Toc126512772]6.2 	Cryptocurrency Usage – testing hypotheses from H9 to 10
Hypotheses H9 (Facilitating Conditions) and H10 (Behavioural Intention) argue that Cryptocurrency Adoption will be influenced by the aforementioned variables. Figure 13 summarizes the results of the second regression study.
[image: ]
[bookmark: _Ref121923477][bookmark: _Toc126512802]Figure 13: Independent predictor variables of cryptocurrency usage dependent variable in the hypothesised model. Source: Authors' own elaboration.
A correlation matrix exhibiting statistically significant relationships is provided in Table 20 below.
[bookmark: _Ref121923494][bookmark: _Toc126512828]Table 20: The correlation matrix for the dependent variable for cryptocurrency use. Source: Authors' own elaboration.
	
	CU
	BI
	FC

	CU
	-
	
	

	BI
	-.239**
	-
	

	FC
	.302**
	.471**
	


**Correlation is significant at the 0.01 level (2-tailed). 
*Correlation is significant at the 0.05 level (2-tailed).

According to Table 21's multiple regression findings, Behavioural Intention and Facilitating Conditions account for 10.3% of the use variation.
[bookmark: _Ref121923512][bookmark: _Toc126512829]Table 21: Conclusions from regression analysis using cryptocurrencies adoption as the dependent variable
	Model 
	R
	R Square
	Adjusted R Squared
	Std. Error of the Estimate

	1
	.322
	.103
	.097
	2.282


As indicated in Table 22, the Analysis of Variance (ANOVA) suggests that the model is significant.
[bookmark: _Ref121923524][bookmark: _Toc126512830]Table 22: Summary of the ANOVA for the Regression Model with Cryptocurrency Use as the Dependent Variable. Source: Authors' own elaboration.
	
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	Regression
	158.634
	2
	79.317
	15.235
	.000

	Residual
	1374.407
	264
	5.206
	
	

	Total
	1533.041
	266
	
	
	



The coefficient table is shown in Table 23 below.
[bookmark: _Ref121923535][bookmark: _Toc126512831]Table 23: Use of cryptocurrencies as the dependent variable for determining regression coefficients and testing hypotheses. Source: Authors' own elaboration.
	Model
	
	
	t
	Sig.
	

	
	B
	Std. Error
	Beta
	
	
	Hypotheses Decision

	(Constant)
	.088
	.539
	
	.164
	.870
	

	Facilitating Conditions (FC)
	.153
	.042
	.244
	3.688
	.000
	H9 Accepted

	Behavioural Intention (BI)
	.069
	.037
	.125
	1.889
	.060
	H10 Rejected



Hypothesis H9 is an acceptable hypothesis being statistically significant (.000) that means that the Facilitating conditions positively effects the Cryptocurrency Usage (CU) in the remittances service. According to Table 23, there is no statistically significant effect of Behavioral Intention (BI) at the 95% confidence interval (p > 0.05), hence H9 is incorrect.

[bookmark: _Toc126512773]6.3 	The moderating effect of Consumer Innovativeness
The process macro in SPSS was used to perform the analysis to test the moderation.
Table 24 indicated that perceived risk is negatively associated with individuals' behaviour (B = −0.48, t = 0.24, and p < 0.01) and Consumer innovativeness is positively associated with BI (B = 0.22, t = 0.24, and p < 0.05). The interaction term Consumer Innovativeness (CI) and perceived risk has been discovered not be significant (B = 0.09, t = 0.06, and p > 0.05). The results do not support our assumption that the perceived risk associated with cryptocurrency usage in remittances weakens the relationship between individuals' intentions and their actual behaviour toward adopting cryptocurrency.
[bookmark: _Ref121923648][bookmark: _Toc126512832]Table 24: Results of regression analysis for moderation. Source: Authors' own elaboration.
	
	
	SE
	t
	

	
	B
	
	
	R2

	Outcome: Behavioural intention
	0.28

	Constant
	-0.05
	0.97
	3.13**
	

	Perceived Risk (PR)
	-0.48
	0.24
	-2.01*
	

	Consumer Innovativeness (CI)
	0.22
	0.24
	0.89
	

	Perceived Risk (PR) * Consumer Innovativeness (CI)
	0.09
	0.06
	1.52
	

	a. Dependent Variable: Behavioural intention (BI), *p < 0.05; **p < 0.01



The results of the statistical analysis of moderating effects were found to be invalid due to the limited sample size and the small number of respondents in each group.
[bookmark: _Toc126512774]6.4 	Summary
Ultimately, the model was capable of explaining for 57.8% of the variation in Behavioral Intention (BI) and 10.3% of actual use (p-value 0.05). Each of the two regressions is significant. The moderating effect of Consumer Innovativeness (CI) on the connection between Perceived Risk (PR) and Behavioral Intention (BI) is insignificant. When analysing the findings, it is highlighted that a limited sample size compromises the validity of the cryptocurrency use construct. 
However, Perceived Risk (PR), Expected Effort (EE), and Facilitating Conditions (FC) were not shown to have a significant influence on BI and are thus omitted from the final model. This deviation from the technology adoption literature is elaborated on in the subsequent chapter. Consumer Innovativeness (CI) was not identified as a mediator but significantly influenced Behavioural Intention (BI). 
Table 25 presents a tabular overview of the outcomes according to the assumptions, and Figure 14 below the Final model, including every impact.
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[bookmark: _Ref121923781][bookmark: _Toc126512803]Figure 14: Final model including every impact, even the ones that were not statistically significant. Source: Authors' own elaboration.


[bookmark: _Ref121923685][bookmark: _Toc126512833]Table 25: Synopsis of Results Regarding the Hypothesis. Source: Authors' own elaboration.
	Hypothesis
	Description
	Result

	H1
	Consumer Innovativeness will significantly affect Behavioural Intention
	Accepted

	H1b
	Consumer Innovativeness moderates the relationship between Perceived Risk and Behavioural Intention 
	Rejected

	H2
	Perceived Risk will significantly influence a consumer's Behavioural Intention
	Rejected

	H3
	Performance Expectancy will significantly influence a consumer's Behavioural Intention 
	Accepted

	H4
	Effort Expectancy will significantly influence a consumer's Behavioural Intention  
	Rejected

	H5
	The Social Influence will significantly influence a consumer's Behavioural Intention
	Accepted

	H6
	Hedonic Motivation will significantly influence a consumer's Behavioural Intention 
	Accepted

	H7
	Price Value will significantly influence a consumer's Behavioural Intention
	Accepted

	H8
	Facilitating Conditions will significantly influence a consumer's Behavioural Intention 
	Accepted

	H9
	Facilitating Conditions will significantly influence a Cryptocurrency Usage
	Rejected

	H10
	Behavioural Intention will significantly influence the consumer’s Usage of Cryptocurrency for remittance.
	Accepted



The findings are reported without any interpretation in this chapter. The sample is described first, with the fact that it is composed of young, rich, higher education male participants who often use internet banking and are conversant with cutting-edge technology noted. Given the gender and age homogeneity observed, disparities across groups are not investigated further. Validity and dependability of the sample are determined to be sufficient for multiple linear regression. Some scale elements were deemed unsuitable because their Cronbach Alpha scores were less than 0.70. Therefore, they were eliminated from the study to determine the optimal loading on the component and get an acceptable Cronbach Alpha. Then, two multiple linear regression analyses and a moderation analysis are conducted using Behavioural Intention (BI) and Cryptocurrency Usage (CU) as the dependent variables, respectively. Perceived Risk (PR), Effort Expectancy (EE), and Facilitating Conditions (FC) are determined to be non-significant, with BI as the dependent variable. Therefore, hypotheses H2, H4, and H8 are rejected. PV is shown to be the most significant predictor of Behavioural Intention (BI). For Cryptocurrency Usage (CU), it is determined that the influence of Behavioural Intention (BI) is not statistically significant and that Facilitating Conditions (FC) are the greatest predictor. It has been determined that the moderating of Consumer Innovativeness (CI) over PR-BI is statistically not significant. 
The accepted hypotheses are:
· H1: CI will significantly affect BI.
· H3: PE will significantly influence a consumer's BI.
· H5: The SI will significantly influence a consumer's BI.
· H6: HM will significantly influence a consumer's BI
· H7: PV will significantly influence a consumer's BI
· H9: FC will significantly influence a CU
· H8: FC will significantly influence a consumer's BI
· H10: BI will significantly influence CU for remittance.
The combined model predicts 57.8% of the variance in BI and 10.3% of the variance in Cryptocurrency Usage. These results serve as the starting point for the discussion in Chapter 7.


[bookmark: _Toc126512775]CHAPTER 7: DISCUSSION

Behavioural Intention (BI) is positively affected by Consumer Innovativeness (β=0.187; t=3.706; p- value<0.01), Performance Expectancy (β=0.236; t=3.612; p- value<0.01), Hedonic Motivation (β=0.198; t=3.369; p- value<0.01), Social Influence (β=0.133; t=2.444; p-value<0.01), and Price Value (β=0.229; t=3.847; p-value<0.05); at the 95% confidence level. The strongest predictor is the Price Value (PV). Conversely, the impact of BI on Cryptocurrency Usage (CU) (Beta = 0.12) resulted not statistically significant, but the influence of the Facilitation Conditions (FC) variable (Beta = 0.244) does explain 10.3% of the variation in CU (p-value<0.01). In contrast, Alalwan et al. (2017) found that the BI impact on the actual use of mobile banking was statistically significant, accounting for 31% of the total variation in BI for mobile banking adoption. Other reviewed studies found R-squared values between 60% and 81% for BI and 30% and 40% for CU (Almuraqab, 2020; Huang, 2019; Koenig-Lewis et al., 2015). 
UTAUT2 with Trust included and no moderating or interfering effects is the most analogous model since it was used by Alalwan et al., (2017). This means the model presented here has excellent predictive ability. Figure 15 below shows the completed model.
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[bookmark: _Ref121923847][bookmark: _Toc126512804]Figure 15: Model's conclusion displaying just the major impacts. Source: Authors' own elaboration.

[bookmark: _Toc126512776]7.1 	Sample achieved.
Those with internet access and some familiarity with cryptocurrencies were the intended target group from which collect the primary data for this study. The sample size of 278 (reduced to 267 after the screening analysis of the data) and the paired sample size without missing data were unsatisfactory to conduct SEM with sufficient reliability. Consequently, multiple linear regression was preferred.
Given prior consumer surveys, the demographics and consumption profile of most respondents are largely predictable (Schuh & Shy, 2016). Only 6% of consumers were aware of cryptocurrencies in 2014, and only 3% had used them in the previous year, according to a study by PWC. In the second research conducted by PWC one year later, just 4.7% of the US respondents were more than somewhat knowledgeable (Understanding the Evolving Cryptocurrency Market: PwC, n.d.). In a 2016 research 51 percent of Europeans (participants in the survey selected "I have heard of it and understand what it is" and "I have heard of it but do not understand what it is" concomitantly) were aware of cryptocurrencies (Abramova & Böhme, 2016). According to a 2017 research conducted in South Africa, 39.8 percent of respondents had used cryptocurrencies at least once in the previous year (Mahomed, 2017). In this study, based on responses collected in 2022, 45 percent of respondents used cryptocurrency at least once in the past year, which represents a significant increase over previous research, taking into account the geographical variation in the sample respondents, i.e. the United States, Europe, South Africa, and the United Arab Emirates. This may be a reflection of local factors regarding government confidence and currency volatility throughout the same time period.
Only 49 respondents (20.2%) in our sample have used cryptocurrencies at least once per month. This is far more than what 2015 research in the United States discovered when just 1-1.5 per cent had ever held cryptocurrencies (Schuh & Shy, 2016). This may be because of the effects of the adoption curves shown in the exponential adoption observed in the dynamic system model and the s-curve depicted in IDT's generic adoption model. Moreover, according to awareness measures, an average of 58.4% of the UAE online population is interested in cryptocurrencies and associated technologies, see Figure 15 below that show the interest over time on Google Trends for cryptocurrency by UAE residents.
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[bookmark: _Ref121924038][bookmark: _Toc126512805]Figure 16: Interest over time on Google Trends for crypto - United Arab Emirates, Past 12 months. Source: https://trends.google.com/trends/explore/TIMESERIES/1668942600?hl=en-GB&tz=-240&geo=AE&q=crypto&sni=3

63.4 per cent of those who utilised cryptocurrencies at least once did so for Investment for Growth, 29.5% for Store value or savings, and 26.9% for Transactions/Payments. This is anticipated given that Shin and Rice (2022) discovered that cryptocurrency adopters were likelier to be users who wish to invest or preserve coins. Taking these results, this suggests that the respondents were all well familiar with various forms of technology. This also shows that existing internet and mobile banking users are the source of both current and potential consumers. Statistical analysis of between-group differences is also precluded by the homogeneity of the samples with respect to internet banking or mobile banking and comfort or very familiarity with technology. 
[bookmark: _Ref121923912][bookmark: _Toc126512834]Table 26: Summary of the sample's predominant demographic and use characteristics. Source Author's own elaboration.
	
	% of n

	Gender, male
	67.5%

	Age groups, between 18 and 44
	78.4%

	Level of Education (Bachelor/Master)
	82.9%

	Non-UAE Nationals
	72%

	Cryptocurrency usage frequency, at least once a month
	63.4%

	Investment for growth
	29.5%



The sample demographics are shown in Table 26 above. Read together, the sample is dominated by relatively mature UAE resident males between the ages of 18 and 44 (with 29.5% between the ages of 18 and 29) with at least a bachelor's degree who often (at least once per month) invest in cryptocurrencies for growth. Both Almuraqab (2020) and Abdennadher et al. (2022) revealed that most UAE users of cryptocurrency were men with middle-class salaries and professional backgrounds, validating this conclusion. However, their investigation concluded there was no discernible age gap.
Since 63.6% of the UAE population is under the age of 44, according to population data (Population and Demographic Mix - The Official Portal of the UAE Government, n.d.), those aged 18 to 44 make up a significant proportion of the sample. The age distribution is consistent with predictions and previous research on technology adoption, such as the study of mobile banking by Alalwan et al. (2017), in which 67 per cent of participants were between the ages of 18 and 30. The move toward a somewhat older group is suggestive of discretionary spending to which younger respondents may not have access, given that a high number of respondents identified investing as their major use category. In their investigation of the Bitcoin community, Bohr & Bashir (2014) discovered that the age range of 35 to 40 was associated with the highest levels of optimism, as assessed by the expected long-term value of the cryptocurrency. Optimism decreased for both older and younger people.
Geographic application is restricted, however considering the large percentage of non-Emirati UAE residents, we may argue that the findings of this research are applicable outside the UAE setting. All the participants’ responses are a result of the sample method utilised, namely snowball sampling. The response rate can't be calculated because of snowball sampling. Moreover, the usual disadvantages of snowball sampling, such as a bias towards those demographic variables in the initial distribution of the survey, are evident. There are implications for the research due to the sample's bias, but it may also be indicative of cryptocurrency use more broadly among UAE residents. Despite these issues, it is possible to infer that this data is representative of real UAE consumers in terms of age, gender, and income. In this commercial scenario, it may be vital to target both this group in market penetration efforts and untapped markets in groups that fall outside of these demographics, such as women or low-income clients. Nevertheless, given the immaturity of bitcoin development, this last statement could be premature.
There is a significant gender disparity that cannot be explained by the sample technique used but is predicted based on past study results. For example, Venkatesh and Morris (2000) discovered disparities in early-stage adoption, while in the mobile banking context Owusu Kwateng et al. (2019) found that males were initially more likely to accept and utilise information technology. Similar results were seen in the male-dominated samples of earlier studies on mobile payment and banking (Alalwan et al., 2017). These results were associated with processes such as social influence, enabling circumstances, economic value, and hedonic drive (Venkatesh et al., 2000, 2016a). Those seeking to utilise the results of this study should consider both their target market and an underserved demographic segment that may benefit from speciality goods and services. Due to the small sample size resulting from the low response rate among women, it is unwise to infer gender effects. Therefore, gender impacts are not examined beyond the aforementioned descriptive data.
When asked how they put their sample to use, the vast majority mentioned investing as a means of expansion but were open to considering using cryptocurrencies for making remittances. RQ1 is aided by these numbers. Finding new users using cryptocurrencies is indicative of an investment and currency use case, as discovered by Alqaryouti et al. (2020b). This lends support to the claim made by Shahzad et al. (2018) that users trade cryptocurrencies rather than utilise them as a transactional exchange due to price instability and the associated opportunity for speculative investment. Just 29% of respondents made purchases or payments using cryptocurrencies in the same poll. Analysis of Bitcoin transaction numbers suggests that speculative investment accounts for the majority of Bitcoin's volume, which is consistent with its use for investments rather than transactions (Bai, 2020). Since some of the independent variables, such as payments, may be more applicable to other use settings than an investment environment with a lower intensity of "use" per se, they were eliminated from the model. All survey questions on the Price Value construct were mostly concerned with transactional services. As a result of the ambiguity of usage categories and the immaturity of the vast array of technologies at play, the question of what constitutes costs for responders is also open-ended. Data indicated that the investing use case was the most common, with 15.7% of respondents. The foreign money transfer use case represented a far smaller percentage. Hashemi Joo et al. (2020)'s research revealed that adoption will trail price stability, even if Bitcoin's transaction volume is still low. When price volatility is low, investors are less likely to be interested in buying and selling (ignoring causation), and merchants are more likely to start using cryptocurrencies for transactions instead (Rella, 2019).
Due to the novelty of the technology, as well as the consumers' lack of understanding of it, the use frequency reported is very low. Although the majority of participants had heard of cryptocurrencies, 53.4% had never used it. Due to the fact that only 6.3% of the population uses cryptocurrencies at least once per week, experience or habitual effects cannot be reliably evaluated, and are thus excluded from this research. The low frequency of use may be deduced from the processes outlined below in order to comprehend the particular themes that must be addressed in order to enhance use and the antecedent behavioural intention to use. Behavioural Intention (BI) and Cryptocurrency Usage (CU) are discussed separately in the sections that follow.
[bookmark: _Toc126512777]7.2 	Principal exogenous factors
In analysing the results of this study, each notion is analysed in relation to prior research undertaken in a variety of technical contexts. This section discusses the independent factors associated with Behavioural Intention (BI): performance expectation (PE), hedonic motivation (HM), social influence (SI), pricing value (PV), and Consumer Innovativeness (CI). That's a step toward answering the research question 2. In conclusion, the effects of Facilitating Conditions (FC) and BI as an independent variable on utilisation (CU) are analysed. To some extent, this clarifies research question 3.
7.2.1 	Predictors of BI
We observed that CI, PE, SI, HM, and PV were all significant predictors of BI, together accounting for 56.3% of the total variation, see the following Figure 16 for the resulting model's predictors of BI. Thus, the model has much explanatory power without needing interactive or moderating factors. In their initial investigation with UTATU2 on mobile internet technologies, the authors Venkatesh, et al. (2012) found that BI could be explained by 44 percent of the variables they examined. It was discovered that Perceived Risk (PR), Effort Expectancy (EE), and Facilitating Conditions (FC) were all insignificant. In the following parts, we'll talk about these findings in detail.
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[bookmark: _Ref121924202][bookmark: _Toc126512806]Figure 17: The resulting model's predictors of behavioral intention. Source Author's own elaboration.

7.2.1.1 	Consumer Innovativeness
This study's Consumer Innovativeness (CI) was found to be a statistically significant predictor of Behavioural intention (BI) but with a lower effect compared to the other predictors (PE, PV, HM). Cronbach Alpha scores are relatively acceptable (0.773), and all the items are loaded on the factor. In order to avoid unstable loading, Osborne and Costello (2004) advise at least three items per factor and five for heavy loadings. Only three items made up the CI in this research. Consumer comprehension may make the issue of too few items worse.
Innovativeness refers to an individual's ambition to be a pioneer in the technology sector, enabling inventive persons to take chances and experiment with new ideas (Connolly & Kick, 2015; Parasuraman, 2000). Users were divided into four groups based on when they first adopted the technology, as described by Rogers (1995b). In an effort to capture the impact of individual differences, Agarwal and Prasad (1998) looked to IDT theory to create the idea of Personal Innovativeness in the Domain of Information Technology (PIIT). However, IDT assumed that innovators were early adopters, which was more of a post hoc statement about behaviour than a theory about the factors that led to early adoption. Agarwal and Prasad, (1998) sought to identify the characteristics of "early adopters," those who are quick to embrace new technologies. IDT claims that these pioneers are essential to achieving widespread acceptance. As a result, PIIT is an interesting topic to investigate. Agarwal and Prasad (1998) further argued thath the impact of compatibility on BI was tempered by PIIT, and the impact of BI on actual use was similarly influenced. To account for the lack of a statistically significant result for the hypothesising moderating effects on Perceived Usefulness (PU) (similar to Performance Expectancy) and Perceived Ease Of Use (PEOU) (similar to Effort Expectancy), the authors hypothesised that the widespread interest and media coverage of the Internet (which the research was based) dampened the effect on PIIT. That is to say, PIIT did not play a moderating role because, in the context of the idea of Web adoption in the late Nineties, these views were more reliant on external influence than on personal attributes.
In a follow-up research on the uptake of wireless mobile wallet services, Mew and Millan (2021) revealed that PIIT had a considerable impact on PEOU as a predictor. According to research by Yoo et al. (2020), PIIT has a substantial impact on business intelligence for mobile payment services. Individuals with high PIIT scores are more likely to take risks and are more able to imagine the positive outcomes of such risks. 
Connolly and Kick (2015) discovered that early cryptocurrencies adopters are more likely to be IT-ready, inventive, and social media-present than non-adopters. Since cryptocurrency is both technologically advanced and inventive, we discovered that quality. Finally, the link between performance expectations and pricing value is favourably moderated by individuals' levels of innovativeness, according to research by Abbasi et al. (2021) and Connolly and Kick (2015). 

7.2.1.2 	Performance Expectancy and Effort Expectancy
Performance Expectancy (PE) was statistically significant (β = 0.236, P-value < 0.01). However, Effort Expectancy (EE) was not. PE and EE significantly impacted Behavioural Intention (BI) in the UTAUT2 model's first validation (Venkatesh et al., 2012). These results show that PE (as in TAM theory Perceived Usefulness) has no effect on BI, in contrast to the theoretical evolution of adoption research, which consistently found that EE (as in TAM theory Perceived Ease Of Use) and PE (as in TAM theory Perceived Usefulness) had a significant effect on BI (Slade et al., 2013). Therefore, explanations for these contradicting findings are required.
The lack of significance in Effort Expectancy (EE) may have something to do with how consumers conceptualize cryptocurrencies instead of how they imagine using wallet software. Cryptocurrencies are a kind of financial technology and a type of financial service made possible by technological advancements. It's possible that the majority of respondents' primary focus was on investments, which rendered these indicators insignificant. Due to the fact that most transactions only need a single point of contact, investments might be easier to manage from a knowledge perspective. The EE-like constructs of Perceived Ease Of Use (PEOU) and Perceived Usefulness (PU) were shown to be low by Baur et al. (2015). This suggests an internalized understanding of the trade-off between high complexity and high profits. This proposed behavioural mechanism is primarily predicated on research showing that routines mitigate the impact of Behavioural Intention (BI) on behaviour (Venkatesh et al., 2012). This is because habits form unconsciously rather than consciously. Consistent with the results of Shrestha et al. (2021), who found that for early adopters in the Blockchain-based system, Perceived of Use was non-significant since expectations were already low, internalizing complexity may lead to an under-represented EE. Similarly, in the investment scenario, PE may cause customers to be too optimistic about price rises. For the second time, because to the bullish outlook on investment returns, EE would not play a role in propelling BI. Baur et al. (2015) discovered that PU (like EE) is associated with the possibility of decreased transaction costs. Unfortunately, this relationship could not be examined for Price Value elements due to a lack of reliable data.
The influence of media coverage at the research's time should also be considered. As we've seen, the United Arab Emirates (UAE) has the highest proportion of respondents who show a disproportionate enthusiasm for cryptocurrencies worldwide (Google trends, 2022). There was no interaction between PU and PEOU and Personal Innovativeness in Technology (PIIT), according to Agarwal and Prasad (1998), who hypothesized this was because PU and PEOU were driven more by external factors, such as media attention, than by internal causes. Motives of financial gain may moderate the influence of EE and PE from a technology use context, as seen by the widespread media coverage and dramatic increases that cryptocurrencies have achieved over the last year. The meaning of "performance" in "performance expectation" is not entirely clear. It might either relate to the capacity to invest or to the goal of making a profit from such investments. It's not quite apparent if the end purpose is to make an investment or to generate money, which raises the issue of whether the two are really distinct. This complexity calls for a rethinking of survey design in the future. The researcher concludes that further investigation is needed to determine why these two factors did not have a statistically significant impact. 
One further caveat is that the researcher must consider the possibility that the survey instrument was not sufficiently modified for the bitcoin setting (Alalwan et al., 2017; Venkatesh et al., 2012). Nonetheless, EE was not statistically significant and has been demonstrated to be highly associated with other research outcomes, so the non-significant finding is likely not misleading (Alalwan et al., 2017). That means the survey instrument must have a flawed implementation of EE. When it comes to comprehending m-payment uptake, Koenig-Lewis et al. (2015) showed that EE was not a significant predictor of BI.

7.2.1.3 	Social Influence
Among all the valid and significant predictors of Behavioural Intention (BI), Social Influence (SI) had the smallest impact. As a result, we must accept H4. It was previously shown by Venkatesh et al. (2012) in their conceptualization of UTAUT2 that social impact was a driver of BI, and this research confirms that finding. Since cryptocurrencies represents a social contract between its users, this outcome is to be anticipated (Mattke et al., 2020). Each user acknowledges the currency as having worth based on an unspoken social contract that the coin's value is proportional to the size of the network (Sadhya et al., n.d.). Peer-to-peer technologies, which exhibit network effects (Kalinić et al., 2020; Koenig-Lewis et al., 2015), were shown to have more robust social norms (or subjective norms), as noted in the aforementioned research study. As with fiat money, the value of cryptocurrencies lies in its widespread adoption and acceptance as a medium of exchange. Social interest is a key factor in determining its investment value. Diffusions are a kind of communication identified by Rogers (1995b) in which factors other than technology play a significant role. This may be explained by the fact that older women are more protected from the harmful effects of societal pressure, as shown by Venkatesh et al. (2012). Given that cryptocurrencies are a peer-to-peer network technology and the sample is skewed toward younger persons, societal influence, or the social incentives to adopt a certain technology, is expected to have an impact on BI, although a little one. Finally, past research suggests that there is a correlation between HM and SI to some extent (Koenig-Lewis et al., 2015). 
When Social Influence (SI) is discovered to be a predictor of Behavioural Intention (BI), the impact of the influencer is naturally tempered to a greater extent (ter Ji-Xi et al., 2021). When combined with the observation that IDT has a "diffusion effect" (Rogers, 1995a), this discovery highlights the influence of word of mouth among potential users. Those that accept technologies early on are often the most technologically aware and inventive (Agarwal & Prasad, 1998; Alsalami & Zhang, 2019). Those with high personal innovativeness in technology are more likely to experiment with and embrace cutting-edge technologies and engage deeply in the experiences afforded by the products and services they use (Crittenden et al., 2019). In addition to technical prowess, marketing services and technologies destined for widespread acceptance rely on the opinions of early adopters who target consumers still in the assessment phase of the purchasing process. This has ramifications for the marketing approach chosen, which may shift its focus from traditional mass media advertising to one that places a greater emphasis on encouraging individual consumers to share their own personal experiences. Toscher (2021) highlights a new generation of customers and their ability to co-create value by being integrated into the design and promotion of goods and services. The positive benefits would be multiplying, suggesting that having a built-in mechanism to enable this co-creation and the opportunity to have interactions with these early adopters would be beneficial.
7.2.1.4 	Hedonic Motivation
Hedonic Motivation (HM) was discovered to have a stronger correlation with Behavioural Intention (BI) in the initial model formulation by Venkatesh et al. (2012). After Price Value (PV) and Performance Expectation (PE), HM is the third significant predictor of behaviour in this research (β = 0.198, p-value < 0.01). This means that we accept H6. Additionally, HM was shown to be more robust in the absence of a utilitarian setting (Oliveira et al., 2016), but this finding was not statistically significant in other experiments (Merhi et al., 2019). Due to its position as the study's third predictor of BI, the finding may appear counterintuitive. But Morosan and DeFranco (2016) showed that HM was the second-best predictor of BI after PE in their investigation of NFC payments, which is an instrumental usage. According to research conducted by Koenig-Lewis et al. 2015), HM (through PE) is a significant determinant in the uptake of financial services. Perceived pleasure raised model explanatory power from 44% to 62%, according to the study's focus group of young people. They went on to speculate that this may be because the younger generation approaches technology with an emphasis on entertainment and fast pleasure. Interacting effects may be relevant to analysing the connection to Social Influence (SI), which will be covered in the next section. This is in accordance with the findings of Koenig-Lewis et al. (2015), who discovered complementary benefits from HM and SI. This finding would point to the significance of pleasure (HM) if corroborated by future studies. Although age and gender were shown to have significant impacts, particularly for younger guys, they were not investigated in this research. This finding is not unexpected given that the sample produced is skewed toward younger guys.
The cognitive vs emotional decision-making process is one of four consumer purchasing frameworks described by Migliore et al. (2022). When considered with the findings on NPV, PE, and EE, it is possible to argue that rational instrumental appraisals of technology are just as important as intuitive emotional ones. Therefore, the buyer is not a fully rational actor when it comes to cryptocurrencies use. Fernández-Vázquez and Álvarez-Delgado (2020) argued that rational judgments take time to form, but decisions based on HM's emotional appeal may be made soon after a consumer's first encounter with the product. The ramifications for organizations and developers are that they must acknowledge the significance of the decision's emotional component in addition to the cognitive or instrumental component. Therefore, it's important that using the services related to cryptocurrencies be a pleasurable, engaging experience. While making investments or using transactional platforms are often seen as strictly practical endeavours, the research shows that the desire to have "fun" in these circumstances is a significant factor in the decision to use cryptocurrencies. These results might be put into practice, for instance, by "gamifying" the experience on wallets or encouraging participation through incentive systems.

7.2.1.5 	Price Value
The Price Value (PV) items demonstrated adequate construct validity (Cronbach Alpha = 0.877) and are the second-best significant driver of behavioural intention (BI), despite the possibility that the survey item structure might misread the questions' emphasis on the cryptocurrency's fluctuating value. Nonetheless, prior research, such as that conducted by Venkatesh et al. (2012), revealed that PV was a primary predictor of BI that was reduced more for older women, i.e. in line with present societal norms. It is doubtful whether respondents were able to comprehend pricing value in the context of cryptocurrencies and distinguish between the various kinds of costs, i.e., those associated to services facilitating bitcoin use against intrinsic costs such as volatility. The design of the survey items may consequently be challenging. This is because the survey questions aim to cover both investment and transaction possibilities, and because of the ambiguous nature of the use they want to capture. The cost-benefit analysis for the latter option is more straightforward due to the higher value of the underlying asset, but the transaction fees and subscription costs associated with the former option are little in contrast to the total investment amount. Given the fuzziness of the survey's usage, it's possible that respondents had a hard time making pricing comparisons to more well-established channels, including those for investment products or transactional services. This latter point is consistent with the explanation presented by Alalwan et al. (2017) in their research of the adoption of mobile banking. In the UAE context, Majumdar & Pujari (2022) discovered that the predominant motive for mobile banking apps customers (assumed to constitute the vast majority of the sample) was convenience, not price. Considering a potentially different target population of users (Small and Medium Enterprises – SME), Roos (2015) discovered that price value, along with performance expectancy and habit, are all significant drivers on the behaviour intention to use Bitcoin, demonstrating that the trust construct, which does not form part of the original UTAUT2 model, is also a significant driver on the behaviour intention to use cryptocurrencies from SMEs.
7.2.2 	Predictors of Usage
Figure 18 shows that 10.3 per cent of the volatility in cryptocurrency use can be accounted for by the presence of Facilitating Conditions (FC) alone. The Behavioral Intention (BI) resulted not statistically significant and for this reason it’s not represented in the Figure. 26% of mobile banking customers may be explained by FC and BI in the baseline UTAUT2 model (Venkatesh et al., 2012). 31% of the variation in adoption behaviour was explained by the same UTAUT2 components in Alalwan et al. (2017). Considering the predictors for BI, the overall model has an above-average level of predicted accuracy, at 68 per cent.
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[bookmark: _Ref121925292][bookmark: _Toc126512807]Figure 18: Observations from a multivariate analysis of Cryptocurrency Usage (CU)

7.2.2.1 	Facilitating Conditions as predictor of cryptocurrency usage
This research indicated that there is a positive correlation between Facilitating Conditions (FC) and Cryptocurrency Usage (CU) (0.302) and that FC is a significant predictor of CU (β = 0.244, p-value < 0.01). In a study examining the factors that influence people's propensity to use a service, Venkatesh et al. (2012) discovered that age and gender played moderating roles in the effect of FC on actual utilisation. FC has been shown to be a strong indicator of BI in other research (Alalwan et al., 2017; Albayati et al., 2020; Anser et al., 2020; Arias-Oliva et al., 2021; Veeramootoo et al., 2018). It can be seen in Figure 14 that the regression coefficient for FC is 0.30, which indicates a positive influence and a statistically significant (p 0.001) regression. This conclusion appears counterintuitive when compared to the results for mobile banking by (Alalwan et al., 2017). Research showed that BI was a much better predictor of consumption than FC was, with a coefficient of 0.467 (p-value < 0.001) compared to FC's 0.153 (p-value < 0.05).
This finding suggests that customers' expectations of having access to resources like online tutorials, training, and customer service are crucial to the technology's actual uptake. So, it's incumbent upon cryptocurrency service providers to not only have these infrastructures in place, but also to actively promote their existence. This is an important factor since the assessment is based on support system perception, not reality. Also, research by Venkatesh et al. (2012) found that young men were the ones for whom FC was the least effective. Individuals between the ages of 18 and 44 (78.4%) and males are overrepresented in this sample (67.5 per cent). What this means is that FC may have a greater impact if and when underrepresented demographics, like as women and the elderly, begin using cryptocurrency. The fact that FC is needed to counteract this impact may be an indication of the difficulty of working with cryptocurrencies. Furthermore, data suggests that emphasising FC may be the most crucial factor in propelling real utilisation. And critically, this influence exists regardless of motivation, suggesting much greater practical significance. 
Considering that FC may play a more significant role than previously thought in influencing user intent (Gil-Cordero et al., 2020; Sohaib et al., 2020), more study is needed to better understand this interaction by means of BI. The impact of FC also decreases with expertise and higher Personal Innovativeness in Technology (PIIT) scores, according to Yoo et al. (2020). There should be no loss of FC's predictive value due to lack of experience in this investigation, as indicated by use frequency. Prior studies (Abbasi et al., 2021; Mahomed, 2017), however, allow for the assumption that early adopters make up a significant fraction of the sample without the need for PIIT measurement. Thus, those who adopt later along the IDT curve may benefit more from FC's moderating influence.
7.2.2.2 	Behavioral intention as predictor of cryptocurrency usage
The effect of behavioural intention (BI) on cryptocurrency Usage (CU) was shown to be not statistically significant (p-value = 0.060). This conclusion was not anticipated, considering the link between BI and CU has been thoroughly examined, and BI has been shown to have a considerable, favourable influence on CU (Albayati et al., 2020; Mendoza-Tello et al., 2019; Nadeem et al., 2020). Those few studies that did examine the impact of BI on CU in a cryptocurrency setting provide more support for the existence of such a connection (Greeff, 2021). 
Alalwan et al. (2017) reported that BI was a strong predictor of CU; hence these results contradict their findings. It is important to note that Alalwan et al. (2017) showed BI to be a worse predictor of CU. The correlation between FC and CU was determined to be the most significant. 
Wu and Du (2017) took a close look at the BI and CU concepts and analysed their interplay. This research supports the claim that (1) BI has a stronger correlation with its dependent variables than CU, and (2) BI is not a suitable replacement for CU. As the results of this study imply, BI does not automatically lead to practical application. Actual usage, reported use, and evaluated use are the three categories of CUs proposed by Wu and Du (2017). According to their research, the association between evaluated and actual usage was greatest for BI, whereas the reverse was true. Given the study's emphasis on self-reported usage, it's possible that the lack of significance identified for BI in predicting CU is due to this bias. Researchers are encouraged to use evaluated use as opposed to reported usage in their future studies. 
Finally, our research and Alalwan et al. (2017) reveal that BI is a strong predictor of CU for early majority users but not for early majority users overall, although it's important to keep in mind that context matters. As discussed earlier, there has been a sequence of firms that have gone under and investors have lost substantial quantities of money, reducing confidence, and altering the way consumers utilise cryptocurrency. Only the United Arab Emirates (UAE) setting and maybe only for the near future is where this finding finds its appropriateness. If customers forget about past tragedies and corporations grow more trusted, a future research of this kind may reveal contradictory findings.

[bookmark: _Toc126512778]7.3 	Nature of Use
The research aimed to classify cryptocurrency users into their most common use cases. The majority of respondents (63.4%) ranked "investment" as their top use category, followed by "storage of wealth" and "savings" (29.5%). Based on their statistical analysis, Delfabbro et al. (2021) concluded that Bitcoin holders were less active in the market than traders. Similar results were discovered by Alqaryouti et al. (2020a), who examined a larger dataset of exchanges but came to the same conclusion.
Although most participants were interested in cryptocurrencies for investing purposes, a sizeable minority (26.1%) reported actively using or planning to utilise cryptocurrency for commerce. Users using cryptocurrencies to make purchases anticipated increasing their use during the next three years, as revealed by Ter Ji-Xi et al. (2021). This indicates that the transaction use case remains important to customers despite its relatively modest volume on the network. 
Media attention on the fluctuating value of cryptocurrencies may influence the study's findings. According to a poll of US consumers conducted by Schuh and Shy (2016), some participants cited the high degree of volatility and the chance of making large profits as the main reasons for holding cryptocurrencies. While this conclusion does not prove anything, it does lend credence to the idea that the use of cryptocurrencies as a transaction medium is very small in comparison to speculative investments (Alqaryouti et al., 2020a; Hemantha, 2021; Sohaib et al., 2020). When analysing primary data, Ter Ji-Xi et al. (2021) concluded that the vast majority of Bitcoin's initial users kept their coins as an investment. However, Schuh and Shy (2016) showed that in the United States, the main motive for adoption by two-thirds of respondents was financial return. Despite this, the same research showed that an increase in the value of one bitcoin relative to the US dollar was a factor in a consumer's choice to embrace bitcoin. This bolsters the argument that, from an economic (Bagus & de la Horra, 2021) and a behavioural standpoint (Bjerg, 2016) respectively, bitcoin is not yet ready to be termed money. However, use is changing, and Li et al. (2018) suggest that price stability, the key driver and effect of speculative investment, will lead to increased usage as money.

[bookmark: _Toc126512779]7.4 	Summary
The vast majority of the respondents are male, young, educated UAE residents who use cryptocurrency on a frequent basis and consider themselves familiar with technology changes. The gender, education, and income distribution of the sample agree with those of previous research, providing further evidence that the profile is accurate. While this disparity was to be anticipated, the magnitude of it highlights both the market that firms should aim for and the untapped potential among underserved demographics. The UAE's use rates seem to be much higher than those reported in other national studies, which may be a reflection of regional factors including institutional trust and currency volatility. Given the sample's overrepresentation of the UAE, it would be misleading to draw any worldwide conclusions without caveats. Although there were sizable minority in most other areas, including payments, the majority of respondents said they used cryptocurrencies as an investing tool. This is consistent with a lot of the prior studies that found speculative investing to be a key use category driven by large price rises and hope that the trend would continue. 
The purpose of this research was to determine what influences consumers' decisions to use cryptocurrencies for remittance transfers. Performance Expectations (PE), Price Value (PV), Hedonic Motivation (HM), and Consumer Innovativeness (CI) were the strongest predictors of Behavioural Intention (BI), in that order, for the attained sample. Given this finding, it's evident that the intrinsic worth of a cryptocurrency may impact the remittance expectation, even if investing was the main use case (a strictly utilitarian activity). The majority of cryptocurrency service providers are focusing on making their products as user-friendly as possible. On the other hand, these findings might point to an acceptance of cryptocurrency's complexity, which would lessen its impact on BI. The results of this study suggest that performance and effort expectations, although still important, may no longer be adequate criteria for adoption. Consistent with most of the existing literature on consumer financial services, we also found that CI and Facilitating Conditions (FC) were substantial predictors of BI. The peer-to-peer structure of cryptocurrency networks means that Social Influence (SI) is the only other important predictor of BI. This is also consistent with IDT's diffusion theory, which states that the combined influence of many people may persuade early adopters and innovators to join the mainstream. 
Surprisingly, BI does not serve as a reliable indicator of real adoption. This runs counter to a large body of the scholarly literature. However, it does lend credence to (J. Wu et al., 2017) argument that BI cannot replace actual user activity. Cryptocurrency usage (CU) is most reliably predicted by FC, suggesting that adoption may be boosted by putting in place appropriate mechanisms and procedures to direct users. More study is needed to accurately explain use since the adjusted R-squared score is just 10.3 percent. 
Implications of the main results are examined in the next chapter, along with the research's limitations.


[bookmark: _Toc126512780]CHAPTER 8: CONCLUSION

The purpose of this research was to inform business model and service strategy development aiming at increase cryptocurrency acceptance by better understanding the factors influencing Behavioural Intention (BI) and Cryptocurrency Usage (CU). The study also hopes to educate policymaker and established organisations on how best to react to cryptocurrencies as they begin their potentially disruptive offers. A brief overview of the key results is provided, followed by a discussion of the management implications of the research. This chapter wraps up with a critical evaluation of the study's shortcomings and the suggested next steps for researchers.
[bookmark: _Toc126512781]8.1 	Fundamental results
Questions on UAE customers' receptivity to cryptocurrency use for remittance transactions (RQ1), the variables influencing behavioural intention to use cryptocurrency (RQ2), and the factors influencing actual use (RQ3) were the focus of this research (RQ3). After carefully considering the available literature, we were able to identify many key aspects specific to the cryptocurrency industry. Current and future users were surveyed for this analysis. After looking at the numbers, we can see that there are few key factors that have a big impact on people's intentions and behaviour. Because of how the sample was constructed, the results can only be applied to the UAE. Here are the key takeaways from the study, summarised as follows:
1. Both prospective and existing users (more so for the latter category) comprise men, UAE residents (non-UAE Nationals), possessing at least a bachelor’s degree, between the ages of 18 and 44 with a large group up to age 29.
2. Current and future customers alike mostly used it for investing purposes. However, the remittance transaction scenario accounted for a vast underrepresentation of use cases.
3. With non-significant variables eliminated, the hypothesised model was able to explain 57.6% of the variation in behavioural intention and 10.7% of the variance in actual use. No significant interaction or moderating effects (innovativeness of consumers on the relationship between perceived risk and behavioural intention) were identified.
4. Facilitating Conditions are the most indicator of actual utilisation. Simply facilitating use will have the biggest effect on cryptocurrency adoption.
5. Compared to facilitating conditions, it was determined that the Behavioural Intent (BI) did not significantly influence actual utilisation.
6. Performance Expectation is the most predictor of Behavioural Intent. Focusing on an effective reaction will provide the most return for companies attempting to influence intent. This is a fairly unexpected conclusion.
7. Due to the networked nature of the technology and the media attention cryptocurrencies received at the time the study was performed, social influence is a key predictor of behavioural intent.
8. There was no evidence that the three factors—Perceived Risk, Effort Expectancy, and Facilitating Conditions—were important in influencing users' decisions to adopt cryptocurrency in the remittance transaction. This may suggest that the impact on Behavioural Intent has diminished since prospective customers have formed an opinion on the performance of the cryptocurrency prior to making their purchase decision.

[bookmark: _Toc126512782]8.2 	Managerial Implications
Consumer interest in cryptocurrencies is still high despite the fact that Bitcoin and other alt-coins have lost more than half their value in the past year due to the influx of investment capital (Crypto Peaked in Nov. 2021: Investors Lost More than $2 Trillion Since, n.d.). Moreover, the cumulative market cap of cryptocurrencies dropped dramatically between May 2021 and June 2021, making digital coins less likely of an investment tool (Bis, 2022). 
Institutional investors, banks, 'fintech' companies and venture capitalists are just a few of the many entities that have invested heavily to capitalise on the current craze among consumers. Even though the market is saturated, this gives a chance for the enterprise. Strategies must zero in on the few factors that are most important to the intended markets in order to get the highest possible return on investment. The ramifications of these key discoveries for management are described below.
At this early stage of adoption, the responder profile suggests that attention should be directed upon men in the UAE between the ages of 18 and 29. Because of this, marketing budgets may need to be adjusted. The inverse is also true; certain populations, like women, may be underserved. However, past research on gender inequalities suggests that this is typical of the development of the acceptance of new technologies, and that female involvement will follow broader usage.
With respect to the aforementioned use categories, "investment" is clearly in the lead. Research indicates that Price Value, Social Influence, and Experience will drive the desire to embrace of the cryptocurrency for remittances, despite the fact that remittance transactions were a vast minority. This might signal that the usage of cryptocurrencies for transactions (as opposed to only investments) could soon follow the investment use. Significant usage in other areas, such as savings and currency hedging, shows that established financial service companies can't afford to ignore cryptocurrency's rise and its ramifications for their products and services. Financial institutions that are already investing heavily in blockchain technology, will find it difficult to ignore the growing popularity of cryptocurrencies and will have to keep a careful eye on the market. The philosophical perspective on cryptocurrencies as money explains that what really counts is not the nature of the technology itself but how people think about it. Cryptocurrencies may have value because people think they do. While its true identity as currency is unclear at now, there are promising signs that this may change in the near future. Both businesses and governments need to think about this.

It was discovered that Performance Expectation (PE), Price Value (PV), and Hedonic Motivations (HM) were the most accurate predictors of Behavioural Intention (BI). This may come as a surprise, given that cryptocurrencies adoption may seem to be a completely instrumental endeavour, including cognitive judgments. Prior research, such as that conducted by Shrestha et al. (2021) in a blockchain-based system, demonstrates that intrinsic value judgments are crucial to motivating purpose. The implications for corporate strategies are ensuring that the experience (performance) is as painless as possible and the price of the cryptocurrency used for the remittance is stable, which connects to the enabling conditions suggestions. In addition, gamification of cryptocurrencies wallets, exchanges, and other consumer-facing services may improve purpose. As an example, anecdotal information reveals that, as a remittance instrument, much of the discourse focuses on the market's network coverage. Providers may sell and construct zero-cost simulators that prospective users might test in a risk-free simulated environment that follows the bitcoin market in order to bridge the price value gap and enhance HM.
In this study, neither Perceived Risk (PR) nor Facilitating Conditions (FC) were shown to be significant predictors of the intention to use (BI) cryptocurrencies for remittances. However, this does not mean that explaining BI is irrelevant. This study's findings indicate that the impact of PR on crypto use is negative but not statistically significant. Other data suggests that public relations (and the associated term Trust) might affect the desire to utilise cryptocurrencies. In the literature, we identified configurations with PR (i.e., its existence favourably impacts the use of cryptos) as well as configurations with PR (i.e., not perceiving risk also influences positively using cryptos). Other research have revealed that PR has a big influence on BI for cryptocurrencies; hence, firms promoting their technological protections and assurances will enhance adoption intent. There are several options available to companies that provide cryptocurrency services for securing customers' credentials and ensuring the safety of their currencies. These cover both those for which the user is accountable and those for which the supplier is. The latter includes physical keys that are encrypted and stored offline or on USB devices. It also includes writing one's private key down on paper. In contrast to current financial services such as online and mobile banking, however, transferring responsibility to consumers might negate the above-mentioned conclusion about FC. If enterprises want to exploit the impacts of both PR and FC, a provider-side approach seems optimal. This includes using encrypted channels (such as SSL), two-factor authentication, assurances, and third-party trust seals. Last but not least, the elimination of the requirement for third-party trust providers diminishes some of the purported advantages of cryptocurrencies, namely decreased costs due to the elimination of the need for third-party trust providers. (Widodo et al., 2019) discovered that financial risk was a substantial predictor of total perceived risk in relation to PR, suggesting that financial risk guarantees may be crucial. Consequently, structural guarantees, such as possible legal redress or rules, may play a crucial role in influencing Perceived Risk. In fact, according to Wu et al. (2022), regulation will boost the credibility of cryptocurrencies. In addition, organisations with a demonstrated track record in the consumer financial services industry may have an advantage based on continuing trust. Additionally, the element of trust leads to a consideration about increasing regulation. Once again, this is in opposition to the philosophical tenets of the movement's early supporters, including some developers.
Behavioural Intent (BI) was revealed to be significantly influenced by the Social Influence (SI) construct. These impacts may be magnified by directing the discussion between prospective adopters and existing adopters. Compared to more conventional forms of advertising, businesses should give word-of-mouth promotion more weight. The fact that SI has been shown to interact with both PR and HM in the past suggests that their effects may be amplified. Being present on websites and forums where opinion leaders, particularly early adopters, develop and shape their opinions is, therefore, a wise move. In addition, network effects boost the value of bitcoin technology, thus, putting an emphasis on SI might give companies a head start. In this case, the gamification potential is useful and will capitalise on the SI effects that support the aforementioned suggestion for HM. Businesses catering to collectivist cultures may take use of communal savings to better serve the low-income market. NowMoney, RISE, and Huru are a few examples of such services in the UAE market.
Only Facilitating conditions (FC) were shown to predict actual utilisation. Management may operationalize this in the following ways: 
· The objective of development initiatives should be to provide resources and infrastructure that encourage adoption. Through the social influence (SI) mechanism, focusing on early adopters may have multiplying effects. In his research on cryptocurrencies as competing money, Jabbar et al. (2021) shown that broad adoption is contingent on the availability of a supporting value chain. 
· Organizations in the industry that promote consumer understanding of cryptocurrencies will increase resource support while decreasing perceived dangers.

[bookmark: _Toc126512783]8.3 	Limitation of this research
One first significant caveat is that the study is limited by the characteristics of the respondents. Research findings should not be extrapolated to the general public. However, this might just be a reflection of the demographics of cryptocurrency users, who tend to be young men in well-off middle-class occupations. The study results should be limited to the UAE setting, yet its global application cannot be ignored. 
The biases in the sample collected might also be related to the sampling strategy utilised, i.e. snowball sampling. This may have contributed to the skewed demographics of the sample, which were otherwise similar across gender, socioeconomic status, and age.
Due to a lack of variation in respondent demographics, this research did not include the moderating demographic factors. It was discovered that adding demographic data improved the UTAUT2 model's prediction power (Venkatesh et al., 2012). Even if the sample group demographics are representative of the actual user population, as proven by previous research, this may be of little management significance with no significant improvement in R-squared. Even if this hypothesis holds true, the data cannot inform initiatives aimed at reaching underserved populations like women or the elderly.
Self-reported users make up a small fraction of the total population. That's why it's more difficult to generalise from studies of behavioural intention to studies of what really leads to use. Due to the fact that several regressions are merged into a single model from which conclusions are formed, this is crucial. A subsequent research that focuses just on users or prospective users may provide more convincing statistical results. Another research indicated that there was no consistent link between higher levels of BI and increased consumption (J. Wu & Du, 2017).
According to Google Trends, media and public interest in cryptocurrencies is at an all-time high. Socio-cognitive biases including availability bias, anchoring bias, and the contrast effect might slant findings toward higher behavioural intention to use if given enough attention. Additionally, there is a chance that the answers will have a misunderstanding of what level of crypto-familiarity is being asked about. Because of this, future studies should include a measure of familiarity with the survey's format. Also, the survey was conducted during the peak of consumer interest in cryptocurrency, which is especially true for the United Arab Emirates. This indicates that the results may only apply to the early stages of cryptocurrency adoption curve and not to the wider crypto community in the future.

Since correlations were observed between items while trying to validate the SEM model, the validity of the study instrument design is under issue. UTAUT2 has been used in several research where it has been listed and verified without significant validation issues being identified (Almuraqab, 2020; Arias-Oliva et al., 2021; Hwang & Moon, 2019). As a result, the form of the questions themselves may be troublesome. The lack of clarity around the cryptocurrency ecosystem may be to blame, as suggested by Shin & Rice (2022). According to Rodima-Taylor & Grimes (2017), its features make it more useful in many ways than one, including as money, a financial asset, and a protocol for enabling new technologies. More attention should be given in establishing the survey instrument when producing questions for cryptocurrencies at this stage for one of two reasons: flaws in the survey instrument or consumer understanding thereof. In addition, if there are more items collected for each construct, the researcher may be able to create a more accurate data set by eliminating questionable things without significantly diminishing the predictive power of the constructs.
Specification error, also known as left-out-variable error, is a common issue that may arise when using regression procedures. Despite previous studies pointing to the importance of habit and experience, they were not included in this investigation. For the sake of credibility, we excluded the additional cost value. The specification error grows when the number of missing predictors correlates with the number of included predictors. Over- or underestimating the predictive ability of the included predictors is possible due to the specification mistake since habit is tied to experience and perceived danger is related to trust. All regression methods suffer from the same limitation, since researchers can never possibly collect data on every conceivable predictor.
The most prominent scholars in the subject of adoption, namely Venkatesh, have provided the basis for most of the theory construction (Davis, 1989; Venkatesh et al., 2012, 2016b; Venkatesh & Davis, 2000; Venkatesh & Morris, 2000). Since Venkatesh thought the UTAUT and all its variants, this is to be anticipated. Therefore, the suggested models and procedures rely substantially on the theoretical frameworks provided by a single author, even though these frameworks have been verified and utilised by a large number of other writers. It's important to note that this final point eliminates most concerns regarding the possibility of hidden biases and mistakes of Venkatesh spreading through the study.

[bookmark: _Toc126512784]8.4 	Recommendations for further study
Research into the different phases of adoption would be helpful in understanding the possible development of cryptocurrencies since it is a fledgling technology. More distinguishable findings, like those shown in the research of mobile payments, may be attained by comparing users in different categories, such as early adopters and heavy users (Gupta et al., 2019; Kaur et al., 2020; Ramadan & Aita, 2018). Differentiating early adopters who also wield influence will help shed light on the factors that determine the social influence predictor established here.
In order to study the impact of age and gender with more statistical validity, it may be necessary to use stratified or quota sampling to account for demographic skew in the respondent sample. Understanding moderating factors owing to subgroup variations would be helpful even if the sample demographics were indicative of real user demographics. In addition, demographic characteristics like level of education (whether technical or otherwise) might be investigated with more precision (Davis, 1989).
The technical explanation in chapter 2 demonstrates that customers will need some familiarity with the technology's inner workings in order to utilise it effectively. This demand, however, will diminish as internet goods and services mature, as history demonstrates. However, innovators and early adopters (in the IDT terminology) may be an essential subpopulation to research at this early stage toward broad acceptance. According to Rogers (1995b) theory of the diffusion effect, these communities are essential for generating widespread acceptance via recommendations from others. There should be more studies conducted on just these subsets and the reasons driving consumption rather than purpose.
The gaps that separate nations go well beyond their cultural norms. Despite our study's focus on investments, other studies have revealed that people in the United States and Europe are increasingly using cryptocurrencies for everyday purchases (Koroma et al., 2022; Roussou et al., 2019). As was hypothesised above, nations suffering currency instability may also show an increase in interest in cryptocurrencies (as indicated by search results on Google Trends). 9.7% of respondents here said they were hedging their currency exposure using cryptocurrencies. Government regulator policies and international money transfer services might benefit from an examination of developing markets and country variations as they pertain to investment and currency hedging.
Since this study and most other research that employs current adoption theory focuses on investigating characteristics mentioned in the previous research, it would be helpful to take a wider look at how cryptocurrencies adoption is proceeding. When it comes to the two independent variables, however, the novelty of cryptocurrencies and the social nature of the technology may be sufficiently distinct to warrant creating an entirely new model for Behavioural Intention (BI) and Cryptocurrency Usage (CU). The literature study has shown that several variables have the potential to be predictive of BI and its application. It may thus make sense to use a mixed-method approach, as Almuraqab (2020) done in his study. In order to maximise the usefulness of the data collected, a mixed-methods approach may help concentrate the quantitative study by undertaking ethnographic research before the construction of the survey instruments. As we saw previously, trying out different models with different predictors may help fix the specification mistake caused by omitted predictors. Consequently, other models require more study.
The benefits of SEM over conventional regression analysis have already been discussed. Therefore, it would be wise to redo this investigation using the SEM method, with or without making any adjustments to the model structure. In particular, a bigger sample size would be needed to do this, which would need a rethinking of the data gathering procedure.
An independent variable that Quan et al. (2023) considered was a participant's familiarity with mobile payments. Analysis of use patterns suggests this may be helpful since it captures a range of practitioners' familiarity with the method. This may also explain why the pilot survey's results were more reliable than the full poll's results: participants in the pilot survey were more likely to have prior experience with cryptocurrencies.

[bookmark: _Toc126512785]8.5 	Closing comments
Using the framework of technology adoption theory, this research provides the first quantitative examination of the variables driving consumer adoption of cryptocurrencies in the UAE. Accordingly, this research provides a first step in statistically analysing a novel type of consumer technology that bears no similarities to its predecessors. Because of this, the reported findings should be interpreted in light of where cryptocurrency stands at the time of presentation. 
The research aimed to answer the following research questions: (RQ1) Consumers are open to use cryptocurrency to make remittance transactions; (RQ2) what variables influence consumer's intention to use cryptocurrency; and (RQ3) what factors influence people's actual use of cryptocurrency. Early evidence corroborated the findings of previous scholars who had concluded that investments were the most common use. As a result, cryptocurrencies are not often seen as money by consumers, which affects how the technology is understood. RQ3 was answered by the finding that enabling circumstances, which centre on the Facilitating Conditions have the greatest potential to increase adoption. 
The results of this study, which were used to address the aforementioned research question (RQ2), suggested that Performance Expected and Price Value were the strongest predictors of future cryptocurrency use in the remittance context. These results, especially the rating of the degree of the impacts, go counter to those of the vast majority of research in comparable disciplines of financial technology adoption. Therefore, the results shed new light on this cutting-edge technology. However, much more investigation is needed to improve the model's explanatory power by looking at complementary models and components.
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From: ADU Institutional Review Board irb@adu.ac.ae &
Subject: RE: IRB requirement for the agility survey
Date: 18 April 2022 at 10:35 AM
To: Devid Jegerson 1075361 @students.adu.ac.ae
Cc: Mehmood Khan Mehmood.Khan@adu.ac.ae, Rania Al Dweik rania.aldweik@adu.ac.ae

Dear Mr. Devid

Based on the expedited review of the IRB application submitted, | am pleased to
inform you that the application is now approved. Please make sure that you
adhere to the policy as well as to the approved protocols, questionnaires, and
consent forms that were submitted. In case you will need to make any changes
to the protocols or the questionnaire forms, please fill out the attached change
form and send it to me for approval before making those changes.

Good luck with your research.

Dr. Rania Al Dweik
Assistant Professor of Public Health
College of Health Sciences

Email: rania.aldweik@adu.ac.ae
T +971 25015362

Abu Dhabi University P.O. Box 59911, Abu Dhabi, UAE
www.adu.ac.ae

() (@) (») @) (8) /abuDhabiuni
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......... ABET | Veoveusen ABET Osmmisen Architecture com
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Senvtr Ol ~ 2] 3 Q m ”~
i s “ ﬁ ACCREDITED

From: Devid Jegerson

Sent: Tuesday, April 12, 2022 6:40 PM

To: ADU Institutional Review Board <irb@adu.ac.ae>

Cc: Mehmood Khan <Mehmood.Khan@adu.ac.ae>; Rania Al Dweik
<rania.aldweik@adu.ac.ae>

Subject: Re: IRB requirement for the agility survey

Dear IRB,
thanks for the kind reply.

Given that we are following a specific timeline in the project plan of the thesis, we

would like to be sure that the IRB approval will be straightforward for allowing us to
nroceed with the data enllectinn stane ac ner the nrniect nlan (we had tn start the data




mailto:Boardirb@adu.ac.ae


mailto:Boardirb@adu.ac.ae


mailto:Jegerson1075361@students.adu.ac.ae


mailto:Jegerson1075361@students.adu.ac.ae


mailto:KhanMehmood.Khan@adu.ac.ae


mailto:KhanMehmood.Khan@adu.ac.ae


mailto:Dweikrania.aldweik@adu.ac.ae


mailto:Dweikrania.aldweik@adu.ac.ae





-~ — - R R e R T e~ il h I TR i e Rl i L T I I e D i iR g D S P e

cr:ollection' by April).

To optimize the timeline of the review (we submitted the request for review on 28/3),
I'd like to ask you to raise any potential requests for clarification or doubts about the
survey during the review process or as soon as you can. This will enable us to
respond quickly to your questions/clarifications/amendment requests.

Thanks in advance.
Best Regards.
Devid Jegerson

On 11 Apr 2022, at 10:30 AM, ADU Institutional Review Board
<irb@adu.ac.ae> wrote:

Dear Dr. Mehmood

The application was forwarded to the reviewer and waiting for their reply.
As you know the review takes 14 working days. | will keep you posted as
soon as | received their feedback

Regards

<image002.jpg>

From: Mehmood Khan

Sent: Sunday, April 3, 2022 4:05 PM

To: ADU Institutional Review Board <irb @adu.ac.ae>; Rania Al Dweik
<rania.aldweik@adu.ac.ae>; Devid Jegerson
<1075361@students.adu.ac.ae>

Subject: FW: IRB requirement for the agility survey

Thanks Dr. Rania .............. how about the revised documents submitted
by my student Devid on 29t March ?

Regards,
Mehmood

From: ADU Institutional Review Board

Sent: Thursday, March 31, 2022 1:57 PM

To: Mehmood Khan <Mehmood.Khan@adu.ac.ae>
Subject: RE: IRB requirement for the agility survey

Dear Dr. Mehmood

You can use any Consent form template based on your study type. | have
a sample but this is for qualitative research you can find many templates
over the internet

Please ask the student to resubmit the IRB applications along with all

PR} A NN,
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Regards
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From: Mehmood Khan

Sent: Tuesday, March 29, 2022 1:46 PM

To: ADU Institutional Review Board <irb@adu.ac.ae>
Subject: RE: IRB requirement for the agility survey

Dear Dr. Rania,
| think you attached the IRB form for another university.

Besides, my students had submitted all the documents that you asked for
except the consent form. | appreciate if | could have a copy of the consent
form.

Regards,
Mehmood

From: ADU Institutional Review Board

Sent: Tuesday, March 29, 2022 10:43 AM

To: Mehmood Khan <Mehmood.Khan@adu.ac.ae>; Rania Al Dweik
<rania.aldweik@adu.ac.ae>

Cc: Fatmah Mohamed Ali Yammabhi
<1012762@studentsaduac.onmicrosoft.com>

Subject: RE: IRB requirement for the agility survey

Dear Dr. Mehmood

The applicant must fill out the IRB form attached. Also, please share the
below documents when you resubmit the application

1. Full IRB form

2. Consent template
3. Survey questions
4. Study proposal

Regards

<image006.jpg>

From: Mehmood Khan
Sent: Monday, March 28, 2022 2:37 AM
o: ADU Institutional Review Board <irb@adu.ac.ae>; Rania Al Dweik
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<ldllid.diuwein\wduu.du.dgc>

Cc: Fatmah Mohamed Ali Yammahi

<1012762 @studentsaduac.onmicrosoft.com>
Subject: FW: IRB requirement for the agility survey

Dear Dr. Rania,
Hope you are doing fine.

Please find attached my student’s IRB form for an approval for collecting
data for his dissertation.

Regards,
Mehmood

From: Mehmood Khan

Sent: Thursday, March 10, 2022 10:50 AM

To: Fatmah Mohamed Ali Yammabhi
<1012762@studentsaduac.onmicrosoft.com>; Haitham Nobanee
<haitham.nobanee @adu.ac.ae>

Subject: FW: IRB requirement for the agility survey ( Reminder )

Thanks Fathmah for your email. The survey is good ............. Let’s have
a feedback from Dr. Nobanee on your research model.

Have you submitted the IRB form to Dr. Rania (chair for IRB) ?

Regards,
Mehmood

From: Fatmah Mohamed Ali Yammahi

Sent: Thursday, March 3, 2022 12:17 PM

To: Mehmood Khan <Mehmood.Khan@adu.ac.ae>

Subject: Fw: IRB requirement for the agility survey ( Reminder )

From: Fatmah Mohamed Ali Yammahi

Sent: Sunday, February 27, 2022 11:57 PM

To: Mehmood Khan <Mehmood.Khan@adu.ac.ae>

Cc: fatmah.alameer@gmail.com <fatmah.alameer@gmail.com>
Subject: IRB requirement for the agility survey

Dear Dr. Mehmood Khan,

Hope this email finds you and your family well
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As an update on my work thesis requirement, | am working on the
bibliometric proposed paper with Dr. Nobanee, this month | started
searching the database in soups and | will need your help in the next
stage to use the Vosviewrr and Rstudio (inshallah)

On the other hand, I'm doing my best to get the survey phase done to
start collecting data with your help Dr and guidance.

So, as you requested before, | proofread the questionnaire, prepare a
translated copy, and complete the IRB paper as you guide us through the
course

All files attached | will appreciate your effort Dr to review it and give me
your feedback and advice in order to contact the IRB and get the approval
to start collecting data.

looking forward to your feedback and what | should do next ??

Hope also Dr if you have office time | need to meet you in Microsoft Tem
next week as your suitable time preferring to discuss the attached files

The attached files
1. APPLICATION FORM Institutional Review Board — IRB
2. copy of the updated proposed study as a requirement for IRB
3. English copy for the questionnaire
4. Arabic copy for the questionnaire
With great appreciation, looking forward to hearing from you

your studant:
Fatmah Alyammabhi

A

akig, | acaly

ABU DA UNIVERSITY

Abu Dhabi University Ethical Approval

Date(mm/dd/yyyy)
File Number: CoB-22-04-08 17/04/2022









From:ADU Institutional Review Boardirb@adu.ac.ae

Subject:RE: IRB requirement for the agility survey

Date:18 April 2022 at 10:35 AM

To:Devid Jegerson1075361@students.adu.ac.ae

Cc:Mehmood KhanMehmood.Khan@adu.ac.ae,Rania Al Dweikrania.aldweik@adu.ac.ae

Dear Mr. Devid

 

Based on the expedited review of the IRB application submitted, I am pleased to

inform you that the application is now approved. Please make sure that you

adhere to the policy as well as to the approved protocols, questionnaires, and

consent forms that were submitted. In case you will need to make any changes

to the protocols or the questionnaire forms, please ﬁll out the attached change

form and send it to me for approval before making those changes.

 

Good luck with your research.

 

 

 

From: Devid Jegerson 

Sent: Tuesday, April 12, 2022 6:40 PM

To: ADU Institutional Review Board <irb@adu.ac.ae>

Cc: Mehmood Khan <Mehmood.Khan@adu.ac.ae>; Rania Al Dweik

<rania.aldweik@adu.ac.ae>

Subject: Re: IRB requirement for the agility survey

 

Dear IRB,

thanks for the kind reply.

 

Given that we are following a speciﬁc timeline in the project plan of the thesis, we

would like to be sure that the IRB approval will be straightforward for allowing us to

proceed with the data collection stage as per the project plan (we had to start the data
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